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Abstract

We present a novel video streaming technique called catching for on-demand delivery of “ hot” (i.e.,
frequently accessed) video objectsto a large number of clients. Thistechnique not only significantly re-
ducesthe server and networ k resource requirements but al so is capabl e of providing near-instantaneous
service to a large number of clients. We prove that the performance of catching is close to the best
achievable by any broadcasting scheme that supplies near-instantaneous service. By combining this
technique for delivery of “ hot” video objects with controlled multicast [ 8] for delivery of “ cold” video
objects, we design an efficient video delivery scheme referred to as selective catching. Extending this
schemeto a proxy-assisted video delivery environment, we al so devel op a proxy-assi sted sel ective catch-
ing scheme. Through empirical studies, we demonstrate the efficacy of the proposed video delivery
schemes.

1 Introduction

The past few years have seen the dramatic growth of multimediaapplicationswhichinvolvevideo stream-
ing over the Internet. Server and network resources (in particular, server 1/ O bandwidth and network
bandwidth) have proved to be a maor limiting factor in the widespread usage of video streaming over
theInternet. In order to support alarge population of clients, techniquesthat can efficiently utilize server
and network resources are essential. 1n designing such techniques, another important factor that must
be taken into consideration isthe servicelatency, i.e., thetimeaclient hasto wait until the object he/she
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has requested is started to playback. The effectiveness of avideo delivery technique must be evaluated
interms of both the server and network resources required for delivering avideo obj ect and the expected
service latency experienced by clients. Clearly, “popularity” or access paern of video objects(i.e., how
frequent a video object is accessed in a given time period) plays an important role in determining the
effectiveness of avideo delivery technique.

In this paper we propose and develop a novel video delivery technique called catching, which can
efficiently utilize server and network resources while providing near instantaneous service to clients.
This technique is particularly suitable for “hot” (i.e., frequently access) vide objects. The effective-
ness of the technique is achieved through intelligent integration of the “ server-push” iad “ client-pull”
video delivery paradigms. Using this technique, a video server periodically “broadcasts’ a video ob-
ject viaanumber of dedicated multicast channels. A client who wishesto watch the video immediately
joinsan appropriate multicast channel without waiting for the beginning of the next broadcast period. At
the same time, the client sends a request to the server to retrieve the missing initial video data (referred
to as the prefix of the video object). The prefix is delivered by the server using a unicast channel and
played back immediately by the client. On the other hand, the video data received from the multicast
channelswill be temporarily buffered at the client until they are played back. Hence, catching provides
the minimal service latency by allowing aclient to join the on-going multicast channelsto receive video
data “pushed” by the server while “pulling” the missing video data from the server viaumicast chan-
nel. Using asmart broadcast scheme such asthe Greedy Disk-conserving Broadcast (GDB) scheme[7],
we can minimize the expected server and network channels needed to deliver a video object, given its
access pattern. This is verified through simulations. Futhermore, we prove that the number of chan-
nels required by catching is close to the minimum achievable by any broadcasting scheme that supplies
near-instantaneous service.

In order to account for the diverse access patterns for a collection of video objectsin avideo server,
we design an efficient video delivery scheme called selective catching which combines catching with
another video delivery technique—controlled multicast. Controlled multicastisa*client-pull” technique
whichismost effectivein delivering “ cold” video objects. Based on video acess patterns, weintroduce
asimplepolicy for classifying “hot” and “cold” video objects and apply catching aedntrolled multi-
cast accordingly to deliver the video objectsto clients. Through empirical studies, we demonstrate that
in terms of both server/network resource requirements and service latency, selective catching outper-
forms either catching or controlled multicast applied aone.

The proposed catching and selective catching techniques can also be applied in a proxy-assisted
video delivery environment [12, 13] whereinitial partial video data (prefixes) of some video objects can
be staged in proxy serversin a pre-determined manner. Under this proxy-assisted video delivery archi-
tecture, we can take advantage of the resources (processing and disk storage) available at proxy servers
to significantly reduce the server and (backbone wide-area) network resource requi rements while at the
same time providing instantaneous or near-instantaneous service to clients. We present a brief descrip-
tion of the algorithms used by a central video server, proxy servers and clients to coordinate the video
delivery using proxy servers. Simulations are carried out to illustrate the significant reduction in server
and network resource requirements achieved using this proxy-assisted video delivery architecture.

The remainder of this paper is organized as follows. The related work is briefly surveyed in Sec-

tion 1.1. In Section 2 we describe the problem setting and the background material necessary for the
catching technique which we present in Section 3. The selective catching video delivery schemeisin-
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troduced in Section 4. In Section 5 we apply the sel ective catching techniqueto the proxy-assisted video
delivery architecture. The paper is concluded in Section 6.

1.1 Related Work

In recent yearsavariety of “client-pull” and “ server-push” techniquesfor vide®livery have been pro-
posed (see, e.g., [6, 1, 3,4, 7]). Thesimplest “client-pull” techniqueisto delier a separate video stream
upon each client request. This technique, while providing minimal service latency to aclient, is obvi-
ously not efficient in terms of server and network resource utilization. Clever “client-pull” techniques
such as batching [1, 6] and patching [5, 8] have been proposed that take advantage of the underlying
network multicasting capabilities to reduce server and network resource requirements. In the case of
batching, thisreduction in server and network resource requirementsis achieved through increased ser-
vicelatency, asit delaysearlier requestsfor avideo object until acertain number of requestsfor the same
object arrive before the video object is scheduled to be delivered. Hence, batching is less effective for
“cold” video objects. On the other hand, “patching”, which allows multiple clients $hare a multicast
channel whenever possible, is most effective in reducing the server and network resource requirements
for “cold” video objects.

“Server-push” techniques are typically designed for “hot” video objects. They empl@fixed num-
ber of multicast channelsto periodically broadcast video objects to a group of subscribers. The differ-
ence between various “ server-push” techniques lies in the broadcast schemes used. These broadcast
schemes determine the server and network resources required for broadcasting a video object. “ Server-
push” techniques have the advantage that they utilize server and network resources morefficiently. But
this efficiency is achieved through increased service latency, as aclient can only start receiving avideo
object at the beginning of next broadcast period.

The catching technique we propose reduces service latency while taking advantage of the efficiency
of periodic broadcast schemesin utilizing server and network resources. It thus eliminatesthe shortcom-
ing associated with periodic-broadcast-based ” server-push” techniques. @hting issimiliar in spirit to
the split and merge (SAM) protocol [14] proposed for interactive VOD systems, where aunicast stream
is scheduled on demand by a client’s request. The selective catching technique further improves the
overal performance by combining catching and controlled multicast to account for diverse user access
patterns.

The problem of delivering continuous mediastreams using proxy servers has been studied i n anum-
ber of contexts. In[12], we devel op video staging techniquesto store a per-determined amount of video
streams in strategically placed proxy servers to reduce the backbone network bandwidth requirement
for delivering video streams across a wide-area network. 1n [13], a prefix caching scheme is proposed
to reduce the latency while delivering smoothed variable-bit-rate (VBR) continuous streams between
the proxy and clients. Proxy-assisted video delivery is also proposed in the context of the dynamic
skyscraper delivery schemein [10].

Our proxy-assisted catching scheme can improve service latency as well as reduce server and net-
work resource requirements. Unlike [10], our scheme can handle variable object sizes, and is based
on formal analysis of multicast scheduling policies. From this analysis, the design parameters can be
derived in a straightforward manner. As aresult, our solution can be optimized accordingly.
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2 Problem Overview and Preliminaries

2.1 Problem Overview
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Figure 1. An overview of VOD system architecture.

Consider atypica stored video-on-demand (VOD) delivery system as shown in Figure 1. A central

video server deliversvideo streams from avideo object store to alarge number of clients across a high-
speed network. The central server organi zesthe server and network resourcesrequired to deliver avideo
stream' into a (logical) channel. A channel can be either a unicast channel or amulticast channel. The
server usesaunicast channel to deliver avideo stream to asingleclient, whereasthe server usesamulti-
cast channel to deliver avideo stream simultaneously to agroup of clients(thisgroup of clientsisreferred

to asamulticast group). In addition to thelogical channelsused for delivering video streams (i.e., video
delivery channels), we also assume that there are control channels to deliver signaling messages to a
client or agroup of clients and vice versafor control purposes (e.g., which video object is requested by
aclient, which data channels a client should tune in to, when to start video play-back, etc.). The video
server has a scheduler which receives client requests for video objects via control channels, processes
client request and determine when and which video delivery channelsto deliver requested video objects
to clients.

Each client containsaset-top box, adisk, and adisplay monitor. A client isconnected to the network
via a set-top box, which selects one or more network channels to receive a requested video object ac-
cording to theinstructionsfrom the server. Thereceived video dataare either sent to the display monitor
for immediate playback, or temporarily stored on the disk whichisretrieved and played back on the dis-
play monitor later. The client storage space is the maximum disk space required throughout the client
playback period. For ease of exposition, in this paper we assume that the client disk spaceis sufficiently

In this paper we use the term video streamto denote a continuousflow or “stream” of video data (belonging to a certai
video object) delivered from the server to a client or agroup of clients. As will be clear later, a single video object can be
partitioned into segments and delivered using multiple video streams via several delivery channels.
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large to store at least half avideo®. The client network bandwidth is the maximum client network band-
width required to receive video data from the network throughout the client playback period. In this
paper, we assume that client has the capability of receiving video data from two channels at the same
time’.

We assume that thereisatotal of C' logical channels available, and there are NV video objectsin the
server object store. Thelength of the ith object, i = 1,2, ..., N, is L; minuteslong. We assumethat the
requests for the ith video object arrive according to a Poisson distribution with an expected inter-arrival
time of 1/);, where )\; isthe request rate of video i.

Given aclient request for a video object, the service latency experienced by a client is the amount
of time that the client has to wait until he/she can start the playback of the requested video object. A
key issue in the design of video delivery techniquesis how to efficiently utilize server and network re-
sources (i.e., use the least number of video delivery channels necessary for delivering a video object)
while keeping the (expected) service latency experienced by clients as small as possible.

2.2 Prdiminaries

We briefly describe two video delivery techniques we have developed earlier to provide the necessary
background for the catching technique we will introduce in Section 3.

2.2.1 Controlled Multicast: An Optimal Patching

Controlled multicast is a patching technique which allows multiple clients to share a multicast chan-
nel without delaying a client request. As aresult, it is capable of supporting alarge number of clients
while providing near instantaneous service. Controlled multicast differs from the patching technique
proposed in [5] in that it employs a patching threshold to optimize the expected channel s needed to de-
liver agiven video object.

As a“client-pull” technigue, controlled multicast allocates channels at theequest of clients. The
following example illustrates how control multicast works. Consider two requests spaced 5 minutes
apart for a90 minute long video. A multicast channel is allocated to transmit the entire video in order
to satisfy the first request. The second request is satisfied by alocating a separate unicast channel to
“patch-up”, i.e., transmit thefirst five minutes of the video to the client while ithe same time requiring
theclient to prefetch therest of thevideo from thefirst channel. Because the second client isfive minutes
behind, it will buffer continually five minutes of the video data.

Controlled multicast only alows clients to share a multicast channel to receive avideo stream when
thelater client requestsfor the samevideo object arrivewithin a certaintimefromthefirst client request.
Otherwise, acomplete video transmission for the video object is scheduled using anew multicast chan-
nel. In other words, for each video object 7, athreshold 7; is defined to control the frequency at which a

2Thisassumptionisnot essential, since our proposed schemes can be easily extended to ageneral case where clientshave
any given amount of disk storage space, aswewill point out in Section 3. Inall of our empirical studies, the amount of client
disk storage space used is actually only at most one third of avideo object.

3With the advent of high-speed access technologies such as ADSL and cable modems, this is not an unreasonable
assumption.
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complete stream of video i is delivered [8]. For ssmplicity of exposition, we describe controlled multi-
cast assuming that there are infinite number of server channels. When thefirst request for video i arrives
at time ¢, the scheduler schedules a compl ete video stream of video i on achannel, say M G;, immedi-
ately. Any subsequent request for video ¢ piggybacks from channel M G; so long as the request arrives
within 7; minutes from the starting time of the previous complete transmission of video i (whichistime
t in this case). Otherwise, the request is served by initiating a new complete transmission of video i.
This process repeats forever. For the details of interaction between the server and clients, readers are
referred to [8].

In [8], the optimal value for the threshold 7; of video i is derived and is given below

Using this optimal threshold, the expected server bandwidth required to deliver video i to clientsis

V2L +1— 1. )

2.2.2 GDB: An Efficient Periodic Broadcast

Greedy Disk-conserving Broadcast (GDB) [7] isa*“server-push” video deliverydchnique based on the

innovative periodic broadcast schemes devel oped recently [1, 3, 4]. Under these schemes, a video ob-
ject is partitioned into segments and each segment is periodically broadcasted via a dedicated channel.
The sizes of these segments are carefully designed in such amanner that clientswho wish to receive the
video object can join the appropriate channels to receive various segments at scheduled timesto ensure
continuous playback of the video object. Figure 2 illustrates how the schemes work through a simple
example. A video is partitioned into four segments: A, B, C, D. Each segment is broadcast periodically
viaadedicated channel. Clients prefetch video data according to a schedul e that ensures the continuous
playback. Furthermore, clientsare guaranteed amaximum servicelatency of d minuteswithonly 4 dedi-
cated channels, where periodically broadcasting the video stream every d minuteswould require 11 ded-
icated channel sto guaranteethe same maximum servicelatency. In effect, acomplete streamismulticast
every d minutes but using only 4 channels. The key issuein periodic broadcast schemesisto determine
how to partition video objects into segments so as to enable continuous playback at clients. A method
for partitioning video objectsisreferred to as a partition function, which determines the performance of
aperiodic broadcast scheme. Given K; dedicated multicast channels, a partition function f(n) divides
avideo object into K; segments, 13,75, ..., Tk,, asfollows. Forn = 1,2,..., K;, segment 7,, con-
tains f(n)L;/ 51, f(m) minutes of video data, and its data starts at the "', f(m)L;/ X5, f(m)
th minute of thevideo and endsat the Y-, f(m)L;/ 5%, f(im) thminute of thevideo. In[7], aset of
constraints on partition functions are derived based on resource availability at the client side. In partic-
ular, GDB is shown to be most efficient among all the existing schemes, given the same client resource
constraints. For example, if the network bandwidth at the client side is only sufficient to support two
channels (i.e., receiving from two channels simultaneously), the optimal partition function f(n) usedin

Petitioners' Exhibit 1026
Page 0006



Video:

Channdl 1:

Channdl 2:

Channdl 3:

Channdl 4:

Client 1:

Client 2:

AB G D
d 2d 2d 5

lAAAAAAAAAAAAAAAAAAAA

BBBBBBBBBB

cecccecccco

b D D D

dlskdata“““ww‘

time

Figure 2: An example of periodic broadcast scheme.
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GDB has the following form:

1, ifn=1
2, ifn=23

faps(n) =4 5, ifn=4,5 (3)
12, ifn=6,7

5f(n—4), ifn>T7

Given this partition function, it can be shown that the disk storage requirement at the client is equal
to (fepr(K;) — 1) timesthe first segment size for avideo object.

3 Catching

Periodic broadcast schemes can significantly reduce the number of channels required for delivering
“hot” (i.e., frequently accessed) videosto large number of clients. However, theyguffer from the short-
coming that clients experience increased service latency. In this section we present anovel video deliv-
ery technique — catching, which achieves the resource efficiency of periodic broadcast schemes while
providing near instantaneous serviceto clients. Thistechnique synergically combinesthe “ server-push”
and “client-pull” video delivery paradigms:. Like periodic broadcast, catching dediates a certain num-
ber of channels for periodic broadcasting. But unlike periodic broadcast, it reduces the service latency
by allowing clientsto join a on-going broadcast cycle at any time instead of waiting for the next broad-
cast cycle. Clients catch up with the current broadcast cycle by retrieving the missing initial frames (or
a prefix) of the video object from the server via a separate unicast channel. Clients play back the pre-
fix asit isreceived from the server, while at the same time temporarily storing the video data received
from the broadcast channel into the disk. Weillustrate how catching works using asimple example. As
shownin Figure 3, avideo object is partitioned into four segments, A, B, Cand D, where A, B and C are
of equal length, whereas D istwice aslong. Therefore the server dedicates four channels to broadcast
the four segments separately. Consider client 1 who arrives ¢ seconds after the beginning of the current
broadcast cycle of segment A. It joinsthe on-going broadcast cycle of segment A to receive the remain-
ing data of segment A. At the same time it initiates a unicast “catch-up channel” viawhich the server
deliversthefirst ¢t seconds of video data of segment A to client 1. This*“catch-up” stream is played back
immediately by client 1, while the broadcasted data of segment A is temporarily stored. At the end of
the current broadcast cycle of segment A, client 1 starts receiving segment B by joining the next broad-
cast cycle of segment B, while continuing the playback of segment A. At the end of the broadcast cycle
of segment B, client 1 joins both the next broadcast cycles of segments C and D. By temporarily stored
video datathat do not need to be played back immediately, client 1 ensures the continuous playback of
the video object. The behavior of client 2 issimilar. The only differenceisthat at the end of the broad-
cast cycle of segment B, client 2 only needs to join the next broadcast cycle of segment C. As aresult,
client 2 needs to buffer at most s seconds of video data at any time, whereas client 1 needs to buffer up
to ¢ + d seconds of video data. In both cases, client 1 and client 2 receive video data from at most two
channels at any given time.

From the above exampl e, we seethat the partition function used in catching for peri odic broadcasting
can be derived directly from that used in a pure periodic broadcast scheme such as GDB. For example,
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Figure 3: Illustration of catching.

Petitioners' Exhibit 1026

Page 0009



given that the network bandwidth on the client sideis only sufficient to support two channels, the parti-
tion function for catching is given by

1, ifn <3
2, ifn=4,5

f(n) =< 5, ifn=6,7 (4)
12, ifn=28,9

5f(n—4), ifn>9.

Comparing (3) and (4, we see that f(n) is derived from f;pp by adding two initial segments whose
length is the same as that of the first ssgment of f; 5. In other words, f(1) = f(2) = fepr(1) and
f(n) = fapp(n—2) forn > 3. Thefirst two identical segments are added to ensure that a client needs
to join only one broadcast channel while receiving the “catch-up” stream from the sever. Note that no
matter when a client arrives during a broadcast cycle of the first segment, by the end of the broadcast
cycle of the second segment, the “ catch-up” stream of the first segment must have corpl etely received
and played back. Hence, after the end of broadcast cycle of the second segment, a client only needs to
join the broadcast channelsto recel ve the appropriate video segments. The client schedule for determin-
ing which channels to join and when to joinis exactly the same as used in GDB. The only differenceis
that in catching clients always needs to buffer at least ¢ seconds of video data at any time, if it arrives ¢
seconds later than the beginning of an on-going broadcast cycle of the first segment.

Clearly, the ability of catching to achieve near-instantaneous service lies in the fact that, besides
the dedicated broadcast channels, catching allocates additional unicast channels on-demand to deliver
“catch-up” prefix streams. Hence the performance of catching is determined byhe number of dedicated
channels used for periodic broadcast as well by the number of “catch-up” channels needed. Te rest of
this section is devoted to the analysis of the optimal performance of catching for avideo object with a
known user access pattern. For simplicity of exposition, we will analyze the perf ormance of catching
based on the partition function f(n) defined in (4). Namely, we assume that the network bandwidth on
the client sideisonly sufficient to support two channels at the same time, and that clients have sufficient
disk storage space to buffer at least half of the length of a video object in question. At the end of this
section, we will briefly discuss how the analysis can be extended to more general cases.

Consider video object i whoselengthis ;. Given the partition function f(n), suppose K; channels
are dedicated to broadcast video object 7 and let F; denote the length of the first broadcast segment of
video object i. Then from the definition of the partition function, we have

quFsz(”) ®)

Under the assumption that client requestsfor video object i arrive according to Poisson distribution with
an average rate \;, the expected number of unicast channels needed to deliver “catch-up” streams to
clientsis

AiFi /2. (6)

Thisisbecause the expected length of the“ catch-up” streamsis F; /2. Hence, the total expected number
of channels required for delivering video object 7 to clientsis

K, + F\;/2. (7)

10
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From (5), we see that the smaller the number of dedicated broadcast channels K; is, the larger the first
broadcast segment F; becomes. On the other hand, from (6), it isclear that the larger F; resultsin more
unicast channels are needed to deliver “catch-up” streams to clients. Therfore, there is trade-off be-
tween the number of dedicated broadcast channel sand the expected number of unicast channelsrequired
for catching up. In order to optimize resource efficiency of catching, we minimize the total expected
number of channelsrequired to deliver each video object. Thisleadsto the following optimization prob-
lem:

Minimize K; 4+ F;\;/2
subjectto L; = F; 25, f(n).

Let K} be the solution to the above optimization problem. Namely, K is the optimal number of dedi-

cated broadcast channels such that the total expected number of channels required for delivery of video
object ; isminimized, i.e.,

K} = argming,(K; + F;\;/2). (8)
Therefore, the expected number of channels required for catching is
K*

KF+ Lixi/ (2 f(5))- 9)

J=1

For the partition function f(n) givenin (4), K; can be derived anaytically, the detail of which isrele-
gated to Appendix A. Here we provide an order estimate for K. From (4), it is not too hard to verify

that -7, f(j) = O(5%+/*). Substituting thisinto (9) and taking the first-order derivative, we have
K} = O(log(AiLi)). (10)
Furthermore, the total expected number of channels required for video i is

O(log(\; L))

O(log(AiL;)). (11)
since the expected number of unicast “catch-up” channels required (see Equation (9))

K*

i

Lixi/ (2 f(7)) = O(1)

7=1

with optimal K. Comparing with (2), it is clear that for \; reasonably large, the total expected num-
ber of channelsrequired by catching to deliver avideo object is considerably less than that required by
controlled multicast. In other words, for “hot” video objects, catching is much rare efficient than con-
trolled multicast. To verify thisobservation, let us consider an numerical example. In Figure 4 we plot

11
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server channelsvs. arrival rate
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Figure 4. Number of server channelsvs. arrival rate.

the expected number of channels required to deliver 90 minute long video object under catching and
controlled multicast respectively, as the arrival rate of client requests for the video object varies from
0.1to0 0.9. We can see that catching requires fewer channels than controlled multi cast when the request
rate is greater than 0.4. When the request rate drops below 0.4, controlled multicast has better perfor-
mance. Thisis because for a“cold” video, client requests for the video object do not cora frequently
enough to take advantage of periodic broadcast.

Although the analysis in this section is carried out based on the assumption that clients only have
sufficient network bandwidth to support two channels, and that clients have sufficient disk storage space
to store half of a video object, these assumptions are not essential. We can easily extend our analysis
to cases where clients can support more than two channels by choosing the appropriate partition func-
tions[7]. Furthermore, since the amount of disk storage space required at clients equals to the size of
the largest broadcast segment [ 7], we can restrict the partition function in such a manner that the largest
broadcast segment size isaways smaller than the available client disk storage space (please refer to [7]
to see how this can be done).

3.1 Optimality of Catching

In this section, we prove that the number of channels required by catching close to the minimum achiev-
able by any broadcast scheme that supplies near-instantaneous service. Formally, for avideo of length
L andwhoserequest arrival isaPoission processwith arrival rate \, any broadcast scheme needs at | east
log(AL) channels to supply the instantaneous sevice.

Consider the i-th frame of the video. First, we prove that we need at least i + 1/ channels for

12
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broadcasting frame .

Let random varible X; denote the time between two consecutive i-th frame multicast. Here we use
one frame time as our time unit. We claimthat E[X;] <i+ 1/\.

Suppose frame 7 isbroadcast at time ¢. Any client that arrives betweentimet — ¢ and ¢ can retrieve
the same frame multicast at time ¢t. However, the first client that arrives after time ¢ could not. Let s
denote the time that the first client arrives after time ¢. Frame 7 has to be broadcast once between time
t and time s + 7 to ensure the continuous playback of the first client arrring after time ¢. Therefore,
X; < s+ i — t. Since the arrival process is Poission with rate A, we know that E[s — t] = 1/A.
Therefore, E[X;] <i+ 1/

Sincewe need to use at least 1/ E[X;| channelsfor the i-th frame, we need at least i + 1/ channels
for broadcasting frame i. Summing all frames, we need at |east

Zj 1/E[X] < Z:(Z +1/0) ~ log(AL)

channelsfor broadcasting the wholevideo. Comparing with (11), we seethat the number of channelsre-
quired by catchingiswithinaconstant factor from the minimum achievabl e by any broadcasting scheme.
The constant factor depends on the optimal £ * in (8), which in turn depends on the broadcasting scheme
used.

4 Selective Catching

In the previous section we developed the catching video delivery technique and showed that it is most
effective for “hot” video objects. In this section, we design anew video delivergcheme, referred to as
sel ective catching, which combines catching and controlled multicast to account for diverse user access
patterns of video objects.

The key issue in the design of selective catching is to determine when to apply catching and when
to apply controlled-multicast. To address thisissue, we present a simple and straightforward criterion
for classifying video objects based on their access patterns. A video object is considered “ hot” if the
expected number of channels required to deliver it using catching is less than that required using con-
trolled multicast. Otherwise, the video object is considered “ cold” . More specifically, avideo object i
isconsidered “hot” if and only if

K + Li)\i/(QZi:f(j)) > /20N +1 -1 (12)

where K isdefined in (8).

This definition of “hot” and “cold” video objects is based on the assumption that theresealways
sufficient channels available (i.e. at least K;) that can be dedicated to broadcast a video object i. The
definition can be extended to the case where thisis not true by allocating dedicated broadcast channels
to only “hottest” video objects among the “hot” video objects (say, based on user a&ss patterns). For
simplicity of exposition, we will not consider this case.

13
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| Simulation Parameters | Default Value |

Number of Videos 100
Request Rate (requests/min) | 50
Video Length (minutes) 90
Number of Channels 700
Disk Size (minutes of data) | 30
Skew Factor 0.271

Table 1: Parameters chosen for the simulation.

In the rest of this section we conduct simulations to demonstrate that selective catching using this
simple policy for classifying “hot” and “cold” video objects have superior performaaover catching
and controlled-multicast in terms of both channel usage efficiency and service latency.

In our simulations, we assume that client requests arrive at a video server according to a Poisson
distribution with an average rate A (i.e., the average interarrival time between consecutive requests is
1/). For agiven request, the probability distribution of video selection obeys a Zipf-like distribution
[11]: for acollection of N video objects, the probability of selecting video objecti,i = 1,2,..., N,
isF;, = g;/ Zjvﬂ gj, where g; = 11%9 Here 6 denotes the skew factor in video access patterns. In
our simulations, we use # = 0.271. Thisvaue of ¢ is known to closely match the video popularity

distributions observed by video rental stores[2].

Unless noted otherwise, the workload and system parameters chosen for our ssimulationsarelistedin
Table 1. Each run of our simulations simulates 150 hours of client requests. In our simulations, we ded-
icate a fixed number (K) of broadcast channels for each “hot” video objects. The remaining channels
are used either for controlled multicast or for delivering “ catch-up” prefix sieams. These channels are
scheduled on a on-demand basis, and requests for these channels are served in First-Come-First-Serve
order.

Figure 5 compares the expected service latency experienced by clients under controlled multicast,
catching and selective catching, as the total number of channels varies from 600 to 1,000. The average
arrival rate, \, of client requestsisfixed at 50 requests per minute. From the figure, we see that catching
performs worse than controlled multicast when the number of total channelsis small. Thisis because
catching dedicates a fixed number of broadcast channels for each video objects no matter whether it is
“hot” or “cold”. Hence when the total number of channels is small, there are not sufifeot channels
left for delivering “catch-up” streams. As aresult, clients may experiece large service latency. But
as the number of server channel increases, this problem becomes less severe. In these cases, catching
has significantly better performance than controlled multicast. Selective catching, however, attains the
best performance among thethreein all cases. In particular, we observe that with 710 or more channels,
sel ective catching achieves zero expected servicelatency. To obtain the sameresult, controlled multicast
reguires at least 900 channels.

Figure 6 shows the effect of the arrival rate on the expected service latency for controlled multi-
cast, catching and selective catching. In this simulation, the request arrival rate varies from 40 to 80
reguests per minute, and the total number of channels is fixed at 700. From the figure we see that in
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waiting time vs. server channels
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Figure 5: Expected waiting time vs. number of server channels.

most cases, catching and sel ective catching outperform controlled multicast. In particular, asthearrival
rate increases from 40 to 80, the benefit of catching and selective catching becomes significant. Asthe
arrival rate increases further, we expect that catching and selective catching has the same performance
sinceall videos become hot. However, we do not expect the VOD system to perform in the region where
the arrival rate is greater than 80 when the number of server channelsis 700, since the service latency
is unacceptably high and our optimization criteriais based on the assumption that the expected service
latency is close to zero. Also note that selective catching can provide a zero expected service latency
even when therequest arrival rate is 50 requests per minute, while catching can provide a zero expected
service latency only when the request arrival rate is 40 requests per minute.

Figure 7 compares the total expected number of channels required for controlled multi cast, catching
and selective catching as a function of the request arrival rate. In this simulation, we vary the request
arrival rate from 40 to 100 requests per minute. The results show that selective catching requires at
least 150 channels fewer than that required by controlled multicast, while catching requires at least 100
fewer channels. As the request arrival rate increases, more video objects become “hot”. As aresult,
the difference between the number of channels required by selecting catching/catching and controlled
multicast is further widened. In general, selective catching requires few channels than catching, and
the difference between them diminishes as the request arrival rate increases. Asthe request arrival rate
reaches close to 100, the expected number of channels required by catching approaches to that required
by selective catching. This is because as all videos become “hot”, selective daghing coincides with
catching.
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Figure 6: Expected waiting time vs. arrival rate.
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Figure 7: Expected number of server channelsvs. arrival rate.
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5 Proxy-Assisted Selective Catching

The selective catching video delivery technique is particularly amenable for deployment in a proxy-
assisted video delivery environment [12, 13]. In such an environment, proxy servers are strategically
placed between, say, local access networks and the backbone wide-area network (see Figure 8 for an
illustration). Thisproxy-assisted video delivery environment has several advantages over thetraditional
stand-alone video server environment (see, e.g., [12]) for discussion on thisregard). I n this section we
present a proxy-assisted catching video delivery scheme based on selective catching and demonstrate
through an empirical study that the proposed proxy-assisted catching can drastically reduce the total
number of channels required at the central video server. Furthermore, the expected service latency of
clients can be significantly improved.

Multicast Data from Central Server
fffffffff = Catching or Patching Data from Proxy Server

E]! Client
——

Central Server Q/’

<
M
i

, Cllent
Gateway Router R
Wide Area Nawork Local Area
A Network Cl|ent
- w
|
-4 - Storage System

Proxy Server

m
&‘9

@

((((((((0

Storage System

Gateway Router

Cllent
7@
/ Cllen
/ 3‘/
c“em%

- <
Proxy Server ig “|& | StorageSystem

Figure 8: An overview of proxy-assisted catching architecture.

In our proxy-assisted catching scheme, we stage, i.e., per-store the first broadcast segments (i.e.,
the prefixes of length F; for video i) of some or al “hot” video objects as well as the initial segments
(determined by thethreshold 7; in controlled multicast) of someor all “cold” video objects. Inthispaper,
we will ignore the issues such as how much proxy storage space is needed to stage videos and which
video prefixes should be staged in proxy servers (these will be the subject of a future paper). We will
focus instead on the design of our proxy-assisted catching scheme and on the study of the efficacy of
our proxy-assisted catching scheme.
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waiting time vs. server channels
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Figure 9: Expected waiting time vs. number of server channels.

We distribute the responsibility of video delivery between the central video server and proxy servers
to leverage the processing power and locality of proxy servers. In other words, we attempt to signifi-
cantly reduce and potentially eliminate service latency for clients while in the same time taking advan-
tage of the resources available at proxy servers. In the following, we describe the central server, proxy
server and client algorithms used in our proxy-assisted selective catching.

Central Server Algorithm:

In the case of catching, the central server isresponsiblefor broadcasting “hot” wleo objectsusing a
fixed number of dedicated broadcast channels. Similarly, in the case of controlled multicast, the central
server is aways responsible for delivering a complete video stream viaa multi cast channel.

For both “hot” and “cold” video objects, if the prefix of avideo object requested is notged in the
proxy server to which the client is “ designated”, the server is aso responsibldor delivering the prefix
of the video object to the client.

Proxy Algorithm:

We assume that a client request for a video object is always sent to a proxy server designated for
the client. When a client request arrives at a proxy server, it will contact the central server to obtain
the necessary channel status information such as the latest broadcast period (in the case of catching),
the latest multicast starting time (in the case of controlled multicast), and channel number, etc., and
forward this information to the client. In addition, proxy servers are responsibl e for delivering “ catch-
up” streams (in the case of catching) or “patch-up” streams (in the case of contted multicast) vialocal
unicast channels, whenever the prefixes of the requested video objects are available at their local video
prefix stores.

Client Algorithm:
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Figure 10: Expected number of server channelsvs. arrival rate.

When aclient wishesto request avideo object, it first contactsits designated proxy server. Fromthis
proxy server, it receives the channe status information and joins in the appropriate channel(s) using a
prescribed schedule. In addition, if the prefix of the requested video by the client is staged at its desig-
nated proxy server, the client will receive the missing portion of the prefix viaa loca unicast channel
from the proxy server. Otherwise, the client isinstructed to contact the central server to set up a unicast
channel from the central server and retrieves the missing portion of the video prefi x viathis channel.

We now demonstrate the efficacy of our proxy-assisted selective catching scheme based on simu-
lations. In our simulations, we make the same assumptions and use the same simulation parameters
(wherever applicable) as in Section 4. In addition, we also assume that we have sufficient proxy re-
sourcesto store prefixes for al videos. Specifically, we assume that each proxy server has 40GBytes of
storage space and a disk 1/0O bandwidth of 88 Mbit/s’.

Figure 9 compares the expected service latency of selective catching and proxy-assisted selective
catching, as the number of channels available at the central server increases. We see that that proxy-
assisted catching can provide an expected service latency close to O with only 460 server channels.
Whereas, to provide the same service, selective catching needs 700 channels. Proxy-assisted selective
catching yields a 36% saving in the number of channels required at the central server. Figure 10 plots
the expected number of channels required at the central server as afunction of the request arrival rate.
Proxy-assisted sel ective catching achieves significant reduction in the number of central server channel
requirement in all the range of the request arrival rates.

In the next set of simulations, we study the resource tradeoff between the central server and the proxy
server. We assumethat the proxy server haslimited amount of the storage space. Consequently, we only

4These assumptions are not unreasonable with current trend in disk storage technologies.
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waiting time vs. server channels
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Figure 11: Expected waiting time vs. number of server channels.

stage the prefixes of the most popular (i.e. “hottest”) videos for a given storage constriant. In Figure 11
we show the performance of proxy-assisted selective catching as the amount of storage space at the
proxy server variesamong 5 GBytes, 10GBytes, 15GBytesand 16 GBytes. The expected servicelatency
of proxy-assisted selective catching under these proxy storage constraints as well as that of selective
catching are plotted. Comparing with the performance of selective catching, we see that with relative
small amount (e.g., 5 GBytes) of proxy storage space, there still isasignificant reduction in the expected
servicelatency using proxy-assisted catching. Hence, the advantage of proxy-assisted sel ective catching
does not critically hinge on the availability of proxy storage space.

6 Conclusions

In this paper we have presented anovel and efficient video delivery technique called catching. Thistech-
nique takes advantage of the resource efficiency of the periodic broadcast based “ server-push” schemes
while providing near-instantaneous service to alarge number of clients. Thistechniqueis particularly
effective for “hot” (i.e., frequently accessed) video objects. In order to acount for the diverse access
patterns for a collection of video objectsin avideo server, we have also designed an efficient video de-
livery scheme called selective catching. This scheme combines the catching technique for delivery of
“hot” video objects with the controlled multicast technique for delivery “cold” videbjects. Through
simulationswe demonstrate that the proposed sel ective catching can achieve superior performance over
existing techniquesin terms of both server/network resource requirements and service latency. We have
also extended the proposed selective catching scheme to a proxy-assisted video delivery environment.
Simulationsare carried out to illustrate the significant reduction in server and network resource require-
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ments achieved using this proxy-assisted video delivery architecture.
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A Determining the Optimal Number of Dedicated Channels

In this appendix, we describe how to determine the optimal number of dedicated broadcast channels,
i.e., K* defined in (8). To proceed, we define h(n) = Y7, f(n). Itisnot hard to verify that

(1, ifn=1

2, ifn=2

3, ifn=23

5, ifn=4

hin) ={ T, ifn=>5
5(n=6)/4 % 27/2 — 1.5, ifn > 5,nmod 4 =2
5(n=1/4 4 37/2 — 1.5, ifn>5nmod4 =3
5n=8)/4 4 61/2 — 1.5, ifn >5,nmod4 =0
L 5(n=9/4 4 85/2 — 1.5, ifn>5nmodd =1

Note that for j = 0,1,2,3, 1/h(4k + j + 2) isconvex in k, k > 0. Therefore, thereexistsak > 0
suchthat 2 + (4k + j) + L;i/h(2 + (4k + j)) isminimized. Let £} denotethisvalueof k. Then K €
1,2,3,4,5,4k; + 2, 4ky + 3, 4k3 + 4, 4k3 + 5. Determining K is thus quite straightforward since 7,
j =0,1,2,3, can be easily derived from the convexity of 1/h(4k + j + 2).
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