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Page 6 Page 8
1  Thereupon, 1 A Because |'massum ng that some of
2 the proceedi ngs began at 10:05 a.m: 2 these docunents nay get sent that way. |If
3 Whereupon, 3 you want, | can close that.
4 JASON JANET, 4 Q That would be preferable. |I'm
5 having been first duly sworn or affirmed, was | 5 goingto -- as long as there aren't any
6 examned and testified as fol | ows: 6 unforeseen technical issues, what |'mgoing
7 D RECT EXAM NATI ON 7 todowth the exhibits is put themin the
8 BY MR A NN NGS 8 Zoomchat here, and you should be able to
9 Q Good norning, again, Dr. Janet. 9 downl oad themthere and open themfromthere.
10 A Good mor ni ng. 10 A Ckay. I'mgoing to close ny
11 Q How are you doi ng today? 11 e-mail and ny cal endar.
12 A Vel 1. How about you? 12 Q Al right. And just so |I'mkind
13 Q Doing just fine. AmIl correct 13 of famliar with kind of what your setup is
14 that you have been deposed a few times 14 and what you're |ooking at, are you on a
15 before? 15 laptop? Do you have a nonitor? Wat are you
16 A Yes, that's correct. 16 using today?
17 Q Have you done them over the Zoom 17 A Yeah, | have a laptop and | have
18 platformlike we're doing here today? 18 two nonitors.
19 A I would say the vast najority of 19 Q Ckay.
20 depositions since OOV D began have been over 20 A The laptop is show ng the video.
21 telecon. 21  You know, and when | downl oad a docunent, |
22 Q It's been the same for ne. So 22 will nove it up to a nonitor.
23 glad to hear I'mnot the outlier. Is it safe |23 Q (kay. Yeah, | just wanted to nmake
24 to say you're famliar with the process 24 sure. There may be atine -- a fewtines
25 today? | don't need to kind of go through 25 where | want to -- | don't want you to have
Page 7 Page 9
1 howthe deposition is going to work and ki nd 1 to switch back and forth between things. So
2 of the basics? 2 if I'"'mshow ng you something in the Zoom app
3 A I think, generally, you know, it 3 and there's another docunent open, | just
4 never hurts to -- you know, for sone clarity. 4 want to nake sure you're not having to flip
5 Q Yeah, sure. 5 Dback and forth.
6 So just a couple of things. e 6 A | appreciate that.
7 is, where are you |l ocated today? 7 Q And al so, while we're on the
8 A I"'min Raleigh, North Carolina. 8 subject, | have a sinilar setup. | have ny
9 Q Ckay. Are you on canpus right 9 laptop here in front of ne, and | have two
10 now, in your office on canpus or -- 10 nonitors up here.
11 A No. I'minny officein 11 So it may look like I'mnot
12 North Ral ei gh. 12 looking at you. It's because |'ve got the
13 Q Ckay. |s there anyone in the room |13 docurments and things up on ny nonitor here,
14 with you today? 14 but the canera is on ny laptop. So |
15 A No. 15 apologize if it looks like I"'m-- it
16 Q Do you have any hard copy 16 obviously looks like I'"mnot |ooking at you,
17 docunents or papers or notes or anything in 17 but | amliterally looking at you in the
18 front of you? 18 video frame here. It doesn't look like it
19 A No. 19 through the eye of the canera.
20 Q Ckay. Do you have -- other than 20 A Qmi presence.
21 the Zoomapplication that we are using for 21 Q Ckay.
22 this, do you have any other applications up 22 A | do have a snall little note tab.
23 on your conputer right now? 23 It's clean. It's just soif while you're
24 A M/ e-nail. 24 asking questions, | mght jot sonething down.
25 Q Ckay. 25 | realize that you will want to see them
www.LexitasLegal.com/Premier Lexitas
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Page 10 Page 12

1 after or during, but is that okay? 1 Q Ckay. And what is Exhibit 1?
2 Q Yeah, that's fine. |'mnot 2 A Exhibit 1is entitled Petition for
3 trying -- at no point aml trying to 3 Inter Partes Review of dains 1 Through 22 of
4 overwhel manyone's capabilities or faculties 4 US Patent 10,614, 344.
5 or whatnot. 5 Q Ckay. And you understand this is
6 Do you have any questions for me 6 to be one of the five petitions for | PR that
7 about the process today before we get 7 are -- this deposition concerns?
8 started? 8 A That' s ny under st andi ng.
9 A No, | don't think so. | believe 9 Q And you have of fered opi ni ons as
10 that we can go forward if you would Iike. 10 part of this -- in support of this petition
11 | may have some questions in stride but not 11 for IPR is that correct?

12 right now 12 A Yes, sir.

13 Q Yeah. By all neans, if anything 13 Q And you read the patent nunber

14 comes up, feel free to ask ne. 14 that's on the cover. | assune you're

15 Now, you understand that this 15 fanmliar with kind of the usual practice that
16 deposition is part of five |PR proceedi ngs 16 we refer to those by the last three nunbers
17 that have been brought by Tesla agai nst ny 17 of the patent nunber, so the '344 Patent

18 client, Perceptive Automata, right? 18 here?

19 A Yes, sir. 19 A Yes, sir.

20 Q And you have been retained by 20 Q Is it okay if | refer to that

21 Tesla to offer opinions in connection wth 21 patent as the '344 Patent today?

22 those | PR proceedi ngs? 22 A Yes.

23 A Correct. 23 Q Ckay. The next question |I'mgoing
24 Q Ckay. And this isn't the first 24 to ask, I'mgoing to ask about other

25 time you have been retained by Tesla;, is that |25 documents too, but before | ask it, I just

Page 11 Page 13

1 right? 1 want to be clear that with this question, as
2 A That's correct. 2 with all questions today, |'mnot |ooking for
3 Q You have done work for Tesla on 3 youto tell ne anything that you may have
4 other IPR proceedings in the past? 4 discussed with Tesla's counsel in preparation
5 A Yes, | have. 5 for your deposition or other points in tine.
6 Q Ckay. Wat | want todois | want | 6 Wth that understanding, though,
7 to go ahead and get sone of the exhibits out 7 what | want to knowis did you reviewthis
8 of the way here because there are five of 8 docunent in preparation for your deposition
9 these IPRs. It's going to be alittle bit of | 9 today?

10 aslog, but we'll get through themone by one |10 MR BARAZESH |'mjust going to
11 here. 11 obj ect on the basis of privilege,

12 I"'mgoing to start with -- | wll 12 under st andi ng the di scl ai mer, but j ust
13  nmark as Exhibit 1 -- I'"'msending it through 13 putting that on the record.

14 the Zoomchat there. If you coul d downl oad 14 Dr. Janet, you can answer the

15 that and open it, and |l et ne know when you 15 question to the extent you don't

16 have it open. 16 di scl ose any -- the content of any

17 (Exhibit 1 was narked for 17 privileged comunications wth

18 identification.) 18 counsel .

19 A I"'mjust trying to figure out 19 THE WTNESS: Thank you.

20 where it went. 20 A Short answer is yes.

21 BY MR A NN NG 21  BY MR G NN NG

22 Q Do you have Exhibit 1 open now? 22 Q Ckay. |'mgoing to send Exhibit 2
23 A Yes, sir. 23  here in the Zoomchat. If you can downl oad
24 Q Have you seen Exhibit 1 before? 24 that and open it and | et me know when you

25 A Yes. 25 have it open.

www.LexitasLegal.com/Premier Lexitas
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Page 14 Page 16
1 (Exhibit 2 was marked for 1 Inter Partes Review of Qains 1 through 19 of
2 identification.) 2 US Patent Nunber 11, 753, 046.
3 A Ckay. 3 Q And do you understand Exhibit 3 to
4  BY MR GNNNGS 4  be another one of the petitions for |IPR that
5 Q Have you seen Exhibit 2? 5 this deposition Iinks to today?
6 A Yes. 6 A Yes, sir.
7 Q And what is Exhibit 2? 7 Q And you have of fered opi ni ons on
8 A Exhibit 2 is entitled Petition for | 8 behalf of Tesla in support of this IPR
9 Inter Partes Review of dains 1 through 20 of 9 petition as well; is that right?
10 US Patent Nunber 11, 126, 889. 10 A Yes, sir.
11 Q Ckay. And do you under st and 11 Q And same cautions as before, but
12 Exhibit 2 is another one of the petitions for |12 with that have you -- sorry, did you review
13 IPRthat this depositionis related to today? |13 Exhibit 3 in preparation for your deposition
14 A Yes, sir. 14  today?
15 Q And you have offered opinions in 15 A Yes, sir.
16 that I PR proceeding in support of this 16 MR BARAZESH Sane objection.
17 petition, right? 17 A Yes, sir, | did review
18 A Yes, sir. 18 BY MR QA NN NG
19 Q And same question with the same 19 Q You probably sense where this is
20 cautions. D d you review Exhibit 2 in 20 going, but I'mputting Exhibit 4 in the Zoom
21 preparation for your deposition today? 21 chat here. You can downl oad that and open it
22 MR BARAZESH |'mjust going to 22 and let nme know when you have it open.
23 nake the sane objection as before on 23 (Exhibit 4 was nmarked for
24 the basis of privilege. 24 identification.)
25 Answer the question to the 25 A I have it open.
Page 15 Page 17
1 extent you don't close the content of 1 BY MR G NNNGS
2 any conmuni cation with counsel. 2 Q Have you seen Exhibit 4 before?
3 And | guess just to the extent 3 A Yes.
4 there's going to be this question for 4 Q And what is Exhibit 47?
5 all the other petitions, |'mlodging 5 A Exhibit 4 is entitled Petition for
6 the same obj ection now. 6 Inter Partes Review of Qains 1 through 20 of
7 MR AQNNNGS: And no issue 7 US Patent Nunber 11, 467,579.
8 there. And as | said before, |I'mnot 8 Q Do you understand Exhibit 4 to be
9 | ooking to get into any of that. 9 another one of the petitions for IPR that
10 So. .. 10 this deposition today rel ates to?
11 MR BARAZESH  Yep. 11 A Yes, sir.
12 A Yes, | did reviewit. 12 Q And did you review Exhibit 4 in
13 BY MR @ NN NGS. 13 preparation for your deposition today?
14 Q | put Exhibit 3 in the sane chat 14 A Yes, sir.
15 if you can, again, downl oad that and open it 15 Q | put Exhibit 5 in the Zoom chat,
16 and let ne know when you have it open. 16 if you could downl oad that and open it and
17 (Exhibit 3 was narked for 17 let nme know when you have it open.
18 identification.) 18 (Exhibit 5 was marked for
19 11, 7583, 046 19 identification.)
20 A I have it open. 20 A I have it open.
21 BY MR G NNNGS 21  BY MR G NN NG
22 Q Have you seen Exhibit 3 before? 22 Q Have you seen Exhibit 5 before?
23 A Yes, sir. 23 A Yes.
24 Q And what is Exhibit 3? 24 Q What is Exhibit 5?
25 A Exhibit 3 is entitled Petition for |25 A Exhibit 5is entitled Petition for
www.LexitasLegal.com/Premier Lexitas
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Page 18 Page 20
1 Inter Partes Review of Qains 1 through 23 of 1 exhibits today, is the PDF page nunber or the
2 US. Patent Nunber 11,520, 346. 2 docunent page nunber better for you?
3 Q And do you understand Exhibit 5to | 3 A Vel |, the PDF nunber | woul d say
4  be another one of the petitions for |IPR that 4 is easier because | could just sinply enter
5 this deposition today rel ates to? 5 that nunber --
6 A Yes, sir. 6 Q Ckay.
7 Q And did you review Exhibit 5in 7 A -- into Adobe and it will go
8 preparation for your deposition today? 8 straight tothat. You know, if you give ne
9 A Yes, sir. 9 the docurment page nunber, | usually can
10 Q Now, am| correct that, as part of |10 estimate what the PDF page nunber shoul d be
11 each of the five IPR petitions that we just 11 and then | will have to do a little bit of
12 looked at, you provided a witten declaration |12 termnal, you know, searching. But it would
13 that contains your opinions in support of 13 definitely be easier if you told ne the PDF
14 those petitions? 14  page.
15 A Yes, sir. 15 Q Ckay. And | think we are on the
16 Q Putting Exhibit 6 in the Zoom 16 sane page there. But PDF pages, there's
17 chat. If you can download that and open it. 17 102 PDF pages in Exhibit 6, right?
18 Let ne know when you have it open. 18 A Yes, sir, that's what |'mseeing.
19 Declaration of Dr. Jason Janet Regarding U S. |19 Q Al right. Exhibit 6 contains
20 Patent No. 10,614, 344 20 your opinions in support of the I PR petition
21 (Exhibit 6 was nmarked for 21 that is Exhibit 1, right?
22 identification.) 22 A Yes, sir.
23 A | have it open. 23 Q And did you review Exhibit 6 in
24  BY MR QA NN NGS: 24  preparation for your deposition today?
25 Q Have you seen Exhibit 6 before? 25 A Yes, sir.
Page 19 Page 21
1 A Yes. 1 Q And since you prepared and si gned
2 Q And what is Exhibit 6? 2 Exhibit 6, have you -- strike that.
3 A Exhibit 6 is entitled Declaration 3 Do you have any additions or
4 of Dr. Jason Janet Regarding U S. Patent 4 corrections to nake to this declaration
5 Nunber 10, 614, 344. 5 today?
6 Q And that patent nunber, just so we | 6 A Not off the top of ny head no,
7 are clear, is the sane patent nunber as the 7 sir.
8 IPRpetition which is Exhibit 1, right? 8 Q Next up is BExhibit 7 which I'm
9 A Yes, sir. 9 putting in the Zoomchat here, if you can
10 Q Ckay. And if you turn to the very |10 downl oad that and open it up, and let nme know
11 last page of Exhibit 6 for me, which is 11 when you have it open?
12 page -- the very last page. 12 (Exhibit 7 was marked for
13 A Sorry. Adobe is going a little 13 identification.)
14  slow 14 A Ckay. | have it open.
15 Q It's a long docurent . 15 BY MR A NNNGS
16 A So I'msorry, you said go to the 16 Q Have you seen Exhibit 7 before?
17 last page? 17 A Yes.
18 Q Yes. 18 Q And what is Exhibit 7?
19 A Ckay. 19 A Exhibit 7 is the Declaration of
20 Q And is that your signature on the |20 Dr. Jason Janet, nyself, regarding
21 last page, Dr. Janet? 21 U'S Patent Nunber 11,126, 889.
22 A Yes, it is. 22 Q And Exhibit 7 contains your
23 Q Now, just because different people |23 opinions in support of the IPR petition that
24  think about this differently, when | -- if | 24 is Exhibit 2, right?
25 want to direct you to a page in one of these |25 A Yes.
www.LexitasLegal.com/Premier Lexitas
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Page 22 Page 24
1 Q And if you go to the last page of 1 preparation for your deposition today?
2 Exhibit 7 for ne, PDF Page 95. Let me know 2 A Yes.
3 when you're there. 3 Q I will try to mnimze the --
4 A Ckay. 4  mnimzing the backtracking here.
5 Q I's that your signature on the |ast 5 I"'mgoing to put Exhibit 9 in the
6 page there? 6 Zoomchat. |If you could download that and
7 A Yes, sir. 7 let nme know when you have it open.
8 Q And do you have any additions or 8 (Exhibit 9 was marked for
9 corrections to nake to Exhibit 7 today? 9 identification.)
10 A Not that | can recall. 10 A Ckay. | have it open.
11 Q I will put Exhibit 8 in the Zoom 11  BY MR A NNNGS
12 chat. |If you could I et ne know when you have |12 Q Have you seen Exhibit 9 before?
13 that open. 13 A Yes, sir.
14 (Exhibit 8 was marked for 14 Q And what is Exhibit 9?
15 identification.) 15 A Exhibit 9 is entitled Declaration
16 A I have it open. 16 of Dr. Jason Janet regarding U S Patent
17 BY MR A NNNGS 17 Nunber 11, 467, 579.
18 Q Have you seen Exhibit 8? 18 Q And Exhibit 9 is -- contains your
19 A Yes. 19 opinions in support of the IPR petition that
20 Q What is Exhibit 8? 20 is Exhibit 4, right?
21 A Exhibit 8 is entitled Declaration |21 A Yes, sir. Hold on. Let ne just
22 of Dr. Jason Janet regarding U S Patent 22 doubl e- check.
23 Nunber 11, 753, 046. 23 Q Sure.
24 Q And Exhibit 8 contains your 24 A Yes.
25 opinions in support of the IPR petition that 25 Q And can you go to the | ast page of
Page 23 Page 25
1 is Exhibit 3, right? 1 Exhibit 9, PDF Page 99 for ne.
2 A Yes. 2 A Yes.
3 Q And go to the last page of the 3 Q And is that your signature on this
4  docurent, PDF Page 99 for ne. 4  page?
5 A Yes. 5 A Yes, sir.
6 Q Is that your signature on the last | 6 Q Do you have any additions or
7  page? 7 corrections to make to Exhibit 9 today?
8 A It is, yes. 8 A Not as |'maware right now
9 Q And do you have any additions or 9 Q Ckay. And did you review
10 corrections to nmake to this declaration 10 Exhibit 9 in preparation for your deposition
11  today? 11  today?
12 A Not as |I'maware right now 12 A Yes, sir.
13 Q And did you review Exhibit 9 in 13 Q Al right. And last but not
14 preparation for your deposition today? 14 least, putting Exhibit 10 in the Zoom chat.
15 A Yes, | did. 15 If you can downl oad that and open it, and | et
16 Q And | apol ogi ze for backtracking, 16 ne know when you have it open.
17 but | don't believe | asked you, do you still |17 (Exhibit 10 was narked for
18 have Exhibit 8 open? 18 identification.)
19 A Yes. 19 A | have it open.
20 Q D d you review Exhibit 8 in 20 BY MR A NN NGS:
21 preparation for your deposition today? 21 Q Have you seen Exhibit 10 before?
22 A Yes. 22 A Yes.
23 Q And | don't believe | asked it, so |23 Q And what is Exhibit 10?
24 | will backtrack one nore tine, but 24 A Exhibit 10 is entitled Declaration
25 Exhibit 7, did you review Exhibit 7 in 25 of Dr. Jason Janet regarding U S Patent
www.LexitasLegal.com/Premier Lexitas
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Page 26 Page 28
1 Nunber 11,520, 346. 1 Exhibit 11 in preparation for your deposition
2 Q Ckay. And Exhibit 10 is your 2  today?
3 declaration in support of the IPR petition 3 A Yes, sir.
4 that is Exhibit 5 right? 4 Q I"ve put BExhibit 12 in the Zoom
5 A Yes, sir. 5 chat. |If you can let ne know when you have
6 Q And can you turn to the |ast page 6 that one open.
7 of Exhibit 10, PDF Page 104, for me? 7 (BExhibit 12 was narked for
8 A Yes, sir. 8 identification.)
9 Q And is that your signature on the 9 A | have it open.
10 last page here? 10 BY MR A NNNGS
11 A That is, yes, sir. 11 Q Have you seen Exhibit 12 before?
12 Q And do you have any additions or 12 A Yes, sir.
13 corrections to make to Exhibit 10 today? 13 Q What is Exhibit 12?
14 A Not as |'mpresently aware. 14 A Exhibit 12 is entitled Mchi ne
15 Q And did you review Exhibit 10 in 15 Learning Based Prediction of Human
16 preparation for your deposition today? 16 Interactions Wth Autononmous Vehicles, US.
17 A Yes, sir. 17 Pat ent Nunber 11, 126, 889.
18 Q Al right. Just a few nore. 18 Q Ckay if | refer to this as the
19 I'm-- the next set of exhibits are going to |19 '889 Patent today?
20 be the patents that are the subject of these |20 A Yes, sir.
21 IPR proceedings. |'mgoing to go ahead and 21 Q And the '889 Patent, Exhibit 12,
22  put Exhibit 11 in the Zoomchat. |If you can |22 that's the patent that's the subject of the
23 let me know when you have that open. 23 IPRpetition Exhibit 2, right?
24 (Exhibit 11 was narked for 24 A Yes, sir.
25 identification.) 25 Q And the '889 Patent, Exhibit 12,
Page 27 Page 29
1 A I have it open. 1 is apatent that you offer opinions in the
2  BY MR G NN NG 2 declaration as Exhibit 7, right?
3 Q Have you seen Exhibit 11 before? 3 A Yes, sir.
4 A Yes. 4 Q D d you review Exhibit 12 in
5 Q Wiat is Exhibit 11? 5 preparation for your deposition today?
6 A Exhibit 11 is U S. Patent 6 A Yes, sir.
7  Nunber 10, 614, 344. 7 Q Exhibit 13 is in the Zoom chat.
8 Q And is it okay if | refer to this 8 Can you let ne know when you have that open?
9 as the '344 Patent today? 9 (Exhibit 13 was nmarked for
10 A Yes, sir. 10 identification.)
11 Q And the ' 344 Patent here, 11 A | have it open.
12 Exhibit 11, is the patent that is the subject |12 BY MR G NN NGS
13 of the IPR petition that is Exhibit 1, right? |13 Q Have you seen Exhibit 13 before?
14 A Yes. 14 A Yes.
15 Q And it is also the patent that you |15 Q And what is Exhibit 13?
16 discuss in the declaration that's Exhibit 6, 16 A Exhibit 13 is a US patent
17 right? 17 entitled Systemand Method of Predicting
18 A In ny declaration, | refer to this |18 Human Interaction with Vehicles, and it's
19 as Exhibit 6? |Is that what you're sayi ng? 19 US Patent Nunber 11, 753, 046.
20 Q I'"msaying the patent that is the |20 Q And is it okay if |I refer to this
21 subject of this declaration, Exhibit 6, 21 as the '046 Patent today?
22 that's the '344 Patent which is Exhibit 11, 22 A Yes.
23 right? 23 Q And the '046 Patent, here
24 A Correct. 24  Exhibit 13, is the patent that's the subject
25 Q Ckay. And did you review 25 of the IPR petition as Exhibit 3, right?
www.LexitasLegal.com/Premier Lexitas
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Page 30 Page 32

1 A Yes. 1 A I"'msorry. '346. | apol ogi ze.

2 Q And the '046 Patent is the patent 2 1 clicked on the wong thing.

3 that you offer opinions about in the 3 Q It's okay.

4 declaration as Exhibit 8, right? 4 A Sorry about that. A lot of PDFs

5 A Yes. 5 open right now

6 Q Exhibit 14 is in the Zoom chat. 6 Q Yeah. So to nake sure we're

7 Let nme know when you have that open. 7 looking at the sanme thing here, what is

8 (Exhibit 14 was narked for 8 Exhibit 15?

9 identification.) 9 A Exhibit 15 is entitled Navigating
10 A | have it open. 10 Autononous Vehicl es Based on Mdul ation of a
11  BY MR A NN NGS: 11  Wrld Mdel Representing Traffic Entities.

12 Q Have you seen Exhibit 14 before? 12 Q And do you see the patent nunber
13 A Yes. 13 on the top right on the first page?

14 Q What is Bxhibit 14? 14 A Yes.

15 A Exhibit 14 is U S patent entitled |15 Q U S. Patent Nunber 11,520, 346,

16 Probabilistic Neural Network for Predicting 16 right?

17 Hdden Context of Traffic Entities for 17 A Yes.

18 Autononous Vehicles, and it's U S Patent 18 Q Is it okay if | refer to this as
19 Nunber 11, 467, 579. 19 the '346 patent today?

20 Q Is it okay if |I refer to this as 20 A Yes.

21 the '579 patent today? 21 Q Have you seen Exhibit 15 before?
22 A Yes. 22 A Yes.

23 Q And the '579 patent, here 23 Q Ckay. And the '346 patent,

24 Exhibit 14, is the patent which is the 24  Exhibit 15, is the patent that is the subject
25 subject of the IPR petition which is 25 of the IPRpetition that's Exhibit 5, right?

Page 31 Page 33

1 Exhibit 4, right? 1 A Yes.

2 A Yes. 2 Q And the ' 346 patent, Exhibit 15,

3 Q And the '579 patent is also the 3 is the patent that you of fer opinions about

4 patent that you offered opinions about inthe | 4 in your declaration that's Exhibit 10, right?

5 declaration that's Exhibit 9, correct? 5 A Yes.

6 A Yes. 6 Q Ckay. Did you review Exhibit 15

7 Q Dd you review Exhibit 14 in 7 in preparation for your deposition today?

8 preparation for your deposition today? 8 A Yes.

9 A Yes, sir. 9 Q Ckay. So we have got Exhibits 1
10 Q And last but not least, Exhibit 15 |10 through 5 are the petitions; 6 through 10 are
11 isin the Zoomchat. If you can let me know |11 the declarations; 11 through 15 are the five
12 when you have that one open. 12 patents. kay?

13 (Exhibit 15 was narked for 13 A Yes.

14 i dentification.) 14 Q There will be a fewothers. Ve'll
15 A I have it open. 15 get to the others, but | just wanted to get
16 BY MR G NNNGS 16 that out of the way before we junp in here.
17 Q Have you seen Exhibit 15 before? 17 Now, | want to -- | want to start
18 A Yes. 18 with your opinions relating to the

19 Q What is Exhibit 15? 19 '344 Patent and that declaration is

20 A Exhibit 15 is entitled Systemand |20 Exhibit 6. Can you -- if you want to keep
21 Method of Predicting Himan Interaction Wth 21 the others open, you can, but if you want to
22  \ehicles, Patent Nunber U S. 11, 753, 046. 22 close themout, that's fine too, and just

23 Q I think we may be | ooking at a 23 have Exhibit 6 open, if that's easier. It's
24 different docunent. You shoul d have 24  up to you.

25 Exhibit 15 open. 25 A Counsel, if it's all right, |
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Page 34 Page 36
1 would like to take down what ever we don't 1 right docunents pul |l ed up?
2 need because Adobe chokes periodically, as 2 MR A NNNGS Yeah, | believe
3 you know 3 he said '346, but | think the exhibits
4 Q Yeah. 4 that | nentioned are all --
5 A Al right. So we're going to 5 MR BARAZESH Yeah. They
6 focus on -- you said which one? 6 should be. | just want to nake sure
7 Q Exhibit 6. 7 he's | ooking at the ' 346.
8 A It's already sl ow ng down. 8 BY MR A NNNGS
9 Q Do you have Exhibit 6 open? 9 Q Dr. Janet, just to be clear, you
10 A I do. I'mtrying to take down 10 have Exhibits 1, 6, and 11 up right now?
11 sone others, and I'mtrying to do that. 11 A I have anot her Adobe issue here.
12 | got the Adobe not responding at the top. 12 Yeah, | apologize. | msspoke.
13 Soit's -- it will cone back in a ninute. 13 Q Al right. So just to be clear,
14 Q I just want to nake sure we 14 you're looking at Exhibits 1, 6, and 11 right
15 weren't both waiting on the other. 15 now?
16 A | apol ogi ze. 16 A Yes.
17 Q No. No. That's fine. 17 Q And that's -- those are the
18 A Wth your permssion, Counsel, | 18 petition, declaration, and patent, which are
19 think I'mgoing to just shut down Adobe and 19 for the '344 Patent?
20 then bring those three exhibits up related to |20 A Yes.
21  the ' 346. 21 Q Ckay. And in your declaration,
22 Q Yeah, sure. 22 Exhibit 6, you offer -- you allege three
23 A G ve ne a second. 23 grounds of invalidity concerning the
24 Q Sorry. | thought that's what we 24 ' 344 Patent, correct?
25 were already doing. 25 A Yes.
Page 35 Page 37
1 A Vell, | was trying to take it 1 Q As | nentioned, |'mlooking at the
2 down, but for whatever reason, |'ve got an 2 table of contents just to orient ourselves
3 Adobe not responding and a spinning circle. 3 here --
4 So we have the three exhibits for 4 A R ght.
5 the '346 patent: the petition, the 5 Q -- starting on PDF Page 2. Can
6 declaration -- ny declaration, and the patent | 6 you turn to PDF Page 2 for nme, if you're not
7 itself; is that right? 7 already there?
8 Q Just to be clear, those are 8 A Yeah, |'mthere. Sorry.
9 Exhibits 1, 6, and 11, right? That's what 9 Q Ckay. And do you see the headi ng
10 you have? 10 in the table of contents for Gound 1?
11 A Correct. 11 A Yes.
12 Q Ckay. So focusing for the nmonent 12 Q And the headi ng says G ound 1,
13 on your declaration, Exhibit 6, aml| correct 13 Qains 1 through 22 are unpat ent abl e under
14 that -- just to kind of make sure we're on 14 35 U S C Section 103 over Ross and Cox,
15 the same page here, there are three grounds 15 right?
16 of validity that you opine onin this 16 A Yes, sir.
17 declaration; is that correct? 17 Q So your opinions for Gound 1 are
18 And if it helps, |I'mlooking at 18 that Aainms 1 through 22 of the '344 Patent
19 the table of contents that starts on PDF 19 are unpatentable under 35 U S.C Section 103
20 Page 2. 20 over Ross and Cox, right?
21 MR BARAZESH Can | just 21 A Yes, sir.
22 clarify? | think Dr. Janet nentioned 22 Q And Section 103 is obvi ousness,
23 the '346. Are you |ooking at 23 right?
24 the -- neant to be looking at the '344 24 MR BARAZESH (bjection to the
25 right now, just so everyone has the 25 extent you're calling for a |egal
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Page 38 Page 40

1 concl usi on. 1 A Yes.

2 A General |y speaking, that's ny 2 Q And can you go to the next page of

3 under st andi ng. 3 Exhibit 6, PDF Page 79 for ne.

4  BY MR A NN NGS: 4 A Yes, sir.

5 Q And can you turn to PDF Page 4 for | 5 Q And do you see the nunbered

6 ne? 6 paragraph -- do you see Paragraph 161 in the

7 A I'"'mthere. 7 niddle of the page?

8 Q And do you see the heading for 8 A Yes.

9 Section B, Gound 2 there in the niddl e of 9 Q And in Paragraph 161, you state:
10 the page? 10 In ny opinion, Zhang renders obvious daim 1.
11 A Yes. 11 R ght ?

12 Q And the headi ng says: Qound 2, 12 A Yes, sir.

13 dains 1 through 22 are unpatentabl e under 13 Q So am| correct that all three of

14 35 US. C Section 103 over Ross, Cox, and 14 the grounds of validity that you have opi ned

15 Qgale, OGAL-E 15 oninthis declaration are obvi ousness?

16 Dd |l read that right? 16 A Yes, sir.

17 A Yes, sir. 17 Q And are you famliar with the

18 Q And so for Gound 2, you' ve 18 concept of anticipation?

19 offered opinions that Qains 1 through 22 of |19 MR BARAZESH (hjection to the

20 the '344 Patent are unpatentable as being 20 extent calling for a |legal conclusion.

21  obvious over Ross, Cox, and Qgale, right? 21 A Yes, |I'mfamliar with the

22 A Yes, sir. 22 concept.

23 Q And do you see the heading for 23 BY MR A NN NGS

24 Qound 3 at the bottomof that page? 24 Q Have you of fered any anticipation

25 A I do. 25 opinions inthis litigation, Dr. Janet?
Page 39 Page 41

1 Q And the heading says: QGound 3, 1 MR BARAZESH Sane objection.

2 Qdains 1 through 5, 7 through 13 and 16 2 A Just based on ny under st andi ng of

3 through 22 are unpatentabl e under 35 U S. C 3 obviousness and anticipation, whichis

4 Section -- | believe there's a typo nissing 4 articulated in | believe the | egal standards

5 there -- over Zhang. R ght? 5 section of ny declaration, ny grounds are

6 A Say that again, please. 6 based on obvi ousness.

7 Q | believe there's a nunber missing | 7 BY MR G NN NG

8 inthe mddl e of this heading. So | just 8 Q So none of the grounds in this

9 want to -- we'll clear that up injust a 9 declaration are based on anticipation, right?
10 second. Let me just ask a different 10 MR BARAZESH Sane objection.

11  question. Qound 3 -- strike that. 11 A Based on ny understandi ng of that
12 Wiy don't we -- since that says 12 legal standard, and I'mnot a |lawyer, but as
13 Page 72, why don't we go to -- go to PDF 13 a person of ordinary skill in the art, these
14  Page 78 for ne. 14 grounds are based on obvi ousness.

15 A Ckay. 15 BY MR A NNNGS

16 Q And do you see the heading a few 16 Q Now, you mnentioned the | egal

17 lines down fromthe top of the page for 17 standards. Can you turn to PDF Page 18 of

18 Qound 3 there? 18 this same exhibit, Exhibit 6 for me?

19 A | do, yes, sir. 19 A Yes, sir.

20 Q And G ound 3 concerns the Zhang 20 Q And do you see the section headi ng
21 reference; is that right, ZHANG? 21 Legal Standards for Patentability?

22 A Correct. 22 A | do yes, sir.

23 Q Ckay. And it concerns -- Gound 3 |23 Q Now, the -- and under that

24  concerns Aains 1 through 5, 7 through 13 and |24 headi ng, beginning in Paragraph 7, you list a
25 16 through 22 of the '344 Patent, right? 25 nunber of legal standards; is that right?
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Page 42 Page 44
1 A I'n Paragraph 27? 1 A Yes, sir.
2 Q Begi nni ng i n Paragraph 27, 2 Q In Paragraph 33, the first
3 continuing on for a few pages after that, 3 sentence here, you state: | understand that
4 right? 4 there are two ways in which prior art may
5 A Ch, okay. 5 render a patent clai munpatentable.
6 MR BARAZESH (hjection to 6 R ght ?
7 form 7 A Yes, sir, that's howit reads.
8 A What was your question? 8 Q And the next sentence, you say:
9 BY MR A NN NG 9 First, the prior art can be shown to
10 Q I was just -- inthis section, the |10 anticipate the claim
11 section that begins with that headi ng and 11 R ght ?
12 begins with Paragraph 27, you have laid out a |12 A Yes, sir.
13  nunber of |egal standards here, right? 13 Q And as we just covered, you
14 MR BARAZESH (hjection. Form 14 haven't offered any opinions in this
15 BY MR A NN NGS: 15 declaration about anticipation, right?
16 Q Is that correct, Dr. Janet? 16 A The grounds that | provided are
17 A Wiat |'ve laid out here is ny 17  based on ny understandi ng of obviousness. |f
18 understandi ng of these |egal standards. 18 there is a msunderstanding that nmakes
19 Q Ckay. And were these | egal 19 it -- that feeds the anticipation position,
20 standards provided to you by counsel ? 20 then I'mpresently not aware of it, but |
21 MR BARAZESH (bjection to the 21  acknow edge that possibility.
22 extent you're calling for privileged 22 Q Just continuing on here in
23 communi cati ons. 23  Paragraph 33, next sentence says: Second,
24 Dr. Janet, you can answer that 24 the prior art can be shown to have made the
25 question if you don't -- to the extent 25 claimobvious to a person of ordinary skill
Page 43 Page 45
1 you don't disclose the content of 1 inthe art.
2 communi cations w th counsel . 2 R ght ?
3 THE WTNESS:  Under st ood. 3 A Yes.
4 MR BARAZESH Al so objection to 4 Q And then you state: In this
5 the extent it's calling for any |egal 5 declaration, | focus on obvi ousness.
6 concl usi ons. 6 R ght ?
7 A Yes, | relied on counsel for 7 A Correct. Yes, sir.
8 giving the information to formthe 8 Q And then you say: MW
9 understanding | have which is articul ated 9 understanding of the |legal standard for
10 here in this section. 10 obviousness is set forth bel ow
11 BY MR ANNNGS 11 R ght?
12 Q Ckay. And these | egal standards 12 A That's ny understanding. Yes,
13 that you have listed here in this section, 13  sir.
14 did you apply themin your analysis in this 14 Q Ckay. Paragraph 34 you state
15 decl aration? 15 that: | understand that a claimnmed invention
16 MR BARAZESH Sane -- sane 16 is not unpatentable -- sorry. Strike that.
17 obj ecti ons. 17 1'mgoing to start over since |I've just
18 A Yes, sir, if | understand the 18 msread it.
19 question properly. 19 Paragraph 34 you say: |
20 BY MR G NN NGS 20 understand that a clainmed invention is not
21 Q If you turn to the next page, PDF |21 patentable if it woul d have been obvious to a
22 Page 19 for ne. 22 person of ordinary skill in the field of the
23 A Ckay. 23 invention at the tine the invention was nmade.
24 Q And do you see Paragraph 33 in the |24 R ght ?
25 mdd e of the page? 25 A Yes, sir.
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Page 46 Page 48
1 Q And woul d you apply that |egal 1 to be patented and the prior art such that
2 standard in rendering your obviousness 2 the subject natter as a whol e woul d have been
3 opinions inthis case -- in this declaration 3 obvious at the tinme the invention was nade to
4 in Exhibit 6? 4 a person having ordinary skill in the art to
5 MR BARAZESH (hbjection. 5 which said subject matter pertains.
6 A | apol ogi ze. | spoke over 6 R ght ?
7 counsel. 7 A Yes, sir. That's how that reads.
8 BY MR A NN NGS 8 Q And then the last part of
9 Q G ahead. 9 Paragraph 36 says: Patentability shall not
10 A Ddthe reporter get that? 10 be negatived by the manner in which the
11 Q | don't seeit, so -- 11  invention was nade.
12 THE STENOGRAPHER No.  Can you 12 R ght?
13 just repeat your answer? 13 A Yes, sir.
14 A I have -- I'mless clear in 14 Q And did you apply the Iegal
15 remenbering exactly what the question was, 15 standard here in Paragraph 36 in rendering
16 and | want to nmake sure that the objection is |16 your obviousness opinions in this
17 on the record as well. GCould | trouble you 17  decl aration?
18 to reread that? 18 MR BARAZESH (hjection. Form
19 BY MR G NNNGS 19 And based on -- to the extent it's
20 Q I will just -- 1'll ask the 20 calling for a legal conclusion.
21  question again. 21 A What | applied was how I
22 The standard that you listed here |22 understand this.
23 in Paragraph 34 of your declaration, 23 BY MR A NN NGS
24  Exhibit 6, did you apply that legal standard |24 Q Now, the next paragraph,
25 inrendering the opinions in this 25 Paragraph 37, you state: | understand that
Page 47 Page 49
1 declaration? 1 the follow ng standards govern the
2 MR BARAZESH (hjection. Form 2 determnation of whether a claimin a patent
3 (hbjection to the extent this is asking 3 is obvious. |'ve applied these standards in
4 for legal conclusions. 4 ny evaluation of whether the clains of the
5 A | applied this with the caveat 5 '344 Patent woul d have been consi dered
6 that this is ny understanding. This is what 6 obvious as of the priority date of that
7 | -- thisis what | applied. Again, |I'mnot 7 patent.
8 an attorney. 8 R ght ?
9 BY MR A NNNGS 9 A Yes, sir.
10 Q Ckay. Paragraph 35, the next 10 Q Ckay. Then you continue on in
11  paragraph, Dr. Janet, you state: | 11  Paragraph 38. You state: | understand that
12 understand that the obvi ousness standard is 12 tofind a claimin a patent obvious, one nust
13 defined in the patent statute, 35 U S C 13 nake certain findings regarding the clai med
14  Section 103(a) as follows. 14 invention and the prior art. Specifically, |
15 R ght ? 15 understand that the obvi ousness question
16 A Yes. 16 requires consideration of four factors,
17 Q And Paragraph 36 continues on. It |17 although not necessarily in the follow ng
18 says: A patent nay not be obtained through 18 order.
19 the invention -- start over again because | 19 R ght ?
20 msread that. 20 A Yes, sir.
21 Paragraph 36 states: A patent may |21 Q And the next four paragraphs |ist
22 not be obtained though the invention is not 22 those four factors, correct?
23 identically disclosed or described as set 23 A Yes, sir.
24 forth in Section 102 of this title if the 24 Q And the first one, Paragraph 39,
25 differences between the subject matter sought |25 is the scope and content of the prior art,
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Page 50 Page 52
1 right? 1 Al so asked and answer ed.
2 A Yes, sir. 2 A | certainly applied ny
3 Q The next one, Paragraph 40, is the | 3 understanding of these four factors, yes,
4 differences between the prior art and the 4 sir.
5 clains at issue, right? 5 BY MR A@NNNGS
6 A Yes, sir. 6 Q Ckay. MNow, let's goto -- | want
7 Q Paragraph 41, the next one, is the | 7 to talk about Gound 3 in this declaration,
8 know edge of a person of ordinary skill in 8 and your opinions on that begin on PDF
9 the pertinent art, correct? 9 Page 78. And let me know when you're on PDF
10 A Yes, sir. 10 Page 78.
11 Q And the | ast one, Photograph 42, 11 A I'mthere.
12 is whatever objective factors indicating 12 Q Ckay. Now, as we di scussed
13  obvi ousness or nonobvi ousness nay be present 13 earlier, Gound 3 is your opinions concerning
14 in any particular case, right? 14  obvi ousness over the Zhang reference rel ating
15 A Yes, sir. 15 to certain clains of the '344 Patent, right?
16 Q Now, the legal standard that's set |16 A Yes, sir.
17 forth here in Paragraphs 38 through 42, did 17 Q And the first claimthat you offer
18 you apply that legal standard in rendering 18 opinions onis daim1; is that right, in
19 your obviousness opinions in this 19 this ground?
20 declaration? 20 A Correct.
21 MR BARAZESH (bjection. Form 21 Q And your opi ni ons concer ni ng
22 and to the extent it's calling for a 22 daimlin this ground begin on PDF Page 79,
23 | egal concl usi on. 23 right?
24 A | applied ny understanding of it. 24 A Yes, sir.
25 25 Q Now, your opinions on daiml
Page 51 Page 53
1 BY MR G NN NG 1 begin on this page, PDF Page 79, and continue
2 Q Ckay. So in providing your 2 on for a few pages, just so I'mclear as
3 obviousness opinions in this declaration, did | 3 to-- all the way to PDF Page 93, right?
4 you consider the four factors that are listed | 4 A As it relates just to Qaiml
5 in Paragraphs 39 through 42? 5 you' re asking?
6 MR BARAZESH Sane objection. 6 Q Yes.
7 Sane obj ecti ons. 7 A Yes.
8 A I applied how | understood them 8 Q Ckay. Now, | want to tal k about
9 BY MR ANNNGS 9 these opinions relating to Aaim1lin the
10 Q Ckay. Wen you say you applied 10 sane reference.
11 how you understood them what do you mean by |11 And ny first question, Dr. Janet,
12 that? 12  is one of the factors that we just discussed
13 MR BARAZESH Same obj ecti ons. 13 in your |legal standard section was -- and |
14 A I had nentioned before and happy 14 will read it back to you. | can showit to
15 toclarify, I'"'mnot an attorney. |'ma 15 you on the screen if you need to see it as
16 person of ordinary skill inthe art. And I'm |16 well, but it's: The differences between the
17 offering it based on ny understandi ng of 17 prior art and the clains at issue.
18 the -- of the standards as they are expl ai ned | 18 Do you renenber discussing that a
19 to me by counsel . 19 ninute ago?
20 BY MR G NN NGS: 20 A CGeneral ly, yes.
21 Q Ckay. So in providing your 21 Q Ckay. Now, in providing your
22  obviousness opinions in this declaration, did |22 opinions here with respect to Qaim1l and the
23 you consider the four factors that are listed |23 Zhang reference here in Gound 3, did you
24 in Paragraph 39 through 42 here? 24 consider the differences between the Zhang
25 MR BARAZESH Sane obj ecti ons. 25 reference in daim1?
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Page 54 Page 56
1 MR BARAZESH (hjection. Form 1 opinion Zhang further teaches that if, quote,
2 And to the extent it's calling for a 2 if the, quote, set of predicted trajectories
3 | egal concl usi on. 3 and confidence levels (i.e., output
4 A | applied ny understandi ng of 4 statistical summary) is characterizing a
5 that. 5 distribution barring the | anguage of the
6 BY MR A NNNG 6 claimof user responses expected to be
7 Q Ckay. What are the differences 7 received responsive to presenting the sensor
8 between Zzhang reference and Aaim1l of the 8 datato a plurality of users, the user
9 '344 Patent? 9 response is associated with a particul ar
10 MR BARAZESH (bjection. Form 10 object as clained. Zhang describes that its
11 A | don't really consider themto be |11 neural network of trajectory prediction,
12 differences necessarily. | believe that a 12 Mdule 175, is trained by training data that
13  person of ordinary skill would | ook at them 13 is, quote, real-world human behavi or data,
14 and appreciate how essentially identical they |14 end quote, that represents, quote, hunan
15 are. But if something is not particularly -- |15 driving behaviors.
16 you know, particular word is not used that's |16 And | provide citations, although
17 in the claimlanguage, that -- just to 17 the exhibit nunber is probably different than
18 provide a little bit of an explanation, | 18 what we're using here in this deposition.
19 offer a fewthings including, for exanple, on |19 And | go on to say that: Zhang
20 Paragraph 173, where | tal k about Zhang's 20 explains that because the trajectory
21 neural network of trajectory prediction 21 prediction Mdule 175 is trained in the
22 nodule is executed to generate, quote, a set |22 training phase using real-world hunan
23 of predicted trajectories and confidence 23 behavior data, the predicted behavi or and
24 levels for each object in the inmage where the |24 trajectories of vehicles or objects produced
25 confidence levels, quote, correspond to a 25 Dby the trajectory prediction nodule are
Page 55 Page 57
1 likelihood of the object to performthe 1 closely correlated to the actual behavior and
2 predicted behavior. 2 trajectories of vehicles in real-world
3 | goonto say that: Zhang s set 3 environnents with hunan drivers.
4 of predicted trajectories in confidence 4 ®ing forward: Zhang's training
5 levels teaches an output statistical summary. 5 data includes inages that are |abel ed by
6 The set of predicted trajectories and 6 human | abel ers to associate -- quote,
7 confidence | evel s summari ze the various 7 associate a label -- and, by the way, hunan
8 trajectories that an object in inage data 8 labels is plural -- to associate a |abel
9 nmght take and the confidences associ at ed 9 having behavior and direction infornation
10 with each prediction. This provides a 10 with each instance of a vehicle in the
11 statistical distribution and organi zation 11  training data.
12 reflecting how an object is predicted to 12 The | abel ed training represents
13 travel within the environnent of Zhang's 13 different driving scenarios and includes,
14  autononous vehicle and how |ikely each 14 quote, hunman driver behavior, data related to
15 prediction is. 15 howdrivers typically react to actions
16 So where there might be -- | would |16 performed by proxinmate vehicles, end quote.
17 say for sonebody that's not a person of 17 A quote, loss function is used to
18 ordinary skill -- a challenge in what these 18 examne and correct the results of the
19 nmean if not verbatimuse of the claim 19 training.
20 language, | go on to say that: Because these |20 So in ny opinion, a person of
21 values are a collection of nunerical 21 ordinary skill woul d have understood t hat
22 neasurenents, it's ny opinion that a PCsl TA 22 loss functions are used in machi ne | earning
23 woul d have recogni zed that such val ues form 23 to quantify the error between the correct
24  statistics. 24 human | abel s of training i nages and a desired
25 In Paragraph 174, it starts: M 25 nodel output, and thus allow ng for
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Page 58 Page 60

1 adjustnent of the model to reduce the error. 1 want to interrupt, but we have been

2 I'n regardi ng the nodel 2 goi ng about an hour and 20 m nutes

3 functionality during training, | explain how 3 here. Wuld it make sense to just

4 a person of ordinary skill would have 4 have a short break here or?

5 understood that |oss functions are used in 5 MR G@NNNGS VYeah, let's get

6 nmachine learning to quantify the error 6 through and -- let ne do with this

7 between the correct human | abel s of training 7 paragraph and then we can -- we can

8 images and a desired nodel output. And thus 8 hop off for a few mnutes before we

9 allowing for adjustment of the model to 9 touch on the other two. Does that

10 reduce the error. 10 sound good?

11 So | don't really see differences. |11 MR BARAZESH |Is that okay with
12 And | certainly don't see -- | think the 12 you, Dr. Janet?

13 differences are nore about the vernacul ar 13 THE WTNESS: That works.

14 than they are about what they mean. And | 14 BY MR A NNNGS

15 offer up how a POSI TA woul d see themto 15 Q Ckay. Paragraph 173. Now;, | want
16 clarify that those differences really aren't 16 to understand, is it your opinion here in

17 differences. 17 Paragraph 173 that there are differences

18 Q What do you mean when you say 18 between zZhang and Aaim1l of the '344 Patent?
19 that -- how a PCSl TA woul d see themto 19 MR BARAZESH (bjection. Form
20 clarify that those differences aren't really |20 A Vel |, as | nentioned, fromny

21 differences? Can you tell me what you nean 21  perspective and what | believe the

22 by that? 22  perspective of a person of ordinary skill in
23 A Yeah. | probably shoul dn't have 23 the art, there aren't differences. |

24  used "differences" in the same sentence 24  recogni ze that perhaps sone things may not be
25 twice. 25 verbatim and so for soneone that's a

Page 59 Page 61

1 How the -- what | think a 1 non-PCBITAto read this at face val ue, they

2 non-PCSI TA woul d consider at face value to be | 2 mght think there is a difference, but |

3 differences really aren't differences. But 3 don't.

4 it's -- you know, because it's not verbatim 4  BY MR A NN NGS

5 or mght not be verbatim | added the clarity | 5 Q Ckay. Now, in offering your

6 fromthe perspective of person of ordinary 6 opinions in this case, did you reviewthe

7 skill. 7 Zhang reference fromthe perspective of a

8 Q So | just want to nake sure I'm 8 PCSITA or of a non-PCSl TA?

9 following that. | believe that there were 9 MR BARAZESH (bjection. Form
10 three portions that you pointed out, and | 10 A I mght have cut you off, Counsel.
11  want to go back to each one. | believe the 11 I reviewed it fromthe perspective
12 first one was in Paragraph 173; is that 12 of a PGBITA

13 correct? 13 BY MR G NN NG

14 A Yes. 14 Q And just to be clear, | just want
15 Q And then just to -- we'll cone 15 to nmake sure we're orienting things

16 back toit, but I just want to nake sure I've |16 correctly. This Paragraph 173 concerns what
17 got each of the three. The next one is in 17 you've labeled as B enent 1[b] of the claim
18 Paragraph 174, right? 18 right? If you want to refer back to PDF

19 A Correct. 19 Page 82, | believe is where you have to go
20 Q And the third one is in 20 back to doubl e-check that.

21 Paragraph 1 -- | apol ogi ze. Paragraph 177. 21 A Yes, sir.

22 A Yes. 22 Q Ckay. Now, so I'mclear, in

23 Q (kay. Let's first talk about the |23 Paragraph 173 here, is it your opinion that
24 one in Paragraph 173. 24 there's a difference between the Zhang

25 MR BARAZESH Sorry, | don't 25 reference and Henent 1[b] of the -- daim1l
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Page 62 Page 64

1 of the '344 Patent? 1 discussing what | believe you were calling

2 MR BARAZESH (pbjection. 2 potential differences.

3 M sstates testinony. 3 Q Ckay. And before the break, we

4 A As | nentioned before, | believe 4  tal ked about Paragraph 173, right?

5 that it's possible for a non-PCSI TA to 5 A Yes, | believe so, yes.

6 perhaps get caught up if there's a difference | 6 Q And the next paragraph that |

7 inthe specific terms that are used, and | 7 believe you nentioned earlier was

8 trytolook at that at least alittle bit 8 Paragraph 174, right?

9 through that lens. But as a person of 9 A Yes.

10 ordinary skill, | recognize that with the 10 Q And | want to -- just soit's

11 insights that a PCSI TA woul d have, that there |11 clear here, as we discussed earlier, both of
12 really aren't differences. 12 these paragraphs, Paragraphs 173 and 174

13 And | understand this is perhaps 13 concern Henent 1[b] of Aaim1l, right?

14  bringing together one of those factors -- 1'm|14 A Yes.

15 sorry, bringing together miltiple factors, 15 Q And | -- just so I'mclear here, |
16 but looking at it fromny lens or through ny |16 want to -- I'mgoing to share ny screen here
17 lens, there really isn't a difference. And | |17 for a second so | don't try to mnimze your
18 expl ai ned how a PCSl TA woul d view that in 18 having to flip around. | just want to have
19 this paragraph accordingly. 19 Hernent 1[b] here while we're tal king about
20 MR G NN NG Before we turn to 20 for a second here.

21 the next paragraph that you 21 This is what | have on the screen
22 identified, let ne go ahead and take a 22  here, I'Il represent to you, is Exhibit 1,
23 short break here and go off the 23 the petition, and then the petition |ays out
24 record. 24 these claimelenents. | have 1[b] on the

25 MR BARAZESH Sounds good. 25 screen.

Page 63 Page 65

1 Are you good with five mnutes, 1 Do you see it beginning wth

2 Dr. Janet? 2 providing the sensor data here?

3 THE WTNESS: | am Thank you. 3 A | do.

4 (A brief recess was held from 4 Q Now, Eement 1[b] -- | wll just

5 11:29 am to 11:37 a.m) 5 readit inits entirety. It's: Providing

6 BY MR A NNNGS 6 the sensor data as input to a supervised

7 Q ¢l cone back, Dr. Janet. 7 learning-based nodel . The supervi sed

8 A Thank you. 8 | earning-based nodel configured to receive an

9 Q Before | continue on, do you have 9 input sensor data, displaying a particular
10 any additions or corrections to nmake to your 10 object on a road and predicting an out put

11 testimony so far today? 11 statistical sunmary characterizing a

12 A No, sir, not so far. 12 distribution of user responses expected to be
13 Q So before the break, we were 13 received responsive to presenting the sensor
14 talking about Gound 3 in the declaration, 14 data to a plurality of users. The user

15 Exhibit 6 in the Zhang reference, right? 15 response is associated with the particul ar
16 A Yes. 16 object.

17 Q And we were tal king about the 17 A Yes, sir.

18 issue of differences between the Zhang 18 Q Now, is it your opinion that the
19 reference in daim1l, right? 19 Zhang reference teaches B ement 1[b] of this
20 A V¢ were -- | struggle to put those {20 clain?

21 inthe differences category as | nentioned 21 A As | nentioned in Paragraph 177:
22 before. | think from-- through the |ens of 22 In ny opinion, the foregoing confirns that
23 a person of ordinary skill, be very clear 23 Zhang's, quote, set of predicted trajectories
24  what those nean, that there really isn't a 24 and confidence | evel s descri bed above for

25 difference, but | will say that we were 25 operational use are al so generated during
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Page 66 Page 68
1 training. As noted above, it is ny opinion 1 functionality during operational use.
2 that a PCSI TA woul d have understood that |oss | 2 Paragraphs 173 and 174 and 175
3 functions are used in nachine learning to 3 relate to the nodel functionality during
4 quantify the error between the correct hunan 4 operational use. And the najor point here is
5 labels of training i nages and a desired nodel 5 that regardl ess of whether the neural network
6 output and thus allows for adjustnent of the 6 in Zhang is during training or during
7 nmodel to reduce the error. 7 operational use, it discloses Hement 1[b] in
8 Zhang, therefore, teaches 8 the '344 Patent.
9 predicting an output statistical sumary 9 BY MR ANNNG
10 characterizing a distribution of user 10 Q So | want to nmake -- maybe ny
11 responses expected to be received responsive |11 question wasn't clear. So let ne try asking
12 to presenting the sensor data of a plurality |12 it again.
13 of users. The user response is associ ated 13 Do you renenber earlier | asked
14 with the particular object, and the training |14 you what the differences are between the
15 context for the sane reasons di scussed above |15 Zhang reference and daim1?
16 in operational use. 16 Do you renenber that?
17 Q Ckay. Appreciate that. | don't 17 A | remenber you asked that
18 think it answers the question that | asked, 18 question, yes.
19 though, which is: [Is it your opinion that 19 Q And in your answer, you identified
20 the Zhang reference teaches Henent 1[b] of 20 three paragraphs fromthis declaration.
21 this clain? 21 Do you renenber that?
22 A So | just want to let you know I'm |22 A | identified three paragraphs that
23 looking at the '344 Patent because | want to |23 didn't necessarily agree that they are
24 have these side by side. 24 differences, just that they were paragraphs
25 Q Ckay. 25 wherein | explained that there really aren't
Page 67 Page 69
1 A Vel |, the short answer is yes. 1 differences.
2 Q Ckay. Now, starting to ask about 2 Q Ckay. And so what |'masking here
3 Paragraph 174, which is on PDF Page 87. Can 3 is in Paragraph 174, was the difference or
4 you go to that page for ne? 4 non-difference that you were explaini ng
5 A Yes. 5 between the Zhang reference in daim1l?
6 Q Now, this is a paragraph that you 6 MR BARAZESH (hjection. Form
7 identified earlier when | asked you whet her 7 And asked and answer ed.
8 there are any differences between daim1l and | 8 A I"'mnot really -- | can't really
9 the zhang reference, right? 9 agree that these are differences, | believe,
10 A I don't renenber the exact 10 that as | explained here, that a person of
11  phrasing that you used, but we were talking 11  ordinary skill woul d understand that even
12 about -- or you were asking about what m ght 12 during operational use, this meets
13  be construed as differences. 13 Linmtation 1[b] in the '344 Patent.
14 Q Ckay. Now, let ne ask it this 14 BY MR G NNNGS
15 way: Setting aside for the noment whet her 15 Q I want to clear -- clear whatever
16 you believe it's a difference or not, what is |16 up it is that you re not understandi ng about
17 the issue or difference or non-difference 17 ny questions so that we can -- we can answer
18 that you identified in Paragraph 174 between |18 it.
19 Herent 1[b] and the Zhang reference? 19 So earlier | asked you what the
20 MR BARAZESH (hjection. Form 20 differences are between Zhang in daim1, and
21 A If one were to scroll alittle 21 you identified three paragraphs where you
22 further back in the declaration, you would 22 indicated that you explained in those
23 notice that there are two, | guess, use cases |23 paragraphs why there aren't any differences.
24 for -- or use stages, and one relates to the |24 What | want to understand is in
25 training part, and one relates to the nodel 25 Paragraph 174, what, in your view,
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1 non-difference are you pointing out between 1 BY MR QA NNNGS
2 the Zhang reference in daim1? 2 Q The ot her paragraph that you
3 MR BARAZESH (hjection. Form 3 identified earlier was Paragraph 177, right?
4 And asked and answer ed. 4 A Correct. This relates to the
5 A The -- if you look at the top of 5 nodel functionality during, instead of
6 174, this nentions that in ny opinion, Zhang 6 operation, but during training.
7 further teaches that the, quote, set of 7 Q Ckay. Now, in paragraph --
8 predicted trajectories and confidence |evels 8 A Let me just say -- let nme confirm
9 (i.e., output statistical summary) is 9 here because this mght have been a wap up
10 characterizing a distribution of user 10 for both of those nodes. R ght. And |
11 responses expected to be received responsive |11 believe it actually relates to both. But go
12 to presenting the sensor data to a plurality |12 ahead. |'msorry.
13 of users. The user response is associ ated 13 Q Ckay. Now what difference or
14 with the particul ar object. 14 non-difference between the Zhang reference
15 | mention in this paragraph 15 and Herent 1[b] do you identify in
16 that -- saying: Described its neural network |16  Paragraph 177?
17 of trajectory prediction is trained by 17 MR BARAZESH (hjection. Form
18 training data that is, quote, real-world 18 A I think the -- among others, but a
19 human behavior data that represents, quote, 19 major potential snag that sonebody that's a
20 human driving behaviors. Among ot her 20 non-PCSI TA nmight have in reading this woul d
21 things -- and | will skip a few points that 21 be just does -- first of all, does this
22 I've already, | believe, read into the 22  represent what a plurality of users woul d
23 record. 23  have interpreted or howthe information from
24 But about nidway down, that 24 a plurality of users woul d have been
25 paragraph, | mention that Zhang's training 25 integrated into the training nodel.
Page 71 Page 73
1 data includes images that are | abel ed by 1 So this is really just explaining
2 hunan | abelers, plural, to, quote, associate 2 that it's the same thing, even for the two
3 a label having a behavior -- having behavi or 3 different nodes, training and operation.
4 and direction information with each instance 4 BY MR G NN NG
5 of avehicle in the training data. 5 Q So is it your opinion, Dr. Janet,
6 So a PC8l TA woul d have under st ood 6 that there are no differences between the
7 that the loss functions are used in nmachi ne 7 Zhang reference in daim1 of the
8 learning to quantify the error between the 8 '344 Patent?
9 correct hunan | abels of training inmages -- 9 MR BARAZESH (bjection. Form
10 those labels come froma plurality of human 10 A It is definitely ny opinion that
11 labelers -- and a desired nodel output and 11  in viewof a person of ordinary skill in the
12 thus allows for adjustrent of the nodel to 12 art's understanding of daimE enment 1[b],
13 reduce the error. 13 that there really isn't a difference.
14  BY MR G NN NGS 14 BY MR G NN NGS
15 Q kay. Sois it that last sentence |15 Q And what about for the other
16 there, where you say what a PCSl TA woul d have |16 elenments of Qaim1?
17 understood? |Is that the non-difference 17 MR BARAZESH Sane objection.
18 you're trying to clarify? 18 A Is that a bl anket question or was
19 MR BARAZESH (hjection. Form 19 there sonething specific or do you want ne
20 A I don't know how el se to describe |20 to --
21 it, other than what's witten here, and would |21 BY MR QG NN NGS:
22 really not want to try to explain it using 22 Q Yeah, so | mean -- and | apol ogi ze
23 different terns for fear that that coul d get 23 if there was a msunderstanding. | -- ny
24 msinterpreted. 24  question was about Aaim1 as a whol e, not
25 25 about just Bement 1[b]. So let me just
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1 re-ask the question. 1 this question several tinmes. The specific
2 Is it your opinion, Dr. Janet, 2 termnol ogies nay be different fromthe claim
3 that there are no differences between the 3 language in the '344 Patent and the
4  Zhang reference and daim1l of the 4 disclosure in the zZhang reference, but their
5 '344 Patent? 5 fundamental neeting is there.
6 MR BARAZESH (hjection. Form 6 And the -- in view of a person of
7 A Paragraph 161, | say: In ny 7 ordinary skill, the differences woul d be
8 opinion, Zhang renders obvious Aaiml. And 8 essentially not there. They woul d
9 when!| viewthe claimelenents of daiml, 9 understand, | woul d understand that they are
10 which | have described here in ny 10 essentially saying the sane thing.
11  declaration, weighted by the know edge and 11 Now, does that fall into the
12 view of a person of ordinary skill, 12 bucket of anticipation? | think that's a
13 essentially there aren't differences. 13 legal conclusion that needs to be drawn.
14 BY MR A NNNGS 14 | think that the preferred approach, given
15 Q Now, we discussed earlier that 15 that alittle bit of explanation as to how a
16  your opinions concerning the Zhang reference |16 person of ordinary skill would see things is
17 and daiml of the '344 Patent are based on 17 why the obvi ousness category is sel ected.
18 obviousness, right? 18 Again, if it fitsinto anticipation, then it
19 A Correct. 19 fits there, but that's probably based on a
20 Q Not anticipation? 20 legal conclusion, not sonething that | can
21 A | approached it based on ny 21 provide.
22 understandi ng of obviousness. 22 BY MR QNN NG
23 Q Now, if it's your opinion that 23 Q | want to go back to an issue you
24  there are no differences between the Zhang 24 raised a few ninutes ago about Henent 1]b],
25 reference and Aaim1, Dr. Janet, why did you |25 and can you go to -- still in Exhibit 6, PDF
Page 75 Page 77
1 not opine that the Zhang reference 1 Page 86 for ne?
2 anticipates daim1l? 2 A Ckay.
3 MR BARAZESH (bjection to 3 Q And do you see Paragraph 172 at
4 form (bjection to the extent it's 4 the top of that page?
5 asking for a legal conclusion. And 5 A | do.
6 al so objection in terns of privilege, 6 Q Ckay. Now, in Paragraph 172, you
7 if this is asking for work products or 7 state: In ny opinion, the '344 Patent
8 privil eged comuni cations between 8 lintation predicting an output statistical
9 counsel or with counsel. 9 summary characterizing a distribution of user
10 A I just want to be clear here. 10 responses expected to be recei ved responsive
11 | believe that when you look at the elements |11 to presenting the sensor data to a plurality
12 of Aaim1l of the '344 Patent through the 12 of user, the user responses associated with a
13 lens of a person of ordinary skill in the 13 particular object nay be interpreted to refer
14 art, who is also looking at Zhang, that the 14 to functionality. The nodel is configured to
15 differences woul d be insignificant, and it 15 performduring operational use as well as
16 would be very clear to that person of 16  during training.
17 ordinary skill that the Zhang neets the 17 R ght ?
18 linmtations of each of those elerments in the |18 A Yes, sir.
19 daiml. 19 Q And then you state: In either
20 BY MR 4 NN NGS 20 situation, Zhang teaches the lintation.
21 Q And when you say "that the 21 Correct ?
22 differences woul d be insignificant," what 22 A Yes, sir.
23 differences are you referring to? 23 Q So | want to understand here, is
24 MR BARAZESH (hjection. Form 24 it your -- strike that.
25 A | also feel like I've answered 25 Wien you say that the -- that
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Page 78 Page 80
1 limtation "may be interpreted to refer to 1 still neet the linitations of 1[b] during
2 functionality, nodel is configured to perform| 2 training.
3 during operational use as well as during 3 Q Ckay. So | want to be clear. So
4 training," are you saying that there may be 4 in Paragraph 172, the italicized portion that
5 two different ways that el enment coul d be 5 begins: predicting an output statistical
6 interpreted? 6 summary.
7 MR BARAZESH (hjection. Form 7 Do you see that?
8 (bj ection. Scope. 8 A Yes.
9 A I don't necessarily think that 9 Q That's | anguage fromdaim1,
10 there are two different ways that it can be 10 right, the italicized | anguage there?
11 interpreted. Wiat | acknow edge is that when |11 A Yes, it starts Colum 15, Line 34.
12 it boils down to neural networks, 12 Q You' re | ooki ng at the patent
13 particularly as they're described by the 13 itself?
14 patents at issue and the invalidating prior 14 A I'mlooking at the patent, yes.
15 art that we're utilizing that there are 15 Q Al right. Now inthis
16 essentially two nodes. You have training and |16 declaration Exhibit 6, you haven't offered
17 you have operational use. 17 any claimconstruction opinions about this
18 And in training, during training, 18 italicized claimelenent, have you?
19 or for training, there would be a collection |19 A I just --
20 of -- I'musing this in the generic 20 MR BARAZESH (hjection. Form
21  sense -- hunan-based annotations or |abels 21 A | just used the plain and ordinary
22 and sonetines the statistics surrounding 22 neani ng.
23 those. And they would be required to teach 23 BY MR A NN NGS
24  the neural network to represent not just the |24 Q Now, you anticipated ny next -- ny
25 specific data that is fed toit for learning, |25 next question there.
Page 79 Page 81
1 but to bridge any sort of gaps in that data 1 So in offering your opinions here,
2 torepresent what the plurality of users 2 have you applied the plain and ordi nary
3  woul d have concl uded or opted to, you know, 3 neaning of that italicized phrase to a person
4 do, choose, interpret. 4 of ordinary skill in the art?
5 And so then that, if you re no 5 A Yes. |If | understand your
6 longer in training node but you're in 6 question correctly, I"'musing a plain and
7 operational node, the output still represents | 7 ordinary neaning froma perspective of a
8 what that collection of users would have 8 person of ordinary skill in the art.
9 done, interpreted, you know, agreed wth and 9 Q And is the plain and ordinary
10 collectively, that sort of thing. 10 rmeaning to a person of ordinary skill in the
11 So | recogni ze there's two nodes. 11 art of that phrase, does it refer to
12 The claimdoes not -- that claimelenent does |12 functionality the nmodel is configured to
13  not break out the -- that this strictly 13 performduring operational use or during
14 relates to one nmode over the other. So 14  training?
15 appreciating that at |east a person of 15 MR BARAZESH (hjection. Form
16 ordinary skill and maybe somebody who is not 16 A As | explain in that same
17  but, you know, has some under standi ng about 17 paragraph, that italicized section nay be
18 Il earning-based nodel s, and particularly 18 interpreted to refer to functionality the
19  supervised | earni ng- based nodel s woul d or 19 nodel is configured to performduring
20 could wonder as to which it relates to. 20 operational use as well as during training.
21 So inthis situation, this 21 BY MR G NN NGS
22 particular section, | talk about how the 22 Q So under the plain and ordinary
23 nmodel can be used during operational use 23 meaning to a person of ordinary skill in the
24 and -- or nodel can function, | should say, 24 art of that italicized phrase, does it refer
25 and still neet the limtations of 1[b] and 25 to functionality the model is configured to
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Page 82 Page 84
1 performduring operational use or during 1 A An output statistical summary is
2 training? 2 the output values of the neural network, and
3 MR BARAZESH (hjection. Form 3 they indicate sone neasure. A statistical
4 Asked and answer ed. 4  summary can nean several things froma
5 A The cl ai m does not dedicate the 5 histogramto, you know, conditional neans to
6 content of that el ement to one particul ar 6 include variances or accuracy, which are
7 node, whether it's operational or training. 7 oftentimes used interchangeably.
8 So as | explained before, a person of 8 But the -- the statistical
9 ordinary skill would look at this and realize | 9 summary, fromny perspective as a person of
10 that it could apply to one or both. And I 10 ordinary skill, is one where you have a
11 believe as a person of ordinary skill that it |11 distribution of neasurable outputs. And
12 applies to both. 12 there are ways of characterizing that if one
13 BY MR A NN NGs: 13 wants to. But at a mnimumit's this
14 Q Ckay. | want to focus in 14 distribution -- again, it could be a
15 on -- what | will call like a subset of that 15 histogram It could be a variety of things.
16 elerment and focus in alittle bit nore on 16 Miltinodal. You know, it could be a
17 smaller pieces. | want to start with 17 probability density function. It could be,
18 predicting an output statistical sumary. 18 you know, first order, second order, higher
19 Do you see that phrase at the 19 order statistics, but it's -- it's inclusive
20 beginning of the italicized portion therein |20 of all those things.
21  Paragraph 172? 21 BY MR G NN NG
22 A | do. 22 Q And when you say "a distribution
23 Q And do you apply the plain and 23 of neasurable outputs,” what do you nean by
24  ordinary neaning of that phrase in your 24 that?
25 analysis here? 25 A Vell, | will just give you one
Page 83 Page 85
1 A | do, did. 1 exanple, and this isn't neant to say this is
2 Q Now, in your opinion what is the 2 everything. So the individual value nay
3 plain and ordinary nmeani ng of an out put 3 represent a statistical measure. It could be
4 statistical summary as used in daim1? 4 a probability. It could be a variance. It
5 A Vel |, that question requires a 5 could be a confidence level. It could be
6 little bit of unpacking, but one aspect of 6 uncertainty which is one mnus to confidence.
7 that is that whether a neural network is in 7 O you could have nmultiple outputs froma
8 training node or operational node, it is 8 neural network that the -- you know, the
9 still predicting an output statistical 9 different values can also fit into a
10 summary. 10 distribution. Soit's kind of the spectrum
11 If it is strictly in training 11  of outputs, both at an individual output node
12 node, then that prediction is corrected or 12 level or the collection of output nodes or
13 it's conpared to what the actual output 13 neurons.
14 shoul d be and an error is calculated and it's |14 Q And what, in your opinion,
15 applied to a weighting function, sometines a |15 Dr. Janet, in Zhang teaches an out put
16 nultidimensional weighting function, and it's |16 statistical sunmary?
17 propagated back to correct the weights, 17 A Nurmerous tines | nention in the
18 sonetimes referred to as synoptic weights. 18 sanme paragraphs, | believe, including
19 But whether it's in training mode |19 Paragraph 175, that Zhang refers to the set
20 or operational node, it's still providing 20 of predicted trajectories and confi dence
21 that output statistical summary prediction. 21 levels.
22 Q What is the plain and ordinary 22 Q So that, in your opinion, is what
23 meaning of the phrase "an output statistical 23  Zhang teaches the clai med output statistical
24 summary" that you applied in your analysis? 24 sumnary?
25 MR BARAZESH (bjection. Form 25 A In Paragraph 173, just to start,
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1 Zhang's neural network of trajectory 1 phrase here for a second in Paragraph 172,
2 prediction Mdule 175 is executed to generate | 2 the italicized |anguage: Predicting an
3 a, quote, set of predicted trajectories and 3 output statistical summary. The next part of
4  confidence | evels for each object. 4 the claimsays: Characterizing a
5 That woul d be the output for each 5 distribution of user responses.
6 object. In the inmage data, where the 6 R ght ?
7 confidence |evels correspond to a |ikelihood 7 A Correct.
8 of the object perforned the predicted 8 Q Now, is it your opinion that
9 behavior, Zhang's, quote, set of predicted 9 Zhang's set of predicted trajectories and
10 trajectories and confident levels, end quote, |10 confidence |evels characterizes a
11 teaches an output statistical sunmary. 11 distribution of user responses?
12 Q So let's start with the set of 12 A Can you ask that again?
13 predicted trajectories. A set of predicted 13 Q Sure.
14 trajectories is one or nore predicted 14 (S nul taneous unreportabl e crosstal k
15 trajectories, right? 15 occurs anong parties.)
16 MR BARAZESH (bjection to 16 BY MR A NNNGS
17 form 17 Q I just -- so the sentence that we
18 A What exactly are you referring to |18 were talking about a few mnutes ago in
19 here? 19 Paragraph 173, you state: Zhang's, quote,
20 BY MR G NN NGS: 20 set of predicted trajectories and confidence
21 Q So you just read the sentence that |21 |evels teaches an output statistical sumary.
22 says: Zhang's set of predicted trajectories |22 R ght ?
23 and confidence |evel s teaches an out put 23 A Correct.
24  statistical sunmary. 24 Q So it's your opinion that the set
25 R ght ? 25 of predicted trajectories and confi dence
Page 87 Page 89
1 A Yes. 1 levels in Zhang neets the clai mrequirenent
2 Q So |'masking about a -- first 2 of an output statistical sumary, right?
3 part of that, a set of predicted 3 A Correct.
4 trajectories. 4 Q And | want to understand. Is it
5 Is a set of predicted trajectories | 5 your opinion, then, that that set of
6 one or nmore predicted trajectories? 6 projected -- strike that. Let ne start over
7 MR BARAZESH (bjection. Form 7 again.
8 Cbj ection. Foundati on. 8 Is it your opinion, then, that
9 A Vll, the set is of the predicted 9 Zhang's set of predicted trajectories and
10 trajectories and confidence |evels. 10 confidence |evel s characterizes a
11 BY MR G NNNGS 11 distribution of user responses?
12 Q Ckay. So then is a set of 12 A Yes. As | nentioned before, a
13 predicted trajectories in confidence |evels 13 little further down, just kind of junping to
14 one or nmore predicted trajectories and 14  Paragraph 174 here, Zhang's training data
15 confidence |evel s? 15 includes inages that are | abel ed by hunan
16 MR BARAZESH (hjection. Form 16 labelers. And going back to your question,
17 Asked and answer ed. 17 the plurality of users.
18 A They are plural, but the meaning 18 Q In your opinion, Dr. Janet, what
19  behind thembeing plural could nmean based on |19 does that nean for an output statistical
20 a per input basis or it could be that 20 summary to characterize a distribution of
21 multiple could be outputted. | would have to |21 user responses?
22 doubl e-check with Zhang, but the set is of 22 MR BARAZESH (hjection. Form
23  both. 23 A In Paragraph 175, | say that,
24 BY MR G NN NGS: 24 quote, the set of predicted trajectories and
25 Q Now, just to go back to the claim |25 confidence levels (i.e., output statistical
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Page 90 Page 92
1 summary) therefore reflects the distribution 1 rendering your anal yses here.
2 of various hurman | abel er responses (i.e., in 2 A What cl ai m phrase?
3 the termnol ogy of the claimelement) 3 Q "Characterizing a distribution of
4 characterizing a distribution of user 4  user responses."
5 responses indicating possible 5 MR BARAZESH Sane objecti ons.
6 trajectory/behaviors of the object that human | 6 Al so asked and answer ed.
7 labelers woul d have identified for the object | 7 A So ny plain and ordinary neani ng
8 inthe image data and responded with by 8 hereis reflecting the distribution of the
9 labeling in the data when presented with the 9 various hunan | abel er responses.
10 data, just to say expected to be received 10 MR A@NNNGS: | think before |
11 responsive to presenting the sensor data to a |11 nove on to the next thing here, |
12 plurality of users, the user response is 12 think this is probably a good tine to
13 associated with the particul ar object. 13 go ahead and break for |unch since
14 BY MR A NNNGS 14 it's been another hour. So we can go
15 Q Ckay. | understand that's your 15 ahead and go off the record.
16 opinion about what in Zhang neets that claim |16 (A lunch recess was held from
17 language. |'mtrying to ask kind of a -- you |17 12:32 p.m to 1:07 p.m)
18 know, a little bit kind of |ower-Ievel 18 BY MR QA NN NG
19 question of what does the phrase 19 Q ¢l cone back, Dr. Janet.
20 “"characterizing a distribution of user 20 A Thank you.
21 responses” nean to a person of ordinary 21 Q Thanks for all your tine so far
22 skill? 22 this norning, and as | asked you after the
23 MR BARAZESH (hbjection. 23 last break, | just want to give you the
24 Scope. 24  opportunity if there's any additions or
25 A Yes, | believe the answer is what 25 corrections you want to make.
Page 91 Page 93
1 | described. The set of predicted 1 Anything we tal ked about so far
2 trajectories and confidence | evels are your 2 today?
3 output statistical summary, and because they 3 A Not that |'maware of.
4 were forned by annotations frommltiple 4 Q Ckay. |f anything cones up, just
5 labelers, | believe is the exact -- human 5 let nme know
6 labelers, it reflects the distribution of the | 6 A Thank you.
7 various hunman | abel er responses (i.e., it 7 Q | want to switch gears alittle
8 characterizes a distribution of user 8 bit, and | want to tal k about your
9 responses). 9 declaration concerning the '046 Patent, which
10 BY MR G NNNGS 10 is Exhibit 8 If you can open that up for
11 Q Ckay. Again, | understand you're |11 ne.
12 reading to me what in your opinion in Zhang 12 A Qounsel, are you okay if | pull
13 neets that -- neets that clai m|anguage. 13  down the ' 3447
14 What |'masking is: Wat is the 14 Q Yes. | don't anticipate going
15 plain and ordinary meaning of that phrase 15 backwards to those, but if we do, I'll -- we
16 that you applied in your analysis? 16 can open it back up again.
17 MR BARAZESH (bjection. Form 17 A Ckay.
18 (bj ection. Scope. 18 Q And | suppose if you want to pull
19 A Vll, |'ve offered sone plain and |19 themup at the same tine, the correspondi ng
20 ordinary neaning interpretations, | think, on |20 petition is Exhibit 3, and the patent is
21 a fewthings, but what specifically are you 21  Exhibit 13.
22 asking ne about? 22 A Al right. | have all of those
23 BY MR QNN NGS 23  '046 exhibits up, all three.
24 Q I'maski ng what plain and ordinary |24 Q (kay. Qeat. Can you turnto
25 meaning of that claimphrase you applied in 25 Exhibit 8 for nme then?
www.LexitasLegal.com/Premier Lexitas

PerceptivEExR{bit % 0A4ges 90-93
[PR2025-01574



Tesla, Inc. v
Perceptive Automata, LLC

Jason Janet, Ph.D.
June 04, 2026

Page 94 Page 96
1 A Al right. 1 of -- your understanding of certain |egal
2 Q Now, Exhibit 8 is your declaration | 2 standards for patentability, right?
3 concerning the '046 Patent, right? 3 A Yes.
4 A Yes. 4 Q And if you turn to PDF Page 18 in
5 Q And in your declaration here, you 5 Paragraph 34?
6 lay out your opinions concerning five 6 A Ckay.
7 different grounds of obviousness. |s that 7 Q And fromthere through the next
8 generally correct? 8 page, Paragraph 42, you lay out the same
9 A Gve me a second. |'mshuffling 9 obviousness standards that we discussed this
10 things around ny screen here. 10 norning, right?
11 Q Sure. 11 A Yes, sir.
12 A Ckay. Sorry. Five grounds, you 12 Q And di d you apply those
13 asked? 13  obviousness standards in rendering your
14 Q Yes. 14 opinions in this declaration?
15 A Yes, that's true. 15 A Yes, sir.
16 Q Ckay. And just to kind of orient 16 MR BARAZESH (hject to the
17 ourselves here, I'mlooking at the Tabl e of 17 form to the extent it's asking for
18 Contents, PDF Page 2. 18 | egal concl usi ons.
19 Do you see Gound 1 on that page? |19 A | applied ny understandi ng of
20 A Yes, sir. 20 them as |'ve articul ated here.
21 Q And G ound 1 concerns dains 1 21 BY MR A NN NGS
22 through 19 of the '046 Patent and the Cox 22 Q Ckay. MNow, | want to turnto
23 reference, right? 23 Qound 1 in daimlin this declaration, so
24 A Correct. 24 if you can turn to PDF Page 29 for rme.
25 Q And then on the next page, 25 A Ckay.
Page 95 Page 97
1 Qound 2 concerns those same clains but the 1 Q And then on this page, the -- you
2 Cox and Ross references, right? 2 see the heading for -- Heading A, Gound 1,
3 A Yes, sir. 3 Qains 1 through 19 are obvi ous over Cox?
4 Q And then G ound 3 concerns 4 A Yes, sir.
5 dains 5 12, and 19, and the Cox and H | en 5 Q So in this section, you provide
6 Bogen references, right? EL-L-EN 6 your opinions that dains 1 through 19 of the
7 BOGEN? 7 '046 Patent are obvious over the Cox
8 A Yes. 8 reference, right?
9 Q And then G ound 4 concerns 9 A Correct.
10 Qains 1 through 19 and the Cox and Munro 10 Q Now, -- and then the next page,
11  references, MUNRO? 11  PDF Page 30, you begi n your discussion of
12 A Correct. 12 daim1l there, right?
13 Q And lastly, Gound 5 al so concerns |13 A Yes, sir.
14 those sane dains 1 through 19 and the 14 Q And in Paragraph 69, on that page,
15 Hlen Bogen and Minro references, right? 15 you state: In ny opinion, Cox renders
16 A Yes, sir. 16 obvious Aaiml, right?
17 Q Now, if you can turn to PDF 17 A Correct.
18 Page 17 for ne of Exhibit 8? 18 Q Now, | will spare you the skipping
19 A I'mthere. 19 around, but in the legal standards section,
20 Q And do you see the section 20 one of the factors that you listed that
21 entitled -- section heading with Legal 21 you're required to consider in an obvi ousness
22 Standards for Patentability there? 22 analysis is the differences between the prior
23 A Yes, sir. 23 art and the clains at issue.
24 Q And then begi nning in Paragraph 27 |24 Do you recal |l us tal king about
25 and continuing on, you lay out a nurber 25 that factor this norning?
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Page 98 Page 100
1 A Yes. 1 the patents at issue is terns |ike "users"
2 MR BARAZESH (bjection. Form 2 and "road users" and "subjects"
3 And objection to the extent calling 3 and -- anyway, you know especi al | y when you
4 for any legal conclusions. 4 kind of look at other invalidating prior art.
5 A I renmenber the discussion. 5 So just to clarify howthe "one or
6 BY MR A NNNG 6 nore users" piece of that woul d have been
7 Q Ckay. So did you consider -- 7 understood by a person of ordinary skill, |
8 strike that. 8 goonto say: The training objects may be
9 In providing your opinions here in | 9 images of hunan faces. That is a person of
10 Qound 1, and specifically with respect to 10 ordinary skill woul d have understood at | east
11 daiml of the '046 Patent, did you consider |11 found obvious that the people/faces in the
12 the differences between the Cox reference and |12 inages formone or nore users as clai ned.
13 daim1l of the '046 Patent? 13 This is at |east because the peopl e/ faces
14 MR BARAZESH Same obj ecti ons. 14 reflect people who are partaking in an
15 A | considered what | assurned 15 activity or using an object, for exanple, as
16 someone that doesn't have the context that a |16 a road user within the context of driverless
17 person of ordinary skill woul d have coul d 17 vehicles, or a nanufacturing facility user
18 potentially look at that and say that there's |18 within the context of nachine vision for
19 a difference between the prior art and the 19 manufacturing, both of which discussed by
20 claimterns. 20 Cox.
21  BY MR G NNNGS: 21  BY MR G NNNGS
22 Q Ckay. In your opinion, what are 22 Q Ckay. Now, the portion you were
23 the differences fromthe perspective of a 23  just reading fromis from Paragraph 71,
24  person of ordinary skill in the art between 24 right?
25 daiml of the '046 Patent and the Cox 25 A Correct. | apologize if | didn't
Page 99 Page 101
1 reference? 1 indicate that.
2 MR BARAZESH (hjection. Form 2 Q No, that's fine.
3 A And are we looking at daimlin 3 Above Paragraph 71, do you see the
4 general, or are we |ooking at an el enent of 4 section heading for Henent 1[a] there?
5 daml? 5 A Yes.
6 BY MR A NNNGS 6 Q So -- and we were -- apol ogi ze if
7 Q That's a fair point, and maybe 7 it wasn't clear. And | was asking about
8 it's easier to go element by element. So why | 8 the -- we'll start with the preanble. V'l
9 don't we start with the preanble. The 9 get to 1[a] in just a mnute.
10 discussion to that begins on Paragraph 70, 10 So with respect to the preanble, |
11 right? 11  believe your opinion there is in
12 A Yes. 12 Paragraph 70, and then there's an annot at ed
13 Q Wiat are the differences between 13 figure after Paragraph 70.
14 the Cox reference and the preanble of daim1l |14 A Fair enough. | apol ogi ze. |
15 of the '046 Patent? 15 flipped ahead.
16 MR BARAZESH (hjection. Form 16 Q It's fine.
17 A In Paragraph 71, | discuss that 17 A R ght. The preanbl e, |ooking at
18 Cox describes, quote: A database of training |18 the exact |anguage because | neglected in a
19 objects where, quote, each of the training 19 couple of these declarations to include the
20 objects may include or consist essentially of |20 exact |anguage at the heading, the preanbl e
21 adigital inage including a subject person, 21 being: A conputer-inplenented nethod
22 equating that to storing a plurality of 22 conprising. And the -- and that's what the
23 images, each inage displaying one or nore 23 preanble says in the '046 Patent, Oaiml.
24  users. 24 And this maps, as | articulate in
25 (ne of the challenges | think with |25 the paragraph, that the -- so the
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Page 102 Page 104
1 instructions are executed by a conputer to 1 Paragraph 71, | should say, a person of
2 inplement Cox's techniques which map to the 2 ordinary skill in the art woul d have
3 preanbl e which is a conputer-inpl ement ed 3 understood or at |east found obvious that the
4 net hod. 4  peopl e/faces in the inages formone or nore
5 So | don't really see differences 5 users as clained.
6 here other than maybe the term nol ogy, but 6 And then | provide a rationale for
7 the neaning is the sane. 7 that, that: |It's at |east because the
8 Q And then | apol ogi ze for having to | 8 people/faces reflect people who are partaki ng
9 repeat it, but for Henent 1[a], what are the | 9 in an activity or otherw se using an object,
10 differences between Henent 1[a] of daiml 10 for exanple, as a road user within the
11 of the '046 Patent and the Cox reference? 11 context of a driverless vehicle or vehicles
12 MR BARAZESH (hjection. Form 12 plural or a manufacturing facility user
13 A | don't really see any 13 within the context of nachine vision for
14 differences. | think it's very clear to a 14 manufacturing. Then | cite to Paragraphs 7
15 person of ordinary skill that the 15 through 10, 17 and 18, 29, 44, and 56 in Cox.
16 conputer -- a conputer that inplenents Cox's |16 BY MR QG NN NGS
17 techniques maps to the preanbl e which states |17 Q Now, the next elenment is
18 a conputer-inpl enented net hod. 18 Hernent 1[b] which is -- your opinion there
19 BY MR A NN NGS: 19 starts at the bottomof PDF Page 22, right?
20 Q And | -- | apologize. Nowl'm 20 A Correct, yes.
21  asking about Henent 1[a], and your opi nion 21 Q And it continues on to PDF
22 for that appears in Paragraph 71. Ckay? 22  Page 23, right?
23 A Al right. | apologize. Al 23 A Yes.
24 right. So we are off preanble. W& are on 24 Q What are the differences between
25 1[q]? 25 the Cox reference and E enent 1[b] of
Page 103 Page 105
1 Q Yes. 1 dam1l?
2 A Ckay. So | will repeat what | 2 MR BARAZESH (hjection. Form
3 nmentioned before -- 3 A As before, it's just different
4 Q | apol ogi ze for probably the only 4 phrasing. | don't really consider there to
5 tinme |l would interrupt you, but | actually 5 be a difference here.
6 want to ask the question first -- 6 BY MR QA NNNGS
7 A G ahead. 7 Q Wiat different phrasing are you
8 Q -- sothat it's clear. So |l wll 8 referring to?
9 go ahead and ask the questi on. 9 A Vel |, the patent in Qaim
10 Wiat are the differences between 10 Henent 1[b] says: Generating training data
11 Henent 1[a] of Aaim1 of the ' 046 Patent 11  fromthe plurality of inages that generating
12 and the Cox reference? 12 conprising for each inage.
13 MR BARAZESH (hjection. Form 13 And in Cox, the purported novelty
14 A As | nentioned before, the 14 of Cox is the crowd sourcing to generate
15  differences, if you want to call it that, are |15 training data to, quote, dramatically inprove
16 superficial. The Cox 1[a] says: Storing a 16 the quality, quantity, and depth of
17 plurality of inages, each inmage displaying 17 annotation data available for |earning.
18 one or more users. 18 Cox discloses that multiple
19 And Cox describes: A database of 19 training inages are presented to human
20 training objects where each of the training 20 annotators who, in turn, annotated the
21 objects may include or consist essentially of |21 training images. So this is what, in ny
22 a digital inmage, including a subject person. 22 opinion, is really not different from
23 So the | anguage nay be slightly 23 generating training data fromthe plurality
24 different, but as | indicate at the bottomof |24 of images, the generating conprising for each
25 Paragraph 71 or in the mddl e of 25 inage.
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Page 106 Page 108
1 Q The next element, Herent 1[b-i], 1 answer a question about an enotion of the
2 your opinions there begin in Paragraph 73, 2 user inthe image (i.e., fromthe patent)
3 right? 3 each human observer presented with a request
4 A And what are the differences 4 to answer a question about a state of nind of
5 between this el enent and the Cox reference. 5 a user in the inage.
6 MR BARAZESH (hjection. Form 6 In ny opinion, this disclosure of
7 A Let me 1[b-i] says: Sending the 7 enotion in Cox is consistent with the
8 image to a plurality of human observers. 8 '046 Patent's description of state of mnd.
9 Each hunan observer presented with a request 9 So Cox uses enotion. The '046
10 to answer a question about a state of mnd of |10 Patent says "state of mind," and this further
11 a user in the image. 11 maps to intention, awareness, personality,
12 The phrasing in Cox is not 12 state of consciousness, |evel of tiredness,
13 identical to that, but the nmeaning really is. |13 aggressiveness, enthusiasm thoughtful ness or
14 Cox discloses a crowd source data acquisition |14 another characteristic of the internal mental
15 workflow that involves sending and presenting |15 state of a user in inmage quoting the
16 training inmages for annotating -- for 16 patent '046.
17 annotation to multiple human annotators 17 BY MR A NNNGS
18 (i.e., sending the inage to a plurality of 18 Q So is it your opinion, Dr. Janet,
19  human observers) the miltiple hunan 19 that any difference between this estinmate and
20 annotators. 20 the Cox reference just come down to word
21 The inmages are presented to the 21  selection?
22 human annotators on, quote, training devices |22 MR BARAZESH (hjection. Form
23 170, which | cite to Gox, Paragraphs 10 and 23 M sstat es testi nony.
24 29. 24 A | believe that there's context,
25 | also go on to say, the other 25 but | cite everything that | feel is
Page 107 Page 109
1 part of that: Each hunan observer presented 1 necessary to say that they nean the same
2 with arequest to answer a question about a 2 thing.
3 state of mind of a user inthe inmage as its 3 BY MR ANNNGS
4 wittenin the '046 Patent, but Cox discloses | 4 Q The next Henent 1[b-ii] on PDF
5 the same thing that when human annotators are | 5 Page 35, can you turn there for ne.
6 presented with an inmage, they were asked a 6 A I'"'mthere.
7 question about the inage, for exanple, as to 7 Q Wiat -- sorry. Strike that.
8 what enotion might correspond to a person 8 Wiat are the differences between
9 shown in the inage. 9 Hement 1[b-ii], daim1l of and the Cox
10 And | include in a parenthetical : 10 reference?
11 A participant nmay be shown in I mage 120 of 11 MR BARAZESH (bjection. Form
12 all or a portion of a person's face and asked |12 A I"'msorry. I'mgetting alittle
13 to select an enotion that corresponds to the |13 lost in ny own docunent here. Wich el ement
14 inage, for exanpl e, jealous, panicked, 14 are we referring to?
15 arrogant or hateful. 15 BY MR A NNNGS
16 So | say in ny opinion, when 16 Q B enment 1[b-ii].
17 annotators are asked to select an enotion 17 A 1[b-ii]. kay. Sorry.
18 that corresponds, they are bei ng asked, 18 Q Wiich | don't know if it woul d be
19 quoting the patent, to answer a question 19 helpful for me to put it on the screen for
20 about the state of nmind of the subject. 20 you or not?
21 So the phraseology -- |'msorry. 21 A No. It's okay.
22 The phrasing nay be a little different, but 22 Q Ckay.
23 the meaning is the sane. And | go on to say: |23 A I just need to stay on the range.
24  Thus the annotators (i.e., hunan observers) 24 Q Al right. Solet me just go
25 are presented with an i mage and asked to 25 ahead and re-ask the question then.
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Page 110 Page 112
1 What are the differences between 1 BY MR QA NNNGS
2 Hement 1[b-ii] of daim1 and the Cox 2 Q Yeah.
3 reference? 3 A O just the elenents that we have
4 MR BARAZESH (hjection. Form 4 reviewed so far?
5 A As | nention in Paragraph 76: The | 5 Q Categorically with respect to
6 training devices used by the annotators to 6 daimil. If you need to go through it and
7 input annotations on inages, quote, 7 delineate, by all neans, but 1'mgoing to try
8 transmtted classification data, end quote, 8 and short-circuit it alittle bit here.
9 reflecting the annotations, quote, to the 9 A kay.
10 central server 150, end quote, and the, 10 MR BARAZESH Sane objection.
11 quote, classification data is received from 11 A | mention in Paragraph 77
12 the human annotators nmaps to -- fromthe '046 |12 regarding Qaim1[b-iii] that Cox discl oses
13 Henent 1[b-ii] receiving fromeach of the 13 that psychonetric data summarizes how human
14 plurality of human observers a response 14 annotators annotate training i mages because
15 representing a judgnment by the human observer |15 it includes, quote, response tinmes for
16 of the state of nmind of the user in the 16 classifying one or nore features, accuracy of
17 i mage. 17 feature classification, relative to the | abel
18 So |l goontosay: Inny opinion, |18 that was originally put onit, and/or the
19 the classification data represents a judgnent |19 presentation time (i.e., the anount of tine
20 by the hunman observer of the state of nind of |20 presented to each annotator) of one or nore
21 the user in inage because the annotations of |21 training objects.
22 the classification data are hunan judgnents 22 Moreover, in ny opinion, because
23 provided by the human annotators of an 23 these values are a collection of nurerical
24  enotion of a person in the inage. 24  neasurenents, a person of ordinary skill
25 25 woul d have recogni zed that such val ues form
Page 111 Page 113
1 BY MR G@NNNGS 1 statistics.
2 Q So you read ne a good chunk of 2 So on one hand, the term
3 Paragraph 76, but | want to understand is 3  "nurmerical values" is used, and on the other
4 what is the difference between this claim 4 hand, "statistics" is used, but there are
5 element and the Cox reference? 5 outputs fromthe -- let's just say neural
6 MR BARAZESH (bjection. Form 6 network and Cox describes -- is describing
7 Asked and answer ed. 7 psychonetric data, and what's expl ai ned there
8 A To ne, it boils down to phrasing, 8 is the sutmary statistics to characterize the
9 but phrasing two different ways the sarme 9 hunan observer responses.
10 thing. 10 So the summary statistics
11 BY MR G NNNGS 11 basically -- you know, interpretation napped
12 Q Maybe | can short-circuit this a 12 to CQox is given sone exanpl es where there are
13 little bit. 13 response curves, itemresponse curves, or
14 Is it your opinion, Dr. Janet, 14 IRGs, across |arge popul ations of hunmans.
15 that any differences between -- strike that. 15 These response curves present an anal ysis of
16 Still going to try to 16 collected nunerical neasurenments, and we
17 short-circuit, but I'mgoing to ask a better |17 talked alittle bit earlier about what
18 question. 18 constitutes sunmary statistics. And the IRCs
19 Is it your opinion, Dr. Janet, 19 or itemresponse curves are your summary
20 that any differences between Qaim1l of the 20 statistics.
21 '046 Patent and the Cox reference cone down 21 So in that situation, it may |ess
22  to phrasing? 22 be -- | think that the phrasing is different
23 MR BARAZESH (hjection. Form 23 and the neaning is the same, but | think
24 A Categorically with regards to 24 there's a little bit nore context with
25 daim1l? 25 regards 1[b-iii].
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Page 114 Page 116
1 And then continuing on, Cox, you 1 have it open.
2 know, again, regarding the psychonetric 2 (Exhibit 16 was nmarked for
3 analysis, discloses human-weighted | oss 3 identification.)
4  function based at least in part on the 4 A | have it open.
5 classification data (i.e., human annotati ons 5 BY MR A@NNNGS
6 and the psychonetric data). 6 Q Have you seen Exhibit 16 before?
7 So these images are given | abels. 7 A Yes.
8 The labels -- | nmight not be using the exact 8 Q What is Exhibit 16?2
9 term but | think that is -- so the | abels 9 A Exhibit 16 is the, what we're
10 are basically your central tendency, for lack |10 generally calling the Cox reference.
11 of a better word, established by -- that 11 Q And just so the record is clear,
12  could be established a variety of ways. That |12 Exhibit 16 is Tesla' s Exhibit 1005 in the
13 could be established statistically, you know, |13 1575 | PR concerning the ' 046 Patent.
14 just like through a consensus. It could be 14 | believe it's also an exhibit in the other
15 an expert. But that's your central tendency. |15 four |PRs, but this particular copy is that
16 And then Cox is nmeasuring the 16 one.
17 feedback, these annotations, to gauge the 17 Dr. Janet, did you review
18 agreerment with that |abel. And you can get 18 Exhibit 16 in preparation for your deposition
19 standard deviation or variance. Variance 19 today?
20 applies to accuracy. 20 A Yes.
21 There are a variety of other 21 Q Now, we talked a little -- a few
22  things that would apply to the quote -- the 22 mnutes ago about the Cox reference when we
23 term"difficulty." But the outcome there is |23 were tal king about your opinions concerning
24 that it's still generating sunmary 24 daiml and Gound 1 in this IPR concerning
25 statistics. 25 the '046 Patent, right?
Page 115 Page 117
1 You have a distribution of val ues. 1 A Yes, | believe so, if | understand
2 The output of that -- let's just say a sinple | 2 your question properly.
3 neural network where the state vector 3 Q Now, Cox is generally directed to
4 nachine, the kernel -based approach, and that 4  machine | earning processes for detecting
5 distribution represents the set of possible 5 faces and images, right?
6 human annotator judgnents, for exanple, 6 MR BARAZESH (hjection. Form
7 intent or state of mnd. So alittle bit 7 M sstates the evidence.
8 nore context than just different phrasing, 8 A Vel |, Cox describes miltiple
9 but they map well. 9 applications.
10 I mght have di scussed ot her 10 BY MR A NNNGS
11  mappi ngs in subsequent clai melerents, but, 11 Q I's detecting faces one of those?
12 you know, is there anything you have a 12 A Detecting faces is certainly one
13 question about so far? 13 or a part of them yes.
14 Q | don't have any questions about 14 Q And what ot her applications has
15 your answer, no. 15 Cox described besides detecting faces?
16 A Ckay. 16 A To goi ng backwards a little bit,
17 Q Let's -- since we have been 17  Paragraph 67, the goal of Cox's machi ne
18 talking about the Cox reference here a little |18 learning techniques is to, quote, better
19 bit, I'mgoing to ask sone questions about 19 ninic human perfornmance, end quote. And then
20 it. Sol'mgoing to go ahead and nark it as |20 go on to say: Cox touts that techniques
21 an exhibit as well and put it here in chat in |21 applied to, quote, driverless automobile
22 just a second? 22 applications, citing Paragraph 56.
23 Al right, Dr. Janet. | put 23 Now, if you | ook at Paragraph 56,
24  Exhibit 16 in the chat. |f you can download |24 Cox talks about: Enbodi ments of the
25 that and open it and | et me know when you 25 invention may be applied to face inage, pair
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Page 118 Page 120
1 matching, face verification, face 1 MR BARAZESH (hjection. Form
2 identification, fingerprint verification 2 Asked and answer ed.
3 which has nothing to do with faces, 3 A I can go through Cox and see if
4 fingerprint verification, iris verification, 4 there are any other places that allude or
5 irisidentification, gait recognition, just 5 refer back to Paragraph 56. But Paragraph 56
6 to say how somebody wal ks; handwriting 6 is abit of a gate you pass through to
7 recognition, novel nodality matching and 7 recognize that what is taught in Cox has
8 nultibionetric fusion. 8 these applications. The principles are
9 I mportant application areas nay 9 described in a couple of exanples, but the
10 also benefit fromenbodi ments of the 10 applications are, at a mininum clear in
11  invention, including video surveillance, 11  Paragraph 56.
12 physical access and authentication, image and |12 And just because they're not
13 video forensics, photo tagging for social 13 el aborated on somewhere el se in the patent
14 nedia, which is along the lines of presumably |14 doesn't mean to ne as a person of ordinary
15 of the face recognition, but there are other |15 skill that Cox didn't really mean it.
16 things here, obviously, including 16 Paragraph 56 says that the applications
17 conputational photography, human conputer 17 include this list, and the principles of the
18 interaction for ordinary users and the 18 approach are described subsequent!|y but
19 disabl ed, video entertai nnment ganes, 19 nostly on pictures of faces. You can only
20 robotics, whichis to a large extent one of 20 fit so nmuch in a docunent.
21 the things we're tal king about here. |mage 21  BY MR A NN NG
22 analysis for bionedical applications, 22 Q Is it your opinion, Dr. Janet,
23 intelligent content archiving, driverless 23 that a person of ordinary skill in the art
24 and/ or seniaut ononous aut onobiles and nachine |24 coul d take the di sclosure of Cox and apply it
25 vision for nmanufacturing. 25 to every single application listed here in
Page 119 Page 121
1 Q And just so I'mclear, you're 1 Paragraph 56 without anything outside of the
2 reading from Paragraph 56 of Cox; is that 2 reference?
3 correct? 3 MR BARAZESH (hjection. Form
4 A Correct, that's right. 4 Al 'so objection to the extent it's
5 Q Q her than Paragraph 56, is there 5 calling for any specul ati on.
6 anything in Cox that describes any 6 A Yeah, | think that applying it to
7 application other than detecting faces? 7 or analyzing howit can be applied to all of
8 MR BARAZESH (hjection. Form 8 those applications is outside the scope of
9 A Wll, this is the foundational 9 the work | perforned in this effort.
10 utility of what else is taught in Cox. So 10 | don't have a reason to doubt it,
11 the principles, you know, whether the 11 but | only analyzed it in the perspective of
12 exanpl es may, for exanple, just focus on 12 driverless vehicles and what those driverless
13 faces or occluded images or partial images of |13 vehicles woul d see which coul d include faces,
14 such faces. But the principles are the same, |14 to understand intent or behavior.
15 and | think this is very clear from 15 BY MR A NNNGS
16 Paragraph 56. Wether it's applied to just 16 Q Just so I'm-- make sure |
17 sinple facial recognition to fingerprint 17 understand your answer correctly, is it your
18 analysis to docunent conparisons, robotics 18 opinion, Dr. Janet, that a person of ordinary
19 applications, which, again, is a very |large 19 skill in the art could take the disclosure of
20 bag, and driverl ess/ sem aut onormous 20 Cox and apply it to the particul ar
21 autonobiles, the principles are the sane. 21 application of driverless vehicles wthout
22 BY MR A NN NGS 22 anything outside the reference?
23 Q So other than Paragraph 56, is 23 MR BARAZESH (hjection. Form
24  there anything in Cox that describes any 24 A Wt hout anything outside of the
25 application other than detecting faces? 25 reference?
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1 BY MR G NN NG 1 A VWl |1, you asked me for the
2 Q Yes. 2 definition of atermin Paragraph 6. ['m
3 A Vll, we're referring to the 3 looking through Cox because | just want to
4 '046 Patent right now correct? And the 4 nake sure where it's defined -- okay. So in
5 grounds that |I have include, for exanple, Cox | 5 Paragraph 27, it says: The process of
6 by itself and Gound 1, and | woul d not have 6 deternining the accuracy curves per image So
7 put Cox inbyitself if | didn't believe that | 7 as to design nore efficient tests is also
8 a person of ordinary skill would | earn from 8 referred to herein as itemresponse testing.
9 (Cox and be able to apply it to driverless 9 And the -- let ne do ny best to
10 vehicles, particularly in the context of the |10 provide you with the -- so | believe this is
11 ' 046 Patent where intent is sought to 11 consistent, and of course | defer to Cox for
12 understand the next steps basically for a 12 if -- if the -- if it provides a variation of
13  vehicle. 13 this definition. But basically, it's the
14 Q Can you turn to PDF Page 4 of 14 probability that a subject |ike an annot at or
15 Exhibit 16 for ne, Dr. Janet? 15 would correctly classify or respond to a
16 A Let nme find it sonmewhere on ny 16 particular itemwhich woul d be, you know, the
17 screen here. PDF Page 4? |s that what you 17 content of an inage. And it can be a
18 said? 18 function of that subject's latent ability,
19 Q Yes. 19 but ultinmately it's the probability that the
20 A This is the Cox reference? 20 annotator will correctly classify according
21 Q Correct. 21 to what's label ed there.
22 A Ckay. 22 So, for exanple, if you look in
23 Q And you see Paragraph 6 that 23  Cox -- let ne take a |l ook at some of the
24 starts at the bottomof that page and 24 figures. And | have to go back and renenber
25 continues on to the next page? 25 which figure it is, but Paragraph 29 tal ks
Page 123 Page 125
1 A Yes, | do. 1 about a psychonetric function 360 related to
2 Q Ckay. And Paragraph 6 begins: 2 the accuracy of the annotation, like | just
3 Avariety of well-known techniques exist for 3 said, per the condition and/or an item
4 nmeasuring human performance, including 4 response curve for each of the training
5 reaction time, neasurenent (i.e., howquickly | 5 objects.
6 is the |abel generated) the generation of 6 And let me go back to the figure.
7  psychophysi cal curves under stimulus 7 That was Paragraph 29. So if you look in
8 degradation (e.g., how does performance fall 8 Figure 3, you can see that 1tem360 is an
9 off as the inage becones less clear), item 9 exanple of an IRC
10 response curves across |arge popul ations of 10 Q So Item360 in Figure 3. Do |
11 humans (e.g., how consistent are judgment 11 have that right?
12 across a popul ation), and many ot her 12 A Yeah, so Paragraph 29, a
13 techniques falling under the unbrella of the |13 psychonmetric function of 360 related to
14 field of psychophysics. 14  accuracy of the annotation per condition
15 A Yes, sir. 15 and/or an itemresponse curve 370 for each of
16 Q e of the things that was in that |16 the training objects. So 370 is the IRC and
17 sentence that we just -- that | just read 17 the accuracy, | guess kind of an overlaynent,
18 there was the mention of itemresponse 18 is shown on 360.
19 curves, right? 19 Q So the -- just so I'mclear, so
20 A R ght. 20 the itemlabeled 370 in Figure 3 is an
21 Q What is an itemresponse curve? 21 exanple of an itemresponse curve?
22 A Vell, | just want to keep it 22 A In Cox -- let me go back. Cox
23 consistent here. 23 refers to Item370 -- 360 as the psychonetric
24 Q You're still looking in 24 function related to the accuracy. So
25 Paragraph 6 of the Cox reference, right? 25 it's -- you're seeing the accuracy, and
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Page 126 Page 128
1 you're seeing the psychonetric function. 1 Q So Paragraph 29 tal ks about
2 And then you have the item 2 displaying psychonetric data to anal yze,
3 response curve, which is 370 for, you know, a | 3 among other things, an itemresponse curve,
4 training object. 4 right?
5 Q Ckay. And if I'mlooking at this 5 MR BARAZESH (hjection. Form
6 right, the itemresponse curve 370 in 6 A It just says it may be displ ayed
7 Figure 3 has two axes, right? 7 to analyze, for exanple, a response tine.
8 A Correct. 8 You know, the display itself can be used for
9 Q And one of those is ability, 9 analysis.
10 right? 10 BY MR A NNNGS
11 A Rght, or latent ability, but yes. |11 Q Ckay. Qher than that displaying,
12 Q And is that the ability of the 12 what does Cox describe doing with an item
13 annotator? 13 response curve?
14 A It -- in the context of Cox, | 14 MR BARAZESH (hjection. Form
15 woul d have to doubl e-check, but | woul d say 15 A Is there sonething in particul ar
16 that in principle, in general, that would be |16 that you're referring to in ny declaration
17 ability or latent ability, yes, the 17  about this?
18 annotator, by the way, if -- was that your 18 BY MR A NN NGS:
19 question? 19 Q I"'mjust -- | just want to get
20 Q Yes. 20  your understandi ng based on your study of
21 A Vs this the annotator's | atent 21  Cox, what Cox describes the use of item
22 ability? Yes. 22 response curves in its disclosure being.
23 Q Yes. Sorry. kay. And the other |23 MR BARAZESH (hjection. Form
24 axis is accuracy, right? 24 (bj ection. Scope.
25 A Correct. 25 A I'"'mhappy to discuss anything
Page 127 Page 129
1 Q And that's the accuracy of the -- 1 that's in ny declaration, which essentially
2 strike that. 2 defines the scope of what | |ooked at with
3 What is accuracy in that -- on 3 regards to Cox.
4 that axis? 4 | did mention that accuracy and
5 A Vel |, accuracy would typically be 5 sone of these other variables, like |atency
6 related to variance. So what's the average 6 and stuff like that, could play a role in how
7 squared difference between the annotator's 7 the data is characterized, for exanple, the
8 labels and the correct |abel. 8 difficulty.
9 Q Can you go back to Paragraph 29 9 If | have a large variance, then |
10 for me? 10 have a potentially |ow accuracy or, you know
11 A In Cox? What PDF page is that? 11 however they're related, depending on
12 Q It starts on PDF Page 16. 12 somebody -- how sonebody is looking at it.
13 A Ckay. 13 But let's just assume that.
14 Q And continues on to Page 17. The |14 That might dictate for that
15 last sentence of Paragraph 29, which | 15 particular type of inmage that it's
16 believe you read a little earlier, says: The |16 challenging for humans to identify what's
17  psychonetric data nay be displayed to 17 inportant -- to identify what's -- the | abel
18 analyze, (e.g., response time per annotator 18 for that, for lack of a better word.
19 in a graph 350). The psychonetric function 19 So | end up with a human-wei ght ed
20 360 related to the accuracy of the annotation |20 |oss function wherein if sonething is nore
21 per condition and/or an itemresponse curve 21 difficult for the annotators to extract and
22 370 for each of the training objects (i.e., 22 identify properly the content of that inage,
23 the presented i mages). 23 or if not the content, then the state of nind
24 R ght ? 24  or whatever netric is being used, that the
25 A R ght. 25 neural network or state vector -- support
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1 vector machine or SYM or whatever neans is 1 mnutes. |'mnot sure if this would
2 used, but let's just pick a sinple neural 2 be a good tine to have a break or --
3 network, that the error for that particul ar 3 MR GNNNGS |'ve got a couple
4 image wherein annotators had difficulty, 4 of nore questions about the | RCs, and
5 again, identifying what it is or the state of 5 then | think once |'mdone with that,
6 it, the neural network spins nore energy or 6 nmaybe we can take a break. It
7 effort to learn that because it makes it 7 shoul dn't take nmore than a few
8 difficult -- it would have otherw se nade it 8 mnutes, but thanks for the heads up.
9 difficult for it to see sonewhere down the 9 BY MR ANNNGS
10 road. 10 Q Dr. Janet, does Cox di scuss
11 You end up with these phenonenon 11 storing itemresponse curves in a database?
12 called overfitting, and usually 12 MR BARAZESH (bjection. Form
13 that's -- overcoming that is atermcalled, | |13 A I'"'mgoing to al so ask, are you
14 think, "regularization.” And Cox might even |14 referring to a particular section of ny
15 nmention that. 15 decl aration?
16 But in order to do that, you would |16 BY MR QA NN NGS
17 apply a hunman-wei ghted | oss function in this |17 Q ' maski ng about the Cox
18 situation so that an error at the output of 18 reference, Exhibit 16, which you said you
19 that neural network during training, its 19 reviewed in preparation for your deposition
20 portion that's propagated back m ght get 20 today.
21 anplified versus a different inage where 21 And ny question is: Does anything
22 there wasn't nuch difficulty, a smaller 22 in Cox describe storing an itemresponse
23 portion mght get propagated back and change |23 curve in a database?
24 the weights |ess. 24 MR BARAZESH (bjection. Form
25 25 Scope.
Page 131 Page 133
1 BY MR G@NNNGS 1 A | reviewed it. | did not nmenorize
2 Q | appreciate that answer, but it 2 it. But you know what? |'mhappy to | ook
3 doesn't answer ny question. So | want to be 3 through Cox to answer your question.
4 clear about what |'masking here. 4 Paragraph 9, for exanpl e,
5 A Uh- huh. 5 describes a database includes or consists
6 Q What does Cox describe the use of 6 essentially of a storage nedi um popul at ed
7 itemresponse curves being inits disclosure? | 7 with stored conputer records specifying for
8 MR BARAZESH (hjection. Form 8 each of a plurality of training objects.
9 Asked and answer ed. 9 (ne, classification data conprising
10 A Yeah, and |'mhappy to focus on a |10 annotations received froma plurality of
11  particul ar aspect of ny declaration, which I 11  human annotators; and two, psychonetric data
12 think is what ultinately defines a scope of 12 characterizing the annotation of the training
13 what | |ooked into. 13 object by the plurality of human annotators.
14 | gave you a general answer as to |14 So | would say there's one exanpl e
15 how Cox uses the information that coul d be 15 of -- with the psychometric data whi ch woul d
16 represented by an IRCor an IRT. But in 16 or could include the I RC bei ng stored.
17 general, | don't think | recall off the top 17 BY MR A NN NGS
18 of ny head -- at least |I'mhappy to | ook 18 Q Just so I'mclear, is it your
19 through ny declaration. |f you want to, | 19 testinony, Dr. Janet, that Paragraph 9 of Cox
20 can go back to that as far as every possible |20 teaches storing IRCs in a database?
21  way that an IRCis used by Cox. 21 MR BARAZESH (bjecti on.
22 MR BARAZESH | don't want to 22 Scope.
23 interrupt the line of questioning, but 23 A I will also point out that
24 we have been goi ng, you know, an hour 24  daimll says that a systemfor data
25 and -- just over an hour and ten 25 classification and identification in the
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1 systemconprising a database of training 1 BY MR A NNNGS
2 objects, the database conprising a storage 2 Q Ckay. Now, when we | ooked a few
3 medi um popul ated with stored conputer records | 3 ninutes ago at the Figure 3 that was an
4 specifying for each of a plurality of 4 exanple of an IRC, do you recall one of the
5 training objects. 5 axes being the ability of the annotator?
6 Cne, classification data, 6 A Yeah, that woul d be the | atent
7 conprising annotations received froma 7 ability typically, but, yeah, it's just
8 plurality of human annotators; and two, 8 called ability here.
9 psychonetric data characterizing the 9 Q Ckay. Now, in the | anguage you
10 annotation of the training object by the 10 just mentioned a few mnutes ago in
11  plurality of human annotators. 11  Paragraph 9 of Cox, is there any nention
12 I mentioned before that an item 12 about the annotator's ability being stored in
13 response curve -- | don't renenber the exact 13 that database?
14 | anguage, but we can | ook at the 14 MR BARAZESH (hjection. Form
15 transcript -- plots the probability that a 15 Scope.
16 subject or an annotator would correctly 16 A I woul d have to, again, |ook
17 classify the -- you know, a particular image |17 through Cox just to be able to attenpt to
18 which is described in the psychonetric data 18 answer your question. The scope of ny
19 characterizing the annotation of the training |19 research was docurmented in ny decl aration,
20 objects by the plurality of human annotators. |20 and | think you' re asking me to do sonethi ng
21 Does Cox actually say |'mstoring |21 that, you know, would require a bit of tine.
22 the IRGs? | don't know, unless | nention it 22 If you want to, | can take that tine.
23 inny report. But just a cursory | ook here 23 BY MR A NN NG
24 says that Cox is at least storing these 24 Q M/ question was specific to
25 probabilities of -- that the annotators 25 Paragraph 9 to the sentence that you read a
Page 135 Page 137
1 correctly classify these i mages per the 1 fewninutes ago about the database that's
2 labels that are provided them 2 described in Paragraph 9. Can you turn to
3 BY MR ANNNGS 3 that for me?
4 Q So you don't know if Cox actually 4 A What PDF is Paragraph 9, PDF page?
5 says storing IRCs in a database? 5 Q Page 6.
6 MR BARAZESH (bjection. Form 6 And do you see the sentence that
7 (bj ection. Msstates testinmony. And 7 begins: The database includes or consists
8 scope. 8 essentially of?
9 A So there's a -- there's a general 9 A Yes.
10 equival ence between the itemresponse curve, 10 Q Do you recal | discussing that
11  as | nentioned before, and the probability 11 sentence a few ninutes ago?
12 that a subject annotator -- | mean, a subject |12 A Yes.
13 or an annotator would correctly identify, per |13 Q Is there anything in that sentence
14 the label that's given that. And, again, 14 that tal ks about storing the annotator's
15 this is nentioned at |east twice in Cox that 15 ability in that database?
16 that probability information that is used 16 MR BARAZESH (hjection. Form
17 to -- you know, it is basically the IRCis in |17 Scope.
18 fact stored. 18 A The -- there are two itens
19 By the way, there are several 19 nmentioned regarding the records that are
20 other references as |'ml ooking through Cox 20 stored for each of a plurality of training
21 to the use of storage. It's pretty heavily 21 objects, these inages. e of themis
22 enbedded, the term"storage" and "databases." |22 classification data conprising annotations
23 But at least those two address the core of 23 received froma plurality of hunan
24 what would be an | RC 24 annotators. So that's -- you know, it's
25 25 pretty sinple nunbers.
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1 The second one is psychonetric 1 inthe mdd e of the page?
2 data. And psychonetric data, of course | 2 A | do.
3 defer to Cox's definition here, but, you 3 Q Ckay. | want to walk through this
4  know, this is -- this would include, you 4 and | want to get an understandi ng of sonme of
5 know, annotator reaction tines, difficulty, 5 the terninology that's used here and in other
6 and a slew of other perceptual netrics. And 6 parts of the Cox reference. So | will just
7 that difficulty | think is -- or basically 7 start reading here fromParagraph 7. At the
8 the blanket term "psychonetric" includes what | 8 beginning it says: 1In an aspect, enbodi ments
9 you' re asking about. 9 of the invention feature a
10 BY MR A NN NGS: 10 conputer-inpl enented nethod for data
11 Q Soit's your -- it's your 11 classification and identification. Data
12 understanding, then, Dr. Janet, that Cox's 12 corresponding to a plurality of training
13  psychoretric data includes the annotator's 13 objects is provided over a conputer network
14 latent ability? 14 to a plurality of training devices each
15 MR BARAZESH (bjection. Form 15 associated with one of a plurality of human
16 And objection. Msstating testinony. 16 annotators.
17 A The latent ability termis not 17 R ght ?
18 nentioned here. | acknow edge that, that 18 A Yeah.
19 it's not explicitly stated here. However, 19 Q Each of the training objects
20 the term"psychonetric data," which it covers |20 includes or consists essentially of features
21 all sorts of perceptual netrics, may include |21 for a classification.
22 ability. It nay be related to ability, at 22 R ght ?
23 least. | should say that the fact that it's |23 A Correct.
24  displayed on the plot on -- | think it 24 Q And the training objects are
25 was -- was it Figure 3 -- shows there's sone |25 displayed on a display of each of the
Page 139 Page 141
1 sort of recordkeeping of ability. Youre 1 training devices. Qassification data is
2 putting that on the axis and the accuracy on 2 received via communication interfaces of at
3 the ordinate. If | don't store that, I'mnot | 3 |east sone of the training devices.
4 really sure how!| nmap what's on the ordinate 4 R ght ?
5 towhat's on the axis. 5 A Yes.
6 MR GNN NG Wy don't we go 6 Q So what is classification data in
7 ahead and take another short break and 7  Cox?
8 go off the record. 8 MR BARAZESH (hjection. Form
9 (A brief recess was held from 9 Scope.
10 2:34 p.m to 2:41 p.m) 10 A So if you | ook at Paragraph 7, it
11  BY MR A NN NGs: 11 nentions that classification data is received
12 Q V¢l cone back, again, Dr. Janet. 12 via comunication interfaces of at | east sone
13 A Thank you. 13 of the training devices. And the -- that the
14 Q As |'ve asked you after each of 14 classification data includes or consists
15 the prior breaks, is there any additions or 15 essentially of at |east some of the training
16 corrections you want to make about anyt hi ng 16 objects annotated via annotated interfaces by
17 we've tal ked about so far today? 17 at least some of the annotators with a
18 A No, not so far as | know 18 classification for features thereof.
19 Q Do you still have the Cox 19 If I'"mremenbering correctly, and
20 reference open? 20 | defer to ny declaration, which we really
21 A Yes. 21 haven't referred to here, the classification
22 Q Can you turn to PDF Page 5 of Cox |22 data is basically the actual |abels and
23  for me? 23 annotations. So each image is given a | abel,
24 A Yes. 24 and that |abel basically represents, for |ack
25 Q And do you see Paragraph 7 there 25 of a better word, like the central tendency.
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1 And you have the annotations, so you have 1 rates. It's analogous to other functions
2 that data. 2 that are used for reducing or anplifying the
3 And then the psychonetric data, 3 portion of error that causes a change in the
4 which | nentioned before -- excuse ne -- is 4  synoptic weights or other internal val ues
5 the -- kind of the statistics from 5 that are multiples of howthe -- those
6 these -- you know, how the stinulus -- or 6 weights change.
7 stimuli if they're plural -- relate to 7 BY MR G@NNNGS
8 psychol ogi cal sensations. So | understand 8 Q Can you turn to the next page of
9 they're kind of mentioned here as two 9 Cox, Exhibit 16? | want to cone back to the
10 different things. 10 Paragraph 9 that we tal ked about a little bit
11 You have got the -- you know, 11  earlier.
12 there's the numerical answers | suppose or 12 A Par agr aph 9?
13 the quantitative answers, and then you have 13 Q Yes.
14 got -- | should say the actual |abel and 14 A Ckay.
15 annotations on, let's say, the ordinal 15 Q And starting on Line 16, there's a
16 scales. But you al so have the psychonetric 16 sentence we discussed a little earlier that
17 data, which is -- you know, we tal ked about 17 begins with: The database incl udes.
18 it. | mean, there's -- you know, it 18 A Yes.
19 includes, among ot her things, basically 19 Q And does anything here in
20 the -- you know, how the stinuli affect 20 Paragraph 9 describe storing a human-wei ght ed
21  basical ly sonebody' s psychol ogi cal 21 loss function in the database?
22  sensations. 22 MR BARAZESH (hjection. Form
23 BY MR G NN NGS: 23 Scope.
24 Q A few lines down fromwhere we 24 A Just a sentence down, it talks
25 were just reading, | guess it's Line 14, do 25 about: The penalization nodul e is executable
Page 143 Page 145
1 you see the -- still on the sane page, PDF 1 by the conputer processor and is configured
2 Page 5, do you see the sentence that begins: 2 to derive a human-wei ghted | oss function
3 A human-wei ghted | oss function? 3 based at in part, probably based at least in
4 A Yes. 4 part on the classification data in the
5 Q Wiat is a human-wei ghted | oss 5 database and the psychoretric data of at
6 function in Cox? 6 least sone of the training objects in the
7 MR BARAZESH (bjection. Form 7  dat abase.
8 Scope. 8 So the human-wei ghted | oss
9 A | defer to how! defineit in ny 9 function, if not stored as a function, is at
10 declaration. | can offer to answer your 10 a mininumderived fromthe information that's
11  question here, just a general aspect, but 11  stored, including that psychonmetric data and
12 1've actually tal ked about this before. In 12 the classification data.
13  Cox, the human-weighted |l oss function is a 13 So if you | ook at Paragraph 36,
14 weight, for exanple, or maybe a scaler value |14 this explains how-- | think at |east partly
15 that is a function of the difficulty that the |15 explains how the hunan rate of |oss function
16 annotators had in properly identifying the 16 is derived fromthe psychonetric and
17 image or what's in the inmage. And that 17 classification data. Weighting function
18 human-wei ghted | oss function is used as a 18 conditioned on a psychonetric nodel for a
19 nmeans of, let's say, anplifying the error, 19 recognition task, the weights are deternined
20 for exanple, that's propagated back during 20 Dby the classification data collected fromthe
21 training, the error being the difference 21 annotators, including individual and conbi ned
22  between the predicted output and the | abel, 22 statistics of accuracy response tine,
23 which woul d be the correct output of that 23 presentation time over a sanple of inages
24 neural networKk. 24 across the varying degrees of difficulty.
25 So it's anal ogous to |earning 25 Human-weighted loss is thus defined as...
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1 And the equation is put just above 1 actual ly asked a question. So | will
2 Paragraph 37. 2 nove to strike that as nonresponsive.
3 So as | nentioned, the -- while 3 And | will ask you a different
4 you're training a neural network and | give 4 questi on.
5 animage, and | want to feed the 5 A You asked ne if it's stored,
6 classification and psychonetric data to that 6 right? If the hunan-wei ghted | oss function
7 neural network, the input data is stored, the | 7 is stored? That was your question?
8 basis of that human-weighted loss functionis | 8 BY MR G NNNGS
9 stored. 9 Q Yeah. | asked that question.
10 It really doesn't mean anyt hing 10 A And | answered it by showi ng that
11 else, except just to be run through the very |11 you have got this weight, wsub t, in some
12 sinple equation of the maxi mum between zero 12 sort of a | ookup table, which neans it's
13 and if there's a -- if there's an 13  stored.
14 even-weighted loss mltiple or val ue that 14 And it neans if | can pull this
15 needs to be enployed at the output to 15 out and | ook at task, T, and know what the
16 propagate the error back. 16 weight is, then that suggests to ne as a
17 BY MR A NN NGS 17 person of ordinary skill that it is in fact
18 Q Does anything here in Paragraph 36 |18 stored.
19 describe storing the human-wei ghted | oss 19 MR GNNNGS: Again, |'mgoing
20 function in a database? 20 to nove to strike as nonresponsive.
21 MR BARAZESH (hjection to 21 Let ne ask you a question.
22 form Scope. 22 MR BARAZESH Let's just kind
23 A Yeah, | feel like this has been 23 of lower the tenperature here a little
24  asked and answered several times also, with 24 bit. 1 think Dr. Janet is asking the
25 all due respect. 25 questions -- you know, these questions
Page 147 Page 149
1 The classification data and the 1 are outside of the direct testinony
2  psychonetric data have been stored. And 2 that's in his declaration anyway, and
3 that -- that infornation constitutes or 3 we have been objecting to that
4 conprises the hunan-weighted | oss function. 4 throughout. So | think -- if there's
5 BY MR ANNNG 5 a way to keep this within what his
6 Q Wth all due respect, Dr. Janet, | 6 direct testinony is, that woul d be
7 asked you about Paragraph 9 before. Then you | 7 great.
8 brought up Paragraph 36, and now |' m aski ng 8 Dr. Janet, let's just wait for
9 about Paragraph 36. So it's a different 9 the question and answer the question
10 question. 10 as it's asked.
11 A Uh-huh. So if you look at this 11 BY MR A NNNGS
12 equation in Paragraph 36, you will notice 12 Q Dr. Janet, can you go to PDF
13 that W as a function of Zis a value. So 13 Page 7 of Cox for ne?
14 that means that the weight is stored. 14 A Al right.
15 And if I'mlooking at -- let me 15 Q And | want to tal k about
16 just nake sure |I've got ny -- so for task, T, |16 Paragraph 10 of Cox for a mnute. | guess
17 that means that -- that suggests to ne -- and |17 the first line of Paragraph 10 actual ly
18 I1'mgoing off the cuff here. | really wish 18 starts on the prior page. | apol ogi ze for
19 you would kind of stick to ny declaration -- |19 that. The portion | want to ask you about,
20 but that suggests to ne, just in a cursory 20 on PDF Page 7 -- can you see the |ine nunbers
21 review, that that weight informationis in 21 for Cox on the left-hand side there?
22 fact stored because it can be brought up, you |22 A Yes.
23 know, as a function of, like, a |ookup table. |23 Q Ckay. Do you see the Line 6,
24 And I'mlooking at a particular task, T. 24 there's a sentence that begins: The
25 MR GNNNG Wll, | haven't 25 psychonetric data may incl ude?
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1 A Yes. 1 occurs anong parties.)
2 Q Ckay. So I'mgoing to take this 2 MR A@NNNGS |'mnot
3 sentence in increments and tal k about each 3 interested i n going back-and-forth
4 piece of it here. |'mreading fromthat 4 with you. | nade a request. Please
5 sentence that | just identified here in Cox. 5 st op.
6 It says: The psychonetric data 6 MR BARAZESH | woul d just say
7 may include or consist essentially of one 7 look at the real tine.
8 response time for a classifying one or nore 8 BY MR A NNNGS
9 features. 9 Q So, Dr. Janet, are you able to
10 R ght ? 10 answer ny question?
11 A Yes. That's what it says, yes. 11 A I"mecurrently |ooking at ny
12 Q And | just want to pause there. 12 declaration to see where | describe response
13 So response tine for classifying one or more |13 times versus going off the range here with
14 features, that's the tine it takes an 14 the cited invaliding prior art.
15 annotator to classify one or nore features in |15 So if you ook to Paragraph 26, it
16 the image, right? 16 says --
17 MR BARAZESH (bjection. 17 Q a?
18 M sstates evidence. And scope. 18 A O Cox. It says that psychoretric
19 BY MR A NN NGS: 19 data -- I'msorry. Psychonetric testing is
20 Q I's there sonething about ny 20 organi zed around two prinary measures:
21 question that you' re struggling with, or are |21 accuracy and response tine.
22 you looking for sonething in Cox? 22 Each of these measures nay be used
23 A I"mactual ly going back to ny 23 on an individual image pooled for all
24 declaration. 24 subjects or pooled for particul ar subjects.
25 Q Ckay. 25 Thus accuracy -- and in this case it uses the
Page 151 Page 153
1 So you're not able to tell e, 1 term"reaction tine" to nean "response
2 Dr. Janet, what Cox was referring to by 2 tine" -- may be measured on a per-inage,
3 "response tine" without |ooking at your 3 per-subject or per-condition |evel.
4  declaration? 4 So within Cox, just |ooking at
5 MR BARAZESH (hbjection. 5 this froma person of ordinary skill
6 Scope. 6 perspective, the response tine in Cox is the
7 A I mgoing back to ny decl aration 7 rmeasured time each annotator takes to
8 because that's ny direct testinony, and I'm 8 classify or label a given inage --
9 looking for where | refer to response time in | 9 Q Al right. Thanks.
10 the broader sense. 10 A -- specific to Cox. | don't think
11 MR BARAZESH | also just want 11 that's like a categorical definition, but for
12 to note thisisn't a menory test. So 12 Cox, that's what | believe it is.
13 if Dr. Janet needs nore tine to answer 13 Q Ckay. Can you turn back to
14 a question, he should get that tine. 14  Paragraph 10 again for nme, PDF Page 77?
15 MR A NN NG Counsel, |'ve 15 A Yes.
16 given you a lot of |eeway today on the 16 Q So pick back up. The next itemis
17 speaki ng obj ections, but that's 17 after what | read before, is nunber (ii),
18 probabl y one of the nost egregi ous 18 accuracy of feature classification, right?
19 ones you' ve nmade so far, and | really 19 A Uh- huh.
20 need you to stop. 20 Q What is accuracy of feature
21 MR BARAZESH Wll, | nean, | 21 classification?
22 think he said he's |ooking for an 22 MR BARAZESH (hjection. Form
23 answer, and you asked a question. So 23 Scope.
24 it's -- 24 A So, again, junping to
25 (S mul t aneous unreportabl e crosstal k 25 Paragraph 26 -- actually, 26 through 28, but
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1 starting on 26: Mean accuracy provides a 1 Form Scope.
2 neasure of howdifficult a given trial is 2 A Paragraph 18, which | cite in ny
3 over the subject popul ation. 3 declaration, Paragraph 77, Cox descri bes
4  BY MR GNNNGS 4 presentation tine as: The anount of tine
5 Q I"msorry, where in 26 are you? 5 presented to each annotator of one or nore
6 A Line 5. That's when it's neasured | 6 training objects.
7 on a per-image |evel. 7 BY MR GQNNNGS
8 Q | see. ot it. Thank you. 8 Q So other than those three things
9 A Veéll, I"mnot done. 9 that we just tal ked about in Paragraph 10,
10 Q Ckay. 10 does Cox describe any other kind of
11 A 28 tal ks about when neasured on a |11 psychoretric data?
12 per subject, nean accuracy is conpared to a 12 MR BARAZESH (hjection. Form
13 nonzero chance accuracy. So it's got to be 13 Scope. Foundati on.
14 one of, let's just say, two val ues. 14 A Veéll, 1'"mhappy to | ook through
15 It goes on to say: Wen neasured |15 Cox if you want to spend the time doi ng that
16 on a per-stimlus |evel, nmean accuracy 16 tolist out all of the forns of psychonetric
17 provides a measure of how difficult a given 17 data. |1'malso happy to tal k about what |
18 trial is over the subject population. 18 actually wote in ny declaration.
19 And | believe that constitutes ny [19 BY MR G NN NGS
20 answer. 20 Q Is it your testimony, Dr. Janet,
21 Q Now, goi ng back one more tine to 21 that Cox does disclose other types of
22 Paragraph 10 on PDF Page 7, let ne know when |22 psychonetric data besides these three things?
23 you're there. 23 MR BARAZESH (hjection. Form
24 A Ckay. 24 M sstates testi nony.
25 Q Ckay. And picking up after -- so |25 A The scope of ny work inthis
Page 155 Page 157
1 after accuracy of feature classification, 1 effort is described in ny declaration. | do
2 that one, Line 8 -- 2 not recall being tasked with or taking on the
3 A I"msorry, hold on a second. 3 task of listing out all of the possible
4 Q Sure. 4 descriptions that Cox has of psychonetric
5 A PDF 7, you sai d? 5 data. And so | don't really have an answer
6 Q Yes. 6 for youu M guess is that it's possible.
7 A Ckay. 7 Psychonetric data is described in some
8 Q And |'mon Line 8. 8 places, at least in Cox very generically, and
9 A Uh- huh. 9 soinangor way, | would say that it does
10 Q So we just tal ked about accuracy 10 describe or it does disclose that there are
11 of feature classification, right? 11 other forns of psychometric data.
12 A Yes. 12 BY MR A NNNGS
13 Q Ckay. And then continuing on 13 Q Can you name any of those ot her
14 after that, it says: And/or three 14 fornms of psychonetric data that Cox
15 presentation tine of one or nore training 15 discl oses?
16 objects. 16 MR BARAZESH (hjection. Form
17 R ght ? 17 Scope. Foundati on.
18 A R ght. 18 A Forns other than these three that
19 Q Presentation tine is the -- is 19 you described on PDF Page 7?
20 what? 20 BY MR G NN NGs:
21 MR BARAZESH (pbjection. 21 Q Yes.
22 Sorry. Are you done with the 22 A Response tine, accuracy of feature
23 guestion? 23 classification, and presentation time?
24 MR A NN NG Yeah. 24 Q Uh- huh, yes.
25 MR BARAZESH (kay. (bjection. 25 A So one mght be the difficulty
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Page 158 Page 160

1 with ranking described in Paragraph 50. 1 annotators 160 via display nodul e 167.

2 Paragraph 61, describes itemresponse sl ope, 2 Dd |l read that correctly?

3 itemresponse of fset, nouse path, pairw se 3 A I believe so.

4 ranking, Likert-scale judgnent, continuous 4 Q Wiat are end-of-test statistics in

5 scal e judgnent, continuous color report, and 5 Qox?

6 nouse deviation fromtarget |ocation. 6 MR BARAZESH (hjection. Form

7 Let's see. Search for a couple of | 7 Scope.

8 terns. 8 A So the PDFs that we have

9 Consi stency is mentioned in 9 Figure 8A A20, which is what's flagged as
10 Paragraph 37. Again, I'mgoing off the cuff |10 representative in Cox is alittle blurry, but
11  here. But that would be sonething that you 11 the -- | would say referring to declaration
12 would find included in psychonetric data. 12 Paragraph 79, Paragraph 48, this Figure 8Ais
13 Vel |, anyway, so this just shows 13 that the end-of-test statistics are basically
14 that there are nore than I'mable to find 14 the final aggregated psychonetric summary

15 with just a couple of ternms -- searching for |15 statistics conmputed once the annotation

16 a couple of terns that are in ny head. 16 process for a given inage or the entire test
17 | don't doubt that there are others. 17 is conpl eted.

18 Q Ckay. Can you turnto -- still in |18 BY MR A NNNGS

19 Cox Exhibit 16, but turn to PDF Page 24 for 19 Q What' s included in those

20 ne. 20 end-of-test statistics?

21 A 24? 21 MR BARAZESH (bjection. Form
22 Q Uh- huh. 22 Scope. | just want an aside here.

23 A Ckay. 23 Wen referring to decl arations, could
24 Q W' || tal k about Paragraph 48 once |24 we be clear as to which declaration we
25 you're there. 25 are referring to just so the record is

Page 159 Page 161

1 A I'mthere. 1 clear for everyone?

2 Q Ckay. Do you see -- it's the 2 THE WTNESS: M apol ogi es.

3 second sentence of that paragraph that begins | 3 Yes, |'mreferring to ny '046

4 with: Faces such as that? 4 decl arati on.

5 A Yes. 5 MR BARAZESH  (kay.

6 Q So I"'mjust going to read here for | 6 BY MR A NNNGS

7 annute to get to what | want to ask you 7 Q Wich | believe is Exhibit 8.

8 about. But reading here from Paragraph 48: 8 A Exhibit 8, yeah.

9 Faces such as that in inmage 800 are easily 9 Q So let me just -- since we tal ked
10 recogni zed by human subjects in a nassive 10 alittle bit, let ne just re-ask the

11 range of poses because of the invariant 11  question.

12 nature of object recognition in the brain. 12 A Yep.

13 To address this, enbodinents of the invention |13 Q What's included in Cox's

14 deploy a test using uncontrolled natural 14 end-of-test statistics?

15 images 810 where annotators are brought off 15 MR BARAZESH (hjection. Form
16 ceiling by using very brief (e.g., 16 Scope.

17 approximately 50 m|liseconds) presentation 17 A Vel |, | thought | just answered
18 times and masking with anplitude-matched, 18 that, but it's basically the consolidated

19 phase-scranbl ed noi se as shown in Figure 8. 19 netrics derived fromthe conpl ete set of

20 For exanpl e, annotators may be 20 responses for that image for the entire test.
21 asked to press a specific key if they observe |21 BY MR A NN NGS

22 a face in an inmage 810 or another key if they |22 Q Wien you say "the consol i dat ed

23 do not observe a face in the image. At the 23 nmetrics," what does that nean?

24  end of a series of such queries, end-of-test 24 MR BARAZESH (hjection. Form
25 statistics 820 nay be displayed to the 25 Scope.
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Page 162 Page 164
1 A That woul d include just in 1 basically where you' ve got how often certain
2 the -- within the psychonetric data for each 2 things occurred for a particular scenario or
3 of these inages like a final nean accuracy, 3 aparticular value. O it could be
4 the |RCs we were tal king about, itemresponse | 4 agreenent.
5 curve, like what's nentioned in Paragraph 78 5 MR BARAZESH |'mjust going to
6 of | believe Exhibit -- Exhibit 8. The 6 | odge an obj ection on formand scope
7 difficulty ranking. | think | nentioned 7 to that prior question.
8 consistency. You know, any other patterns of | 8 But just let ne get in the
9 error, if there's -- | tal ked about, Iike, 9 objection there, Dr. Janet. Thank
10 how the nouse nay be off a little bit or the |10 you.
11 response times. Anyway, |'msure that's not 11 THE WTNESS: M apol ogi es.
12 a conprehensive list, but that gives you an 12 MR BARAZESH It's all good.
13  idea. 13 MR G NN NG W have been at
14 BY MR A NNNGS 14 it for an hour. | know a coupl e of
15 Q And you mentioned Figure 8A a 15 times |'ve gone over an hour, but this
16 mnute ago. Can we turn to that? It's on 16 is agood time for a break. So why
17  PDF Page 44 of Qox. 17 don't we go ahead and take anot her
18 A I"mthere. 18 short break.
19 Q Ckay. And the portion of 19 (A brief recess was held from
20 Figure 8A shows the end-of-test statistics? 20 3:42 p.m to 3:56 p.m)
21 MR BARAZESH (bjection. Form 21  BY MR A NN NG
22 Scope. 22 Q ¢l cone back, again, Dr. Janet.
23 A Vel 1, you have that 820 to the 23 A Thank you.
24  right, and, you know, sone sort of a 24 Q As | asked, after the last few
25 distribution that's described in a plot up 25 Dbreaks, is there any additions or corrections
Page 163 Page 165
1 above. There's some human figures with 1 you want to nake to anything we di scussed so
2 different color coding associated with them 2 far today?
3 There's sone text that is not very clear to 3 A Not as far as |'maware at
4 ne. And, of course, we have the benefit of 4  present.
5 the paragraph. | think it was 48 that was 5 Q I want to switch gears and talk a
6 describing it as end-of-test statistics. 6 little bit about -- still related to the Cox
7 BY MR A NNNGS 7 reference, but | want to talk about some
8 Q | agree with you. The 8 things in your declaration for the
9 text -- 1 can't -- | can't read either or | 9 '046 Patent, |IPR Exhibit 8.
10 can't -- 10 A Ckay.
11 A No, but the graphics really get 11 Q Can you turn to -- do you have
12 the point across. 12 Exhibit 8 open?
13 Q Ckay. And you mentioned that 13 A Yes.
14 there's a plot or graph or sonething in 14 Q Can you turn to -- let's start at
15 what's labeled as 820 in Figure 8A? 15 PDF Page 29.
16 A Yeah there's what appears to be 16 A Ckay.
17 a -- maybe a histogram which, again, is a 17 Q And thisis a-- 1 just want to
18 summary statistic. 18 orient you to where we are. So on this page
19 Q Are you able to tell me what 19 is the beginning of your discussion of
20 information is conveyed in that? 20 Qound 1, right?
21 A | can't see the nunbers on the 21 A Correct.
22 axis or ordinate or the title above that box. |22 Q And if you go to the next page,
23 But a person of ordinary skill would | ook at 23  PDF Page 30 for ne.
24 that and know that that is a -- like a bar 24 A Ckay.
25 chart, and a bar chart is like a histogram 25 Q Begi nning at Paragraph 69, that's
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1 the beginning of your discussion of daim1l 1 phrase "summary statistics" in daimlto a
2 for Gound 1, right? 2 person of ordinary skill in the art?
3 A Correct. 3 MR BARAZESH (bjection. Form
4 Q And we di scussed this before, but 4 Scope.
5 | believe in Paragraph 69, you state that in 5 BY MR A@NNNGS
6 your opinion, Cox renders obvious daim1l of 6 Q I"'mnot trying to be difficult,
7 the '046 Patent, right? 7 Dr. Janet, but it's been five mnutes. Do
8 A Correct. 8 you have an answer for ne?
9 Q So we went through sone of these 9 A I"mworking on it.
10 claimelements earlier. | want to go to one |10 Ckay. So just to be clear I'm
11 that | don't think we got to earlier, which 11  follow ng, your question was plain and
12 is Henent 1[c]. And your discussion of that |12 ordinary meaning of "summary statistics"; is
13 starts on PDF Page 41. 13 that correct?
14 A Ckay. 14 Q Yes.
15 Q And do you see the bottomof the 15 A Ckay. And | have of fered nany
16 page, the heading 1[c] and the Paragraph 81 16 times what | consider to be a plain and
17 after that? 17 ordinary nmeaning of "summary statistics" to
18 A | do, yes. 18 include a distribution or set of -- or even a
19 Q Now, to avoid needing to flip 19 singleton value that summarizes basically the
20 around here, | wll share ny screen for a 20 statistics -- the statistical aspects of a
21 second here just to go to the last little bit |21 dataset.
22 of orientation. | have what | will represent |22 But if you |l ook on Colunn 6, Line,
23 is -- thisis Page 3 of the petition for the |23 | think, 15: The statistics may characterize
24  '046 Patent, Exhibit 3. It has the -- what | |24 the aggregate responses of multiple hunan
25 have here is the | anguage of Qaim1, right, 25 observers to a particul ar derived stimlus.
Page 167 Page 169
1 at least through B enment 1[c]? 1 Q And just so I'mclear, Colum 6,
2 A Yes. 2 Line 15 of the '046 Patent?
3 Q Ckay. And then just so we're all 3 A '046 Patent, correct. Yes.
4 on the same page, Henent 1[c] here that I've | 4 Then it goes, a little further
5 highlighted is: Training a nodel using the 5 down: The summary statistics can
6 training data. The nodel configured to 6 characterize the human observer responses in
7 receive an input inmage showi ng a user and 7 terms of certain parameters associated with
8 predict sunmary statistics describing a state | 8 the statistics such as content of a response
9 of mnd of the user in the input inage. 9 tine associated with entering a response, a
10 R ght ? 10 position of an eye of a hunman observer
11 A Yes. 11 associated with the response.
12 Q So | want to talk about -- for a 12 And | have al so offered basically
13 few mnutes about this phrase "sumary 13 that it's -- you know, any reduction -- any
14 statistics.” 14  reduced representation of -- well, a reduced
15 A Ckay. 15 representation night be sonething |ike mean
16 Q So first of all, you haven't 16 or, you know, a l|ikelihood, any other
17 offered any construction of the phrase in 17 calibrated type of probability. It just has
18 your declaration; is that correct? 18 to characterize the distribution of hunan
19 MR BARAZESH (hbjection. 19 responses in -- that result fromthe stimili,
20 Scope. 20 or in the vernacular of the '046 Patent, the
21 A | just have treated it as the 21 derived stimuli, stimuli all the sare.
22 plain and ordinary neaning. 22 It can include a histogram It
23 BY MR QNN NGS 23 can include, you know, first order
24 Q Ckay. And in your -- what to you |24 statistical characterization. 1t can include
25 is the plain and ordinary neaning of the 25 second order characterizations. But it's a
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1 way, | think, of describing, using this term 1 A Yes.

2 summary statistics, what that 2 Q Ckay. And the italicized part in

3 characterization is of the distribution of 3 the parentheses there is the |anguage of
4 human or user responses to stinuli. 4 Henent 1[c], right?

5 And, again, for '046, you know, 5 A Yes.

6 about the user's state of mnd, whichis to 6 Q So what, in your opinion,

7 say sonetines what's referred to as a road 7 Dr. Janet, in Cox teaches predicting sunmary

8 user. 8 statistics?

9 Q kay. So | want to make sure | 9 MR BARAZESH (hjection. Form
10 understand. So in your opinion, for 10 A Véll, | mention in Paragraph 81, a
11 sonething to be a sunmary statistic, it has 11 little further down: Indeed, Cox closes that
12 to characterize the distribution of hunan 12 statistical information may be coll ected and
13 responses that result fromthe stimli? 13 applied to the training of conputer vision
14 MR BARAZESH (hjection. Form 14 systens in accordance with enbodi nents of the
15 M sstates testinony. 15 invention. The classification systens for
16 A | don't knowif it has to, but | 16 any visual category nay be trained with
17 think that that's a decent definition of 17 deeply annotated i mages by fol |l owing the
18 summary statistics or statistical sumary. 18 learning procedures wth the human-wei ght ed
19 Andit's, | believe, a plain and ordinary 19 loss.

20  meani ng. 20 The disclosure in Cox is

21  BY MR G NNNGS: 21 consistent with the '046 Patent which states

22 Q Now in -- strike that. 22 that the trained neans -- that "trained"

23 Do you still have your declaration |23 means that the difference between the sunmary

24  for the '046 Patent, Exhibit 8, in front of 24 statistics output by the neural network and

25  you? 25 the sunmary statistics calculated fromthe
Page 171 Page 173

1 A Yes. 1 responses of the hunan observers in Step 506

2 Q Ckay. And are you still on 2 is mnimzed.

3 Paragraph 81? 3 This is just like Cox's training
4 A No. | nmoved around a little bit. 4  approach as described in Figure 4B, which is

5 Do you want ne to go there? 5 just above Paragraph 82 in ny declaration

6 Q Yeah, PDF Page 41. 6 '046.

7 A Ckay. I'mthere. 7 In GCox, annotation responses and

8 Q And Paragraph 81 relates to 8 psychonetric data fromthe human annotators

9 Herment 1[c], right? 9 are utilized to form quote, a human-wei ght ed
10 A Correct. 10 loss function that includes penalties for
11 Q And Paragraph 81 here, you state: 11 nisclassification of |ater presented query
12 In ny opinion, Cox teaches Hement 1[c]. GCox |12 objects as graphically illustrated.

13 discloses that its model is trained by: 13 G on to say: The nagnitude of
14 (1), receiving annotated training i mages 14 those penalties notably increases with

15 showing enotional states; (2), predicting 15 increasing deviation fromthe classification
16 classifications for the training i mages using |16 data received fromthe human annot at ors.

17 the nodel; and (3), optimzing the nodel such |17 So you have got -- you know, you
18 that differences between the predictive 18 have got variance, anong other things, or

19 classifications and annotated training i mages |19 accuracy.

20 are mininmzed (training a nodel using the 20 These penalties ensure that the
21 training data, the nodel configured to 21 trained nodel is, quote, nore consistent with
22 receive an input image showi ng a user and 22 the decisions of the human annotators. The
23 predict summary statistics describing a state |23  hunan annotators are characterized by the
24  of nmind of the user in the image). 24  psychonetric data and may have summary

25 Is that right? 25 statistics associated with that or that
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1 sunmarize that perfornance. 1 refer to Figure 4B. So the psychonetric
2 Cox further teaches that the 2 data, classification data are what is trai ned
3 penalties for misclassification may be 3 on per Cox, and that's what is predicting the
4 assigned based at least in part on the 4 sumary statistics.
5 psychonetric data. 5 Q Let's go back to the begi nning of
6 Again, the statistics that 6  Paragraph 81.
7 represent the user response or the annotator 7 A Ckay.
8 response is to the derived stimli. 8 Q And first -- | know we didn't
9 So accordingly, Paragraph 83: Gox | 9 necessarily -- I'Il go through it one nore
10 discloses that its model is trained by 10 tinme. First, you say: In ny opinion, Cox
11 predicting classifications of sorme of the 11 teaches Hement 1[c], right?
12 received training objects shown -- show ng 12 A Correct.
13 enotional states and optim zi ng the nodel 13 Q Then you say: Cox discloses that
14 such that the difference between a predicted |14 its nodel is trained by, then there's three
15 toclassifications and the training data is 15 things, right, (1), (2), (3)?
16  mnim zed. 16 A Yes.
17 Thus, neeting the limtation of 17 Q And Nunber 2 is: Predicting
18 the training, the nodel using the training 18 classifications for the training i mages using
19 data, the nodel configured to receive an 19 the nodel, right?
20 input inmage showi ng a user and predict 20 A Ave ne a second. | want to go to
21 summary statistics describing the state of 21 the figure also.
22 mnd of the user in the input image. 22 ay. (1), (2), (3), the first
23  BY MR A NN NGS: 23 one: Receiving annotated training i nages
24 Q So what, in your opinion, 24 showi ng enotional states, right.
25 constitutes predicting sunmary statistics in |25 Q And (2) is: Predicting
Page 175 Page 177
1 Cox? 1 classifications for the training i nages using
2 MR BARAZESH (hjection. Form 2 the nodel, right?
3 Asked and answer ed. 3 A Correct.
4 A So | mentioned that Cox discloses 4 Q Is it your opinion that predicting
5 that statistical information may be collected | 5 classifications amounts to predicting summary
6 and applied to the training of conputer 6 statistics in Benent 1[c]?
7 vision systens in accordance with enbodi ments | 7 MR BARAZESH (hjection. Form
8 of the invention. 8 A The predicting classifications for
9 The classification systens for any | 9 the training inages, you have the annotators
10 visual category may be trained with deeply 10 that are classifying the data, and the
11 annotated i mages by follow ng the |earning 11 central tendency, for lack of a better word,
12 procedure with human-wei ghted | oss. 12 would be the label. And that data is
13 Cox mentions, anong ot her things, 13 basically part of your psychoretric and
14 that these can be trained on -- | think the 14 classification dataset.
15 termwas a "sinple neural network." And with {15 BY MR QG NN NGS:
16 that disclosure, it's consistent in that 16 Q So, Dr. Janet, is it your opinion
17 "trained" neans that the difference between 17 that predicting classifications for the
18 the summary statistics output by the neural 18 training i nages using the nmodel neets the
19 network and summary statistics cal cul ated 19 requirerment in Henent 1[c] of predicting
20 fromthe responses of the human observers is |20 summary statistics?
21 mnimzed and which is fromthe patent, by 21 A Yes.
22  the way, the '046 Patent. 22 MR BARAZESH (hjection. Form
23 But, basically, this is just like |23 Asked and answer ed.
24 Cox's training approach and which | nention, 24 A Sorry, Counsel.
25 again, at the bottom of Paragraph 81, and | 25 Yes.
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1 BY MR G NN NG 1 error is pushed back to the wei ght so that
2 Q Now, when you refer to "predicting | 2 they are adjusted to tune the perfornance so
3 classifications," what is a classification? 3 that the output ultinately represents,
4 A VI, | believe that we covered 4 perfornms |like the group of annotators,
5 this, but the classification in Cox woul d be 5 including the original ones, though, that put
6 the actual labels applied either by the 6 the label onit, the original |abel, would
7 expert or whatever defined the central 7 have responded to that stinuli.
8 tendency and then the annotators, one or 8 Instead of crunching those nunbers
9  both. 9 every single tine you run into a situation
10 I mght add that that central 10 like what woul d be represented by an i mage or
11 tendency I'mreferring to, that initial label |11 sonething, you know, close to it, you don't
12 fromthe -- fromthe expert on the images 12 have to crunch all those nunbers. You can
13 can and nost often is a result of a 13 just hike that image through the neural
14 statistical process al so; surveys, that sort 14 network and get the salient responses that
15 of thing. But then there's like a survey on |15 would have -- that are the sane at the out put
16 the survey. Just -- in practical terns. 16 as the crowd of annotators woul d have
17 Q And when you say "the expert," 17 described their responses to that stimli or
18 what's the expert that you're referring to? 18 that stinulus. But now!l can do it in a nuch
19 A Wl 1, these inages have a label to [19 nore conputationally conpact, snaller data
20 begin with, and that |abel is what 20 requirenent, smaller footprint function. And
21 is -- | should say that |abel isn't really 21 | can interpolate and | can extrapol ate.
22 supplied to the annotators necessarily. The |22 That's the beauty of neural networks.
23 image is, and the annotators wll express 23 Q Wiat are the classifications that
24  their enotional response or something -- some |24 Cox predicts for the training i mages?
25 other response to the drive stinuli or the 25 A CGeneral |y speaking, just |ooking
Page 179 Page 181
1 stimli. And the data that's conpiled is 1 to Qox, various paragraphs like 32, 27, |
2 what are the -- what's the -- what are the 2 think 44, but basically -- and | believe we
3 statistics that represent the agreenent 3 covered this before, but you would get the
4 basically between the annotators and the 4  same kind of summary statistics that are
5 original |abel. 5 described in the '046 Patent. So you woul d
6 So you have different |ayers of 6 have the aggregated statistical descriptors
7 statistics and summaries thereof. You can 7 like what | descri bed.
8 train purely on the original classification 8 You woul d have -- as part of that,
9 data and still end up with the -- whichis to| 9 vyou would have the central tendency whi ch
10 say that central tendency and still end up 10 could be the nean, could be the node, coul d
11 with a statistical sumary or sunmary 11  be the median. You would have the IRT
12 statistics. You can train on the central 12 paraneters that we had tal ked about. These
13 tendency or that original |abel and the 13 difficulty values, response tines. | talked
14 distribution of responses fromthe annotators |14 about consistency. Let ne find a place for
15 and still end up with summary statistics. 15 that.
16 Bear in nmind that these 16 Potential |y Paragraph 37, but
17 statistics -- you know, the inmage is going 17 consistency is a neasure as well. But that's
18 into the neural network. The sunmary 18 how Cox -- those are the summary statistics
19 statistics are basically what's conpared to 19 that are predicted.
20 the output of the neural network. And as | 20 Q So I'mlooking at Paragraph 37
21 mentioned before, the difference between 21 that you just mentioned of Cox?
22 those two is run through some sort of a loss |22 A Uh- huh.
23 function |ike mean squared error with a 23 Q And you menti oned consi st ency,
24 learning rate and this human-wei ght ed 24 right?
25 conponent, and that explains how much of that |25 A | did. Let me |look at that just
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Page 182 Page 184
1 to be sure. 1 MR BARAZESH (hjection. Form
2 Ch, that's actually nore 2 A As | nentioned, the psychonetric
3 consistency with a human nodel, but 3 data are data points describing the
4 consistency is a nmeasure oftentimes. It's a 4 annotations and |abels. And so is the
5 psychonetric neasure. 5 classification dataset. Those are -- they
6 Q Is it your opinion that Cox 6 can be taught or they can be used just to
7 teaches predicting consistency? 7 forma human-wei ghted | oss function. But by
8 MR BARAZESH (bjection. Form 8 virtue of utilizing the human-wei ghted | oss
9 scope. 9 function, it is learning to a certain
10 A Gox teaches collecting 10 extent -- to a reasonable extent, it is
11  psychonetric data, and included in 11 learning the psychonetric data because the
12 psychoretric data woul d be things |ike nmean 12 neural network is forced to focus on certain
13 accuracy, difficulty, consistency, other 13 inputs to nmake sure that it doesn't mss
14 factors, response tines, reaction tines, that |14 inportant details.
15 sort of thing. 15 BY MR A NNNGS
16 BY MR G NNNGS 16 Q And we tal ked a few nminutes ago
17 Q So let's take the -- you nmentioned |17 about howit's your opinion that Cox is
18 response times as an exanpl e there. Does Cox |18 teaching a predicting classifications for the
19 teach predicting response tines? 19 training inages is what neets the requirenent
20 MR BARAZESH (bjection. Form 20 in 1fc] of Aaim1l of predicting sumary
21 Scope. 21 statistics, right?
22 A Just a sinpl e search, 22 MR BARAZESH (bjecti on.
23  Paragraph 36, tal ks about the statistics of 23 (bjection. Form That's misstating
24 accuracy, response tine, and 24 testi nony.
25 preservation -- I'msorry -- presentation 25 A Are you referring to Paragraph 81?
Page 183 Page 185
1 tine over a sanpling of inages. Response 1 BY MR G NNNGS
2 timeisin here quite a bit. 2 Q a --
3 BY MR ANNNGS 3 A Par don ne?
4 Q Does - - 4 Q Yes.
5 (S nul taneous unreportabl e crosstal k 5 A And what was your question agai n?
6 occurs anong parties.) 6 Q It's your opinion, aml right,
7 BY MR A NNNGS 7 that Cox's predicting classifications for the
8 Q Sorry. o ahead. 8 training inages using the nodel meets
9 A VI, I"'mjust going to reiterate 9 Hement 1[c]'s requirenment of predicting
10 that the generic use of Cox with respect to 10 summary statistics; is that correct?
11  psychonetric data includes netrics |ike 11 MR BARAZESH Sane objections.
12 response tine. 12 A VWll, | think it's described at
13 Q Does Cox teach predicting any 13 the begi nning of Paragraph 81. In ny opinion
14  psychonetric data? 14  Cox teaches Henent 1[c], and that it
15 MR BARAZESH (hjection. Form 15 discloses that its nmodel is trained by,
16 Scope. 16 first, receiving annotated training images
17 A Wl 1, Cox teaches predicting the 17 showi ng enotional states; second, predicting
18 summary statistics describing the state of 18 classifications for the training i mages using
19 nmind of the user. So the sunmary statistics |19 the nodel; and third, optimzing the nodel
20 are of the classification and the 20 such that the differences between the
21  psychonetric data as annotated and/ or 21 predicted classifications and annot at ed
22 previously | abel ed. 22 training images are mnin zed.
23 BY MR G NNNGS: 23 BY MR G NNNGs:
24 Q So it's your testinony here that 24 Q Correct. And so it's your opinion
25 Cox teaches predicting psychoretric data? 25 that the B enment 1[c]'s requirenent of
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Page 186 Page 188

1  predicting summary statistics is net by Cox 1 optimzing the nodel to mnimze the error.

2 disclosing predicting classifications for the | 2 Q Ckay. MNow, of those three things

3 training inages, right? 3 that you just nentioned in that sentence in
4 MR BARAZESH (hjection. Form 4  Paragraph 81 of your declaration, the only

5 And nmischaracterizes testinony. 5 thing you identified, you would agree with

6 A So | listed three things, not just 6 e, as any kind of predicting is predicting

7 one. It's the receiving annotated training 7 classifications for the training inages; is

8 images show ng the enotional states, 8 that correct?

9 predicting the classifications for the 9 MR BARAZESH (hjection. Form
10 training inmages using the nodel, and 10 A No. | also think | answered this
11 optimzing the model such that the 11  question before. The -- it sounds to ne like
12 differences between the predicted 12  you're trying to exclude the inpact of
13 classifications and annotated training i mages |13 psychonetric data fromthat second step, and
14 are mnimzed, basically mnimzing the 14 Cox is very clear about the use of
15 error. 15 psychometric data in a variety of ways.

16 BY MR A NN NGS: 16 (e, it describes the nean
17 Q So all three of those things are 17 accuracy. It describes a couple of other
18 what constitutes predicting sunmary 18 aspects of what would constitute difficulty
19 statistics. Is it your opinion? 19 or agreenent. So the classificationis in
20 A I"msaying that what Cox is doing |20 and of itself a statistic.
21 inthose three things constitutes -- it neets |21 The difficulty, the nean accuracy,
22 the limtation of the training nmodel using 22 the variance, those sort of things overlap,
23 the training data. The nodel configured to 23 but they are -- they also fit neatly under
24  receive an input image, show ng a user and 24  the unbrella of psychonetric data. That's
25 predict summary statistics, describing a 25 one thing.

Page 187 Page 189

1 state of nind of the user in the input inage. 1 The other thing is the

2 Q Wiat part of that neets the phrase | 2 psychonetric data produces a human-wei ght ed

3 "predict summary statistics"? 3 loss function that drives the | earning rates
4 A VI, it is learning on the 4 or the magnitude of error that is propagated

5 classification and psychonetric data and 5 back to adjust weights within the nodel, and

6 the -- there are a variety of ways of setting| 6 soit is -- it is also forced, basically, to

7 up a neural network, but you got to remenber, 7 predict the psychonetric data in parallel

8 | mean, Cox is trying to characterize the 8 with the classification or, you know, in part

9 state of mnd basically or -- it can 9 with the classification data.

10 identify, you know -- it can classify, it can |10 Q Wiere in Paragraph 81 do you

11 identify, and then predict the state of mind |11 explain that Cox predicts psychonetric data?
12 of a subject in an inage. 12 A It receives the annotated training
13 And this is the case with '046 as |13 images showi ng the enotional states, the

14 well. The '046 is describing the state of 14 predicted classifications for the training
15 nind of the user inthe input inage. | don't |15 inages using the nodel, and then it

16 think Cox is pulling any punches here or 16  optim zes.

17 doing a bait and swtch. 17 So by its optimzation, you're

18 I think it's very clear that it's |18 optimzing on the basis of a human-wei ght ed
19 trying to classify, maybe identify, but also |19 loss function. That is inherently part of
20 determne the state of mnd. And it's doing |20 the -- or representative of the psychonetric
21 so, as we have discussed here, by, again, 21 data.

22 receiving these annotated training i nages and | 22 Q So which of these three things in
23 predicting the classifications for the 23 this sentence here in Paragraph 81 invol ves
24 training images with, for exanple, the 24  predicting psychormetric data, (1), (2), or
25 learning nodel or the neural network and then |25 (3)?
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Page 190 Page 192
1 MR BARAZESH (hjection. Form 1 overfit. It forces it toregularize. So it
2 Asked and answer ed. 2 is predicting what is expected of it as a
3 A Let ne start out by saying that 3 result of the psychonetric data, whichis
4 (1), (2), and (3) -- (1), (2), or (3) do not 4 described in the human-wei ghted | oss
5 exclude psychonetric data. The psychonetric 5 function.
6 data, as explained by Cox, is in conjunction 6 MR G NNNGS Wy don't we go
7 with the classification process, all the 7 ahead and take another short break
8 annotators relative to the central tendency 8 here, and let me take a | ook over ny
9 (i.e., theinitial |abel). 9 notes. | believe we nay be -- I'm
10 The psychonetric data al so drives |10 either finished or close toit. VeIl
11 the optinization function which is described |11 just take a short break here.
12 in(3). Soat amnimm (2) and (3) still 12 W can go off the record.
13 include psychonetric prediction, | shoul d 13 (A brief recess was held from
14 say, of the psychonetric effects. 14 4:56 p.m to 5:08 p.m)
15 So it's predicting classification, |15 BY MR G NN NGS
16 but it's predicting classification as a 16 Q ¢l cone back, again, Dr. Janet.
17 result of the psychonetric data being 17 A Thank you.
18 factored in at |least two ways. 18 Q Sane question as after each break,
19 Q So Cox factors the psychonetric 19 do you have any additions or corrections to
20 datainto the classification prediction, but 20 nake to your testinony so far today?
21 it does not in fact predict psychonetric 21 A No.
22 data; is that correct? 22 MR ANNNGS: Dr. Janet, thank
23 MR BARAZESH (hjection. Form 23 you very nuch for your tine today.
24 A The neural network is | earning, 24 Subj ect to anything that Tesla's
25 and it's learning anything that is influenced |25 counsel may have for you, | don't have
Page 191 Page 193
1 by, anong other things, the psychonetric data | ! any further questions. | just wanted
2 aswell. Andit'slearningit, at least, two | 2 to thank you for your time that you
3 di fferent ways. 3 put in today and in your preparation,
4 e of themis how psychorretri c 4 and | will say you're certainly nore
5 data plays arole in the classification, 5 versed in this technology that | am
6 whichis to say what's this person's, you 6 and if any of ny questions or lack of
7 know, state of mind. And then it does it in | 7 understanding or anything today
8 another way in that the human-weighted | oss § stenmed fromsonething that | wasn't
9 function is part of the optimzation. 9 following that may have been obvious,
10 BY MR d NN NGCS: 10 pun intended, to you, then | apol ogi ze
11 Q Does Cox predict psychonetric 11 for that.
12 data, yes or no, Dr. Janet? 12 But it's -- I do feel like I
13 MR BARAZESH ij ection. Form 13 learn nore every time | -- | learn
14 Asked and answer ed. 14 sonet hing from every expert deposition
15 A Yeah, | have -- |'ve answered this |15 | take, | think. And so thank you for
16 a good half a dozen tines. 16 that.
17 BY MR d NN NGCS: 17 THE WTNESS: Well, | appreciate
18 Q Ckay. Then gl Ve ne a yes-or-no 18 your conplinment and | appreciate your
19 answer , p| ease. 19 gratitude. | also appreciate the
20 A The si rrpl e answer, which 1've told |20 prof essional way in which you handl ed
21 you, is that yes, it predicts it because it's |21 this.
22 part of the classification data, and it's 22 MR GINNINGS:  Likew se.
23 part of the optimzation function. The 23 Likewise. And with that, subject to
24  optinization function forces the neural 24 anything that Tesla's counsel may have
25 network to behave in a particular way, not to |25 for you I pass the witness.
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Page 194 Page 196
1 MR BARAZESH: Thank you. So we 1 CERTI FI CATE OF REPORTER
2 can go off the record. | think we'll 2
3 just need like another five minutes 3 UNI TED STATES PATENT AND TRADEMARK OFFI CE )
4 just to have a little more discussion 4 PATENT TRIAL AND APPEAL BQOARD )
5 on what we are going to do, and then 5
6 we shoul d be back. Could we do Iike 6 I, ERICA FIELD, RIR CRR certify that |
7 4:152 Would that work? 7 was authorized to and did stenographically
MR G NNINGS: Yeah, sure. 8 report the deposition of JASON JANET, PH.D.,
9 (A brief recess was held from 9 pages 1 through 196; that a review of the
1 ranscri r ;an h h
10 5:09 p.m to 513 p.m) 0 transcript was requested; and that the
11 transcript is a true and conplete record of
11 CROSS- EXAM NATI ON
12 ny stenographic notes.
12 BY MR BARAZESH:
| " 13 | further certify that | amnot a
13 Q So, Dr. Janet, just a couple o
14 rel ative, enployee, attorney, or counsel of
14 qui ck questions. So counsel for Perceptive 15 ‘ th . | Lati
any o e parties, nor aml| a relative or
15 asked you questions on the plain neaning of 16 enployee of any of the parties attorney or
16 the term "summary statistics.”
Y 17 counsel connected with the action, nor am|
17 Do you recall that?
y 18 financially interested in the action.
18 A Yes. 19
19 Q You're not offering a specific 20 DATED this 7th day of June, 2026.
20 definition of the term"summary statistics," 21
21 right? 22 %CL\@L
22 MR G NNINGS: Objection to Erica Field, ROR CRR
23 form 23
24 BY MR BARAZESH: 24
25 Q | can ask it in a different way. 25
Page 195 Page 197
1 Are you offering a specific definition of the 1 ERRATA SHEET
2 term"summary statistics"? DO NOT VRI TE ON TRANSCRI PT -
3 A No, | don't believe | am |I'm 2 ENTER CHANGES HERE
' IN RE: Tesla v. Perceptive Autonmata
4 just saying that I'musing the plain and 3 CASE NO. | PROO25- 01573
5 ordinary meaning. W TNESS:  JASON JANET, PH.D.
6 MR BARAZESH: No further 4 TAKEN: 06/ 04/ 2026
7 questions. 5 PAGE LI NE CHANGE REASON FOR CHANGE
8 MR G NNINGS: | don't have 6
7
9 anything further. Thank you, again, s
10 Dr. Janet. 9
11 THE WTNESS: Thank you. 10
12 (Ther eupon, the proceedings 11
13 concluded at 5:14 p.m) 12
13
14 14
15 15
16 16
17 17
18 18
19
19
20
20 21
21 22 Under penalties of perjury, | declare
22 that | have read the foregoing docunent and
23 23 that the facts stated in it are true.
24
24
Dat e Jason Janet, Ph.D.
25 25
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