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dx
-a—i:—i=-ax,+§.: Z]lf()9)+lij (1)

WHERE
X i = actlivation of the i-th neuron

Zii = long - term memory (LTM) trace from the j-th neuron to the i-th neuron,

I; = external input to the i-th neuron,
f() = a sigmoid function,

o =constiant scalar.

INPUT NEURONS:
dx ¢ .
El—t-—='axl+li.l=l. .H.M. (2)
HIDDEN NEURONS:
Cb{i M+N
—_— - 3
Tr = "0 +J=IZJ,f(xJ).i-l, ... . N. (3)
OUTPUT NEURONS:
dxo M+N (4)
"a"'{' = -0Xt+ El ngf(xj).
dx; N M
Tt = "0+ & 4 f0g) + & Ziaf ) (5)

WHERE
Z;; = LTMtrace within the hidden system,

Zyy = LTM trace from the input-to-hidden system.

assume = 1.

N M
x| = J§l Z, (%) + élzi“f"“)' i=1l,..,N. (6)
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X1
X =
FIG 5B ).
x1

X=A f(X)+B f(I)

Nx1 NxN Nx1 NxM Mxl

where
A =2yl nen
and
B = [Z}] nxM
2 = xo{W)
N M
Z =j§1 o f(xy) + EIZ}'{O f(Ig),
giving
Z=C f(X)+D f(I)
Ix1 1xN Nx1 1xM Mxl
Np
d =12:i (TLO<Z;<THY).
where

Zi = output bound for the i -th input pattern,

TLO; =lower bound for the i-th input pattern,
THI; = upper bound fot the i-th input pattern

and

TLO,<Z,<THI,) = {OifTLO; < Ziand Z; < THI|

1 otherwise

5,249,259

(7)

(8)

(9)

(10}

(11)

(12)



U.S. Patent Sep. 28, 1993 Sheet 7 of 26
¥ 5 (13)
FIG 5C @= 22 2T;) + 24(4 <T)),

where

Ty, = selection thereshold

and
(Z,2T )= OifZIZ.Tl (14)
1 otherwise
similarly for (Z, < Ty )
O< d<Np. (19)
X = A f(X) = Bf(I) (16)
Xo= B f(I) (17)
X, = AXo+ X, (18)
The recursion is:
X (+) + A f(X (-)) + B (I (19)
NGoNSNC B (20)

where

NG = number of generations,

N = number of hidden generstions,

NC = number of copies per generation.
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X=Af (X +Bf,0 (21)

(22)

(23)

FIG 5D
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MATRIX B
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MATRIX C

Zoe ZoF %06 ‘on Lo oy

MATRIX D

Zo8 Zoc “Zop

ZoA

FIG 6B
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GENETIC ALGORITHM TECHNIQUE FOR
DESIGNING NEURAL NETWORKS

This is a continuation of application Ser. No.
07/468,857, filed Jan. 23, 1990, now abandoned.

BACKGROUND OF THE INVENTION

The invention relates to genetic algorithms, and to
the use of genetic algorithms in designing neural net-
works (NNs).

One aspect of NN design is the specification of the
interconnections among a NN's neurons to achieve a
desired input-output (1/0) relationship. In particular,
for the class of long term memory (LTM) time invariant
NNs, the NN is programmed for a particular 1/0 rela-
tionship by choosing the weight of each interconnect-
ing trace between a pair of neurons.

Conventional NN design techniques make simplify-
ing assumptions so that the problem of determining the
trace weights is tractable. Examples of these simplifying
assumptions are that the neurons are arranged in layers
within which no lateral connections are made or that a
neuron can be simultaneously excitatory and inhibitory,
i.e., the weights of traces from a particular neuron to
others in the NN can be positive to some and negative
to others.

SUMMARY OF THE INVENTION

In general, the invention features applying, in a pro-
gram controlled computer, a genetic algorithm search
to determine an optimimum set of values, each value
being associated with a pair of elements drawn from a
universe of N elements, N an integer greater than zero,
where the utility of any possible set of said values may
be measured. An initial possible set of values 1s assem-
bled, the values being organized in a matrix whose rows
and columns correspond to the elements. A genetic
algorithm operator is applied to generate successor
matrices from said matrix. Matrix computations are
performed on the successor matrices to generate mea-
sures of the relative utilities of the successor matrices. A
surviving matrix is selected from the successor matrices
on the basis of the metrics. The steps are repeated until
the metric of the surviving matrix is satisfactory.

Preferred embodiments of the invention include the
following features. The method may be adapted for
determining, for neurons of a neural network, a set of
interconnection weights which will enable the network
to approximate a prespecified output when presented
with a predetermined set of input data. In that adapta-
tion, the initial possible set of interconnection weights is
assembled, and matrix computations are performed on
the input data and on the successor matrices to generate
an output of each successor matrix. A metric is com-
puted corresponding to the difference between each
generated output and the prespecified output, and the
successor matrix is selected based on the metrics.

The interconnection weights in the matrices are
forced to comply with constraints that correspond to
the architecture of the neural network. The mtercon-
nection weights in the matrices are organized so that the
interconnection weights leading to a given neuron all
appear in a single row (or a single column) of each
matrix, and the interconnection weights leading from a
given neuron all appear in a single column (or a single
row) of the matrix. The constraints include requiring
that the interconnection weights between a neuron and
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itself be zero. The constraints also include requiring that
the interconnection weights leading from a given neu-
ron all be of the same sign. The neural network com-
prises & layer of input neurons, a layer of hidden neu-
rons, and a single output neuron. The step of applying a
genetic algorithm operator comprises applying a muta-
tion operator by randomly changing a portion of the
interconnection weights in a given matrix. No other
genetic algorithm operator is applied, other than muta-
tion. The interconnection weights are organized in
more than one matrix based on layers of neurons in the
neural network. The input data sets include binary val-
ues which represent edges of an image. The step of
selecting a successor matrix on the basis of the metrics
may include either testing whether a metric lies within
a band between upper and lower bounds, or testing
whether metrics with respect to predetermined input
data sets lie above a passband or below a stopband.

Use of matrix representations enables simple and
rapid design of a neural network. The meanings of the
interconnection weights may be easily interpreted be-
cause of the manner in which they are arrayed in the
matrix. Simplifying assumptions required in some other
techniques may be avoided. Complex, fully intercon-
nected networks an be designed for implementing user
specified, input output functions.

Other advantages and features will become apparent
from the following description of the preferred embodi-
ment and from the claims.

DESCRIPTION OF THE PREFERRED
EMBODIMENT

We first briefly describe the drawings.

FIG. 1 is a functional block diagram of a pattern
recognition system.

FIGS. 2A, 2B, 2C, and 2D are a diagram of edges in
images.

FIG. 3 is a diagram of the layers of one kind of neural
network.

FIG. 4 is a diagram of neurons and interconnections
within the network.

F1GS. 5A through 5D are equations relating to the
invention.

FI1GS. 6A and 6B are matrices of interconnection
weights. '

FIG. 7 is a diagram of constaints imposed on the
interconnection weights arrayed in a matrix.

FIG. 8 is a flow chart of a method of designing the

interconnection weights.

FIG. 9 is a set of input data matrices for testing the
neural network.

FIG. 10 is a diagram of horizontal feature detector
response.

FIG. 11 is a diagram of the generational history of
metrics during the design process.

FIGS. 12A through 12D set forth matrices of inter-
connection weights for a horizontal edge detector.

FIG. 13 is a graph of numbers of generations required
for various numbers of hidden neurons.

FIG. 14 is a curve of sensitivity to number of copies
per generation.

FIG. 15 is a diagram of diagonal feature detector
response.

FIG. 16A through 16D set forth matrices of intercon-
nection weights for a diagonal edge detector.

The LTM, time-invariant class of NNs is particularly
suited for applications such as preprocessors, feature
detectors, and feedback control modules in larger pro-
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cessing systems. Referring to F1G. 1, in a pattern recog-
nition system of the kind described in copending patent
application, U.S. Ser. No. 07/784,634, filed Oct. 28,
1991, assigned to the same assignee and incorporated
herein by reference, patterns of an input image are ana-
lyzed to classify objects represented by patterns within
the image. The output of the system is an indication of
the categories, or names, of the objects located within
the input image.

Each of the modules within the system of FIG. 1
mimics a particular function of the biological vision
system. The system includes a pattern edge strength
module 10 and a perimeter edge strength module 12
which mimic the functions of the biological vision sys-
tem’s visual cortex areas called visual area 1 and visual
ares 2, respectively. Together, these two edge strength
preprocessors provide edge strength information to the
classifier module 14 for final classification of objects
located within an input image.

The system of FIG. 1 also includes a digitizer unit 18
which digitizes the input image data 16, and a locate/-
focus/adjust unit 20 which locates patterns within the
input image data 16, provides control to the digitizer
unit, and receives feedback {rom the classifier module
14.

The pattern edge strength module 10 generates a
measure of the visual strength of the edges within a
pattern in the input image data 16. For binary images,
the module measures the visual strength of the pattern’s
orientations in the horizontal, vertical, and two 45 de-
gree diagonal directions. For gray-scale images, the
module generates measures of the magnitude of the
luminance gradient in the four directions. These orien-
tation measurements of luminance lines and gradient
magnitudes model similar processing that occurs in
biological vision systems.

The perimeter edge strength module 12 measures the
visual strength of a pattern’s perimeter in the northern,
southern, eastern, and western directions. Thus, the
module’s output indicates the orientational strength of a
pattern’s edges.

In measuring the edge strengths of a pattern, both the
perimeter and pattern edge strength modules evaluate
an edge’s magnitude with no special regard for the edge
location within an image. To illustrate this rationale,
consider the image blocks A, B, C, and D of FIG. 2,
which could be evaluated for their horizontal edge
strengths. The images labeled A and B would produce
the same edge strength, because lines A and B, although
at different image locations, are of the same length. In
contrast, image C would produce a higher strength
value than image D because image C includes more and
longer lines than image D.

To implement either of the edge strength preproces-
sors described above with a LTM NN, the NN would
ideally model the orientation sensitive biological NN
found in the human primary visual cortex. Thus, the
implemented NN might measure, for example, the edge
strength of a binary pattern in the horizontal direction.
Design constraints implied by this biological-like func-
tion of the NN, as discussed below, dictate consider-
ations of both the NN’s architecture and interconnec-
tions.

The network architecture suggested by the biological
design constraints, as shown in FIG. 3, consists of a
layer of M input neurons 16 which receive the input
pattern, a network of N neurons located within the
network, called hidden neurons 18, and a single output

10

15

20

25

30

35

40

45

55

63

4

neuron 20. This architectural framework allows direct
correlation between the neurons of the artificial and
biological networks. The network input layer is com-
posed of, for example, a 7 X7, 2-dimensional array of
neurons, for a total of M =49 input neurons. Connected
to the input layer, the hidden neuron network may
include N =25 interconnected neurons, with some sub-
set of those neurons being connected to the output neu-
ron.

Considering the network architecture in more detail,
FI1G. 4 illustrates a subset of some possible network
interconnections for the network. The input neurons,
labeled A-D in the figure, are configured in an array so
that each may accept one piece, or pixel, of an input
pattern. This capability mimics the process by which a
visual image would be defined on the input layer of the
human primary visual cortex. The output connection of
each input neuron is specified to connect it with some
set of hidden neurons, labeled E-J in the figure, and
possibly the output neuron, labeled O in the figure.
Within the hidden neuron network, each neuron may be
connected to some set of input neurons, some set of
hidden neurons, and the output neuron, but all three
types of connections are not required for any given
neuron.

In operation, the activation state of each neuron de-
termines whether or not it “fires”, i.e., whether or not 1t
sends an output signal to the other neurons connected to
it. This activation is determined by all of the input sig-
nals received by each neuron, i.e., a neuron’s activation
depends on the activation of the neurons connected as
inputs to it. Arrows in the figure indicate the direction
of input and output for each connection between a pair
of neurons. If a neuron’s activation is smaller than a
design threshold, the neuron will not send any output
signals. If the neuron’s activation reaches or passes the
design threshold, it will “fire” by sending an output
signal along each of its output connections.

When a neuron "“fires”, its output signals act to affect
the activation states of the neurons to which it sends
signals. There are two possible conditions, called types,
of neuron output signals. A neuron’s output signal may
be excitatory (type 1), meaning that it 1s trying to “turn
on” a succeeding neuron by raising that neuron’s activa-
tion state. Alternatively, the neuron’s output may be
inhibitory (type 2), meaning that it is trying to “turn
off’ a succeeding neuron by lowering that neuron’s
activation state.

Each neuron is specified as being either excitatory or
inhibitory by assigning a multiphcation factor, called a
weight, to each of its output connections. When a neu-
ron ‘“fires”, sending multiple output signals, each of
those signals is multiplied by the weight of the particu-
lar connection it has been sent through. A positively
weighted signal acts to increase a succeeding neuron’s
activation, while a negatively weighted signal acts to
decrease a succeeding neuron’s activation. This custom
weighting of each output signal is what enables a neu-
ron to increase or decrease the activation of a succeed-
ing neuron. The particular assigned weight determines
the degree to which one neuron’s output signal contrib-
utes to the next neuron’s activation.

The connections of each neuron in the example NN
are further defined such that when any of the hidden

neurons or the output neuron “fires”, it does not send an
output signal back to the input layer. However, output
signals of each hidden neuron may be sent to other
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hidden neurons as feedback within the hidden neuron
network.

These activation and connection design rules are
supplemented by design constraints, based on experi-
mental physiology, which are applied to the network
architecture to model the behavior of the biological NN
of the visual cortex. The additional design constraints
include:

(1) A neuron has no feedback connection to itself.

(2) Each of the neurons is excitatory or inhibitory, but
not both simultaneously.

(3) All input neurons are excitatory, and all hidden
neurons are inhibitory.

Constraint (3) defines the example NN to be of the
ON-Center/OFF-Surround architecture. Operation-
ally, this implies that the input neurons are always try-
ing to turn on the hidden neurons they are connected to,
as well as the output neuron, while the hidden neurons
are all trying to turn off the other hidden neurons they
are connected to, as well as the output neuron.

The output neuron does not send any signals back-
ward to the hidden or input neurons; its only output
signal is, in the example, the NN’s horizontal edge
strength measure for an input pattern. This output sig-
nal is a real analog number, with the range of the signal
determined by the NN interconnection design and train-
ing, as discussed below.

Given all of the design rules and assumptions dis-
cussed above, the last remaining NN design specifica-
tion is the choice of interconnections between all of the
NN neurons. This interconnection choice may be con-
sidered as the selection of the NN interconnection
weights, as an interconnection weight of zero implies
that no interconnection exists, while a positive weight
causes an interconnection to be excitatory and a nega-
tive weight causes an interconnection to be inhibitory.

Each interconnection weight, and the NN set of
weights together, is chosen to enable the NN to provide
a desired relationship between a set of input patterns
and the output horizontal edge strength measures the
NN would generate for the set. In particular, the NN
weight set is chosen to define the range of the output
signal and the correspondence between values in the
range and strength of a given horizontal edge. Thus, the
weight set selection acts to calibrate the NN for a design
specified input-output (1/0) relationship.

In the invention, a trial and error approach is used to
select the NN interconnection weights. The inventive
method eliminates the need for certain simplifying as-
sumptions required in known techniques for designing
interconnection weights for a NN. Furthermore, the
resuiting NN may require fewer neurons and fewer
interconnections than a corresponding NN designed
using other methods. Also, the resulting NN may be
easier to implement than a corresponding NN designed
by known methods.

The particular trial and error strategy employed by
the current invention is a form of the general search
strategy called the genetic algorithm (GA). The GA 1s
a known search procedure, inspired by evolution and
heredity, for locating high performance structures in a
complex task domain. It is an iterative technique for
exploring large search spaces and complex problems of
the kind that lack convenient closed forms. For NN
design purposes, it is a search method for finding a good
set of interconnection weights in a high-dimensional,
non linear weight space.
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Note that the weight space, or set of possible NN
interconnection weights in our example, is large enough
(there are 49 input neurons and 25 hidden neurons) to
discourage simple trial and error search procedures. In
a traditional unstructured search, the interconnection
weights would be selected by random, the performance
of the newly defined NN computed, the result evalu-
ated, and the process repeated until a satisfactory result
is obtained. This is equivalent to numeration because
each weight selection trial is unaffected by the outcome
of previous selection trials. For any but the simplest
cases it is easy to show that this is not a practical tech-
nique because of the large number of tnals required
before a satisfactory set of weights is achieved. |

In general, the GA principle gives guidelines for
constructing practical search techniques when the num-
ber of possible trials is extremely large. The fundamen-
tal requirements for solving a trial and error problem
with the GA are that the problem must be capable of
being represented by some data structure and that the
problem’s solutions be capable of being evaluated.

The general GA procedure is defined as follows: A
set of structures, called a generation, is created, which
attempts to solve a particular problem. The structures,
generally known as schemas, are manipulated by one or
more genetic operators to create a new set of structures.
These new structures are evaluated on how well they
solve the problem and the best are saved, thereby creat-
ing a new generation. A requirement for constructing
further generations is that the advances already made
must be retained and that the retained advances be used
to increase the population of fit structures. This evolu-
tionary process is repeated until a structure produces an
acceptable solution to the problem.

To choose the optimum set of NN interconnection
weights, the GA procedure is implemented as follows:

(1) An initial set of interconnection weights is formed
by randomly choosing a value for each of the weights in
the whole NN.

(2) The weight set is manipulated by a genetic opera-
tor to create a new generation of weight sets.

(3) Each weight set which is a member of the new
generation of weight sets is evaluated on how well 1ts
corresponding NN responds to a set of test, or training,
input patterns in generating a horizontal edge strength
measure for each of the training patterns.

(4) Steps (2) and (3) are repeated until a set of inter-
connection weights produces a NN with an acceptable
relationship between input patterns and output hornizon-
tal edge strength measures.

In step (1) of the design procedure, the set of NN
interconnections must be represented in a manner that
can be easily mapped to a representation that can be
subjected to a GA operator. This mapping is achieved
by formulating a mathematical representation of the
activations of each of the neurons in the NN to be de-
signed. This formulation is called the short-term mem-
ory (STM) equation, and describes the activation of a
neuron by all of the inputs to that neuron. The most
general STM is shown as Eqn. 1 of FIG. 3.

Z;;, defined in Eqn. 1 as the LTM trace from the j-th
neuron to the i-th neuron, is the weight value assigned
to the interconnection between the j-th neuron and the
i-th neuron. Thus, the matrix of coefficients includes the
complete set of Z;s for all i and j that we seek. The
function f(x;), called a sigmoid function, is defined to set
the threshold for activation of a neuron. Thus, for exam-
ple, using a simple step function as the sigmoid function
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would cause a neuron with an activation below the step
never to “fire”, and would cause a neuron with an acti-
vation above the step to always to “fire”.

Interpreted literally, the STM equation shows that
any changes in the activation of a neuron are deter-
mined by the sum of any external inputs to that neuron
(1), all of the weighted signals received from other
neurons {Z;), and the current activation of the neuron.
This equation is the cornerstone of NN design and is
adequate for an initial NN design. If desired, it can be
replaced with the shunting STM Equation for a better
model.

Given the desired NN architecture described above
and in FIG. 3, the STM equation can be customized to
specifically describe the activations of neurons in the
input layer, hidden layer, and output of the NN. Since
neurons in the input layer have no interconnections
between themselves, Egn. 1 simplifies to Eqgn. 2 of FI1G.
§ for the input layer neurons, showing that input neu-
rons only receive inputs from the pattern defined on
them.

Neurons located within the hidden neuron network
may receive inputs from any of the input neurons and
any of the other hidden neurons, so that the STM equa-
tion for the hidden neurons simplifies to Eqn. 3 of FIG.
5

Likewise, the output neuron may receive inputs from
any of the input or hidden neurons, so its STM equation
simplifies to Egqn. 4 of FIG. 5.

In Egn. 3, the interconnection weights may be
grouped between those associated with connections
between the input layer and a hidden neuron and those
associated with connections between two hidden neu-
rons. This new hidden neuron STM equation, as shown
in Egn. § of FIG. §, delineates the weight interconnec-
tions within the hidden network as Z;; and interconnec-
tions between the input layer and hidden network as
y

In the steady-state, each of the input neuron activa-
tions will approach the external inputs applied to them,
1.e., Xx will approach Ix, where k=1, ..., M. For this
case, the steady state hidden system STM equation
becomes Eqn. 6 of FIG. §.

To map the interconnection weights to a structure
which may be manipulated by a GA operator, matrix
notation is introduced as shown in Eqn. 7 of FIG. 5.
Each element of matrix X represents the activation of
the corresponding neuron in the hidden neuron net-
work. Using this matrix notation, the hidden neuron
STM equation (Eqn. 5) becomes that of Eqn. 8 of FIG.
S.

Using this matrix notation, each element of matrix A
represents the corresponding interconnection weight

between two of the hidden neurons. As an example,
FIG. 6(a) illustrates what the elements of matrix A

would be for the simplified NN of FIG. 4. The first
element of matrix A, Zgg, is the weight coefficient of
the interconnection from hidden neuron E back to itself.
Although, as was discussed above, this interconnection
is not actually allowable by the design rules, it, like
every other theoretically possible interconnection from
neuron E, is included in the general matrix.

Similiarly, the second element of the first row, Zgr,
describes the weight of the connection from hidden
neuron E to hidden neuron F. Thus, the first row of
matrix A includes the interconnection weights for all
possible connections from neuron E and all of the other
hidden neurons. Likewise, all of the other rows and
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columns of matrix A represent each of the other possi-
ble connections between the hidden neurons.

As shown in FIG. 6(a), matrix B represents zll of the
possible interconnections between the input layer neu-
rons and the hidden layer neurons. Thus, each element
of matrices A and B may be directly correlated to a
physical interconnection of the NN being designed.

Continuing with the matrix notation and considering
the output neuron activation, the steady-state output is
denoted simply as Z, i.e., xpapproaches Z in the steady-
state. Then the output neuron’s STM equation may be
grouped to delineate which interconnections are com-
ing from the input layer and which are coming from the
hidden layer, the sets of interconnections being repre-
sented 1n Eqns. 9 and 10 of FIG. §.

FI1G. 6(b) illustrates what matrices C and D would
look like for the example NN of FIG. 4. Matnx C in-
cludes all of the possible connections between hidden
neurons and the output neuron. Matrix D includes all of
the possible connections between input layer neurons
and the output neuron.

Given this matrix formulation of the NN activations,
the design rules and constraints discussed above can be
efficiently and understandably imposed as the GA is
used to determine an optimum set of interconnection
weights. Further, and more importantly, the A, B, C,
and D matrices can be directly manipuiated by the GA
procedure to solve the weight search. Indeed, each GA
interconnection generation is simply a new copy of the
interconnection matrices, so that each matrix element
coefficient (weight) plays a role analogous {o a DNA
molecule in biological evolution.

To begin the GA interconnection weight search pro-
cedure using the weight matrix notation, the activation,
connection, and physiological design rules discussed
above must be imposed on the interconnection weights,
and thus on the interconnection weight matrix elements.
With these constraints, the weight matrices for the ON-
Center/Off Surround NN being designed have the fol-
lowing properties:

(1) A has zero diagonal components,

(2) A and C have only negative or zero elements,

(3) B and D have only positive or zero elements,

(4) The rows of A give the lateral inhibition to other
hidden neurons. |

While these constraints are difficult to include in
standard design techniques, it will be seen that they can
be easily accommodated using the GA search tech-
nique. FIG. 7 summarizes the constraints on the system
matrices for the biological-like NN.

With these constraints in place, the computational

steps for the NN design procedure (see FIG. 8) are as
follows:

(1) Form (40) a parent initial matrix set A, B, C, and
D of interconnection weights which satisfy the design
constraints,

(2) Make copies of the parent set of matrices, and for
each copy (42), randomly select a number of the matrix
elements to be changed, subject to maintaining the
above matrix properties, to produce successor matrices
(offspring). In GA terminology, a mutation operator is
used to construct new generations.

(3) Apply a set of input patterns (44) to each NN
corresponding to one of the copies and solve {(46) for
each NN’s edge strength output for each pattern. (Note
that a solution may not always exist.)
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(4) Compute (48) a metric to quantify the discrepancy
between each of the NN outputs of (3) and the prespeci-
fied solution (50).

(5) Select (§2) the copy of the A, B, C, and D matrix
set which provides the best NN 1/0 relationship (i.e.,
has the smallest discrepancy metric). Make this copy
the survivor.

(6) Use the survivor as the parent for the next genera-
tion and repeat steps (2)-to-(5).

(7) Continue until the selection criterion is met (54).

(8) The surviving matrix set A, B, C, D determines
the interconnection weights for the final NN design.

The example NN edge strength preprocessing mod-
ules to be designed using the above procedure contain,
as described previously, 49 input neurons, 25 hidden
neurons, and one output neuron. This NN requires 1924
interconnection coefficients to be specified. For sim-
plicity, the sigmoid function defined in the activation
equation is a unit step. The model is a “sum of sigmoids™
not the usual simplifying approximation of *‘sigmoid-of-
sums”. '

To implement step (1) of the design method, a ran-
dom number generator i1s used to specify the matrix
elements, thus establishing an initial parent set of inter-
connection weight matrices. Although the elements of
the parent matrix set are chosen randomly, the intercon-
nection constraints described above are followed in the
choice. The random selection of initial matrix elements
increases the likelihood that some portion of initial
weights will be adequate immediately, thus decreasing
the required computation of new generations.

Using the GA mutation operator, each new genera-
tion i1s created by first making 10 copies of the parent
matrix set A, B, C, D. Then, for each copy, one-third of
the weight elements of each matrix are randomly
changed, subject to the given interconnection con-
straints, over the search range 0, +/—-1, 4+/-2,...,
+/—10. While other GA operators may be feasibly
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As shown in FIG. 9, training patterns 1, 2, and 3 are
examples of input patterns with horizontal lines, and so
should elicit a high response from the NN, with pattern
1 generating the highest response. Training patterns
4-12 of F1G. 9 have little or no horizontal components
in them, and so should elicit varying degrees of low
responses.

FI1G. 10 illustrates the mapping of acceptable output
responses, or Zs, for each of the 12 training patterns, to
the response ranges. The first dot, labeled 1 1n FIG. 10,
is the output Z for the first training pattern. For this
case, Z surpasses the HI band limit of 100 because of its
maximum horizontal strength. The dots 2 and 3 he
above the HI pass band minimum of 50 because they
have a high degree of “horizontalness’. The dots corre-
sponding to patterns 4-12 are expectedly located be-
tween — 100 and 10, indicating their degree of horizon-
tal edge strength.

The HI-1.O metric is formulated by summing the
error of the NN output for each training program.
Thus, for N, training patterns, the error, d, of the NN
output is given by Eqn. 11 of FIG. §. As shown by Eqn.
12 of FIG. &, if the NN correctly calls a “*high pattern”
“high” or a “low pattern” “low”, d=0 for that pattern.

25 If the NN incorrectly measures a pattern’s horizontal

30

35

used with the current inventive NN design method, the 44

mutation operator is most easily applied to the schema
defined by the matrix notation and has been found to be
sufficient.

The choice of 10 copies (or offspring) per generation
and one third changes per copy is purely logistical and
may be chosen differently without affecting the effi-
ciency of the method. Similarly, the search range limit
of — 10 to 4 10 places a boundary on the search space to
speed up the calculations, and may be chosen differ-
ently.

To implement step (3) of the design procedure, the 12
training patterns illustrated in FIG. 9 are input to each
of the NN offspring of the current generation, and each
of the NN offspring’s responses is calculated. The ar-
rengement of 1’s on a background of 0’s in each training
pattern represents a possible edge. A desired output is
specified for each input training pattern, and a metric is
defined to measure the distance, or error, of the NN
response from the desired output. Many metrics are
possible. One possible metric specifies that for each
input pattern, the NN output response Z should lie
within a bank of upper and lower bounds. This HI-LO
metric, described below, is used to calibrate the desired

NN output measurement for each training program.
The metric defines the acceptable NN output to be in
the range 50-100 for the “high response” training pat-
terns, and — 100-10 for the “low response” training
patterns.
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edge strength, d=1 for that pattern.

Another type of metric would require that the output
be above a passband threshold for certain patterns and
be below a stopband threshold for the other patterns.
This PASS-STOP criterion is formulated as follows:

For Nj PASS patterns and N> STOP patterns, with
N,=N)+ Ny, the error, d, of the NN output is given by
Eqn. 13 of FIG. 5. As shown in Eqn. 14 of FIG. §, if the
NN correctly identifies a pattern, d=0 for that pattern,
while d=1 if the pattern is not identified correctly.

For both metrics, the inequality of Egn. 15 of FIG. §
holds true. The condition d=N, means that the NN
satisfies none of the selection criteria (maximum error);
the condition d=0 means that the NN satisfies all the
selection criteria and that a solution has been reached.
In the design procedure the metric, d, starts at N, (or
smaller) and monotonically decreases to zero.

To compute the error d for each NN copy and pat-
tern, Egn. 8 of FIG. § must be solved for the steady
state activation matrix X with that copy and pattern.
Once X is known, the NN output Z is computed di-
rectly with Eqn. 10 of FIG. 8. This Z 1s then compared
to the HI-LO metric to determine the error d. Recasting
Eqn. 8 of FIG. 5 to reflect a particular NN, given the
matrices Anxyny and Byyasand an input pattern Iagxy, it
is required to solve Eqn. 16 of FIG. 5.

Assume for illustration that Ixsx; is binary. It is easily
shown that for some choices of {A,B,I} no solutions
may exist, a single solution may exist, or multiple solu-
tions may exist.

The solution of non linear matrix equations such as
Eqgn. 16 of FIG. 8 may be achieved using many different
methods. The method used for the inventive design
procedure is a combination of operator decomposition
followed by recursion based on a fixed point theorem.
The first two terms of the operator decomposition solu-
tion, Xgand X, are given by Eqns. 17 and 18 of FIG. 5.
The recursive form used to solve for a final X matrix is
given as Egn. 19 of FIG. §, with X being the initial
value. The recursion is continued until X(+)=X(-).

The above recursion scheme will converge to a solu-
tion if and only if the operator defined by the nght-hand
side of Eqn. 19 of FIG. § is a contraction operator. In
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practice, an operator may be 2 contraction in some
subspaces and not in other subspaces. For the horizontal
edge strength NN, the initial values generated by opera-
tor decomposition will be in a contraction subspace for
more than 90% of the choices of the A and B matrices. 5
It typically requires 7 to 10 recursions to reach the final
solution of the activation equation.

To complete steps (4), (5), and (6) of the design proce-
dure, the metric d of each of the 10 different offspring
NNs is compared with the metric d of the parent NN. If 10
an offspring metric is below the parent metric, then the
offspring replaces the parent NN for the next genera-
tion. When two or more offspring NNs all are more
satisfactory than a parent NN, one of the offspring is
randomly chosen to become the new parent.

To summarize the system variables chosen for the
inventive design method, Table 1 lists together all of the
design rules chosen to complete the S-step procedure
outlined above.

15

TABLE 1 20
INPUT PARAMETERS FOR DESIGNING A HORIZONTAL
FEATURE DETECTOR USING AN ON-CENTER
OFF-SURROUND NEUTRAL NETWORK
INPUT NEURONS (M) T x 7 (49)
HIDDEN NEURONS (N) 25 25
COPIES PER GENERATION 10
FRACTION OF WEIGHTS i
VARIED PER COPY
SEARCH RANGE G +/7-1, +/12,..., +/-10
HIGH BAND 50 TO 100
LOW BAND - 100 to 10 10

FI1G. 11 illustrates the time history of the metric d as
the GA design procedure evolves a set of interconnec-
tion weight matrices to an acceptable solution. The
acceptable solution is achieved after about 600 NN
generations. The one remaining error at the 600th gen-
eration corresponds to the response above the high
threshold from the first training pattern, which is ac-
ceptable. FIGS. 12A through 12D illustrate the final A,
B, C, and D matrices that the example GA design pro-
cedure produces. These matrix values are used to imple-
ment the NN interconnections so that the resulting NIN
measures edge strength values within the output range
defined by the training patterns.

In practice, one would like 10 minimize the computa- 45
tion time required to reach an acceptable generation of
NN interconnection weights. Two of the critical pa-
rameters to be chosen for this consideration are the
number of hidden neurons in the NN and the number of
copies made per generation of the GA procedure. The 50
relationship between these parameters follows a power
law, as shown by Eqn. 20 of FIG. §.

To illustrate this relationship, the effect of changing
these parameters is shown for a fixed cooperative-com-
petitive (C—C) NN. In a C—C NN, the hidden neurons
maybe of both types 1 and 2 (excitatory and inhibitory,
respectively). Therefore, in applving the matrix con-

straints to a C—C NN, the system matrix properties for
ON-Center/OFF-Surround NNs are modified as fol-

35

33
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lows: property (1) still holds while properties (2) and (3)
are changed such that the corresponding columns of
matrices A&C and C&D have the same sign.

FIGS. 13 and 14 illustrate the number of generations
required to find an acceptable interconnection weight
set as a function of the number of hidden neurons and
the copies made per generation, respectively. As shown
for this C—C case, a=1 and 8= —3/2. Since the total
computer design time is proportional to the total num-
ber of copies, i.e., to NG X NC, to first order the compu-
tational time varies as N/NCi. Because the mutation
process is random, the number of generations required
for solution is also random. The brackets indicate the
range over which solutions were determined.

The design method of the invention may be generally
applied to any NN design which can be mathmatically
formulated to allow for manipulation by a GA operator.
For example, a diagonal, rather than horizontal, feature
detector may be designed. FIG. 15 illustrates the NN
output response Z of a diagonal edge strength NN mea-
surer using the same training set described above. This
NN is designed using the same method described above,
but with different HI-LO bands so that a 45 degree
diagonal detector NN is achieved. FIGS. 16¢ through
16D show the final matrices for the diagonal detector.

As a second example, the method may also be em-
ployed to design a NN analyzing gray input images,
rather than binary images. A summary of this design
method is as follows: The gray input pixel values are
scaled to lie in the interval {0,1] using a digitizing pre-
processor. To preserve the grayness of the input image,
a piecewise linear sigmoid function with saturation 1s
used in the activation equations so that a neuron’s “fir-
ing”’ threshold is analog like, rather than digital. With
this definition, the X matrix (hidden neuron activa-
tions), and NN output response Z are given by Eqns. 21
and 22 of FIG. §. Here f1( ) may be a unit step as before
and f>( ) i1s a piecewise-linear sigmoid with saturation
such as given by Eqn. 23 of F1G. 8. This set of equations
is used in the above design procedure to achieve 28 NN
which 1s sensitive to edge gradient measurements of
gray, rather than binary, images.

The method may also be used to design a NN with
multiple outputs, rather than a single output neuron, or
with other 1/0O properties. The method may be ex-
tended to generally provide a design framework for
constructing any type of NN to have a desired network

performance.

The method may be implemented by software. An
example of code that implements the method is set forth
in Appendix A. The code in Appendix A is written in
the APL language, and may be run and compiled on the
IBM-AT computer. Appendix A is subject to copyright
protection. The copyright owner has no objection to
the reproduction of Appendix A as it appears in the
United States Patent and Trademark office, but other-

wise reserves all copyright right whatsoever.
Other embodiments are within the claims.
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T¢ 10 1 0 1 h
THI«T+3
TLO«T~-3
Me2
N3
NPATTERN¢4
PATTERN¢(NPATTERN,. 1.
PATTERN[1::J)¢ 1 2
PATTERN(Z2;;1¢ 1 2
PATTERN[3::1¢ 1 2
PATTERN(4::]l¢ 1 2
T¢ O 6 6 0
THIT+2
TLO&T~-2
Me21l
N&25
NPATTERN«24
PATTERN¢(NPATTERN,7.3)p0
PATTERN«TCELL1
PASS¢112
STOP+12+112
A THI«50
A TLO«10
39 P 0GP0 000 0600680060080 00000 8066080004
AGREY DESIGN INPUTS
"} 0008400080000 000e 000000000000 08909004
A
M«49
N&25
Q
NPATTERN¢18
PATTERN«OFREAD 1 25
R
PASS¢« 1 2 3 4 5 6
STOP¢+ 7 8 9 10 11 12 13 14 15 16 17 18
THI«SO0
TLO+10
MINMETRICENPATTERN
S«(NPATTERN)pO
A
L«100
Pe3
NC«10
NG5
SCALE{(N+1) ,(M+N))p(Np2),(Mpl) ASCALES ELEMENT VALUES IF REQ'D.
METRICVECTORGENERATIONVECTOR+(NG+1)p0
A

SYSTEM¢~1+?((N+1),(N+M))p(L+1) ACHOOSE RANDOM POS ELEMENTS
AMIN«Ae-(SYSTEMILIN;\NIx~{N,N)pl,Np0) ARNEG SUBMATRIX WITH ZERO DIAGONAL.
BEMIN«Be(2xSYSTEMILN;: (N+1M)]) APOS SUBMATRIX.
CMIN«Ce-((1,N)pSYSTEMI(N+1);1N1) ANEG SUBMATRIX.

DMIN#D«{2x(1,M)pSYSTEMI(N+1);(N+1M)]) APOS SUBMATRIX.
SYSTEMILN:LN]J«A RREVISE SYSTEM.
SYSTEMILN;(N+LM) ]+B

SYSTEMI(N+1):;LN]+C AREVISE SYSTEM.
SYSTEMI(N+1);(N+ M) ]«D
AXX XX AXXXXXAARXAX XXX AXXXAKXNAXXXXX

JE%%COPIES

A

RINPUT= SYSTEM

ROUTPUT=SYSTEMC,ACOPY, BCOPY,CCOPY,DCOPY
COLINDEX«1=?(M+N)pP
MTEMPle((N+1),(M+N))pO0
MTEMP1eMTEMPl+((N+1), (M+N))pCOLINDEX
MTEMP2¢"1+?2(1+MTEMP1xL)
STRINGeEx(T1.5+?2(N+Mlp2)
COLSIGN«COLINDEXXSTRING

= O0OO0OWN
HOKOD

o
d
P
e
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(10]
{11]
(121
(13]
(141
(151
(16]

[Q)
(1]
[2]
[
[4)
[5]
[6]
[7]
[8)
[9]
[10)

[11)->X0¢TE
[121—>X1«ACOPY
[(13) :g§231x0+

(14]
(15)
(16]
{17]
(18]
r1sl
[20]
(21]
(22]
{23]
[24]
[25]
{26]
{271
(=71
(..

(O]
(1]

(O]
(1)

(O]
(1]
L 2]
(31
(4]
(5]
(6]

[u)
(1)
(21
[
(471
(5]
(6]
(7]
(8]
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MTEMP2¢MTEMP2x ( (N+1), (M+N) ) pCOLSIGN
SYSTEMC¢SYSTEMX~MTEMP1
SYSTEMC¢SYSTEMC+MTEMP2
ACOPY¢SYSTEMCI1N;lNIx~(N,N)pl,NpO
BCOPY«SYSTEMCL1N; (N+1M))
CCOPY«SYSTEMCIL (N+1);1N3
DCOPY«SYSTEMCL (N+1); (N+1M) )}

|?§EEEE§U[D]?S

SOLVEQU
RXXAXRXXX XXX XX XA AKX XX AR XX XA I OANNXX
ASOLVES: X=Af(X)+Bf(I) -

PP D OIS ORGP0 P 0900006000000 0000900000064
INPUT«(M,1)pPATTERNLKKK: ;] AMAP 2D-+1D
P09 6606009094600 000680080 ¢ 6080086666606
ACOMPUTE CONSTANT TERM

AINITIAL GUESS IS FIRST TWO TERMS

AOF OPERATOR DECOMPOSITION SOLUTION

2300000000060 0009000060080 0000000060600 00 4
AR XO0«TEMP1«BCOPY+.x(STEP INPUT)

«BCOPY+.x(SATURATE1l INPUT)
. X(STEP X0)

L]
t

R
TKe0
LOOP1:
TEMP2+ACOPY+. xXl{ STEP XOLD)
XNEW«(TEMP2+TEMP1)

DELTAX¢XNEW~-XOLD

R XX MMM KMUEX KKK XX XA X IR AL
ACONVERGENCE TEST

PP OO SO S G PP G PP D098 0008804008 004449 ¢.9.¢6.044
MAXERROR«+/ 1, DELTAX

2+ {MAXERROR=0) /END

o |

TKeTK+1

XOLD¢«XNEW

+({TK=<10)/L0O0OP1
ND:
iﬂiﬁiﬁijill,
Z¢«STEP X
Zef ( ol .
Y CATURATE1(DIv )
Z«SATURATE1l X
211 COrX)

OUT1«CCOPY+.x(STEP XNEW)

A OUT2«DCOPY+.x(STEP INPUT)
OUT2¢DCOPY+.x(SATURATE1l INPUT)
S[KKK]«OUT1+0UT2

RS«0OUT1+0UT2

SELECT

AMETRIC

A METRIC¢#+/~(S5=T)
AMETRIC#+/~{(TILO=S)A{(S=<THI))

METRIC#(+/~THI<S[PASS))+(+/~TLO2SISTOP])
+(METRICZMINMETRIC) /DONE

AMIN€ACOPY

BMIN«BCOPY

CMIN«CCOPY

22



[9]
(101

5,249,259 -
23

DMIN«DCOPY
MINMETRICEMETRIC Z

{11] DONE:

G- R e

TSR LUTIONCTRD

[O]
(1)
(2]
(31
[4)
[5]
[6]
{73
(8]
(9]
(10C]
[11]

B
[1]
(2]

[4 4
[5]
[6])

(7]

(8).
{91l

(101
[11])
[12]
(131
(14
{15]
[1€6]
[17]
[181
(15]
(20]
[21]
(22]
(23]
[24)
{25)
[26]
[(27]
[~=1
(o 4
[30]
[31]
(12])
{(33)
(34]
{35]
[36]
[37]
{381
391
{40]
(41]
(42]
(43]
[44]
[45]
[46]
(47
{48)

RELhFBEONe TV

SOLUTION
ACHECKS FINAL SOLUTION
ACOPY¢A

BCOPY+B

CCOPY«C

DCOPY+D

KKK¢1]1
LOOP:

SOLVEQU

oUTPUT

KKKKEKX+1

+ (KKK=NPATTERN) /LOOP

DESIGNA
AXARXXUXKXXXXKXXK LXK XAXXKEXXAXX XXX XX XXX AKX XXX KK KX KX X
APRGM DESIGNS MULTI-INPUT, SINGLE OQUTPUT NN'S.
RXXXXKAAXXXAXKXXE XX XK XXXXXXXXAXX XX XXX XXX X KX KX INK X
AM= INPUT DIMENSION

AN= NUMBER OF HIDDEN NEURONS
R

ANPATTERN= NUMBER OF TRAINING PATTERNS
APATTERNI[K::1= INDEXED SET OF TRAINING PATTERNS
AT= TARGET SEQUENCE

ATHI= TARGET SEQUENCE UPPER BOUND

ATLO= TARGET SEQUENCE ILOWER BOUND

AD= METRIC

A .

AL= RANGE OF INITIAL VAIUES FOR A,B,C MATRIX ELEMENTS
ARANGE= ~L,...,0,1,...,L '
AP= 1/PROBABILITY OF AN ELEMENT CHANGE
ANC= NUMBER OF COPIES PER GENERATION

ANG= NUMBER OF GENERATIONS
R

AINITIALIZE

Gia) < ¢« dov Ay
A TARTE DTS

FRACTION«TRYCOUNT«SOLVECOUNT«ABORTCOUNT¢1]
Kel
AXXXXAXXXAXAXAXXRXXAXXAYXXXXAXAXXXRXAX XXX AXARXXXX

1} 0008 60000000000 ¢t PP 0000ttt POt POOP G OO P
GLOOP: | -

2|

KKl
RXUURXATXWXAAAAAYEAXEX ALK KK AIARK TN AXXX

2P 200008808086 8868008800800060808088009088¢8 8.4 644

CLOOP:
KECOPIE

R
KKK¢1
AXAAXXANAAX XXX AXXAAXKXARXXXXAXX XXX XXX XXX XK XXX X

AXXXAXKXAXAXXXAUX XXX AXXXXAXXX XXX XXX XXX AXXKXX
TLOOP: ARTRAINING LOOP

TRYCO «TRYCOUNT+1

O
AXXXAXKXXXAXXA XXX XXX XXX AXAAXX XX AR XK AXXX

AXKXXXXHXKXAXXAXXX XA XX XXX XXX XXX KX XXX AAXXKXX
+{(TK=10)/CONTINUE .




[49]
(501
[51]
[52]

(54)
[55]
(561
(571
(58]
(591
[60]
(611
[{62]
[63]
[64]
r6s51
(66]
(671
(681
(69]
[70]
(711
(721
(73]
[74]
(751
[76]
[(77]
(== 1
(..J
[80)
(81]
(821
[83]
[84])
<851
[86]
(871
L88])
[89]
(30]
(91]
(921
(53]
[94]
[95]
[(96]
[(97]
(58]
(99]
1100)
(1011
(102]
(*"3)
{ .12
{1051
(1061
[107])

(0]

[1]
(21

L4)
[5)

5,249,259
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n‘_l ¢

O«'SYSTEM NOT SOLVED'
O¢'GENERATION= ' ,3%K
O«'COPY="',%KK

O«'PATTERN=' ,$KKX

O«' ABORTCOUNT="' ,$ABORTCOUNT
FRACTION¢SOLVECOUNT+TRYCOUNT
O¢’'FRACTION OF COPIES SOLVED= ' ,s$FRACTION
ABORTCOUNT+ABORTCOUNT+1

+ (ABORTCOUNT>20000) /END
+CLOOP

CONTINUE:

SﬁéﬁECOUNT+SOLVECOUNT+1

KKKeKKK+1
3900000090885 009080 000000000 PPPCPP P00 OP &4

AXAXXAAXRAXKXXXARXAXAXKKXXXXX XXX XXX XA XX XXAKX
=+ (KKK=NPATTERN) /TLOOP

3000 00000000 Ptttoteesrtettetrrerrresesesed
e atatatat SELECT SURVIVOR---=--=-====---=-
PP PSP PPPDPOPPDPOP PO CEPEPOOPOS OGP &

<+ ({MINMETRIC=0)/END
KK¢KK+1
=+ (KK=NC)/CLOOP
230099090 ¢4 900900403400 00 000000000000 0006 v &4
Aecmecee e oo -- -END COPIES-w—~ccomcrcmccccrncw-
1006000000046 4660400000 80000 0009000000600
SYSTEMItN; LNI+AAMIN
SYSTEMILN :(N+1LM) ]«B+BMIN
SYSTEMI(N+1);:LN]«C+CMIN
SYSTEMI{(N+1):(N+ M) 1¢D«DMIN
SYSMETRIC#MINMETRIC
D&t ! 3
U«'GENERATION COMPLETED, NUMBER= ' ,&K
O«'METRIC= ' $SYSMETRIC
[]{-' §
GENERATIONVECTORIKI¢K
METRICVECTORIKI«SYSMETRIC
P 0060040666009 0008608000 0000000008049 6969 ¢4

R XXX XXX XXX IO XXX AR X XK AXX KX AKX X
KeK+1

2 (K=NG) /GLOOP

RXX XX XAXAX KK XXX XXX KKK X XXX KKK HHXXXAXNX

AX XA E XXX XWX X XXX AAX KX ANAXXXXAXXX
END:
SYSTEMIIN; \N]«AAMIN
SYSTEMILN:;(N+LM) ]+B¢«BMIN
SYSTEMI(N+1) ;L N]«C«CMIN
SYSTEMI(N+1);:(N+ M) ]eDeDMIN
SYSMETRIC#MINMETRIC
D*_! ’
O¢«'FINAL SYSTEM: GENERATION = ', 8K
Oe*METRIC = ' ,$SYSMETRIC
GENERATIONVECTORIKI«K
METRICVECTORI[KI¢SYSMETRIC

STOP TS

INITIAL

AM«9

AN+l

A

ANPATTERN«4

APATTERN+ (NPATTERN,3,3)p1

26



[6]

(71

8l

[9)]

{10]
(111
[12]
[13]
{141
(15]
(161
(171
(18]
{1i9]
(20]
(21)

[(22)
[23]
[23]
[24]
[25]1]
(26
(=71
(o
(29)
[301
{31)
[32]
[33)
(24]
[35]
[36])
(37]
(381
[39]
(40]
(41])
[42]
[43)
[44]
(45]
(461
[47]
{42]
(43)
[44]
{45
[247]
[.
(48]
[49]
(50
(511
[52)
(53]
[54])
[55K]
(.
{571
(58]
(59]
(601
[61]
(621
(63
[64]
[65]
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PATTEFN[1;:; IJ¢«HOR
PATTERN[2;; J¢DIAGUP
PATTERN(3:; J¢VER
PATTERNI[4;:J¢«DIAGDN
T«5,1,0,1
THI« 6 2 1 2
A TID« 4 0 "1 O -
AMETRIC¢«S«(NPATTERN)pO
ASYSMETRIC«MINMETRIC+5
M&49
N&2S
NPATTERN«12
AR NPATTERN«4
PATTERN«(NPATTERN,7,7)pl
PATTERN[11; ;: J¢HOR1l
PATTERN[2; ; J+HOR2
PATTERN([3:; 1J«HOR3
PATTERNI[4;: ;: J«+DIAGUP1
PATTERN{4: ;: 1«DIAGUP]
PATTERNIS5; ; 1¢DIAGUP2
PATTERN(6; ; J¢«DIAGUP3I
PATTERNIL7; : J¢«VER1]
PATTERNIL8; : J«VER2
PATTERN[9: : J«VER3
PATTERNI10;:; J¢«DIAGDN1
PATTERN({11l;;: 1J¢DIAGDNZ
PATTERN{12; ;J¢DIAGDN3
T« 1 1 1 10 10 10 1 1 1 O
THI¢ 4 4 4 20 20 20 4 4 4
TLO¢« ~10 10 10 7 7 7 "1
T« 10 1 0 1
THI«T+3
TLO«T-3
M2 |
N3
NPATTERN+«4
PATTERN« (NPATDTT
PATTERNI[l1;:: 1+
PATTERN{2:: ]+
PATTERN[3::]#
PATTERN[4:;:]¢
T¢+ 0 6 6 0
THI«T+2
PATTERN[1::]¢
PATTERN[2::]1¢
PATTERNI3:: ]«
PATTERNI4:; )&
T 0 6 6 O
THI«T+2
TLO«T-2
MINMETRICeNPATTERN
S«(NPATTERN)eO
A
Le1l0
P«3
NC«10
NG«2Q0

METRICVECTORGENERATIONVECTOR«(NG+1)pO0
A

SYSTEM&« "1 +?2((N+1),(N+M))p(L+1)
COLeEX(T1.5+72(N+M)p23
SYSTEM«SYSTEMX((N+1),(N+M))pCOL
AMINCASYSTEMILN§ LNIX~(N,N)pl,NpO
BMIN«B«SYSTEMILN; (N+1M)]
CMINeC&(1 ,N)pSYSTEMI(N+1):LN]
DMIN€D« (1 , M)pSYSTEMI(N+1):(N+1M)]
SYSTEMILN;LN]+«A

DPDDDD

¢ 710 "10 "10 710

RN,

= = b
NN

"DV DU
Hi4 O ON
HOMOD

ol o o o
NN NN
T 00V

DDP®@PDPDPDDO®XY2TDLDDPPODIDODIDPIXDDDDDLD
OO
~ O - O
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[.
(1
(2]
[3)
(4]
(5]
(6]
(7]
(8]
(9]
[10]
(11)
(12]
(131
(141
[15]
(16)

(0]
(1]
(2]
{
(4]
[5]
[6]
(7]
({81 -
[2]
[1C]
(111
{12)
(13}
[14]
[(15)
{161
{171
(18]
(18]
(20]
(21]
(22}
[23]
(24])
(251
[26]
(27])
("7
(o ]
[30]
(31)
[32]
[331]
(34]
(35]

LO]
(1]
(2]
(3]
(4]

- 5,249,259
29

VMAKECOPIESI[O]V

MAKECOE
R .
RINPUT= SYSTEM
ROUTPUT=SYSTEMC,ACOPY,BCOPY,CCOPY ,DCOPY
COLINDEX«1=?7(M+N)pP
MTEMPl«((N+1),(M+N))pO0
MTEMP1¢MTEMP1+((N+1),(M+N))pCOLINDEX
MTEMP2¢"1+?(1+MTEMP1xL)
STRING&x(T1.5+?2(N+M)p2)
COLSIGN¢«COLINDEXxXSTRING
MTEMP2¢MTEMP2X((N+1),{M+N))oCOLSIGN
SYSTEMC«SYSTEMx~MTEMP1 |
SYSTEMCe«SYSTEMC+MTEMP2
ACOPY¢SYSTEMCILN; LNIx~(N,N)pl,NpO
BCOPY&«SYSTEMC[LN; (N+1M)]
CCOPY¢SYSTEMCI(N+1):1N]
DCOPY«SYSTEMCI (N+1); (N+1M)]

VSOLVEQUIDIY ot

SOLVEUL
PP PO POL O 00000000000 e PP POt e 0P 900 e
ASOLVES: X=Af(X)+Bf(I) |
PO CPPOPCPOI 000 0600000990000 0006066084
A
A
CHe 000000 0000000000 P PP 0Pt teeP POt eeeedd
AMAP 2D-1D |
AXKUHN AKX KX KK KRR KKK K ALK X XXX AXAXNNX
INPUT«(M,1)p PATTERNIKKK: : )
P OOPOPLPL OO PPOPPCPPIPCOPELEOOP LSPGO D
ACOMPUTE CONSTANT TERM
AINITIAL GUESS IS FIRST TWO TERMS
AOF OPERATOR DECOMPOSITION SOLUTION
CH 0008900090900 000009000008 00 80090000090
X0eTEMPleBCOPY+. xT (1L (OTINPUT))
X1€ACOPY+.xI (1LC(OIX0))
XOLDe«X0+X1
A
TK«O0
LOOP1:
TEMP2+«ACOPY+.xl (1L (0l XOLD))
XNEW«(TEMP1+TEMP2)
DELTAXeXNEW-XOLD
)00 9004000030000 0000830000000 P 08090900
RCONVERGENCE TEST
D000 4000000000000 00000000000 00090600
MAXERRORe+/} ,DELTAX
+ (MAXERROR=0)/END

A
A
A
TK«TK+1
XOLD«XNEW |
+{TK=<10)/100P1
END:

<&OUTPUT[D]V)
ouT - |

A

QUTL1«CCOPY+.xT (1L (Ol XNEW))
QUT2¢DCOPY+.xIT (1L {(OTINPUT))
S[KKK]I«OUT1+0UT2

30
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31 32

<}§ELECT[D]£>
(0] SE

{l1] AMETRIC

(2] A METRIC&+/~(5=T)

(3] METRICe+/~((TLO=S)A(S=THI))
(41 <+ (METRIC=zMINMETRIC)/DONE
{5] AMINACOPY

(6] BMIN«BCOPY

(7] CMIN«CCOPY

(8] DMIN+DCOPY

[9] MINMETRIC#METRIC

£10)] DONE:

VSOLUTIONLO)V

{91 SOILUTION

[1] ACHECKS FINAL SOLUTION

[21 ACOPY¢A

[. BCOPY+B

{41 CCOPY«C

(5] DCOPY+«D

{61 KKK+l

{7) LOOP:

[8] SOLVEQU

[(S] OUTPUT

[10] KKX&KKK+1

{11] 2 (KEKXK=NPATTERN)/LOOP
Grzarternzinisd

(0 TPATTERN2

[1] AGENERATES 7x7 TRAINING PATTERNS

{21 HOR1« 7 7 p(21p0),(7p1)

[3] HOR24+ 7 7 p(22p0),(5p1)

[4] HOR3« 7 7 p(23p0),(3p1)

(5] VER1¢&HOR1

(6] VER2¢&HOR2

£71] VER3I«QHOR3

[8) DIAGDNl«¢ 7 7 p1.,(7p0)

{9] DIAGDNZ2¢«DIAGDN]

[10)] DIAGDNZ2[1:1]¢«DIAGDN2[7:7]1¢«0

(11)] DIAGDN3«DIAGDN2

(12] DIAGDN3[(2:;2]«DIAGDNI3I[(6:61¢0

{13] DIAGUPl+eDIAGDN1

- [141 DIAGUP2+6DIAGDN2
(15] DIAGUP3¢«eDIAGDN31

vSUMMARYI[QJV
[3) SUMMAKY

{1 APRGM OUTPUTS A NN DESIGN SUMMARY.

(21 O¢'

(: O«*'NUMBER OF INPUT NEURONS(M) = ' ,sM
[4] O«'NUMBER OF HIDDEN NEURONS(N) = ' &N
(5] O«'NUMBER OF OUTPUT NEURONS(QO) = ’ . %1

(6] O«'NUMBER OF COPIES PER GENERATION(NC) = ' ,8NC

(7] 0«'NUMBER OF PATTERNS(NPATTERN) = * SNPATTERN
(81l O«'RANGE OF ELEMENT VALUES(L) O0,+/-1,....,+/~-L, L= ', 8L

(9] O0«’'1/PROBABILITY OF ELEMENT CHANGE(P) = ' §P
[10)] O¢«'NN TYPE: TYPES 1&2°

(11] Q¢ °

(12)] O«*'METRIC:’

[13)] DB«'THI = ' ,$THI

[14]) QO€'TARGET SEQUENCE(T) = ', 3T

(15] O«°'TLO = ' ,$TLO

(16 Qe«* '

[17) SOLUTION

[18] DO«'SOLUTION(S) = ',#%S |
(19] 0O«'TOTAL NUMBER OF TRIES{(TRYCOUNT) = ', s$TRYCOUNT

(20] O¢«'FRACTION OF TRIES SOLVED(FRACTION) = ', SFRACTION



(21]
[22]
(23)
(24)
(25]

{a)
(1]
£2]
[;’.'-.
(&
(5]
(6]
{71
{81
[9]
{101
(11)
(12]
[13)
{141
{15])
{16)
(17]
[181]
£19]
{201
(21])
[22]
[23]
(24]
[25]
[26]
[271
[28)
{.
t3v]

5,249,259

33 34
O«'NUMBER OF GENERATIONS(K) = ',¥K
D¢ 'METRIC TIME HISTORY: 0 THROUGH K
METRICVECTORI[ LK
O¢'LAPSE TIME (DAYS-HRS-MINUTES) = ',$3121(STOP-START)

O«¢'COMPLETION TIME STAMP: ' ,#STOP

GESIGNBIU ) v:)
DESIG

[ D10T010 0 0 070 0 0 0 00 988000000ttt rsrsesrseetecetessey
APRGM COMPUTES THE OUTPUT FEATURE SPECTRUM OF A PATTERN SET.
AN NN XX XXX XXX XK X XXX KK XXX XXX KX KX LK XXX NN KX KKK XXKXKK KKK KN X
ATIENO= TIE NUMBER FOR INPUT FILE.
aM= INPUT DIMENSION.
AN= NUMBER OF HIDDEN HEURONS.
ANPATTERN= NUMBER OF TRAINING PATTERNS.
RSTEPS FOR ACCESSING FILE:
ABEFORE RUNNING PRGM DO: 'NNFILES'OFTIE 1.
A
AR XXX XX XKXNXX XXX KKK KKK KKK XN XXKKKKX |
RINITIALIZE SYSTEM ' ]
A XXX XN IR XXX XXX X I XK KX KK KX KKK K
A
INITIALBg— Cla Ko
A
BXXXX XX KE KA KA KA AR X AR AANIA
APATTERN LOQOP
RXXX XX KKK I XXX KKK XXX XXX XXX XXX XXX XX
K¢l
PILOOP:
A
R XXMM MM AN KA M KA XK AN A AAAAELEXS
ARFEATURE LOOP
A XXX XN I KKK AN XXX NN XXX KKK KX XXKKK
KKe¢1l * |
FLOOP:
ACTIVITY
+(TK=10)/CONTINUE
ale'

[31] A O«'SYSTEM NOT SOLVED' =>4 O

[32]
(331
(34
{35]
(363
(371
(381
(39])
(40]
(411
(42]
{431
(441
(451

(0]
[1]
(2]
c-
[«
(5]
(6]
[7]
{8)
(9]
[10]
[11]
[12]

A€’ PATTERN=" ' ,3K
*~ O«' FEATURE= ',%KK

A <END
CONTINUE:
OUTPUTB
SPECTRUMIK:XKX;1]¢S
KKe«KK+]
+(KK=4)/FLOOP
KeK+)
+ (KsNPATTERN) /PLOOP CoMPLETED
O¢' ' .
O« 'SPECTRUM CALCULATION ( Shicoasssl 5'
END:
INITIALB
AREAD DATA FROM A FILE.
TIENO&Y
SYSTEM1+0OFREAD TIENO,1 ADIAGUP & DIAGDN.
SYSTEM2¢OFREAD TIENO,2 AHOR & VER.
= ’ .
Me49
Ne25

ADEFINE DETECTOR SYSTEM.
Al€SYSTEMI1[LlN;1N]
Bl1¢SYSTEMI{LN;(N+1M)}1]

CleSYSTEMI{ (N+1):LN]
D1SYSTEMI[(N+1):({N+1M)]}



(131]
(141
[15]
(16]
(171
(18]
£19]
(201

(211

(D]
(1]
(2]
[*°
[ 4
[5]
(61
{7]
{8]
(5]
(10])
{11)
[12]
[13])

(14]
{151

{16]
[17])
(181
{19]
(201
[21])
(221
{23)
(241
(25]
[26]
[27]
(28]
[

(3u]
[31)
£32)
£33]
[34])
{35]
(36]
[37]
(38]
{39]
(40]
[41])
{42]
{43]
[44])

[0)
[1)
[~
[
[4]
[5]
(6]
(71
[8)
[9)

5,249,259

35
A

A2¢SYSTEM2{tN:1N]
B2¢«SYSTEM2ILN: (N+1 M) ]
C2¢SYSTEM2L(N+1):1N])
D2¢SYSTEM2{ (N+1):(N+ M) ]

NPAﬂEMe"@’ b bt
KeKKel
SPECTRUM¢«(NPATTERN, 4,1)p1l

VACTIVITY(D1V

ACTIV " )
2 {KK=1)/L1
»(KK=2)/L2
+(KK=3)/L3
+(KK=4)/L4
A
L1: AHORIZONTAL
INPUT(M,1)oPATTERNIK: ]
ATEMP+«A2
BTEMP«B2
= ITERATE
A
L2: RDIAGUP
INPUTe« (M, 1) PATTERNIK; : ]
ATEMP+ALl
BTEMP+B1l
- ITERATE
A

L3: ARVERTICAL
INPUT«(M,1)p®QPATTERNIK: ;]
ATEMPe«A2
BTEMP«B2
+ITERATE

A

L4: ADIAGDN
INPUT«(M,1)pdQPATTERNIK;: ;]
ATEMP«Al -
BTEMP+B1l
- ITERATE

A

ITERATE:
XO0¢«TEMP1¢BTEMP+.x[ (1L (OTINPUT))
X1€ATEMP+. . xT(1L(0OIX0))
XOLD«X0+X1
TK+0

100P1:
TEMP2ATEMP+ . X (1L (O XOLD))

XNEW(TEMP1+TEMP2)
DELTAX¢XNEW-XOLD

MAXERROR¢+ /| ,DELTAX
+{MAXERROR=0)/END
TK«TK+1

XOLD«XNEW
+{({TK=10)/1LO0P1

END:

A

OUTPUTB
+((KK=1)¥(KK=3))/1L1
+((KK=2)v(KK=4))/L2

A

Ll:

CTEMP«C2
DTEMP«D2
-+QUT

A

1.2:

36



5,249,25
37 ?

[10)] CTEMP«C1

(11] DTEMP+«D1l

(12] =0UT

{14]) OUT:

[15] OUT1¢CTEMP+.x{ (1l (OfXNEW))

[16] OUT2¢DTEMP+.x[(1L(0rINPUT))
[17] SeOUT1+0UT2

YPRINTBIO]V

[+« PRINTB

(1) SIOPEe«' ~7 ##¢ Il X%
{2] Ke9

{3] LOOP:

(4] Det 7

(5] O«'P’',$K

(6] O€¢PATTERN(K; ;]

(71 O«' !

(81 O«2SPECTRUMIK:14;]
[S] O«SLOPE

(10) O«' '

[11] KeK+1

{121 <(Ks=16)/L00P

RN3[(D]V

{0] TPATTERN3

[1] ADEFINES (16) PATTERNS FOR RESPONSE MODULE DESIGN.
(2? PATTERN&«(16,7,7)p0
{. PlePleP9¢ 7 7 p0
[4) Me«d 9 9 pl,(9p0)
(5] PleM[1+17:17]

{6] P1(7:;2])«0

{7 P3eMIL7;17])

(8] POeM[24+17:1+17)

(9] PO9[6:;11«0

{10] PlleMi2+17:2+17]
{11] PATTERNI[1l::1¢P1
[12] PATTERN(Z2::l¢ePl
[13) PATTERN(3::;]¢P3
{14] PATTERN({4;:leoP3
{15] PATTERNI(S::]l¢0P1
[16] PATTERN{6;;l¢doP1
{17 PATTERN[7::]le0P3
(18] PATTERNI(8;::]¢d0P]
[19] PATTERNI[9::]1¢P9
[20] PATTERN{10::])¢«0®P9
(21)] PATTERN({(1l::1]1¢«P1l1
[22] PATTERNI[12::1e0P1l1
[23) PATTERN[13;:1¢ePS
{24) PATTERNI[14;:;]l¢«doP9
[25] PATTERNI[15:;:]«6Pll
(261 PATTERN(16;;:1¢«®%eP1l1

BB ¢ 0000690000000 00 0e0 000000000000 000000000s00ee 0604
[2Y APRGM DESIGNS MULTI-INPUT, MULTI-QUTPUT NN'S.

(. D040 00000000000 0000000t P0CPP0P PP PPPPPOPIOOC OGO T o4
{4 AaM= NUMBER OF INPUT NEURONS

{8 AN= NUMBER OF HIDDEN NEURONS

[6) AO= NUMBER OF OUTPUT NEURONS

{7 A

(8] ANPATTERN= NUMBER OF TRAINING PATTERNS

[9] APATTERNI[X::1= INDEXED SET OF TRAINING PATTERNS
{10] AT= TARGET SEQUENCE

{11) ATHI= TARGET SEQUENCE UPPER BOUND

[12] ATLO= TARGET SEQUENCE LOWER BOUND

{13] aD= METRIC




[14]
[15]
{161
[17]
(18]
(19]
[20)
[21]
[22]
[23)
[24]
[(25]
(26]
(271
(2. 4
{301
{311
{32]
[33]
[34)
[35]
36
{371
(381
[39]
{40
(41)
(42]
(43]
[44)
[45)
[46]
[47)
[48]
149]
[50]
(51]
(52]
[f

[54])
[55]
{561
{57])
(58]
{59])
[60]
(61]
(62)
[63]
(64]
[65]
[66]
[67]
[6B]
[69)
[70)
[71)
(721
(73]
[74]
[75]
[76]
(771
S
(7. J
{80
(811
(821

5,249,259
39

A

AL= RANGE OF INITIAL VALUES FOR A,B,C MATRIX ELEMENTS

ARANGE= -L,...,0,1,...,L

AP= 1/PROBABILITY OF AN ELEMENT CHANGE
ANC= NUMBER OF COPIES PER GENERATION
rRNG= NUMBER OF GENERATIONS

A

RINITIALIZE

A
<INITIALC) — e\ Ko A

A
FRACTION¢TRYCOUNT«SOLVECOUNT«ABORTCOUNT¢1
Ke] !

AX XXX XKIAHAXAXAUAKAXAUXRX X AUXXX XX AUAYXXXXA,X XXX

A-———————e—- GENERATION 1LOOP~-~==woccecm-—-

A YN KKXHAXEX KKK KR AKX KK XXX AN AYX AKX AAXAKXNXXX

GLOOP:

a ]
KK¢1l

AN XXX XX XIMMNUMX XXX KA MK AR WM MNAUXAUKXXX XXX AKX X

A--m—————eeoaa- CoPY LOOP--wrrmmmecrrc e —w=—-

nxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxx
ClLOaP: |

(MAKECOPIESC,

H

KEXK+]1 ,
nxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxx
A-——wmemem——— TRAINING LOOP-=-======w-=--=--
nxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxx
TLOOP: ATRAINING 1OOP

TRYC?EET*TRYCOUNT+1
QLVEQU .

AXKAXXKXXIXXAAXAXKXXAUXAXX XXX XX LXK XXX XXX XK XXX

B XKUY XXX NAX AR XAXMXAAXALAXXX XXX AKX
+(TK=<10)/CONTINUE
U‘_’ 4
g«'SYSTEM NOT SOLVED'
O¢'GENERATION= ' 8K
O¢«'COPY="*,8$KK
O«'PATTERN="' , $KKK
O«'ABORTCOUNT=" ,3ABORTCOUNT
FRACTION«SQLVECOUNT+TRYCOUNT
O¢«'FRACTION OF COPIES SOLVED=
ABORTCOUNT«ABORTCOUNT+1
-+ (ABORTCOUNT>20000)/END
=CLOOP

CONTINUE:

S f%%ECOUHT#S OLVECOUNT+1

KEKKEKKK+1
AXXAAXKXX XXX AUXKX XXX XXX X XXX XXX X XA XX XX XK XXKXXX

' w$FRACTION

AXKRXXAXAAXRXKXXX XXX XA XX XAXRX XX AKX XXX XXXXKX X XXX
=+ (KKK<NPATTERN) /TLOOP

2P 9060448850000 808 8806608800000 080808080840 0084

AXAAXXXXXXXKKXXXXXXAXXXXX XX XXX XX XX ARXAXXAX XXX X
SELECTC

+(MINMETRIC=0)/END

KKeKK+]

-+ (XKK=NC) /CLOOP
)¢ 00000000000 800000. 00000000000 090000094.06.0.4
Amm—m— e ———— END COPIES-===r=rmmcccaace-—

AXKAXXXAXX XX AAN XXX XXAXXRXXXAXXAXAXK XX XXX K AXKX
SYSTEMILN; \NI+A«AMIN

SYSTEMILN;(N+\LM)]eBBMIN
SYSTEMI(N+10):;LN]«CeCMIN
SYSTEMI{{(N+1Q):(N+M) J«D¢«DMIN

40



(83)
[B4]
(351
(86]
(871
(381]
{891

5,249,259
41 42

SYSMETRICeMINMETRIC

D‘_I‘ ’

O«*GENERATION COMPLETED, NUMBER=
O« ‘METRIC= ' ,¥SYSMETRIC

D{_l’ !’

GENERATIONVECTOR[KI+K
METRICVECTOR[K]¢SYSMETRIC

'L EK

(901
(91}
[S2]
(93]
(94)
(95]
(961
{971

AX XXX IAAAHAH XA IOAAXXAXXXXAXAKX XX E XXX AKX XXX XXX AK

2090006904008 000800000000080088 8800600006994
KeK+1
+(K=NG)/GLOOP
R XA AIOIH KA AKX XX XXX X XXX XL AXX XXX AKRKX X XXAXXXXAXX K
A-—mmm—— - FINAL OUTPUT----~=-eemeeeme——

(98]

[99)

{100]
{1011
(102])
[*73)
[v 4]
{105])
{1061
(107]
£1081

AXXXAURXXX KK AXARUXXXXAXXXXXAX XXX X XA XXX X XXX

END:

SYSTEMILN: N]«A«AMIN
SYSTEMILN: (N+1M) )«B¢«BMIN
SYSTEMI (N+10) ; L N]¢+C+CMIN
SYSTEMI(N+10O); (N+LM) Je¢DeDMIN
SYSMETRIC<MINMETRIC
U‘_r ¢
J¢'FINAL SYSTEM: GENERATION
O¢'METRIC = *,$SYSMETRIC
GENERATIONVECTORIKI]¢K
METRICVECTOR{K1«SYSMETRIC

', ®K

(0]
(1]
(21
(
(42
[5]
[6]
{71
(81
(9]
(101
[11]
{121
{13)
(141
[15]

[16]
(171

(181
{191
[20)
[21]
(221
(23]
[24])
(251
[26]
[27]
("1
(.
(30])
(31
(321
[33]
[34]
(351
[36])
[37]
(381
(39]

TIALC(O]1Y
INITIALC
APRGM INITIALIZES MI/MO DESIGN ALGGRITHM
ASYSTEM DIMENSIONS
Me4 |
N«10
O«2
RINPUTS
NPATTERN€16

PATTERN« (NPATTERN,M,1)p01 AASSUMES INPUT IS Mx1 MATRIX.
PATTERNI1; ; J¢HOR1

| PATTERN{2:: J¢HOR2
PATTERN[B::J#HOR3
PATTERN(4; ;: J¢«DIAGUPl
PATTERNI{S5:; J«DIAGUP2
PATTERN(6; ; J¢DIAGUP2
PATTERN(7:: J¢VER]
PATTERNI8: : J&VER2
PATTERNI[9; ;: J+«VER3
PATTERN[10: ;: J¢«DIAGDN1
PATTERNI[1l;:1«DIAGDN2
PATTERN([12;; J¢DIAGDN3
AOUTPUTS T
T1HI¢« T4 +0.€

Tie 1t T "1 "\ "3L°3 0 ¢ 0O oe vo #H &K
T1LO+ T4 - 0.%

T2HIe T2 TS

T2% 00 O ® 6 0O
T21LO¢« Tz"t‘
S«(2,NPATTERN)pO
RSEARCH PARAMETERS
MINMETRIC«NPATTERN
L¢l0

Pée3

NC¢«1l0

NG«200
METRICVECTOR¢GENERATIONVECTOR€(NG+1)p0
ADEFINE INITIAL SYSTEM

f
{

TPATTERN) & <preTRuM

R

'y 2L~ ] =2 o -Prb)/

SYSTEM«"1+?2((N+0O) ,(N+M))p(L+1) ACHOOSE RANDOM POS ELEMENTS.

COL&x(~1.5+7(N+M)p2) RCHANGE SIGN OF RANDOM COLUMNS



[40]
[41]
(42]
(43]
(44]
[45]

[N
(
(21
(31
[4]
[5]
[6]
(7]
{81
{91
[101
[(11]
(121
[13]
[14]
[15]
(16]

———— .

5,249,239
43 44

SYSTEM+SYSTEMX( (N+O), (N+M))pCOL AGIVES POS & NEG ELEMENTS.
AMINCAESYSTEMILN;LR1IX~(N,N)pl,Np0O ASUBMATRIX WITH ZERO DIAGONALS.
BMIN¢BeSYSTEMILN; (N+LWM)] ASUBMATRIX OF SYSTEM
CMIN¢C¢(O,N)pSYSTEMI{(N+0O):;LN] ASUBMATRIX OF SYSTEM

DMIN€D¢(O ,M)pSYSTEMI(N+O); (N+1M)] ASUBMATRIX OF SYSTEM
SYSTEMILN;LNl¢«A AINCLUDES ZERO DIAGONALS IN SYSTEM

VMAKECOPIESC{D]V

J99.9 L

R )
RINPUT= SYSTEM
AOUTPUT=SYSTEMC,ACOPY, BCOPY, CCOPY ., DCOPY
COLINDEX&1=?7(M+N)pP

MTEMP1«((N+0), (M+N))pO
MTEMP1¢MTEMP1+((N+O), (M+N))pCOLINDEX
MTEMP2+"1+7(1+MTEMP1xL)
STRING#x(~1.5+?2(N+M)p2)
COLSIGN+COLINDEXxSTRING
MTEMP2¢MTEMP2x{ (N+0O), (M+N))pCOLSIGN
SYSTEMC+SYSTEMx~MTEMP1
SYSTEMC¢SYSTEMC+MTEMP2
ACOPY#SYSTEMCILIN:;tNIx~(N,N)pl,.NpO
BCOPY«SYSTEMCILN;: (N+1M)]
CCOPY&¢SYSTEMCIL (N®):1N)
DCOPY«SYSTEMCI (NI : (N+1M) ]

vOUTPUTCILOIV
§ OUT |

{13
(2]
(3]
(4]

(0]
[1)
(21
(3]
(4]
(5]
[6]
(7]
(8]
(9]
[(10]
(11)
(12]

{1

(1.
(2]
(3]
(4]
(5]
[6]
(7]
(8]
(91

{101
(111}

o |
OQUT1«CCOPY+.x[ (1L (Ol XNEW)) . .
OUT2¢DCOPY+.xT (1L (Ol INPUT))

S[ ; KKK1«OUT1+0UT2

AMETRIC FOR 0=2.
METRICle+/~{(T1LO=sS{1:1)A(S[{1:)=<T1HI))
METRIC2¢+/~((T210=S12:1)A(S[2:)=T2HI))
METRIC«METRIC1+METRIC2

A
+(METRIC=zMINMETRIC) /DONE
AMINECACOPY
BMIN+BCOPY
CMIN«CCOPY
DMIN«DCOPY
MINMETRIC«METRIC

DONE:

( EEEE;UEEONCI 01v ) '
SOLUTION

ACHECKS FINAL SOLUTION
ACOPYe«A

BCOPY«B

CCOPY«C

DPCOPY¢D

KKK+l
LOQOP:

SOLVEQU

oUTPUTC

KKK«KKK+1

< ( KKK=NPATTERN) /1LOOP

\r«;Jth:e.J



(03
[1)
(22
%
[4
(5)
(6)
(7)
(8)
[9)
[10)
[11)
[12)
[13)
[14)
[15]
(161
(173
(18]
[19)
(20)
[(21)
(22)
[23)
[24)
[25)
[26)
[27]

[>~7
e, .
(303
{311
{321
{331
[34]
[35]
[36]
[37)
[38]
(39
{40]
(41]
[42 ]
[43]
[44]
{45)
[46]
(471
[48)
[49]
{50)
(511
[(52]

[C]

5,249,2
45 59

DESIGN

AXXXXXXXXXXXXXXHXXXXXXXXXKKXX XXX XXX KKKXXK XXX LXK XXX KL KX KKHKXKK
APRGM COMPUTES THE OUTPUT FEATURE SPECTRUM FOR THE FINE ADJ MODULE.
AXXXXXXXRXUXAAXARXXX XKL XXX XX XA XX KX XXX XX XX XXX A XXX XA AR XK XXX KAXX

ATIENO= TIE NUMBER FOR INPUT FILE.
AM= INPUT DIMENSION.

AN= NUMBER OF HIDDEN NEURONS.,
RSTEPS FOR ACCESSING FILE:
ABEFORE RUNNING PRGM DO:
A

23 G E O 2P PSS G5 0069080000000 0 6092568608964
AINITIALIZE SYSTEM

2060900440009 0690040988860 0 0008988 00008 6.4
A

INITIALE

=
VP00 000 ¢ 0900 ¢80 4000000909000 90000960964
APATTERN LOOP ' ,

0089 0000080600460 00000030000 40.0 004900
PLOOP:

O«"ENTER =+ TO STOP’

O«’'ENTER HORIZONTAL SHIFT E.G.
SHeO

O«'ENTER VERTICAL SHIFT'
PATTERN«SH SHIFT SV
A
)0 090690900005 000 0000060060000 080849094
AFEATURE LOOP |
393 0000940099000 9040390000900 00890 0.0 4
KK«1
FLOOP:

ACTIVITE

+{(TK=]10)/CONTINUE

S«0

+SKIP
H D,(_I ¥

R J«'SYSTEM NOT SOLVED’

R J«’'FEATURE= ' ,¥%KK
A <*END
CONTINUE:

OUTPUTE
SKIP: SPECTRUMIKK:11eS

KKe«KK+1
+(KK=4)/FLOOP
D‘_! r
O«'PATTERN ='
PATTERN
O¢«'SPECTRUM ="'
& 0 $QRSPECTRUM
De'NORTH SOUTH
+P1OOP

END:

VDESIGNFIO1vV

kS '

2 OR 72°

EAST WEST'

46

‘NNFILES'OFTIE 2.

(1]
(2]
(¥

(4.
[5])
(€]

AXXXAXXAKXXAXKXEXKAXXEXARE LXK AKX K AXK LAY L X XXX KX AKX EKAXAX
APRGM COMPUTES THE OUTPUT FEATQRE SPECTRUM FOR THE FINE ADJ MODULE
AOVER A PRESET RANGE OF OFFSETS.

3PSO 0P 0 00036080000 9000 0000008008066 0000000000000 099000.6:9¢.9.8.¢
ATIEND= TIE NUMBER FOR INPUT FILE.

AM= INPUT DIMENSION.

{7 aAaN= NUMBER OF HIDDEN NEURONS.

[(B) - ASTEPS FOR ACCESSING FILE:

[9)] ARBEFORE RUNNING PRGM DO: °'NNFILES'OFTIE 2.

(101 A

[1]1] RAXXAXYXAXAXKAXNX XXX UXEX XXX LXK X KXX XXX

[12]) RINITIALIZE SYSTEM

FIT AN NN AN KN N KXY YN YN UK UYX XYY



[14]
(15]
(16]
(171
(181
(18]
[(20]
(211
(22]
(23]
[24]
(25]
(26]
(27]
[22]
(. 1
(30])
[31]
(32]
{33
(34]
(351
[(36]
[37]

(381
{391

[40]
[(41)
(42]
(431
(241
[45)
(46]
(471
(48]
[49)
t50]
(51]
{52}
(53]
SR
(55])
(561
(571

(D]
(1]
(2]
(.
{4
(5]
[6]
(7]
{81
{9
(10)]

[11]
[12]

{131
(141

(2]
(1]
(2]
{-

{41
(5]
[6]
{73

5,249,259
47 43

2
INITIALE
A
RXHAXKMHEKXXKX ALK KX XKL EEX XA AKX A AXXXXXAL
RPATTERN LOOP
200 9999084608909 9408688008848 0800800068909 ¢8J
SHeSVe& 3
OUTERLOQP:
SHe ™3
INNERLOOP:
PATTERN«SH SHIFT SV
A
AXXAXKHK XXM HEXXX XXX LA ALK A AXKXAXAXX
RFEATURE LOOP
RXXAXXAKEXXEKAEXKXKEXKXLXKXEYHKKXAKX AT ARXXXXLXX
KK+1 |
FLODP:
ACTIVITE
+{TK=10)/CONTINUE
S«0
+SKIP
ﬁ D,‘_ r P
A Oe«'SYSTEM NOT SOLVED'
A O«'FEATURE= ' ,3sKK
R =END
CONTINUE:
CUTPUTE
SKIP: SPECTRUMIKK;1])¢S
KK+KK+1
+{KK=4)}/FLOOP
RPRINT RESULTS
D‘_ L r
O«*'PATTERN =
PATTERN
Oe'HORIZONTAL SHIFT= ',(%SH),' VERTICAL SHIFT= ',$SV
D“" ’ ’ ’
O«’'SPECTRUM ="'
6 0 $RSPECTRUM
U«'NORTH SOUTH EAST WEST'
SHeSH+1
2 (SH=3)/INNERLOOP
SVeSV+1
-+ (SV=3)/0UTERLOQOP
END:

VINITIATLE[D]V
INITIAL

AREAD DATA FROM NNFILES.ASF.

TIENO+2 REDIT-IN CORRECT TIE NUMBER.
SYSTEM«OFREAD TIENO (SYAFINE ADJ MODULE.

H (>

Me21

N&25

ADEFINE DETECTOR SYSTEM.
ATEMP«SYSTEM{1LN:1LN]
BTEMP&«SYSTEMILN;(N+1M)]
CTEMP¢«SYSTEM[ (N+1):1N)]

DTEMP¢SYSTEMI(N+1]};(N+1M]]
R

KKe1
SPECTRUM«(4.,1)p1

GACIIVITEIQIY

ACTIVIT

APRGM COMPUTES NEURON ACTIVITY FOR FINE ADJUST.
+(KK=1)/L1

+(KK=2)/L2

2 (KK=3)/L3

+(KK=4)/L4

2]
Ll1: ANORTH




(8]

(9]

(101
{111
{12]
{13]
(14])
[15]
(161
(17)
(18]
(191]
{20]
[21)
(22]
(23]
(24]
(251
(26]
{271

(271

(2 .
(30]
{31]
(321
[331]
(34)
[35]
{36]
(37]
(58]
(39])
[40]
(41)

(0]
[1)
(2]
[3)
[4]

ny
1]
(2]
(2

(4

(5]
(6]

(7]

(81

(9]

(101
{11]
(12)
[13)
(14)
[15]
(16]
(171
(18]
{191
{201
{21]
{22]
(23]
(24]
(25]

{26]

5,249,259
49

TEMP«RPATTERN
INPUT¢(M,1)pTEMP[:13]
- ITERATE

=

L2: ASOUTH
TEMP<ORPATTERN
INPUT«(M,1)pTEMPL ;13]
+ITERATE

A

L3: REAST
TEMP«®OPATTERN
INPUT&(M,1)pTEMPL ;13
+ITERATE

!

L4: AWEST
TEMP«PATTERN
INPUT«(M, lJpTEMP[ 13)
+ITERATE

R

ITERATE:
X0¢TEMPl1l+«BTEMP+.xI (1L (O INPUT))
X1«ATEMP+.xT (1L (0MX0))
XOLDeX0+X1
TR0 -

LOOP1:

TEMP2¢ATEMP+.xT (1L (OfXOLD))
XNEW«(TEMP1+TEMP2)
DELTAXE€XNEW-XOLD
MAXERRORe+/ 1 ,DELTAX
+(MAXERROR=0)/END

TKeTK+1

XOLD&XNEW

+(TK=10)/LO0OP1

v ED -

QU1 PUT

R )
QUT1«CTEMP+.xI (1L (O XNEW))
QUT2¢«DTEMP+ . XTI (1L(OTINPUT))
S«OUT1+0UT2

Z¢«SH SHIFT SV

APRGM SHIFTS A 7x7 PATTERN HORIZONTALLY AND/OR VERTICALLY.
RSH= HORIZONTAL SHIFT: 1, 2.... (EAST);

ASV= VERTICAL SHIFT: 1, 2,... (NORTH); 1,
ARCELL= A 7x7 MATRIX DEFINING THE CELL.

R
TEMPl1«TEMP2¢ 7 7 p0

AHORIZONTAL SHIFTS:

+(SH>0)/LINE)

+(SH<Q)/LINE2

TEMP1¢«CELL

+VERT
LINE1:TEMP1[ :SHIL L7 )e«CELLI : L (7-SH)]
*VERT -
LINE2:TEMP1( ;1 (7+SH))e«CELLI : (-SH)$r 7]
*VERT

AVERTICAL SHIFTS:
VERT:

+{SV>0)/LINE3

+(5V<0)/LINE4

TEMP2¢TEMP1

+END
LINE3I:TEMP2I1L(7-8SV):JeTEMPII(SVIiLT:]
=END

LINE4:TEMP2L(-SV)IL7;1¢TEMPLI{1L(7+5V) ;)

<+ END
END: Z¢«TEMP2

-1,

50

2,...(WEST).
~2,...(SOUTH).



51 3,249,256

(7] DESIGNL

SN 0606000040980 088000808800000060 00000000000t ettttertreteserttsdretted:
(77 APRGM DESIGNS ON-CENTER/OFF-SURROUND, MULTI-INPUT, SINGLE OUTPUT NN'S.

t AXXXAAXRXXXXXXAXXXAXLXXKX XXX IIAEXXKX XXX XXX KK XXXNXAXKH KK KK RHXXH XN XK XX KX X XK X
[4)] RAM= INPUT DIMENSION

[5]] RAN= NUMBER OF HIDDEN NEURONS

{6])] ~A

{7 ANPATTERN= NUMBER OF TRAINING PATTERNS

(8] APATTERN(K;:;:1= INDEXED SET OF TRAINING PATTERNS
[(9) ~AT= TARGET SEQUENCE

{10 ATHY= TARGET SEQUENCE UPPER BOUND

[(11] RTLO= TARGET SEQUENCE LOWER BOUND

[(12]) ARD= METRIC

(13] n

(14] AL= RANGE OF INITIAL VALUES FOR A,.,B,C MATRIX ELEMENTS
{15) ARANGE= -L,...,0,1,...,L
161 AP= 1/PROBABILITY OF AN ELEMENT CHANGE

(17] ARNC= NUMEER OF COPIES PER GENERATION
[18] ANG= NUMBER OF GENERATIONS

Ilg] R | - P a L UTRE Al
{20 HINIT{ALIZE”// HSD‘;"Q:'J o START u-':/ BRI WG X |
[21) Qs O SET oUTH DT PRAM ((2- 147 BN

o2

122 JMINITIALD )4~ Ce Q. Ac

[23] R

[24] FRACTIONTRYCOUNT+S OLVECOUNT*ABORTCOUNTt-o
[25] K¢l

LI BEE-P 4009640000000 0000 000000000 ttP0teetedsed:
[27) A---—-=-—--=---GENERATION LOQOP--~wcccccccwn-- )
RN} $99 00896900466 000000000.00090 000000 Pt 00 e o
(<. ] GLOOP: |

{30] A

{31)] KKel

VS EN-5 0066009604000 000000000000 Pt Petetet e o o:d
{33] R-=——m == -———— COPY IOOP=--r e mceccmcc e~
BEDEN-$'9$6¢0.0.0090,0.¢9000.6¢ 0000000090000 Pt ttoreesd
(35]

{36])

(37} R

£38) KKX¢1 | |
DI} 49606900600 96900 9000000000000 000t eee ese e
[(40) A~~~ ercce=a TRAINING LOOP--—cwrmrrccccrcan-

PPN} 40 $ 9008000660600 000s0008 00000000ttt os e
[42] TLOOP: ATRAINING LOOP

[43] TRYCQUNT«TRYCOUNT+1
[44] ( SOLVEQU_

EEBEE PO 0000000 0000000000000ttt tPetetttedoeed o

FUDEE-F$6¢09004990000060¢000000000000000000 0056604

(48] ~(TK=<10)/CONTINUE . *

[49] QO«' ? -
{(S0) O«'SYSTEM NOT SOLVED'

[51) DO¢«'GENERATION= ' _ sK

[£21 O«'COPY=',$KK

[  O«’'PATTERN='  $KKK

{54] O¢’'ABORTCOUNT=',sABORTCOUNT

{65] FRACTION&«SOLVECOUNT+TRYCOUNT

(66] QO+«'FRACTION OF COPIES SOLVED= ' ,$FRACTION
[§7] ABORTCOUNT«ABORTCOUNT+1

[58] < (ABORTCOUNT>20000)/END

{58] =CLOOP
[60) CONTINUE:
[61] VECOUNT«SOLVECOUNT+1

(62]

(63) KKKe +1
I P00 0000000000000ttt ttetstttt Pttt seeded
[65])] A== =—cwecmna- END TRAINING-~~-cccccrccce—-

EY PR3 0900000000000t 0 0ter ettt tdt et detdddd et d:



(67)
{68]
(691

{71]
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+ (KKK=NPATTERN) /TLOOP
AXKXXXXKXXXXXXXXXXXXAXNXXKXXXXX XXX XXX XXXXKXXKKXX

{70] A ) 9 PP PPOCOOPPET SO SPLSOPOPOPPPPPIEPOCOER G O
1(§EEZEI:>

{72]
{731
{741
{(75]
{76]
(77
(" 1
(7.
{801
(81)
{B2])
(B3]
[84]
[85]
(861
{871
{88]
(89]
(901
[91])
[92]
(93]
[94)
[95])
[56]
{87]
(98]
{94]
{95]
(96
[(97]
(7" 1
[N
{1001
{101
{102)]
(1031
(104
(105])
{106]
{1071
¢ 8]
[109]

{01

{1]
a1

[4]
[5]
(61
(7]
(81
(9]
[(10]
(11]

[12)
(13]

(14]
(15]
(16
[17]

*+(MINMETRIC=0)/END

KK+KKX+1

+{ KK=NC) /CLOQOP
1664400300400 000 4000000000009 000000090004
A= ————- END COPIES~-r--ecccncccc e

nxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxkxxx_

SYSTEMULN; LN]«A«AMIN |
SYSTEMIIN; (N+LM) ]«B+EMIN -
SYSTEMI((N+1); N]1€C«CMIN :
SYSTEMI(N+1):(N+ M) J¢«De«DMIN
SYSMETRIC+«MINMETRIC

U{_r i

D«’'GENERATION COMPLETED, NUMBER= ‘,%K
0« 'METRIC= ' ,$SYSMETRIC |
U{_r r

GENERATIONVECTORI[K]#X
METRICVECTOR[KI+«SYSMETRIC

)00 00D PG E0PP ettt 00t sttt s sttt ePttes e s

h 9909900090900 0 6060000000000 8s000 00800604864
KeK+1

+(K=NG)/GLOOP

0090000909000 0066000008000 0000000008009 06 &4

22 600000900066 8008008600808 8080000080008088 64494
END:

SYSTEMI LN LN]€AAMIN

2P 3 0000096008900 0606008608484 46468 0060060880680 00

AXXAXXXKAER XKL KKK AAAXXK ALK NA XA AXXXX
END:
SYSTEMILN;\N]¢A«AMIN
SYSTEMILN:(N+1M) }J«B+«BMIN
SYSTEMI (N+1) :LN)«C+CMIN
SYSTEMI(N+1):(N+LM)leD+«DMIN
SYSMETRIC¢MINMETRIC
Oe' ¢ )
O«'FINAL SYSTEM: GENERATION = ' _.&K
O0«'METRIC = ' ,$SYSMETRIC
GENERATIONVECTORI[K]¢XK
METRICVECTORI[K)¢SYSMETRIC

@ETIALD[D]? )
INITIAL

RM+9

ANe€1

A

ANPATTERN«4
RPATTERN«(NPATTERN,3,3)pl
R PATTERN(1;: l1¢HOR
PATTERN(2:;: 1J¢«DIAGUP
PATTERN(3::1¢«VER
PATTERN[4:; J«DIAGDN
T¢«5,1,0,1

THI« 6 2 1 2
TIO« 4 O ~1 O
AMETRIC+S+«(NPATTERN)pO
ASYSMETRICEMINMETRIC#S5S
Me«49

Ne25S

NPATTERN«12

DD D DD

54
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(18] A NPATTERN¢4

[19] PATTERN«(NPATTERN,7,7)p1

(20] PATTERN(1;;]+HOR1

(211 PATTERN(2;;1¢HOR2

[22] PATTERN[3;; 1¢HOR3

(23] PATTERN(4;;l«DIAGUP1

(24) PATTERN(5;;J«DIAGUP2

{25) PATTERN(6;;l1¢DIAGUP3

[26) PATTERN(7;;J]¢VER1

(27) PATTERN(8;;1¢VER2

L "] PATTERN[9;;1¢VER3

(.-) PATTERN[10;;)«DIAGDN1

[301 PATTERN[11;;]¢DIAGDN2

[31] PATTERN[12;;]¢DIAGDN3

[32] PASS+ 4 5 6

(33] STOP« 1 2 3 7 8 9 10 11 12

[34] THI¢S50

[35]1 TLO#10 - |
THI« 10 10 10 100 100 100 10 10 10 10 10 10

(36] R
{37) A TLO« T100 T100 T100 50 50 50 ~100 100 100 ~100 100 ~100
(38 A T¢ 1 1 1 10 10 10 1.1 1 0 0 ©
[39] R THI¢« 4 4 4 20 20 20 4 4 4 4 4 4
[40)] AR TLO¢ ~10 ~10 ~10 7 7 7 ~10 ~10 ~10 ~10 10 10
(41 R T¢ 10 1 0 1
[42] A THI+T+3
[43] A TILO«T-3
[44] R Me2
{45] A N+3
[46] A NPATTERN®4
[47) & PATTERN«(NPATTERN,1,2)p1l
[48] A PATTERNI{1::1¢« 1 2 p 0 0O -
[(49] A PATTERNIZ:;:1¢ 1 2 p 0 1
[S0) R PATTERH[:E::J*- 1 210 -
{513 A PATTERNI{4;:;:1¢« 1 2 p 1 1
€21 & T+ 0 6 6 0
] A THI«T+2
[54] R TLO«T~-2 .

(551 MINMETRICNPATTERN
(561 S¢(NPATTERN)pO

[(57] A
[58] Le¢l0
(59] Pe3

[60] NC¢10

(611 NGe425T ‘v (3nmsy

(621 SCALE«((N+1),(M+N)J)p(Npl),(Mpl0) ASCALES ELEMENT VALUES. -
(631 METRICVECTOR¢GENERATIONVECTOR«(NG+1)p0

(64] n

[65) ASYSTEM¢T1+?7((N+1),(N+M))p(L+1) ACHOOSE RANDOM POS ELEMENTS
[66] AMIN¢A¢-(SYSTEMILN;LNIx~(N,N)pl,NpO) ANEG SUBMATRIX WITH ZERO DIAGONAL.
(67) BMIN«B«(10xSYSTEMILN;(N+1M)]) APOS SUBMATRIX.

[68) CMIN#C+~((1,N)pSYSTEMI(N+1);1N]) ANEG SUBMATRIX. "

(691 DMIN¢D«(10x(1,M)pSYSTEMI(N+1);(N+LM)]) APOS SUBMATRIX.
[70) o SYSTEMI\N;LNJ+A AREVISE SYSTEM.

(711 ASYSTEM{LN;(N+LM)]¢B

(721 A SYSTEMI(N+1);lWN]+«C RAREVISE SYSTEM.
(73] ¢+ SYSTEMI(N+1);(N+M)]«D

wXKECOPIESDIO]Y '
»

AKECQOF

(O]
[1] A

(27 RINPUT= SYSTEM

- AOUTPUT=SYSTEMC,ACOPY,BCOPY,CCOPY,DCOPY

(4] COLINDEX+1=7(M+N)pP APICK 1 OF P COLUMNS TO CHANGE.

(5] MTEMP1¢((N+1),(M+N))pO ARDEFINE MATRIX WITH 1'S IN COLUMNS

(6] MTEMPl*HTEHP1+((N+l] (H*N)JpCOLINDEX ATO BE CHANGED & O S ELSEWHERE.
(7] _

(B8] MTEMP2«( "1+7(1+MTEMP1XLJ} }JXSCALE HCHOOSE NEW ELEHENT VALUES IN RANGES
(5] COLUMN«((N+1),(M+N))J)p(Np~1),(Mpl) AMAKES A.C NEG & B.D POS.




(101
(111
{121
{13]
(14]
{15]
161

[Q)
{1)

(»Y
[.
(4]
(5]
[6]
(7]
(81
(5]
[10]
(11]
(12]
[(13]
[14]
(15]
{161
[17]
(18]
[19]
(20]
{21]
(221
[23)]
(24
{25]
[26)]
(27
[~
[e-
[30)
{311}
{32]
(331

(0]
(1]
(2]
(3]
(4]
{51
(6]
(7]
(8]
(91
(10]
{11]
(121
(131
[14)]
(15]
[16]
(171

48

[1]
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MTEMP2«MTEMPZ2ZXCOLUMN AMATRIX WITH NEW VALUES.

58

SYSTEMC#SYSTEMx~MTEMPl AZERO-OUT VALUES TO BE CHANGED.
SYSTEMC¢SYSTEMC+MTEMP2 AINSERT NEW VALUES INTO MATRIX.

ACOPY«SYSTEMCLLN ;L NIx~(N,N)pl,Np0O RPICK-QOUT SUBMATRICES.

BCOPY«SYSTEMCI[LN; (N+LM)]
CCOPY+SYSTEMCL(N+1);LN]
DCOPY&SYSTEMCIL (N+1) ; (N+1M)]

-XSQLVEQULO]V
SOLVEQ -

1300000888000 080800008806088000000006400 60

.ASOLVES: X=Af(X)+Bf(I)
- AXXXXXX OO AX XXX XXX XXX XXX XNXX MK XXX

23S 0GP PP OP P00 080000086800 080000 00000904
AMAP 2D-»1D “
RAAXXXHKAAXXX XXX XX KK LXK XX XXX LXK LXK AXNUX
INPUT«(M, 1) pPATTERN[ KKK: ; ]
RXAXXX KA AKX AKX AKX XX XXX H XXX
ACOMPUTE CONSTANT TERM
2040080090600 9900806000680 8880880060000 80090 $4
XO«TEMP1¢BCOPY+.xT (1L (OrINPUT))
X1¢ACOPY+.xl C1L(0lX0))
XOLD«X0+X1
A
TK«0
A XOLD+(ACOPY+.x(N,1)pl)+TEMP1

LOOP1l:
TEMP2«ACOPY+.xT(1L(OFXOLD})

XNEW+(TEMP1+TEMP2)

DELTAXXNEW~-XOLD

3000009000009 0694860000000 90 0000000000060
ACONVERGENCE TEST

P00 000000000t 00000 PP P00t 00000t 00000 80
MAXERRORe+/| ,DELTAX
AROMAXERROR

<+ (MAXERROR=0Q)/END
A

DD

TK«TK+1

XOLD+«XNEW
+{TK=10)/L0O0P1
END:

YSOLVESYSIOIV

SOLVESY

INPUT« (M, 1l)p PATTERNI[KKX; ; 1
X0+«BCOPY+.x{(STEP INPUT)
XNEW«XOLD«(N,1)p0 *
TKe1l

DELTA«1+10

LOOP:

XOLD¢XNEW

XNEWEXOLD+ (-XOLD+ (ACOPY+.x(STEP XOLD))+X0)xDELTA

TKe«TK+1

+(TK=30)/1L00CP

ATEST

X1+ (ACOPY+. . x(STEP XNEW))+XO
X2« (ACOPY+. . X(STEP X1))+X0
X3¢« (ACOPY+.X(STEP X2))+XO
DELTAX¢X3-X2
MAXERROR++ /| ,DELTAX

XNEW«X3

VSTEPIOIV

Z¢«STEP X
ZeTC1L(OMX))
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9 .
*  OUTPUR | ,

[2]
(3]
{4)

(O]
(1]
(2]
(3]
(4]
(5]
(6]
(7]
(8]
(9]

(101

.

A
OUT1«CCOPY+.xT (1L (OrXNEW))
OUT2¢DCOPY+.xI (1L(OTINPUT))
S[KKK]1+0UT1+0UT2

CESELECTI glv )
SELE

AMETRIC

A METRIC+/~(S=T)

A METRIC#+/~((TLOSS)A(S=<THI))
METRIC#(+/~THISS[PASS]))+(+/~TLO2S[STOP]) & NEw MY RIC
+(METRIC=MINMETRIC) /DONE
AMIN«ACOPY
BMIN+BCOPY
CMIN«CCOPY
DMIN«DCOPY
MINMETRIC¢METRIC

111 DONE:
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1 claim:
1. A mmputer mcthod for implementing a neural

62

3. The method of claim 2 wherein said constraints

. include requiring that the interconnection weight val-

network for use in a selected application, said neural

~ ‘network being implemented to effect a desired relation-

ship between inputs representing real world phenomena
and outputs corresponding to the inputs, said neural
network having neurons and neurons interconnections
each of said neurons possibly having an interconnection
to any other of said neurons, cach of said interconnec-
tions characterized by an associated weight value, said
weight values having pottntlally any value mcludmg
zero, positive, or negative, the method comprising

(a) by computer, searching possible sets of weight

values and selecting a set of weight values for use

in the neural network, said step of’ searching and

selecting comprising

(i) picking an initial set of wmght values;

(if) organizing said initial set of weight values in
rows and columns, so the weight values in each
of said rows all are associated with interconnec-
tions to the same one of said neurons, and the
weight values in each of said columns all are
associated with interconnections from the same
one of said neurons;

(ni) generating successor sets of weight values from
said initial set of weight values;

- (iv) for each of said successor sets of weight va]u:s,

10

15

ues between a neuron-and itself be zero.

4, The method of claim 2 wherein said constraints
include requiring that the interconnection weight val-
ues leading from a given neuron all be of the same sign.

§. The method of claim 1 wherein said step of orga-

nizing said interconnection weight values comprises

organizing said weight values with the interconnection
weights leading to a given neuron all appearing in a
single row (or a single column), and the interconnection

“weight values leading from a given neuron all appearing

in a single column (or a single row).
6. The method of claim § wherein said rows and
columns of interconnection weight values are organized

in 2 number of matrices based on layers of neurons In

said neural network.

7. The method of claim 6 wherein said neural net-
work comprises a layer of input neurons, a layer of
hidden nevrons, and a single output neuron.

8. The method of claim 1 wherein said predetermined
input comprises binary values which represent edges of

~ an image.

25

determining test outputs of a neural network -

having those weights, when actwated ‘ny prede-

termined inputs;

(v) analyzing the merits of each of said successor
sets of weight values based on how well the test

. outputs conform to predetermined outputs;

~(vi) selecting a single surviving set of weight values

from among said successor sets of weight values

~ based on the relative merits of said surviving set
of weight values, said surviving set of weight
values serving as an initial set; and

(vi1) if the menits of said surviving set of weight
values meet a threshold, treating said surviving
~ set of weight values as a final set of weight val-

- ues; otherwise repeating steps (iii)-(vi) using said

surviving set of weights as a new initial set of
weight values; and |

(b) implementing said neural network Wlth sa:d final

- set of weight values.

2. The method of claim 1 further compnsm g con-
straining said interconnection weight values to comply
with constraints that correspond to said selected appli-
cation.

35

45
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9. The method of claim I wherein said step of gener-
aung successor sets of weight values comprises apply-
ing a genetic algorithm operator to said initial set of
weight values.

10. The method of claim 9 wherein said step of apply-
ing a genetic algorithm operator compnscs applying 2
mutation operator.

11. The method of claim 10 wherein applying said
mutation operator compmcs randomly changing a por-
tion of said interconnection weight values.

12. The method of claim 1 wherein said step of ana-
lyzing the relative merits of the successor sets of weight

- values comprisés computing a metric corresponding to

the difference between said test outputs and said prede-
termined outputs.

13. The method of claim 12 wherein said step of se-
lecting a surviving matrix comprises testing whether
said metric lies within a band between upper and lower
bounds.

14. The method of claim 12 wherein said step of se-
lecting a surviving matrix comprises testing whether
said metric lies above a passband or below a stop band.

15. The method of claim 1 wherein said predeter-
mined input comprises gray gradient values which rep-
resent edges of an image.

S ¥ =% » =
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