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CLAIMS

1. A voice conversion method, characterized by comprising:

receiving a mode selection operation inputted by a user, the mode selection operation being

used for selecting a voice conversion mode.

selecting a target conversion mode from a plurality of modes according to the mode
selection operation, the plurality of modes comprising a style conversion mode, a dialect

conversion mode, and a voice enhancement mode;
acquiring a first voice to be converted;
extracting feature information of the first voice;

inputting the feature information of the first voice into a target voice conversion network
corresponding to the target conversion mode, and outputting a converted second voice by means

of the target voice conversion network; and

outputting the second voice.

2. The method according to claim 1, wherein the extracting feature information of the first

voice comprises:

inputting the first information into a voice feature extraction model, and extracting a
phoneme posterior probability (PPG) feature of the first voice by means of the voice feature

extraction model, the PPG feature being used for retaining content information of the first voice.

3. The method according to claim 1 or 2, wherein when the target conversion mode is a style
conversion mode, and the target voice conversion network is a style conversion network, the style
conversion network comprises a style separation model and a voice fusion model, and the method

further comprises:

acquiring a third voice for extracting a style feature; and

inputting the third voice into the style separation model, and separating a style feature of

the third voice by means of the style separation model; and
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the inputting the feature information of the first voice into a target voice conversion
network corresponding to the target conversion mode, and outputting a converted second voice by

means of the target voice conversion network comprises:

inputting the style feature and the feature information of the first voice into the voice fusion

model for fusion, and obtaining the second voice.

4. The method according to claim 3, wherein the style feature comprises a first feature, and

the first feature comprises a plurality of sub-features; and

the inputting the third voice into the style separation model, and separating a style feature

of the third voice by means of the style separation model comprises:

inputting the third voice into the style separation model, and extracting a vector of the first

feature of the third voice by means of the style separation model;

inputting the third voice into a sub-feature extraction model, and extracting vectors of the

sub-features by means of the sub-feature extraction model;

receiving a weight of each sub-feature among the plurality of sub-features inputted by the

user; and

determining the style feature of the third voice based on the vector of the first feature, the

vector of each sub-feature, and the weight of each sub-feature.

5. The method according to claim 4, wherein the determining the style feature of the third
voice based on the vector of the first feature, the vector of each sub-feature, and the weight of each

sub-feature comprises:

inputting the vector of the first feature into a multi-head attention structure, inputting a
product of the vector of each sub-feature and the weight corresponding to the sub-feature into the
multi-head attention structure, and outputting the style feature of the third voice by means of the

multi-head attention structure.

PGR2026-00032
Krisp Technologies EX1013 Page 3



6. The method according to claim 3, wherein the acquiring a third voice for extracting a style

feature comprises:

receiving a template selection operation inputted by the user, the template selection

operation being used for selecting a target template; and

acquiring a voice corresponding to the target template, and using the voice corresponding

to the target template as the third voice.

7. The method according to claim 3, wherein the acquiring a third voice for extracting a style

feature comprises:

receiving the third voice inputted by a second speaker, the first voice being a voice of a

first speaker, and the second speaker being any person different from the first speaker.

8. The method according to claim 1 or 2, wherein when the target conversion mode is the
dialect conversion mode and the target voice conversion network is a dialect conversion network,
the inputting the feature information of the first voice into a target voice conversion network
corresponding to the target conversion mode, and outputting a converted second voice by means

of the target voice conversion network comprises:

inputting the feature information of the first voice into the dialect conversion network, and
outputting the second voice by means of the dialect conversion network, the first voice being a

voice in a first dialect, and the second voice being a voice in a second dialect.

0. The method according to claim 8, wherein the dialect conversion network comprises a
plurality of dialect conversion models, each dialect conversion model is targeted at a different

dialect to be converted, and the method further comprises:

receiving a selection operation inputted by the user; and

inputting the feature information of the first voice into a dialect conversion model
corresponding to the selection operation, and outputting the second voice by means of the dialect

conversion model corresponding to the selection operation.
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10.  The method according to claim 8, wherein the method further comprises:

inputting the first voice into a style separation model, and separating a style feature of the

first voice by means of the style separation model; and

the inputting the feature information of the first voice into the dialect conversion network,

and outputting the second voice by means of the dialect conversion network comprises:

inputting the style feature of the first voice and the feature information of the first voice
into the dialect conversion network, and outputting the second voice by means of the dialect

conversion network, the second voice and the first voice having the same style.

11.  The method according to claim 1 or 2, wherein the first voice is a far-field voice, and when
the target conversion mode is the voice enhancement mode and the target voice conversion
network is a voice enhancement model, the inputting the feature information of the first voice into
a target voice conversion network corresponding to the target conversion mode, and outputting a

converted second voice by means of the target voice conversion network comprises:

inputting the feature information of the first voice into the voice enhancement model
corresponding to the mode, and outputting the second voice by means of the voice enhancement

model, the second voice being a near-field voice.

12.  The method according to claim 11, wherein the method further comprises:

inputting the first voice into a style separation model, and separating a style feature of the

first voice by means of the style separation model; and

the inputting the feature information of the first voice into the voice enhancement model
corresponding to the mode, and outputting the second voice by means of the voice enhancement

model comprises:

inputting the style feature of the first voice and the feature information of the first voice
into the voice enhancement model, and outputting the second voice by means of the voice

enhancement model, the second voice and the first voice having the same style.

PGR2026-00032
Krisp Technologies EX1013 Page 5



13.  The method according to any one of claims 1 to 12, wherein the acquiring a first voice to
be converted comprises:

receiving the first voice inputted by the first speaker;

or,

selecting the first voice from a locally stored file.

14. A voice conversion apparatus, characterized by comprising:

an input module, configured to receive a mode selection operation inputted by a user, the

mode selection operation being used for selecting a voice conversion mode;

a processing module, configured to select a target conversion mode from a plurality of
modes according to the mode selection operation received by the input module, the plurality of
modes comprising a style conversion mode, a dialect conversion mode, and a voice enhancement

mode;
an acquisition module, configured to acquire a first voice to be converted;

the processing module being further configured to: extract feature information of the first
voice acquired by the acquisition module; and input the feature information of the first voice into
a target voice conversion network corresponding to the target conversion mode, and output a

converted second voice by means of the target voice conversion network; and

an output module, configured to output the second voice.

15. The apparatus according to claim 14, wherein

the processing module is further configured to input the first information into a voice
feature extraction model, and extract a phoneme posterior probability (PPG) feature of the first
voice by means of the voice feature extraction model, the PPG feature being used for retaining

content information of the first voice.

PGR2026-00032
Krisp Technologies EX1013 Page 6



16.  The apparatus according to claim 14 or 15, wherein when the target conversion mode is a
style conversion mode, and the target voice conversion network is a style conversion network, the

style conversion network comprises a style separation model and a voice fusion model;

the acquisition module is configured to acquire a third voice for extracting a style feature;

the processing module is further configured to input the third voice into the style separation

model, and separate a style feature of the third voice by means of the style separation model; and

the processing module is further configured to input the style feature and the feature

information of the first voice into the voice fusion model for fusion to obtain the second voice.

17.  The apparatus according to claim 16, wherein the style feature comprises a first feature,

and the first feature comprises a plurality of sub-features;

the processing module is further configured to: input the third voice into the style
separation model, and extract a vector of the first feature of the third voice by means of the style
separation model; and input the third voice into a sub-feature extraction model, and extract vectors

of the sub-features by means of the sub-feature extraction model,

the input module is further configured to receive a weight of each sub-feature among the

plurality of sub-features inputted by the user; and

the processing module is further configured to determine the style feature of the third voice
based on the vector of the first feature, the vector of each sub-feature received by the input module,

and the weight of each sub-feature.

18. The apparatus according to claim 16, wherein

the acquisition module is further configured to: receive a template selection operation
inputted by the user, the template selection operation being used for selecting a target template;
and acquire a voice corresponding to the target template, and use the voice corresponding to the

target template as the third voice.
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19.  The apparatus according to claim 14 or 15, wherein the target conversion mode is a dialect

conversion mode, and the target voice conversion network is a dialect conversion network; and

the processing module is further configured to input the feature information of the first
voice into the dialect conversion network, and output the second voice by means of the dialect
conversion network, the first voice being a voice in a first dialect, and the second voice being a

voice in a second dialect.

20.  The apparatus according to claim 19, wherein the processing module is further configured
to input the first voice into a style separation model, and separate a style feature of the first voice

by means of the style separation model; and

the processing module is further configured to input the style feature of the first voice and
the feature information of the first voice into the dialect conversion network, and output the second
voice by means of the dialect conversion network, the second voice and the first voice having the

same style.

21.  The apparatus according to claim 14 or 15, wherein the first voice is a far-field voice, and
when the target conversion mode is the voice enhancement mode and the target voice conversion

network is a voice enhancement model,

the processing module is further configured to input the feature information of the first
voice into the voice enhancement model corresponding to the mode, and output the second voice

by means of the voice enhancement model, the second voice being a near-field voice.

22. A terminal device, characterized by comprising a processor, wherein the processor is
coupled to a memory, the memory stores program instructions, and when the program instructions
stored in the memory are executed by the processor, the method according to any one of claims 1

to 13 is implemented.
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23. A computer-readable storage medium, characterized by comprising a program, wherein
when run on a computer, the program causes the computer to perform the method according to any

one of claims 1 to 13.
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VOICE CONVERSION METHOD AND RELATED DEVICE
TECHNICAL FIELD

The present application relates to the technical field of voice processing, and in particular,

to a voice conversion method and a related device.
BACKGROUND ART

Human voice beautification refers to modifying and beautifying sounds to produce a
pleasant auditory effect. Currently, voice recording functions of a lot of audio recording software
or social applications (APP) on the market each have a certain capability of human voice
beautification. For example, denoising the voice, increasing the brightness or volume of the voice,
and the like only modify the voice characteristics of the speaker himself, and human voice

beautification modes are too limited.
SUMMARY OF THE INVENTION

Embodiments of the present application provide a voice conversion method and a related
device to provide a plurality of human voice beautification modes, thereby implementing

diversified human voice beautification.

According to a first aspect, an embodiment of the present application provides a voice
conversion method. The method is applicable to a voice conversion apparatus. For example, the
apparatus may be a terminal, and the method may comprise: receiving, by the terminal, a mode
selection operation inputted by a user, the mode selection operation being used for selecting a
voice conversion mode, and then selecting, by the terminal, a target conversion mode from a
plurality of modes according to the mode selection operation, the plurality of modes comprising a
style conversion mode, a dialect conversion mode, and a voice enhancement mode; the terminal
being capable of selecting a target voice conversion network corresponding to the target
conversion mode, and implementing voice conversion by means of the target voice conversion
network; acquiring, by the terminal device, a first voice to be converted, and further extracting
feature information of the first voice, the feature information being used for retaining content
information of the first voice; and then inputting, by the terminal, the feature information of the

first voice into the target voice conversion network corresponding to the target conversion mode,

PGR2026-00032
Krisp Technologies EX1013 Page 10



outputting a converted second voice by means of the target voice conversion network, and finally

outputting the second voice.

In this example, a plurality of selectable modes are provided, for example, the style
conversion mode for performing speaking style conversion on the first voice; the dialect
conversion mode for implementing accent addition or accent removal; and the voice enhancement
mode for implementing voice enhancement. The three modes have corresponding voice
conversion networks. According to the user's requirements, a voice conversion network
corresponding to a mode can perform conversion on the first voice, thereby implementing
diversified human voice beautification and meeting the requirements of the user in different

application scenarios.

In an optional implementation, extracting the feature information of the first voice may
specifically comprise: inputting, by the terminal, the first information into a voice feature
extraction model; and extracting a phoneme posteriorgram (PPG) feature of the first voice by
means of the voice feature extraction model, the PPG feature being used for retaining the content
information of the first voice. The PPG feature describes the size of the probability of each
phoneme in a phoneme set corresponding to a voice frame, which is equivalent to performing
phoneme recognition. The PPG feature is used for retaining the content information of the first
voice. In this example, the voice does not need to be converted into text to retain the content
information of the voice. Instead, by directly inputting the voice, and retaining the content

information of the first voice by means of the PPG feature, robustness can be further increased.

In an optional implementation, when the target conversion mode is the style conversion
mode and the target voice conversion network is a style conversion network, the style conversion
network comprises a style separation model and a voice fusion model. The method may further
comprise: acquiring, by the terminal, a third voice for extracting a style feature, inputting the third
voice into the style separation model, and separating the style feature of the third voice by means
of the style separation model; and then, further inputting the style feature and the feature

information of the first voice into the voice fusion model for fusion to obtain the second voice.

In this embodiment, the terminal receives the first voice to be converted and the third voice
for extracting the style feature, then the first voice is inputted into the voice feature extraction

model, and the PPG feature is extracted by means of the voice feature extraction model. The PPG
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feature is used for retaining the content information of the first voice, and the voice can be directly
inputted by means of the PPG feature. The terminal inputs the third voice into the style separation
model, separates the style feature of the third voice by means of the style separation model, and
finally, inputs the style feature and the PPG feature into the voice fusion model for fusion to obtain
the second voice in which the content of the first voice and the style of the third voice are fused.
The third voice may be voice of any person, so that the first voice is converted into a voice style
of any person, thereby implementing diversified voice style conversion. In an optional
implementation, the style feature comprises a first feature, the first feature comprises a plurality of
sub-features, and inputting the third voice into the style separation model and separating the style
feature of the third voice by means of the style separation model may specifically comprise:
inputting, by the terminal, the third voice into the style separation model, and extracting a vector
of the first feature in the third voice by means of the style separation model, wherein the first
feature may be, for example, a timbre; then inputting the third voice into sub-feature extraction
models, and extracting vectors of the sub-features by means of the sub-feature extraction models;
receiving a weight of each sub-feature among the plurality of sub-features inputted by the user;
and determining the style feature of the third voice according to the vector of the first feature, the

vector of each sub-feature, and the weight of each sub-feature.

In this embodiment, the similarity between the style of the voice to be converted and the
third voice (that is, the voice corresponding to a target template) is adjusted by means of the weight
corresponding to each sub-feature inputted by the user, and the degree of similarity is determined
by the weight inputted by the user. The degree of similarity between the final outputted voice style
and the third voice is determined by the weight, and the user can flexibly adjust the style of the
voice to be converted by adjusting the inputted weight. The style of the converted voice may be
completely the same as the style of the third voice, or may be changed on the basis of the style of

the third voice, thereby implementing diversified styles of the voice to be converted.

In an optional implementation, determining the style feature of the third voice according
to the vector of the first feature, the vector of each sub-feature, and the weight of each sub-feature
may comprise: inputting, by the terminal, the vector of the first feature into a multi-head attention
structure; inputting a product of the vector of each sub-feature and the weight corresponding
thereto into the multi-head attention structure; and outputting the style feature of the third voice

by means of the multi-head attention structure.
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In this embodiment, the multi-head attention structure enables the model to extract feature
expressions from different subspaces, each head corresponding to one sub-feature space in a high-
dimensional space, which is equivalent to decomposing the high-dimensional space, and each head
being responsible for one sub-feature space. The multi-head attention mechanism is equivalent to
a plurality of attention mechanisms having the same structure, so that the result outputted by the

multi-head attention mechanism includes a part of the timbre of the third voice.

In an optional implementation, acquiring the third voice for extracting the style feature may

comprise:

receiving, by the terminal, a template selection operation inputted by the user, the template
selection operation being used for selecting a target template, wherein the target template may be,
for example, a style of a male announcer, a voice style of a certain “female announcer”, or the like;
acquiring, by the terminal, voice corresponding to the target template, using the voice
corresponding to the target template as the third voice, and fusing the style feature of the third

voice into the first voice, so that diversified voice styles can be implemented.

In an optional implementation, acquiring the third voice for extracting the style feature may
specifically comprise: further being capable of receiving, by the terminal, the third voice inputted
by a second speaker, the first voice being voice of a first speaker, and the second speaker being

any person different from the first speaker, so that diversified voice styles can be implemented.

In an optional implementation, when the target conversion mode is the dialect conversion
mode and the target voice conversion network is a dialect conversion network, inputting the feature
information of the first voice into the target voice conversion network corresponding to the target
conversion mode, and outputting the converted second voice by means of the target voice
conversion network may further specifically comprise: inputting, by the terminal, the feature
information of the first voice into the dialect conversion network, and outputting the second voice
by means of the dialect conversion network, the first voice being voice in a first dialect, and the
second voice being voice in a second dialect, thereby implementing dialect conversion, enhancing
the convenience of communication between users in different regions, and implementing

diversified voice conversion.

In an optional implementation, the dialect conversion network comprises a plurality of

dialect conversion models, each dialect conversion model being targeted at a different dialect to
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be converted, and the method further comprises: the terminal being capable of receiving a selection
operation inputted by the user; and inputting the feature information of the first voice into a dialect
conversion model corresponding to the selection operation, and outputting the second voice by
means of the dialect conversion model corresponding to the selection operation. In this
embodiment, the terminal may select a corresponding dialect conversion model according to a

specific operation inputted by the user.

In an optional implementation, the method further comprises: inputting, by the terminal,
the first voice into the style separation model, and separating a style feature of the first voice by
means of the style separation model; and then inputting, by the terminal, the style feature of the
first voice and the feature information of the first voice into the dialect conversion network, and
outputting the second voice by means of the dialect conversion network, the second voice and the

first voice having the same style.

In this embodiment, the content of the second voice is the same as that of the input voice

(the first voice), and the speaking style of the input voice (the first voice) is retained.

In an optional implementation, the first voice is far-field voice. When the target conversion
mode is the voice enhancement mode and the target voice conversion network is a voice
enhancement model, inputting the feature information of the first voice into the target voice
conversion network corresponding to the target conversion mode, and outputting the converted
second voice by means of the target voice conversion network may comprise: inputting, by the
terminal, the feature information of the first voice into the voice enhancement model
corresponding to the mode, and outputting the second voice by means of the voice enhancement
model, the second voice being near-field voice. In this example, the far-field voice is converted
into the near-field voice to implement voice enhancement, so as to increase the clarity of the voice,

increase application scenarios, and implement diversified voice conversion.

In an optional implementation, the method further comprises: inputting, by the terminal,
the first voice into the style separation model, and separating the style feature of the first voice by
means of the style separation model; and then inputting the style feature of the first voice and the
feature information of the first voice into the voice enhancement model, and outputting the second

voice by means of the voice enhancement model, the second voice and the first voice having the
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same style. In this example, the converted voice is the same as the input voice (the first voice), and

the speaking style of the input voice (the first voice) is retained.

In an optional implementation, acquiring the first voice to be converted may comprise:
receiving the first voice inputted by the first speaker, or selecting the first voice from a locally

stored file.

According to a second aspect, an embodiment of the present application provides a voice
conversion apparatus, wherein the apparatus has a function performed by the terminal according
to the first aspect described above, the function may be implemented by hardware or by hardware
executing corresponding software, and the hardware or the software comprises one or more

modules corresponding to the function.

According to a third aspect, an embodiment of the present application provides a terminal,
comprising a processor, the processor being coupled to at least one memory, and the processor
being configured to read a computer program stored in the at least one memory, so that the terminal

performs any one of the methods according to the first aspect described above.

According to a fourth aspect, an embodiment of the present application provides a
computer-readable storage medium, the computer-readable storage medium being configured to
store a computer program, and when run on a computer, the computer program causing the

computer to perform the method according to the first aspect described above.

According to a fifth aspect, the present application provides a chip system, the chip system
comprising a processor, configured to support a terminal device in implementing functions related
to the aspects described above. In a possible design, the chip system further comprises a memory,
and the memory is configured to store program instructions and data that are necessary for the
terminal device. The chip system may be formed of a chip, or may comprise a chip and other

discrete devices.
BRIEF DESCRIPTION OF THE DRAWINGS

FIG. 1 1s a flowchart of steps of an embodiment of a voice conversion method in an

embodiment of the present application;

FIG. 2 is a schematic diagram of a scenario of selecting a mode in an embodiment of the

present application;
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FIG. 3 is a schematic diagram of the correspondence between modes and voice conversion

networks in an embodiment of the present application;

FIG. 4 is a flowchart of steps of another embodiment of a voice conversion method in an

embodiment of the present application;

FIG. 5 is a schematic diagram of an example of performing a style conversion process on

voice in an embodiment of the present application;

FIG. 6A is a schematic diagram of a scenario of an interface of a style conversion mode in

an embodiment of the present application;

FIG. 6B is a schematic diagram of another scenario of an interface of a style conversion

mode in an embodiment of the present application;

FIG. 7 is a schematic diagram of training and updating a style conversion network in an

embodiment of the present application;

FIG. 8 is a flowchart of steps of another embodiment of a voice conversion method in an

embodiment of the present application;

FIG. 9 is a schematic diagram of an example of performing a dialect conversion process

on voice in an embodiment of the present application;

FIG. 10 is a schematic diagram of another example of performing a dialect conversion

process on voice in an embodiment of the present application;

FIG. 11A is a schematic diagram of a scenario of an interface of a dialect conversion mode

and a voice enhancement mode in an embodiment of the present application;

FIG. 11B is a schematic diagram of another scenario of an interface of a dialect conversion

mode and a voice enhancement mode in an embodiment of the present application;

FIG. 12 is a schematic diagram of training and updating a dialect conversion model in an

embodiment of the present application;

FIG. 13 is a schematic structural diagram of an embodiment of a voice conversion

apparatus in an embodiment of the present application;
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FIG. 14 is a schematic structural diagram of an example of a chip in an embodiment of the

present application; and

FIG. 15 is a schematic structural diagram of another embodiment of a voice conversion

apparatus in an embodiment of the present application.
DETAILED DESCRIPTION OF THE EMBODIMENTS

The following describes the technical solutions in the embodiments of the present
application with reference to the accompanying drawings in the embodiments of the present
application. The term “and/or” appearing in the present application may be an association
relationship describing associated objects, indicating that there may be three relationships, for
example, A and/or B may indicate that A exists alone, A and B exist simultaneously, and B exists
alone. In addition, the symbol ““/”” in the present application generally indicates an “or” relationship
between the associated objects. The terms “first”, “second”, and the like in the specification,
claims, and accompanying drawings of the present application are intended to distinguish between
similar objects but do not necessarily indicate a specific order or sequence. It should be understood
that the terms used in this way are interchangeable in appropriate circumstances, so that the
embodiments described herein can be implemented in an order other than the order illustrated or
described herein. Moreover, the terms “comprise”, “have”, and any other variants are intended to
cover non-exclusive inclusion, for example, a process, method, system, product, or device that
includes a list of steps or modules is not necessarily limited to those steps or modules expressly
listed, but may include other steps or modules not expressly listed or inherent to such a process,

method, product, or device.

An embodiment of the present application provides a voice conversion method. The
method is applicable to a terminal. The terminal may be an intelligent terminal having a voice
function, such as a mobile phone, a tablet computer, a notebook computer, or a smartwatch. The
terminal device may also be referred to as a terminal device, user equipment (UE), or the like. The
terminal device may be described by using a mobile phone as an example. The terminal device is
internally configured with a voice processing neural network, and the voice processing neural
network mainly includes a style conversion network, a dialect conversion network, and a voice
enhancement model. The voice processing neural network implements voice conversion

(beautification). The present application provides a plurality of selectable modes, for example, a
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style conversion mode for performing speaking style conversion on a first voice; a dialect
conversion mode for implementing accent addition or accent removal; and a voice enhancement
mode for implementing voice enhancement. The three modes have corresponding voice
conversion networks. According to a target conversion mode selected by a user, the terminal
selects a target voice conversion network corresponding to the target conversion mode to perform
conversion on the acquired first voice to be converted, and outputs a converted second voice,
thereby implementing diversified human voice beautification and meeting the requirements of the

user in different application scenarios.

To better understand the present application, words involved in the present application are

first described.

Sequence to sequence (seq2seq) neural network: seq2seq is a type of encoder-decoder
structure, in which an inputted sequence is compressed into a vector of a specified length by an
encoder, and then the vector is inputted into a decoder to obtain an outputted sequence. The
seq2seq neural network means that both the encoder and the decoder are formed of a neural
network. The encoder is configured to encode the inputted sequence according to a specific rule
to generate the vector. The decoder is configured to convert the generated vector into the outputted

sequence.

Attention structure: A plurality of vectors of a specified length are generated in the encoder,
each vector is obtained by weighting an input feature, and the values of weights are related to the
output of the decoder. The purpose is for the output of the decoder to focus more on different key

parts of an input instead of the entire input.

Neural network vocoder: The neural network vocoder in essence is a neural network,
configured to convert an output feature of a voice processing neural network into highly natural

voice.

Style feature: The style feature includes, but is not limited to, a timbre. The timbre refers
to the quality of a sound, and is also referred to as tone quality. The timbre can reflect the quality
characteristic of a sound produced by a speaker. The timbre includes, but is not limited to, prosody,

accent, and voice rate.
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Phoneme: The phoneme is the smallest phonetic unit of an articulation. For example, hao

(good) includes three phonemes in total, and wo (me) includes two phonemes in total.

Phoneme posteriorgram (PPG) feature: The phoneme posteriorgram is a posterior
probability that each voice frame belongs to a group of predefined voice units (phonemes or
triphones/auxiliary phonemes), and these voice units retain linguistic and voice information of

voice.

Mel feature: A voice signal being stored as a waveform diagram feature is represented as
feature transformation in the time domain of the voice signal. However, the frequency distribution
of a voice signal cannot be learned according to only the waveform diagram feature. Through the
analysis of the frequency domain of the voice signal, features of the voice can be extracted. As a
feature representation of a voice signal, the Mel feature can clearly represent the formant

characteristics of the voice.

Referring to FIG. 1, the present application provides an embodiment of a voice conversion
method, and the method is performed by a terminal device. Alternatively, the method may be
performed by a processor in the terminal device, or the method may be performed by a chip in the
terminal device. In this embodiment of the present application, a description is provided using an
example in which the method is performed by a terminal, and the terminal is a mobile phone. The
terminal is internally configured with a voice processing neural network, and the voice processing
neural network mainly includes a style conversion network, a dialect conversion network, and a

voice enhancement model.

Step 101: A terminal receives a mode selection operation inputted by a user, the mode

selection operation being used for selecting a voice conversion mode.

Referring to FIG. 2, the mode selection operation may be a tap operation, and a plurality
of modes include a style conversion mode, a dialect conversion mode, and a voice enhancement
mode. Each mode has a corresponding voice conversion network, and voice is converted by means
of the corresponding voice conversion network. For example, the style conversion mode is used
for converting a voice style. The dialect conversion mode is used for dialect conversion, such as
“Accent addition”, “Accent removal”, or the like. The voice enhancement mode is used for

converting far-field voice into near-field voice.
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Step 102: The terminal selects a target conversion mode from a plurality of modes
according to the mode selection operation, the plurality of modes including a style conversion

mode, a dialect conversion mode, and a voice enhancement mode.

A list of the plurality of modes may be displayed on a display interface of the terminal, and
the user selects the target conversion mode from the plurality of modes by means of a tap operation
according to requirements, where the target conversion mode may be any one of the foregoing

three modes.

The terminal selects a target voice conversion network corresponding to the target

conversion mode.

Referring to FIG. 3, the style conversion mode corresponds to a style conversion network,
the dialect conversion mode corresponds to a dialect conversion network, and the voice
enhancement mode corresponds to a voice enhancement model. The terminal determines the target
voice conversion network corresponding to the target conversion mode according to the
correspondence between the modes and the voice conversion networks. For example, when the
user selects the style conversion mode, the target voice conversion network is the style conversion
network. When the user selects the dialect conversion mode, the target voice conversion network
is the dialect conversion network. When the user selects the voice enhancement mode, the target

voice conversion network is the voice enhancement model.
Step 103: The terminal acquires a first voice to be converted.
In a first implementation, the terminal receives the first voice inputted by a first speaker.

The terminal device receives, by means of a microphone, the first voice inputted by the
first speaker. The terminal device receives a first operation inputted by the user (the user may be
the same person as the first speaker, or may be a different person), and the first operation is an
operation of recording voice. For example, the first operation may be a tap operation. The user
taps a “Start recording” button on the screen of the mobile phone, and after receiving the first
operation, the mobile phone starts to record the voice inputted by the user, the voice being voice

(i.e., the first voice) that the user desires to beautify (or process).

In a second implementation, the terminal selects the first voice from a locally stored file.
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The terminal device may acquire the first voice from the locally stored file. The terminal
device receives a second operation inputted by the user, and the second operation is an operation
of selecting a voice file. For example, the user taps a “Select a file” button on the screen of the
mobile phone, and according to the second operation, the mobile phone may display a list of pieces
of voice to be selected. Then, the terminal device receives a third operation inputted by the user,
the third operation being used for selecting target voice, and the terminal device uses the target

voice as the first voice.
Step 104: The terminal extracts feature information of the first voice.
The feature information may be a Mel frequency cepstrum coefficient (MFCC) feature.

Alternatively, the feature information is a phoneme posteriorgram (PPG) feature. In this
embodiment of the present application, the feature information of the first voice is described by
using a PPG feature as an example. The PPG feature describes the size of the probability of each
phoneme in a phoneme set corresponding to a voice frame, which is equivalent to performing

phoneme recognition. The PPG feature is used for retaining content information of the first voice.

Step 105: The terminal inputs the feature information of the first voice into a target voice
conversion network corresponding to the target conversion mode, and outputs a converted second

voice by means of the target voice conversion network.

In a first mode, the target voice conversion network is the style conversion network.
Exemplarily, the terminal acquires a third voice for extracting a style feature, then inputs the third
voice into a style separation model, and separates the style feature of the third voice by means of
the style separation model; and finally inputs the style feature and the PPG feature of the first voice

into the voice fusion model for fusion to acquire the second voice.

In a second mode, the feature information of the first voice is inputted into the dialect
conversion network, and the second voice is outputted by means of the dialect conversion network,

the first voice being voice in a first dialect, and the second voice being voice in a second dialect.

In a third mode, the PPG feature of the first voice is inputted into the voice enhancement
model corresponding to the mode, and the second voice is outputted by means of the voice

enhancement model, the second voice being near-field voice.
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Human voice beautification includes a plurality of modes, the plurality of modes include a
style conversion mode, a dialect conversion mode, and a voice enhancement mode, and the first
voice may be beautified according to the mode selected by the user. For example, the style of the
first voice is beautified, dialect conversion is performed on the first voice, or voice enhancement

is performed on the first voice, and so on, implementing diversified human voice beautification.
Step 106: The terminal outputs the second voice.
The terminal outputs the converted second voice by means of a loudspeaker.

In the embodiments of the present application, there are provided a plurality of selectable
modes, for example, the style conversion mode for performing speaking style conversion on the
first voice, the dialect conversion mode for implementing accent addition or accent removal, and
the voice enhancement mode for implementing voice enhancement. The three modes have
corresponding voice conversion networks, and the voice conversion networks corresponding to
the modes can convert the first voice according to the user's requirements, thereby implementing
diversified human voice beautification and meeting the requirements of the user in different

application scenarios.

Referring to FIG. 4, an embodiment of the present application provides another
embodiment of voice conversion, and in this embodiment, a style conversion mode is described,
that is, performing style conversion on a first voice is described as an example. A mode is a style

conversion mode, and a target voice conversion network is a style conversion network.

Step 401: A terminal acquires a first voice to be converted and a third voice for extracting

a style feature.

For a method for acquiring the first voice by the terminal in this step, refer to the description

of step 103 in the embodiment corresponding to FIG. 1. Details are not described here again.
The terminal acquires the third voice in the following manner:

In a first implementation, the terminal receives a template selection operation inputted by
a user, and the terminal selects, according to the template selection operation, voice corresponding
to a target template, and then uses the voice corresponding to the target template as the third voice.
For example, the target template includes, but is not limited to, “Male announcer”, “Female

announcer”, “Actor's voice”, etc.
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Optionally, the target template may also be a category. Further, the terminal device receives
a sub-template selection operation, and the terminal device selects, according to the sub-template
selection operation, target voice corresponding to a sub-template. For example, a list of sub-
templates under the category of “Male announcer” includes “Announcer A”, “Announcer B”,
“Announcer C”, etc. A list of sub-templates under the category of “Female announcer” includes
“Announcer D”, “Announcer C”, etc. A list of sub-templates under the category of “Actor's voice”
includes “Actor D”, “Actor F”, etc. For example, the user selects “Announcer A”, and according
to the sub-template selection operation inputted by the user, the terminal device selects voice
corresponding to “Announcer A as the third voice. It should be noted that the examples of the
target template and the sub-template in this embodiment are all examples for description, and are

not intended to be limiting.

In a second implementation, the terminal may receive the third voice inputted by a second
speaker. Exemplarily, the terminal device receives the template selection operation inputted by the
user, the target template selected by the template selection operation is “Voice of any person”, and
the terminal may use voice corresponding to “Voice of any person” as the third voice. For example,
the user taps a “Voice of any person” option, and the terminal starts to record the third voice, the

second speaker being any person different from the first speaker.

Optionally, the third voice may be recorded voice that is locally pre-stored. For example,
the third voice may be the voice of a favorite character in a movie (a cartoon character's voice, or
a certain actor's voice). Optionally, the third voice may also be voice that is downloaded from the

Internet in advance and then stored in the terminal device.

Step 402: The terminal inputs the first voice into a voice feature extraction model, and
extracts a PPG feature of the first voice by means of the voice feature extraction model, the PPG

feature being used for retaining content information of the first voice.

Referring to FIG. 5, the terminal inputs the first voice into the voice feature extraction
model, and extracts the PPG feature of the first voice by means of the voice feature extraction
model. Exemplarily, the voice feature extraction model may be a deep neural network. The voice
feature extraction model includes a plurality of convolutional layers, two LSTM layers, and one
fully connected layer. The voice feature extraction model outputs the PPG feature of the first voice.

The PPG feature describes the size of the probability of each phoneme in a phoneme set
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corresponding to a voice frame, which is equivalent to performing phoneme recognition. The PPG
feature 1s used for retaining the content information of the first voice. The voice feature extraction

model is obtained by training in advance on a large number of linguistic materials.

In this embodiment, compared with automatic speech recognition (ASR) technology,
robustness can be further improved by using the PPG feature, as ASR technology needs to first
convert voice into text, thereby increasing the probability of error in voice content recognition. In
this embodiment, the PPG feature is inputted as the content information of the first voice, that is,
voice can be directly inputted without being converted into text content, thereby improving the

robustness of a system.

Step 403: The terminal inputs the third voice into a style separation model, and separates

the style feature of the third voice by means of the style separation model.

The style feature includes a first feature, and the first feature includes a plurality of sub-
features. For example, the first feature is a timbre feature, and the plurality of sub-features include

prosody, accent, voice rate, etc.

The style separation model is used to separate the style feature of the third voice. The style
separation model includes a timbre separation model. The timbre separation model is used to
separate the timbre feature of the third voice, thereby obtaining a vector of the first feature (i.e. a

timbre feature vector).

Optionally, the style conversion network further includes a plurality of sub-feature
extraction models and a multi-head attention structure. The terminal inputs the third voice into
each sub-feature extraction model, and extracts a vector of a sub-feature by means of the sub-
feature extraction model. For example, the plurality of sub-feature extraction models include a
prosody extraction model, a accent extraction model, and a voice rate extraction model. For
example, the prosody extraction model is used to extract a prosody feature in the third voice to
obtain a prosody vector. The accent extraction model is used to extract a accent feature in the third
voice to obtain a accent vector. The voice rate extraction model is used to extract a voice rate

feature in the third voice to obtain a voice rate vector.

First, the terminal receives a weight of each of the plurality of sub-features inputted by the

user. In an example, adjustment bars for prosody, voice rate, and accent are displayed on a screen
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of a mobile phone, and the user may input a weight corresponding to each sub-feature by adjusting
the adjustment bar of each sub-feature. The weight corresponding to each sub-feature may be
flexibly adjusted according to the user's own needs. For example, setting “Prosody” to 10%
indicates that final outputted voice has a similarity of 10% to the prosody of the target template,

that is, a parameter having a value of 0.1 is transferred to a built-in sub-feature extraction model.

In another example, several levels are pre-configured. For example, there may be three
levels, and the weight of each sub-feature at each level is pre-configured according to an empirical
value. For example, at a first level, the weight of prosody is 0.1, the weight of voice rate is 0.2,
and the weight of accent is 0.1. At a second level, the weight of prosody is 0.2, the weight of voice
rate is 0.2, and the weight of accent is 0.1, and so on and so forth. The terminal determines the
weight corresponding to each sub-feature by receiving a level inputted by the user. In this example,
the user does not need to adjust the weight of each sub-feature separately, and the user only needs

to select the level, which is convenient for the user to operate.

Then, the terminal determines the style feature of the third voice according to the vector of

the first feature, the vector of each sub-feature, and the weight of each sub-feature.

The terminal multiplies the weight corresponding to each sub-feature inputted by the user
by the vector of each sub-feature. The result of the multiplication and the vector of the first feature
(such as the timbre vector) are simultaneously inputted into the multi-head attention structure for
attention alignment, so that the multi-head attention structure outputs a style vector, which is the
style feature of the third voice. The multi-head attention structure enables the model to extract
feature expressions from different subspaces, each head corresponding to one sub-feature space in
a high-dimensional space, which is equivalent to decomposing the high-dimensional space, and
each head being responsible for one sub-feature space. The multi-head attention mechanism is
equivalent to a plurality of attention mechanisms having the same structure, so that the result
outputted by the multi-head attention mechanism includes a part of the timbre of the third voice.
For example, the structure outputted by the multi-head attention mechanism may be a 256-

dimension style embedding vector (style feature).

In this embodiment, the similarity between the style of the voice to be converted and the
third voice is adjusted by means of the weight corresponding to each sub-feature inputted by the

user, and the degree of similarity is determined by the weight inputted by the user. The user may
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select whether to input the weight, and if the user selects to input the weight, the degree of
similarity between the styles of the final outputted voice and the third voice is determined by the
inputted weight. If the user selects not to input the weight, the style of the final outputted voice
will be exactly the same as the style (or timbre, in which timbre is used as an example of the style)
of the third voice. The user can flexibly adjust the style of the voice to be converted by adjusting
the inputted weight. The style of the converted voice may be completely the same as the style of
the third voice, or may be changed on the basis of the style of the third voice, thereby implementing
diversified styles of the voice to be converted. For example, the style of the converted voice may
be a voice style of a certain “Male announcer”, or a voice style of a certain “Female announcer”,
or a voice style of any person, and may be changed on the basis of the voice styles of the “Male
announcer”, the “Female announcer”, or any person, so that diversified voice styles can be

implemented.

Step 404: The terminal inputs the style feature and the PPG feature into a voice fusion

model for fusion to obtain a second voice.

Exemplarily, the voice fusion model is a seq2seq neural network, and an attention
mechanism is introduced into the seq2seq neural network. The seq2seq neural network includes
an encoder, a decoder, and an attention structure. Any combination of neural network models may
be used for the models of the encoder and the decoder, including, for example, any one or a
combination of any two of a convolutional neural network (CNN), a recurrent neural network
(RNN), and a long short-term memory (LSTM). For example, in the present application, the
encoder may include three convolutional layers and one bidirectional LSTM layer. The PPG
feature is first inputted into the encoder, and the encoder encodes the inputted PPG sequence into
a vector of a fixed dimension. Since the length of the input sequence may be long, it is difficult to
express rich information in one vector during decoding, and thus an attention mechanism is
introduced. Then, the vector of the style feature and the PPG vector outputted by the encoder are
tiled in width to obtain an attention input matrix. Then, the attention input matrix is sent to the
attention structure frame by frame, and the attention structure cooperates with the encoder to output
a Mel (which may also be referred to as a Mel frequency spectrum) feature of the second voice.
The Mel frequency spectrum feature is a feature representation form of the second voice. After

encoding is completed, an output vector of an encoding module is weighted differently to obtain
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several vectors, each vector corresponding to one output, thereby ensuring that an output sequence

is focused on an input sequence instead of depending on all input sequences.
Step 405: The terminal outputs the second voice.

The Mel frequency spectrum feature is an intermediate representation, and although the
Mel frequency spectrum contains information of the output voice, the same cannot be directly
played, and needs to go through the inverse process of converting a voice signal into a Mel
spectrogram. In the present application, a playable audio file may be generated by a vocoder by
means of an acoustic feature of the Mel frequency spectrum. The vocoder may be a neural network
vocoder, and the network is responsible for converting a Mel feature into a highly natural voice
signal. The network is formed of a plurality of convolutional layers and deconvolutional layers,
and the final output is voice that can be played. Content in the voice is the same as that in the first
voice, and the speaking style is the same as that in the third voice. The terminal may directly play
the second voice. Optionally, the user may select whether to retain the second voice. If the user

selects to retain the second voice, the terminal stores the second voice.

In this embodiment, the terminal receives the first voice to be converted and the third voice
for extracting the style feature, then the first voice is inputted into the voice feature extraction
model, and the PPG feature is extracted by means of the voice feature extraction model. The PPG
feature is used for retaining the content information of the first voice, and the voice can be directly
inputted by means of the PPG feature. The terminal inputs the third voice into the style separation
model, separates the style feature of the third voice by means of the style separation model, and
finally, inputs the style feature and the PPG feature into the voice fusion model for fusion to obtain
the second voice in which the content of the first voice and the style of the third voice are fused.
The third voice may be voice of any person, so that the first voice is converted into a voice style

of any person, thereby implementing diversified voice style conversion.

In an application scenario, the voice processing neural network in the present application
is built in an application. For example, the APP may be an instant messaging APP or a human
voice beautification APP, and the human voice beautification APP may be applied to an audio
recording or video recording scenario. For example, the user may beautify voice to be sent by

means of the APP. In the audio recording or video recording scenario, after recording voice or a
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video having voice by using the terminal, the user may beautify the voice by means of an APP

formed in the present invention.

Referring to FIGS. 6A and 6B, a method for performing human voice beautification by a

user by means of the APP may include:

1). After the user taps a “Start recording” button on a screen, the user may record a voice
(a first voice) that the user desires to process. Alternatively, the user may tap “Select a file”, and
then select voice from a local file as the first voice. Moreover, the first voice that has been read

may be displayed by means of an audio waveform.

2). The user selects a target template in an interface, that is, the user selects a third voice.
When the user selects “Simulating Actor F”, “Male announcer”, or “Female announcer”, voice
already stored in the terminal is used by default. When the user selects “Voice of any person”, the
user needs to tap the “Start recording” or “Select a file” button to input the voice of any person

into the APP.

If the user taps the “Start recording” button, the terminal device starts to record voice of
any person, that is, to receive the third voice inputted by a second speaker. If the user taps “Select
a file”, the terminal device selects already stored voice of any person from a local file, and uses

the voice as the third voice.

3). The user selects input style feature weights (also referred to as “sub-feature weights™)
under “Adjust style similarity”. For example, setting “Prosody” to 20% indicates that the final
outputted voice has a similarity of 20% to the prosody of the target template, and the app transfers
a parameter having a value of 0.2 to a built-in neural network model. Similarly, setting “Voice
rate” to 30% indicates that the voice rate of the final outputted voice has a similarity of 30% to the
voice rate of the target template, and setting “Accent” to 40% indicates that the accent of the final
outputted voice has a similarity of 40% to the accent of the target template. It should be noted that
the adjustable style features include, but are not limited to, pitch, intensity, duration, timbre, etc.

The timbre includes, but is not limited to, prosody, voice rate, and accent.

4). After the user taps a “Start beautification” button, the inputs in steps 1, 2, and 3 are
simultaneously inputted into a trained voice processing neural network built in the APP, and

processed a voice (a second voice) is outputted after being processed by the voice processing
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neural network, where content of the voice is the same as content of the first voice, the style of the
voice is similar to the target template, and the degree of similarity is determined by the style feature

weights used for inputs.

5). The user can see a processed voice waveform on the interface of the APP, and there
will also be three buttons, “Play”, “Save file”, and “Re-record”. When the user taps “Play”, the
processed voice (the second voice) is played by means of a loudspeaker of the mobile phone. When
the user taps “Save file”, the terminal saves the processed voice (the second voice) locally. When

the user taps “Re-record”, the terminal starts to perform re-processing, that is, returns to step 4.

The style conversion network and the application scenario are described above. The

training and updating processes of the style conversion network will be described below.

The style conversion network is a neural network including three parts, namely, a voice
feature extraction part (i.e., a voice feature extraction model), a style separation part (i.e., including
a style separation model, a multi-head attention structure, and a plurality of sub-feature extraction

models), and a voice fusion model.

Referring to FIG. 7, in FIG. 7, a black solid line indicates a flow direction of input data,
and a thick dashed line indicates a direction of parameter updating. In the style conversion network,
the style separation model and the voice feature extraction model do not participate in network

updating.

The style separation model is trained in advance using a large amount of voice data of
different speakers. That is, a training dataset of the style separation model includes a large number
of linguistic materials of different speakers (voices of different speakers have different timbre
features), and the style separation model is trained on the training set to obtain the style separation

model. The style separation model does not participate in parameter updating of the entire network.

The voice feature extraction model is trained in advance on a large number of linguistic
materials. For example, an input of sample data included in the training dataset is voice, and a
label is a PPG feature of the sample data. The voice feature extraction model is used to extract the
PPG feature, and the voice feature extraction model does not participate in parameter updating of

the entire network.
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Except for the style separation model and the voice feature extraction model, other models

in the entire network participate in the training and updating of the entire network.

Please refer to the models through which the thick dashed lines pass in FIG. 7. Among the
multi-head attention structure, each sub-feature extraction model, and the seq2seq neural network
(including the encoder, the decoder, and the attention structure), each structure may be a neural
network, and each neural network may include a plurality of convolutional layers, fully connected
layers, LSTM layers, and other structural layers, while the weight parameters of each layer need

to be trained on a large amount of data to be obtained.

The updating of the style conversion network in the present application is different from
the conventional method in that, since the style separation model and the voice feature extraction
model in the present application have been pre-trained and do not participate in the network
updating, the training of the style separation model does not need to be considered. Accordingly,
an input and a label do not need to be two pieces of voice having the same content (two pieces of
voice spoken by two different people), which greatly reduces the amount of sample data. A first
Mel feature is obtained from the label through a short-time Fourier transform (STFT) algorithm.
After the voice is inputted into the style conversion network, the output through this network is a
second Mel feature. A loss value and a gradient are obtained by comparing the first Mel feature
and the second Mel feature. The output of this network is compared with the Mel feature obtained
from the input through the STFT algorithm to obtain the loss value and the gradient thereof. In
FIG. 7, the thick dashed lines indicate flow directions of gradients. Only when a gradient flows
through a corresponding structure will the parameters in the structure be updated. Further, the style
separation model and the voice feature extraction model are obtained by training in advance and
do not need to participate in the parameter update of the network. The loss value is an indicator
for determining when the network stops training. When the loss value decreases to a certain value
and there is no obvious trend of continuing decreasing, it indicates that the network has converged,

and the training can be stopped.

The entire style conversion network does not use a style label (that is, the input and the
label are in the same voice sequence) to obtain the capability of voice beautification. This network

learning method is an unsupervised learning method, and the style conversion network trained by

21

PGR2026-00032
Krisp Technologies EX1013 Page 30



the unsupervised learning method can support the user to manually adjust the degree of

beautification for the recorded voice and can combine the speaking styles of different speakers.

Referring to FIG. 8, an embodiment of the present application provides another
embodiment of voice conversion, and the dialect conversion mode and the voice enhancement

mode are described in this embodiment.

The dialect conversion network includes a plurality of dialect conversion models, and the
dialect conversion models are used to perform dialect conversion on the inputted first voice. The
voice enhancement model is used for converting far-field voice into near-field voice to implement

voice enhancement.

The plurality of dialect conversion models include at least two types. A first type is accent
removal, namely, converting a dialect into Mandarin. For example, Sichuanese is converted into
Mandarin. A second type is accent addition, that is, converting Mandarin into a dialect, for
example, converting Mandarin into Sichuanese, or the like. Each dialect conversion model is
targeted at a different dialect to be converted. Dialect conversion can enhance the convenience of
communication between users in different regions, thereby implementing diversified voice
conversion. It should be noted that only two types are exemplified herein for illustration; certainly,
in an optional solution, two dialect conversion models may also be used in conjunction to perform
conversion between two dialects. For example, to convert Sichuanese into Cantonese, it is possible

to first convert Sichuanese into Mandarin, and then convert Mandarin into Cantonese.
Step 801: A terminal receives a mode selection operation inputted by a user.

For example, different processing modes for voice are displayed on a user interface of the
terminal. For example, the processing modes may include a “dialect switching mode” and a “voice
enhancement mode”. The model selection operation may be a tap operation, and when the user

taps the “dialect switching mode”, the user selects a dialect switching processing mode.
Step 802: The terminal receives a selection operation inputted by the user.

Alternatively, when the mode selection operation is used for selecting the dialect switching
mode, the mode selection operation (a first-level operation) may further include a plurality of
selection operations of a next level (second-level operations), for example, a first selection

operation and a second selection operation. The first selection operation is used for selecting
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“Accent removal”, and the second selection operation is used for selecting “Accent addition”. Each
second-level operation may include a plurality of third-level operations. In an application scenario,
when the user selects “Accent dialect switching”, second-level classification options of “Accent
removal” and “Accent addition” will appear. When the user selects “Accent addition”, the user
interface of the terminal displays third-level classification labels of accent options of different
places, for example, “Sichuan accent”, “Guangdong accent”, etc. The terminal receives a third-
level selection operation inputted by the user, such as a first operation, a second operation, and the
like. The first operation is used for selecting to convert Sichuanese into Mandarin, the second
operation is used for selecting to convert Mandarin into Sichuanese, and so on. The terminal may
select a corresponding dialect conversion model according to a specific operation inputted by the

user.

Step 803: The terminal inputs feature information of a first voice into a dialect conversion
model corresponding to the selection operation, and outputs a second voice by means of the dialect

conversion model corresponding to the selection operation.

Referring to FIG. 9, when the mode selection operation is used for selecting the dialect
switching mode, the terminal inputs a PPG feature into a dialect switching model (a seq2seq neural
network) according to the mode selection operation, outputs a Mel feature form of the second voice
by means of the dialect switching model, and then converts the Mel feature into a playable voice
form by means of a neural network vocoder. The first voice is voice in a first dialect, and the

second voice is voice in a second dialect.

Optionally, the terminal inputs a third voice into a style separation model, and separates a
style feature of the first voice by means of a style separation model to obtain a timbre feature vector
of the first voice. Then, the PPG feature of the first voice and the timbre feature vector of the first
voice are inputted into the dialect conversion model corresponding to the selection operation, and
the second voice is outputted by means of the dialect conversion model corresponding to the
selection operation. Content of the second voice is the same as that of the input voice (the first

voice), and the speaking style of the input voice (the first voice) is retained.

It should be noted that, in the embodiments of the present application, the dialect is a

“language of a place”, for example, Sichuanese, Cantonese, etc. Mandarin is also a dialect. In
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Chinese, Mandarin uses the Beijing voice as the standard pronunciation and can be understood as

a dialect based on Northern Chinese. That is, in the present application, Mandarin is also a dialect.

Exemplarily, the first dialect is Sichuanese, and the second dialect is Mandarin.
Alternatively, the first dialect is Mandarin, and the second dialect is Sichuanese, or the second
dialect is a Northeastern dialect, and so on. Specifically, the first dialect and the second dialect are

not limited.

Referring to FIG. 10, the dialect conversion network includes N dialect conversion models,
each dialect conversion model is targeted at a different dialect to be converted, and conversion of
each dialect has a corresponding model. For example, among the plurality of dialect conversion
models, a first dialect conversion model is used to convert Sichuanese into Mandarin, a second
dialect conversion model is used to convert Mandarin into Cantonese, an integrated model of the
first dialect conversion model and the second dialect conversion model may convert Sichuanese
into Cantonese, and so on. In this example, the first dialect and the second dialect are illustrated,

which is not intended to limit the present application.

Optionally, when a mode corresponding to the mode selection operation is the voice
enhancement mode, the terminal inputs the PPG feature of the first voice into the voice
enhancement model corresponding to the mode, and outputs the second voice by means of the
voice enhancement model, where the first voice is far-field voice, and the second voice is near-
field voice. The far-field voice is converted into the near-field voice, thereby implementing voice
enhancement, increasing application scenarios, and implementing diversified voice conversion.
The voice enhancement model is obtained by learning performed based on sample data in a training
dataset, the sample data includes an input and a label, the input is far-field voice, and the label is

near-field voice.

Optionally, the first voice is inputted into the style separation model, and the style feature
of the first voice is separated by the style separation model. Then, the style feature of the first voice
and the feature information of the first voice are inputted into the voice enhancement model, and
the second voice 1s outputted by means of the voice enhancement model, the second voice and the
first voice having the same style. In this example, the converted voice is the same as the input

voice (the first voice), and the speaking style of the input voice (the first voice) is retained.

For example, in an application scenario, refer to FIGS. 11A and 11B.
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a. After the user taps the “Start recording” button, the terminal records voice (the first
voice) that the user desires to process, or the user may tap the “Select a file” button, and the
terminal selects voice from a local file as the first voice. Optionally, the terminal may display a

waveform of an audio that has been read.

b. The user selects a voice processing mode in the interface. The interface displays a first-
level classification label. For example, the first-level classification label includes “Dialect
switching” and “Voice enhancement”. When the user selects “Dialect switching”, the interface
displays second-level classification labels. For example, the second-level classification labels
include “Accent removal” and “Accent addition”. When the user selects “Accent addition”, the
interface displays third-level classification labels of accent options of different places, for example,
“Guangdong accent”, “Sichuan accent”, “Fujian accent”, etc. Alternatively, the user may select a

“Voice enhancement” mode.
c. The terminal selects a corresponding model according to the mode selected by the user.

d. After the user taps the “Start beautification” button, the first voice is inputted into the
selected model (for example, a dialect conversion model for converting Mandarin to a Guangdong
accent), and after being processed by the dialect conversion model for a period of time, a processed
second voice is outputted, where the content of the second voice is the same as that of the input
voice (the first voice), and the speaking style of the input voice (the first voice) is retained.
Alternatively, the first voice is inputted into the selected voice enhancement model, and after being
processed by the voice enhancement model for a period of time, a processed second voice is
outputted, where the content of the second voice is the same as that of the input voice (the first
voice), and the speaking style of the input voice (the first voice) is retained. The first voice is far-

field voice, and the second voice is near-field voice.

e. Finally, the user can see a processed voice waveform on the display interface. The
display interface further displays three buttons, “Play”, “Save file”, and “Re-record”. When the
user taps the “Play” button, the processed voice will be played by means of the loudspeaker of the
mobile phone. When the user taps the “Save file” button, the terminal saves the processed voice
locally. When the user taps the “Re-record” button, the terminal re-processes the first voice, and
selects a corresponding model according to the selection operation of the user on the interface at

this time, while returning to step d.
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The training and updating processes of the dialect conversion model will be described

below.

Referring to FIG. 12, each dialect conversion model has the same structure, and each
dialect conversion model is a seq2seq neural network. The seq2seq neural network includes an
encoder, a decoder, and an attention structure. Different dialect conversion models correspond to
different training datasets, and parameters of each layer are different. For example, a first dialect
conversion model is to convert Sichuanese to Mandarin, and each piece of sample data in the
training dataset corresponding to the first dialect conversion model includes an input and a label.
The input is Sichuanese voice, and the label is Mandarin voice having the same content as the
Sichuanese voice. A second dialect conversion model is to convert Mandarin to Sichuanese, and
each piece of sample data in the training dataset corresponding to the first dialect conversion model
includes an input and a label. The input is Mandarin voice, and the label is Sichuanese voice having
the same content as the Mandarin voice, and so on and so forth. Different dialect conversion
models perform learning on different training datasets. In FIG. 12, parameter updates of modules

in a dialect conversion model are used as an example.

A training manner of this training solution is substantially the same as that of a style
conversion network. A style separation model and a voice feature extraction model are already
trained in advance, and do not participate in network updating, that is, training of the style
separation model and the voice feature extraction model does not need to be considered.
Accordingly, a third Mel feature is obtained from a label through an STFT algorithm, and the
output through this network is a fourth Mel feature. A loss value and a gradient are obtained by
comparing the third Mel feature and the fourth Mel feature. The fourth Mel feature outputted by
this network is compared with the third Mel feature obtained from the input through the STFT
algorithm to obtain the loss value and the gradient. In FIG. 12, the thick dashed lines indicate flow
directions of gradients. Only when a gradient flows through a corresponding structure (for
example, an encoder, an attention structure, and a decoder), will the parameter in the module be
updated. Further, the style separation model and the voice feature extraction model are obtained
by training in advance and do not need to participate in the parameter updating of the network.
The loss value is an indicator for determining when the network stops training. When the loss
value drops to a certain value and there is no obvious continuing decreasing trend, it indicates that

the network has converged, and the training can be stopped.
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In the embodiment of the present application, style features such as timbre, prosody, and
voice rate in the voice are extracted by means of unsupervised learning, so as to implement
controllable beautification of the style of the voice. For a voice beautification scenario in which
the user desires the style of the processed voice to be the same as that before processing, for
example, an application scenario of dialect conversion and voice enhancement, in the present
application, the style of the processed voice can remain unchanged while implementing dialect
conversion or voice enhancement. In the present application, artificial intelligence technology is
used to provide a more convenient and abundant method for implementing human voice
beautification, which can cover more scenarios. The effect of accent removal, accent addition, or
voice enhancement of any person is achieved, while the input and output voice styles can remain

unchanged.

In the embodiments of the present application, training and updating of the models may be
performed by a server, and the server downloads the trained voice processing neural network from
the terminal to a local end. In practical applications, the voice processing neural network is built

in an APP, for example, the APP is an instant messaging APP, and the like.

A voice conversion method has been described above. Referring to FIG. 13, a voice
conversion apparatus 1300 to which the method is applied will be described below. The voice
conversion apparatus includes an input module 1320, a processing module 1310, an acquisition

module 1330, and an output module 1340.

The input module 1320 is configured to receive a mode selection operation inputted by a

user, the mode selection operation being used for selecting a voice conversion mode.

The processing module 1310 is configured to select a target conversion mode from a
plurality of modes according to the mode selection operation received by the input module 1320,
the plurality of modes including a style conversion mode, a dialect conversion mode, and a voice

enhancement mode.
The acquisition module 1330 is configured to acquire a first voice to be converted.

The processing module 1310 is further configured to: extract feature information of the

first voice acquired by the acquisition module 1330; input the feature information of the first voice
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into a target voice conversion network corresponding to the target conversion mode, and output a

converted second voice by means of the target voice conversion network.
The output module 1340 is configured to output the second voice.

In an optional implementation, the processing module 1310 is further configured to: input
the first information into a voice feature extraction model, and extract a phoneme posteriorgram
(PPQ) feature of the first voice by means of the voice feature extraction model, the PPG feature

being used for retaining content information of the first voice.

In an optional implementation, when the target conversion mode is the style conversion
mode and the target voice conversion network is a style conversion network, the style conversion

network includes a style separation model and a voice fusion model.

The acquisition module 1330 is configured to acquire a third voice for extracting a style

feature.

The processing module 1310 is further configured to: input the third voice into the style
separation model, and separate the style feature of the third voice by means of the style separation

model.

The processing module 1310 is further configured to input the style feature and the feature

information of the first voice into the voice fusion model for fusion to obtain the second voice.

In an optional implementation, the style feature includes a first feature, and the first feature

includes a plurality of sub-features.

The processing module 1310 is further configured to: input the third voice into the style
separation model, and extract a vector of the first feature of the third voice by means of the style
separation model; and input the third voice into sub-feature extraction models, and extract vectors

of the sub-features by means of the sub-feature extraction models.

The input module 1320 is further configured to receive a weight of each of the plurality of

sub-features inputted by a user.

The processing module 1310 is further configured to determine the style feature of the third
voice according to the vector of the first feature, the vector of each sub-feature received by the

input module 1320, and the weight of each sub-feature received by the input module 1320.
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In an optional implementation, the processing module 1310 is further configured to: input
the vector of the first feature into a multi-head attention structure, input the product of the vector
of each sub-feature and the weight corresponding to the sub-feature into the multi-head attention
structure, and output the style feature of the third voice by means of the multi-head attention

structure.

In an optional implementation, the acquisition module 1330 is further configured to:
receive a template selection operation inputted by the user, the template selection operation being
used for selecting a target template; and acquire voice corresponding to the target template, and

use the voice corresponding to the target template as the third voice.

In an optional implementation, the acquisition module 1330 is further configured to receive
the third voice inputted by a second speaker, the first voice being voice of a first speaker, and the

second speaker being any person different from the first speaker.

In an optional implementation, the target conversion mode is the dialect conversion mode
and the target voice conversion network is a dialect conversion network. The processing module
1310 is further configured to input the feature information of the first voice into the dialect
conversion network, and output the second voice by means of the dialect conversion network, the

first voice being voice in a first dialect, and the second voice being voice in a second dialect.

In an optional implementation, the dialect conversion network includes a plurality of
dialect conversion models, and each dialect conversion model is targeted at a different dialect to

be converted.

The input module 1320 is further configured to receive a selection operation inputted by

the user.

The processing module 1310 is further configured to: input the feature information of the
first voice into a dialect conversion model corresponding to the selection operation, and output the

second voice by means of the dialect conversion model corresponding to the selection operation.

In an optional implementation, the processing module 1310 is further configured to: input
the first voice into the style separation model, and separate a style feature of the first voice by

means of the style separation model.
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The processing module 1310 is further configured to: input the style feature of the first
voice and the feature information of the first voice into the dialect conversion network, and output
the second voice by means of the dialect conversion network, the second voice and the first voice

having the same style.

In an optional implementation, the first voice is far-field voice. When the target conversion
mode is the voice enhancement mode and the target voice conversion network is a voice

enhancement model,

the processing module 1310 is further configured to: input the feature information of the
first voice into the voice enhancement model corresponding to the mode, and output the second

voice by means of the voice enhancement model, the second voice being near-field voice.

In an optional implementation, the processing module 1310 is further configured to: input
the first voice into the style separation model, and separate the style feature of the first voice by

means of the style separation model.

The processing module 1310 is further configured to: input the style feature of the first
voice and the feature information of the first voice into the voice enhancement model, and output
the second voice by means of the voice enhancement model, the second voice and the first voice

having the same style.

In an optional implementation, the acquisition module 1330 is further configured to receive

the first voice inputted by a first speaker, or select the first voice from a locally stored file.

In a possible design, the processing module 1310 may be a processing apparatus, and some

or all functions of the processing apparatus may be implemented by software.

Alternatively, the functions of the processing apparatus may be implemented partially or
entirely by software. In this case, the processing apparatus may include a memory and a processor.
The memory is configured to store a computer program, and the processor reads and executes the
computer program stored in the memory, to perform corresponding processing and/or steps in any

one of the method embodiments.

Alternatively, the processing apparatus may include only a processor. The memory for

storing the computer program is located outside the processing apparatus, and the processor is
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connected to the memory via a circuit/wire to read and execute the computer program stored in the

memory.

Optionally, the processing apparatus may be one or more chips, or one or more integrated

circuits.

Exemplarily, an embodiment of the present application provides a chip structure. Referring

to FIG. 14, the chip includes:

The chip may be represented as a neural-network processing unit (NPU) 140, the NPU is
mounted to a host CPU as a coprocessor, and the host CPU allocates a task. The core part of the
NPU is an operation circuit 1403, and a controller 1404 controls the operation circuit 1403 to

extract matrix data in the memory and perform a multiplication operation.

In some implementations, the operation circuit 1403 internally includes a plurality of
process engines (PE). In some implementations, the operation circuit 1403 is a two-dimensional
systolic array. The operation circuit 1403 may also be a one-dimensional systolic array or other
electronic circuits capable of performing mathematical operations such as multiplication and

addition. In some implementations, the operation circuit 1403 is a general matrix processor.

For example, it is assumed that there are an input matrix A, a weight matrix B, and an
output matrix C. The operation circuit obtains data corresponding to the matrix B from a weight
memory 1402, and buffers the data on each PE in the operation circuit. The operation circuit
obtains data of the matrix A from an input memory 1401 to perform a matrix operation with the

matrix B, and stores an obtained partial result or final result of the matrix in an accumulator 1408.

A unified memory 1406 is configured to store input data and output data. Weight data is
directly transferred to the weight memory 1402 through a direct memory access controller

(DMAC) 1405. The input data is also transferred to the unified memory 1406 through the DMAC.

A BIU is a bus interface unit, i.e., a bus interface unit 1410, and is configured to interact

between an AXI bus and the DMAC and an instruction fetch buffer 1409.

The bus interface unit (BIU for short) 1410 is used by the instruction fetch buffer 1409 to
acquire an instruction from an external memory, and is further used by the direct memory access
controller 1405 to acquire original data of the input matrix A or the weight matrix B from the

external memory.
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The DMAC is mainly configured to transfer the input data in the external memory DDR to
the unified memory 1406, or transfer the weight data to the weight memory 1402, or transfer the
input data to the input memory 1401.

A vector computation unit 1407 includes a plurality of operation processing units, and if
necessary, performs further processing of the output of the operation circuit, such as vector
multiplication, vector addition, exponential operation, logarithmic operation, size comparison, etc.
The vector computation unit 1407 is mainly used for non-convolution/FC layer network
calculation in a neural network, such as pooling, batch normalization, local response

normalization, etc.

In some implementations, the vector computation unit 1407 can store the vector of
processed outputs to the unified memory 1406. For example, the vector computation unit 1407
may apply a non-linear function to the output of the operation circuit 1403, such as a vector of
accumulated values, to generate an activation value. In some implementations, the vector
computation unit 1407 generates a normalized value, a merged value, or both. In some
implementations, the vector of processed outputs can be used as an activation input to the operation

circuit 1403, for example, for use in a subsequent layer in the neural network.

The instruction fetch buffer 1409 connected to the controller 1404 is configured to store an

instruction used by the controller 1404.

The unified memory 1406, the input memory 1401, the weight memory 1402, and the
instruction fetch buffer 1409 are all on-chip memories. The external memory is private to the

hardware architecture of this NPU.

In the present application, the operations of the layers in each module of the voice feature
extraction model, the style separation model, the multi-head attention structure, the sub-feature
extraction models, the encoder, the decoder and the attention structure in the Seq2seq neural
network, the dialect conversion models, and the voice enhancement model may be performed by

the operation circuit 1403 or the vector computation unit 1407.

The operation circuit 1403 or the vector computation unit 1407 calculates a parameter value

(for example, a first parameter value), and a main CPU is configured to read a computer program
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stored in the at least one memory, so that the terminal performs the method performed by the

terminal in the foregoing method embodiments.

Referring to FIG. 15, an embodiment of the present invention further provides another
voice conversion apparatus. As shown in FIG. 15, only parts related to the embodiment of the
present application are shown, and for specific technical details that are not disclosed, reference
may be made to the method part of the embodiments of the present application. The voice
conversion apparatus may be a terminal, the terminal may be a mobile phone, a tablet computer, a
notebook computer, a smart watch, or the like. An example in which the terminal is a mobile phone

1s used.

FIG. 15 is a block diagram of a partial structure of a mobile phone related to a terminal
provided by an embodiment of the present invention. Referring to FIG. 15, the mobile phone
includes components such as a radio frequency (RF) circuit 1510, a memory 1520, an input unit
1530, a display unit 1540, an audio circuit 1560, a processor 1580, and a power supply 1590. It
can be understood by those skilled in the art that the structure of the mobile phone shown in FIG.
15 does not constitute a limitation on the mobile phone, and the mobile phone may include more
or fewer components than those shown in the figure, or some components may be combined, or a

different component arrangement may be used.

Each component of the mobile phone will be described in detail below with reference to

FIG. 15.

The RF circuit 1510 may be configured to receive and send a signal in an information
receiving and sending process or a call process, and particularly, receive downlink information of

a base station and send the downlink information to the processor 1580 for processing.

The memory 1520 may be configured to store a software program and a module, and the
processor 1580 runs the software program and module stored in the memory 1520, to implement
various functional applications and data processing of the mobile phone. The memory 1520 may
mainly include a storage program area and a storage data area, and the storage program area may
store an operating system, an application required by at least one function (such as a sound playing
function), etc. In addition, the memory 1520 may include a high-speed random access memory,
and may also include a non-volatile memory, such as at least one magnetic disk storage device, a

flash memory device, or other volatile solid-state storage devices.

33

PGR2026-00032
Krisp Technologies EX1013 Page 42



The input unit 1530 may be configured to receive input digit or character information, and
generate key signal input related to user setting and function control of the mobile phone.
Specifically, the input unit 1530 may include a touch panel 1531 and other input devices 1532.
The touch panel 1531 is also referred to as a touchscreen and may collect a touch operation on or
near the touch panel 1531 (such as an operation performed by a user on the touch panel 1531 or
near the touch panel 1531 by using any proper object or accessory, such as a finger or a stylus),
and drive a corresponding connection apparatus according to a preset program. Optionally, the
touch panel 1531 may include two parts: a touch detection apparatus and a touch controller. The
touch detection apparatus detects a touch orientation of the user, detects a signal brought about by
the touch operation, and sends the signal to the touch controller. The touch controller receives
touch information from the touch detection apparatus, converts the touch information into contact
coordinates, and sends the contact coordinates to the processor 1580, and can receive and execute
a command sent by the processor 1580. The input unit 1530 may further include other input devices
1532 in addition to the touch panel 1531. Specifically, other input devices 1532 may include, but
are not limited to, one or more of a physical keyboard, function keys (such as volume control keys,

switch keys, etc.), a trackball, a mouse, a joystick, etc.

In the present application, the input unit 1530 is configured to receive various operations
inputted by the user, for example, a mode selection operation. A function of the input module 1320
in FIG. 13 may be performed by the input unit 1530, or a function of the acquisition module 1330
in FIG. 13 may be performed by the input unit 1530.

The display unit 1540 may be configured to display information inputted by the user or
information provided for the user, and various menus of the mobile phone. The display unit 1540
may include a display panel 1541, and optionally, the display panel 1541 may be configured in a
form of a liquid crystal display (LCD), an organic light-emitting diode (OLED), etc. Further, the
touch panel 1531 may cover the display panel 1541, and when the touch panel 1531 detects a touch
operation on or near the touch panel, the touch operation is transmitted to the processor 1580 to
determine the type of a touch event, and then the processor 1580 provides a corresponding visual
output on the display panel 1541 according to the type of the touch event. Although in FIG. 15,
the touch panel 1531 and the display panel 1541 are used as two separate components to implement

input and output functions of the mobile phone, in some embodiments, the touch panel 1531 and
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the display panel 1541 may be integrated to implement the input and output functions of the mobile

phone.

In the present application, the display unit 1540 is configured to display the APP interfaces
shown in FIGS. 6A, 6B, 11A, and 11B corresponding to the method embodiments.

The audio circuit 1560, a loudspeaker 1561, and a microphone 1562 may provide an audio
interface between the user and the mobile phone. The audio circuit 1560 may transmit an electrical
signal converted from received audio data to the loudspeaker 1561, and the loudspeaker 1561 may
convert the electrical signal into a sound signal for output; on the other hand, the microphone 1562
may convert a collected sound signal into an electrical signal, and the audio circuit 1560 may
receive the electrical signal, convert the electrical signal into audio data, and then output the audio

data to the processor 1580 for processing.

In the present application, the audio circuit 1560 receives a first voice of a first speaker or
a third voice of a second speaker by means of the microphone 1562. The loudspeaker 1561 is
configured to output a processed second voice. For example, the second voice is voice that has
undergone style conversion, or the second voice is voice that has undergone dialect conversion, or
the second voice is voice that has undergone voice enhancement. The loudspeaker 1561 is

configured to output the second voice.

In a possible design, a function of the output module 1340 in FIG. 13 may be performed
by the loudspeaker 1561.

The processor 1580 is a control center of the mobile phone, connects various parts of the
entire mobile phone by using various interfaces and lines, and performs various functions of the
mobile phone and data processing by running or executing a software program and/or a module
stored in the memory 1520 and invoking data stored in the memory 1520, to perform overall
monitoring on the mobile phone. Optionally, the processor 1580 may include one or more

processing units.

The mobile phone further includes a power supply 1590 (such as a battery) for supplying
power to each component. Preferably, the power supply may be logically connected to the
processor 1580 via a power management system, so as to implement functions such as charging,

discharging, and power consumption management through the power management system.
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Although not shown in the figure, the mobile phone may further include a camera, a

Bluetooth module, etc. Details are not described herein.

In the present application, when a process instruction stored in the memory is executed by
the processor, the method performed by the terminal in the foregoing method embodiments is
implemented. For details, refer to the descriptions in the foregoing method embodiments. Details

are not described herein again.

The embodiments of the present application further provide a computer-readable storage
medium, where the computer-readable storage medium stores a program, and when run on a
computer, the program causes the computer to perform the steps performed by the terminal device

in the method described in the foregoing method embodiments.

The embodiments of the present application further provide a computer program product,
and when run on a computer, the computer program product causes the computer to perform the

steps performed by the terminal in the method described in the foregoing method embodiments.

The embodiments of the present application further provide a circuit system, the circuit
system includes a processing circuit, and the processing circuit is configured to perform the steps

performed by the terminal device in the method described in the foregoing method embodiments.

In another possible design, when the apparatus is a chip in a terminal, the chip includes a
processing unit and a communications unit, the processing unit may be, for example, a processor,
and the communications unit may be, for example, an input/output interface, a pin, a circuit, etc.
The processing unit may execute a computer-executable instruction stored in a storage unit, so that
the chip in the terminal performs any one of the wireless communication methods according to the
first aspect described above. Optionally, the storage unit is a storage unit in the chip, for example,
a register or a cache, or the storage unit may be a storage unit in the terminal but outside the chip,
for example, a read-only memory (read-only memory, ROM), another type of static storage device

that can store static information and an instruction, a random access memory (RAM), etc.

The processor mentioned anywhere above may be a general-purpose central processing
unit (CPU), a microprocessor, an application-specific integrated circuit (ASIC), or one or more
integrated circuits configured to control program execution of the wireless communication method

according to the first aspect described above. Those skilled in the art can clearly understand that,
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for the convenience and conciseness of description, reference may be made to the corresponding
processes in the foregoing method embodiments for specific working processes of the system,

apparatus, and unit described above, and details are not described herein again.

In several embodiments provided by the present application, it should be understood that
the disclosed system, apparatus, and method may be implemented in other manners. For example,
the apparatus embodiments described above are merely illustrative, for example, the division of
the units is merely a logical function division, and there may be other division manners in actual
implementation. For example, multiple units or components may be combined or integrated into
another system, or some features may be ignored or not performed. In addition, the displayed or
discussed mutual couplings or direct couplings or communication connections may be indirect
couplings or communication connections through some interfaces, devices, or units, and may be

in electrical, mechanical, or other forms.

The units described as separate parts may or may not be physically separate, and parts
displayed as units may or may not be physical units, may be located in one position, or may be
distributed on a plurality of network units. Some or all of the units may be selected according to

actual needs to achieve the objectives of the solutions of the embodiments.

In addition, functional units in the embodiments of the present application may be
integrated into one processing unit, or each of the units may exist alone physically, or two or more
units are integrated into one unit. The integrated unit may be implemented in the form of hardware,

or may be implemented in the form of a software functional unit.

When the integrated unit is implemented in the form of a software functional unit and sold
or used as an independent product, the integrated unit may be stored in a computer-readable storage
medium. On the basis of such an understanding, the technical solutions of the present application
essentially, or the part of the technical solutions that contributes to the related art, or all or part of
the technical solutions, may be embodied in the form of a software product, and the computer
software product is stored in a storage medium and includes several instructions for causing a
computer device (which may be a personal computer, a server, a network device, or the like) to
perform all or part of the steps of the methods described in the various embodiments of the present

application. The foregoing storage medium includes various media capable of storing program
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codes, such as a U disk, a mobile hard disk, a read-only memory (ROM), a random access memory

(RAM), a magnetic disk, or an optical disk.

The foregoing embodiments are merely intended for describing the technical solutions of
the present application other than limiting the present application. Although the present application
has been described in detail with reference to the foregoing embodiments, those of ordinary skill
in the art should understand that they may still make modifications to the technical solutions
described in the foregoing embodiments or make equivalent replacements to some technical
features thereof, and these modifications or replacements do not make the essence of the
corresponding technical solutions depart from the spirit and scope of the technical solutions of the

embodiments of the present application.
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ABSTRACT

Provided are a voice conversion method and a related device to implement diversified
human voice beautification. A method in an embodiment of the present application includes:
receiving a mode selection operation inputted by a user, the mode selection operation being used
for selecting a voice conversion mode. A plurality of selectable modes provided include: a style
conversion mode for performing speaking style conversion on a first voice to be converted; a
dialect conversion mode for implementing accent addition or accent removal on the first voice;
and a voice enhancement mode for implementing voice enhancement on the first voice. The three
modes have corresponding voice conversion networks. According to a target conversion mode
selected by the user, a target voice conversion network corresponding to the target conversion
mode is selected to perform conversion on the first voice, and a converted second voice is
outputted, thereby implementing diversified human voice beautification and meeting the

requirements of the user in different application scenarios.
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A terminal receives a mode selection operation inputted by a user,
the mode selection operation being used for selecting a voice
conversion mode

'

The terminal selects a target conversion mode from a plurality of modes
according to the mode selection operation, the plurality of modes including
a voice style conversion mode, a dialect conversion mode, and a voice
enhancement mode

y

'

The terminal extracts feature information of the first voice

'

The terminal inputs the feature information of the first voice into a target voice
conversion network corresponding to the target conversion mode, and outputs a
converted second voice by means of the target voice conversion network

'

103
The terminal acquires a first voice to be converted j

The terminal outputs the second voice

FIG. 1
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Style conversion > Style conversion
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Dialectconversion > Dialect conversion
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Voice enhancement > Voice enhancement
mode model

FIG. 3
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A terminal acquires a first voice to be converted and a third voice for
extracting a style feature

'

The terminal inputs the first voice into a voice feature extraction model,
and extracts a PPG feature of the first voice by means of the voice feature
extraction model

'

separates the style feature of the third voice by means of the style
separation model

'

The terminal inputs the style feature and the PPG feature into a voice
fusion model for fusion to obtain a second voice

'

The terminal inputs the third voice into a style separation model, and J_ 403

The terminal outputs the second voice

FIG. 4
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801
A terminal receives a mode selection operation input by a user j

'

802
The terminal receives a selection operation input by the user J_

The terminal inputs feature information of a first voice into a dialect 803

conversion model corresponding to the selection operation, and outputs

a second voice by means of the dialect conversion model corresponding
to the selection operation

FIG. 8
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Date: December 3, 2025
To whom it may concern:

This is to certify that the attached translation is an accurate representation of the
documents received by this office. The translation was completed from:

* Chinese
To:
* English (USA)
The documents are designated as:
* CN202010996501.5A - Fan
I, Abigail Chen, Translator in this company, attest to the following:

I am a professional translator and I am knowledgeable of and well acquainted with
the Chinese language and the English language.

The document in the English language attached hereto is a translation of
CN202010996501.5A - Fan and is to the best of my ability, knowledge, and
expertise, a true and correct English translation of the original document written in
the Chinese language.

I declare under penalty of perjury that all statements made herein of my own
knowledge are true and all statements made on information and belief are believed
to be true; and further that these statements were made with the knowledge that
willful false statements and the like so made are punishable by fine or
imprisonment, or both, under Section 1001 of Title 18 of the United States Code.

bzl Chan

Signature of Abigail Chen
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—ME R B TR MR B

BRI
AR SO S AR EOR U,  JCH R — PG & e i 7R M R e

BREAR

NFEFERIEX B ST BN EAN, AR SR, Bafm HR2 s
BAFEE A Capplication, APP) [iE& il Dhee#i oA — € M A S RILHIRE
flan, XEEHAT LM, REEE RS ES, N UTEA B BB SR ST
Wi, T ASFERREAT TR

KAAE

ARG SEREBIIR AL T MBS HE R TTIR AR %, H TR Z R A AR,
ESIIWNEE S AINEZ S i

S TJI, AHIESEIEEIRME T AR SR ITA, SITEN TR RAE, b
W, ZHEE A O, %77k VAR Aimi O P S A RO R PR AR, g
BAEH TP SRR, e, Kin, RIERERRIE N2 MR P s B irk
B, ZAOBRKOFE IR IR, 77 5 e A AAE S e &omnl LOg % H br
B O R PR B S A2, I B AR TE B R R A SIS B e s 200m B % 3R AL
R —EE, HPIREGE - EERIEER, IZFHEE BN T REE ETHN
AR, )5, &t 515 URFE S S5 B B RS b 206 L1 B ARTE & He i 4,
I F AR A R R A A e A (58 R, e A

AoRpl, AT 2R DLUERERE I, RS R, TS i AT U
R He s J7 5 Beoiak, T selin & sk 1 et ameisl, AT sealin &g o,
SRR AT N R F 29, ARIE AL AR, R TS L R T 5 e e R 4 ] LK 5
TIETFHATE S, WMSEBA SR Z AL, e AR SR

FE— AT KT g, $REEE — 55 R AE(E BT LRR S Linfd—(EE
N B S R SR AU Y, 3 I v 5 A SR AU R BRI — 3 4 15 2 Ja B2 PPG AL
PPG HHEH TR — B N A5 B PPG RRAEA IR [ 2 15 T WA R 2R A R
MRS, M TXEFHEAT T, Z PP R TIREE ESHARGE, &K
A, AR ERIEE RSSO RREESNAREER, MeERETESmA, Hil
if PPG FFIEIR B SR — B E A REE, TR IS L.

FE— PRI SELTT 3P, 2 BAREE I SO0 KA e i o, BARTE S R Bk 48 O X
R BRI, KUK B 45 X 20 435 AR 7 A A S R A, 07 VAIE P DL 2%
AR T HREURBE FRAE R 2 =185, IR S =1E SRR X% 2 B AR, Gl XA 2 8
A 7 B 5 =R RS AR s IR — 20 (R R R AN B8 — 8 5 AR RS B A 201G
B A BATREG, BR% EE.

AREWEH o, Lm0 B S A T IR RHER B =S, Ra, B
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TIEERARE SRR, B SRR R A SR AL PPG HFME; PPG RFAEA] T OR
BHHEETRARER, Wi PPC RHESEIIE S R BRI . 200 55 =185 N\ 2 XU
SRR, I RS B B =R E RS ERE, &, R RURAFIEAT PPG Rr b4
ABFNE GG HAGEATRL S, BREG TH EE AR =S XIS —EE. B=
EEA OGS RARTE S, ATSEBG 55— 16 & F B B NS & X%, SEIE & XU
e 2 FETE . AE— Ml i seTr K, RARRFIE AR SR — R, B —Frbafi 27
FHE; K558 =75 B M N B R 2 B, i o KRR 0 AR AR 23 2 5 = 7 1) AR R AE 7T LA
FARAG: 20 R 5 =15 S N B S 2 B, T AR 7 B AR AR R BCSE —= 785 T 3R
THHER R, B, SRR DO E T, R, R =R S A B TR R BURE T,
R AE SR B A SR B AR AE K 1 & BRSO B A 2 D R AR T AR TR AR A AL
sy RIS FAERE, BRI 1 SRR IR RO i R = A AR
fik.

ARSEHEE A RN B R AR S BB, U AR e i UK S S =0
B (RTEARIERRON RIS &) RIARBLEE, AR R B P A N RO D . e Bt 1
VB RS 5 5 =8 AR BB s, P m] DU 1R B f A\ (OB, R 1
R RS AN, SR 5 IR RER] DL 58 =15 & I RS Sl A, tBnl DAES =i
AR LGt B AT 202, AT SER R e i 8 (K R 2 AL

FE— M ERISEI T, RIESE - FFIERAE, BDFRAER F & B TR
B A 55 =8 B RIS ARFIE AT AL Z0ml 58— e I SN2 E R 450, H
R REATHRFAL 0 1] & S 5 HOR R (R SRAR N 21 2 Sk R 450, Il 2 ki A 45
B SR =B E I KSR AIE

ARSEHEH T, 2 ik A A AR A BE 8 AN 28 (R R BURFIERIL A>Tt
JIUASTE Sl L ol 10 R v ol L PO £ I B T 4 o LT P 62 1 s s 1 L1 8
2 IE R AINUHIH S T 2 DA R REE RG], ATEAS 22 Sk B AL et 0 45 3
BEE=EE D& .

FE— PR SEILTT 3, SR T SREURAR AR AR 1 55 =15 & ] LA 4:

L PSR P B N SRR e PR A, AR PR A A T 33 B ARSI, B, iz BAx
Pt ] DA B A R A, B, ATRIOASE A “ LB 7 IR S KU S, 2w 3REL
FARIAROG L T8, R BRSO B TE & 88 =185, RS =15 & RS R e Rl &
P —EE T, i Al PSS XS A 2 1L .

FE— PRI SEILTT i, ZREUH THRAURAR AL (55 =i & n] LR R4 &imin
APV TR N AR =T, B E o W ARE S, BRI ANES
U AAFREREA, i al PASEILE & XA I 2 1L .

FE— PRI SEELTT 3P, 2 BARE R IO T S R, BARTE SR B M4y T5
B dRED B ey SRS IR EUSE N | SRR 2/ E T Sy VA RER Ny = U B
f B ARG & e B 2 B R A R I 88 iR, IR LRA B, Al 8B S RS
BRI 5 He M ss, W77 5 H RN IS i, B iEE S TSEE,
B ENE T ENEYS, WSS F R B, AR R A, SKI
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T RN 2 FEAL

FE— R ST H, 77 5 MM B2 A0 T7 5 IR, R U7 S R
SRR ETT S, TNEC AR Aol DIERWCH PR R ERE . JF BB
I RS SR B FR BRI R R A TT 5 R i, Gl I PR AR RS R T 5 S st
UG AR . ANSKBEGI T, 2w n] DUREE AT SN K B AR R e Fons R (177 5 S i
i,

FE— R A SEITr R, JTae . ZmiE s B E MBI RS 5 B, i
JAKE 73 BRI 3 BB TR IO AR AR s IR, 0 58— 15 & B XU R AR NS — 15 & I
PSSR BITT 5 e s, W77 5 5 mMaim i s Y, F R eNE—iEan
RS AHTA o

REWEHI T, 2B EETARSRAEST (BB MHE, HRE TRMAEST 8
—IEE) TR R .

FE—MAIERMSEN TP, F— B ST ES, B RO E S s,
I br v B F B 4 A E B B I, 5 58— IR B 2 B AR S 4 20T L Y
EbRiE S e b4k, JETE E BR 88 e B 228 At G40 e 1O 28 B ] AL Amfg s —
T MURAE S B A A BB 2O R S s A, Il i S s M 2 I, SR
EENESES . AR0IT, EaiE SRR, SKILEE I, IEInEE N
TR, SN T R R, SIS R 2 AL

FE— R R SEITr R, JTae . Z0miE s EE MBI RS 5 B, i
RS 7 AR BB R RS AFAE: AR5, RS RIS R AR 55— 8 5 RO %AE
o B A SNE S oE Y, WIS R M 2 iR, R RS S A RS
A ARt HHz /REsSmAESE G i5d) MA, HRE TRANEE G8
TIEE) KU R .

FE— PR IR SEELTT 3P, BRERFR R SR — TR S AT LA AE . Bl — Uiin AN
Bl E BOE, AWARMAEAE SO IR

BT, ARIFSKHRIL T MRS IR E, 2R E RS BT
S P AT I DhRE, 1% ZhRE ] DA SRR Se B, ] DU BT AR B Sk B s A0
B AR — B AN LR T BEAR X R AR B

=I5, AHIESEIEEIROE T Ay, AR ERS, ARSI DR
A ARSI T B> NS IR T SR Y, S &R AT LIRSS T
T TT4.

VYT, AHESEREEIROE T A SRS B, R T EAL AT SN B T
AT RN, BPrA T SR P AT AL ATy, R v ST BT
T 7575

BHIITH, ARFERMKE T SR RS, RO RGOS, TR &um s
KL BT E T e . AR MRETRERI T, TR R RGOS, i
Py, T ORAF&om R & DB PR S . 2O R R, FTLVHE R, W)
PABRLAE S P A 2 SR AT

v MR ;
PGR2026-00032
Krisp Technologies EX1013 Page 86




2020109965015

20200921

BP20200716

B Pl D B
B 1 DA RS b E S A R TT IR I A SERE B 1R 2D SRR AR IR 5
K 2 A S i PR 3 SR E K
Bl 3 A FRAE S 51 T A8 A 25 5 1 T AR ) 5 2 TR PR 0 B2 5 2R ) o
P 4 DS RS i — b EE R R TT IR 5 — A S 10 SRR K
Bl 5 DA HT SRl 1] 7 1 5 AT UK B St AR ) — DB s i
K 6A DS R SE ] P KURS 3% i QI ST ) — D s B K
P 6B 7 Hiis SE 1] o AU e AR AR S TN 5 — DM R
B 7 Sy FRR ST i RURS B 45 X 228 1 50T SE B (K s i1
K 8 A FRR SR i — b a5 R R TT IR0 5 — A S 20 BRRE K
Bl 9 A HRE SEHE ] T i AT 77 B B R 0 — AR R B
P 10 SR HE S ] TP s 5 HEAT O & e Bt AR 1K 55— Bl R B
B 11A A G SEREH] th 75 & B sl BB J R A — M RR E
K 11B A Hiiis SERE ] th 77 & e it 2K R 5 1 e s s S B0 o — DM oR B
P 12 AR HRE S 61 P 75 5 e B I R0 ST 1 i
Bl 13 AR RIS o — FhiE E A A EL I — D SERE B I 25 17 =1
B 14 DA HROR SEHE B o — Aol A 18— B R 45 4 s R
B 15 AR BTSSR i — i o e Bk LN g — A SEE (M 45 ks =

Bkt r =

N5 A A HAE S ] TR RO PR P, E AR R S ) PP R R DT AT A . AR RS
BRI AR E R/, T LR — RSSO RSB R, RN UAFE=RR R, #
w, ARVEB, FILARIR: SMSFIEA, MR F/EARB, FMAFAEBX =MIEN. 5ok, &
HIE R /7, — BRI G R B e — FiB RIS R 78 FUE 0 U B B RRUR 2R 13
Lo AR E R AREE " <SSR AT X BRI 5, A A T R 4 52
JPE G IR T o NOZIR AR I ARGE A 2 E o0 R Al AR, DAEIX B IR 1 S i 41
Refl LARR 1 701X B BURBUREIA I A 25 CLAMR I 7 SE it . IeAh, ARBE<aFi e B A7 PL At
IR, BEATESA N ES, fln, 887 RKRIDESHEHRSRE. 77
P ARG, PRBUR A AN IR TS B RO IR LD SR A, i A RE R TS 2 B
H BN T IR ST FE . ik, B & A e D R e

ST BIAROE T — RS BT, ORI T A, AT DAL, T
PR, EinA N, TR AT S I R R, IR Rt T LUFRA
Y%, JISEE% Cuserequipment, UE) 25, 143U & AT DA DL FHLABIRAT BT, %2k
VL4 T B AT VE TR AL TINS5 A TR 0 LR R S S, 7 5 B
Yo RS S IR . VB 5 AL TS 04 SCBN T T IR B CEAKD . AR i TR AL T £ A
T LA ORI, TR B b, T AT DR R S s 7 B BB,
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AT SLBUN A5 8E O S eaiia, HTseBESem, =R N K s &
Fe iz, 28amARYE T PRI B AR X, 9% B bR He b 200 L (1 E AR T8 5 e ek
LR IREUR I A5 B B 58— B H AT A6 e, B th B Ja SR 85, MsKBA = %4k
M, e AR SR

N T IR AR RIE, E AN AR E T A E AT U .

J¥F 3|75 (sequence to sequence, seq2seq) PPEEM4E: seq2seq)@ T 4ihY (encoder) -
fifthY (decoder) ZEMJHI—Ff, HINKIFF (sequence) T4l /2 B0t B KE I &,
NG Z A = B RS JE 8 25 H P71 (sequence) . seq2seq i 48 M 4% ¥ g bl 2 A1 ik
TJZER R 2R . Horp, ZWB3)Z Cencoder) FH-Til i — 2 MUK N 1) 72 51 34T 4
AR E. fES)E (decoder) FT-H4 A B 1a] & 54 AL LG U 7 91

TR Cattention) Z5H4: gmhd)Z2 AR EZ MEEKERRIE, A HEH# B R
TEINAAS 2, AUE S Z 5 HAESS, B IR LS 2 i H S OGRS A AN [ DG B
oy, MARIIEERBHAN .

P2 N2 PR A (vocoder): AT @ — Rl g, FH T4 v 5 A R PP 28 I 25 (1) Ha
HARF RS By B AR T B

RAEHFE: AFEEARE T &6, SELIEE SR, XE5, Son LB
AR SRR SO EARE T, EEfisE.

BR: e MREIMENS/MEEBAL, W hao (4P, —HA3IPMER, wo (F),
— M 2 MG

TR GWMZE (phoneme posteriorgram, PPG) $Ffik: &AMEFMURE T — A g XK
EBEHRT (BREEER/ER) NERME, XEESHURE TESMESIEEE
H

Tho

/R (mel) $FME: iEEE 56 ABIE B RO o KR B RAE A e, (H2
DU RS AR A RE A HE & 5 5 IR AT o I XE &5 SR ¥, wl
PAREUE & RFAE . MR ONIE &5 5 IRFIER R, n] DU R B S IR AT 1L

WZEN PR, ARERE T —AE S RITIAN AL, ZTTVARRAT TAE
AR B, ZITAMPAT AR T DO m B AR 28, B, AT A
WA] PR A i g IS e AR SEHER] P, IR AT FAR A B, %K
FHUONBIBEAT Ui B o L 0m N C E AT TE S AL TR e f s, 15 E AL PR £ o 45 3 A4 UK e
Bk 7S B A AE SR A,

S 101, ZamZ O P AR RGE PR, SR PR A T IR 3RE & F e n i
o

WS E 2 fs, BEIGEFHRIE R DO adiglE, 2Rl 775
B s ORE B s o, Horh,  RERRR IR AT X R TE 5 B 4, T X L ) 1 5
BRI TE S BAT e . B0, WA FE S O T g & g . 7 S S T7r s
Feffe, laneinmg B <R 0G5 . SRR A TR i85 He T iE -
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AIR 102, ZumtRiE R A PR VE N 2 M P 3 B AR i, 2 MR R
M sl 77 S R s s S I s .

L Eos S B AT LE R 2 MR B, AR F R A e R 2 MR
) BAR s, % B bR B sUnT L Bk =R s (A — Rl .

Lo P b s X0 B ) B AR 15 e RN 25

BB E 3 R, RS S B 00 B RS B 8/ 2%, T7 5 F B O N 77 5 B ek 4%
B G R O RS G AR . Aom AR AR U 1 R I 4 L TR R R B, HE B
PRGN R B AR e S B2 . filtn, 9 Pl B RS S s sy, AR s e
WA 28 g A B B f 28 . 2 H] i 5 He B ), BARBE B B4 77 5 EmM % 24
P e vE B 38 ey, E AR v e e IR 28 g i S e AR

DR 103, AImR AR M — 16 & .

FFhsE T, ZOmBRCE U E NS .

2 Uiy A% T 27 vl KRR — Uil NS — 5 . Kumix AU P GZR P A]
PLANSE — Ui iE NAR— N, BT RCAARIAD SN —EE, 258 — e s E S 1)
BRAE. B0, AT DUA AR ERE. H PRI R LA T i kb icddl, Fil
BN Z e S, G P aNES, B E A P AR (EahED
iEs (BE—1EE) .

BRI TR, A N ARHLAZ A SO IR R B

i1 £ m] DA HAT i SO P IRE S — 18 . i & B SO O R B8 A
W AR IR BEE S SRR B, AP AT R LAk B oozl FAL
A DAARE 1258 R BN BB S PR, RE, Lmi & PN S =11k,
ZESBA A TR ERES, KO8 B ZEmESENSE ES.

IR 104, AumiRBUE B S RHEE B

ZHRFIEE BT DO R B3 2 %0 (mel frequency cepstrum coefficient, MFCC 1L
B, RGBS R RS PPG RHIE. A HE SR, %5 1B S IEHIES BB
PPG FHE G AT UL . PPG FEAEHGIA [ 22 76 S WP BB = R a BRI RN,
AT A EHZHAT TIRA, ZPPGHHEAH TIREE —EEMARE .

IR 105, Aot 5B S FRHIEE BRI 2 B AR i SO0 LI B AR & S 4 4%,
I B bRiE - e g R R S I B .

FME, BARE SRR IS A L B 2% o IR TR, 2o 3REA TR BRI
FHERIE =88, A, HBEE=ESRASIRE 5 BEEAL, i XAE 5 B m 5 =
B RIS ARAE s 55, 1 KA ERIEAN S — 155 1 PPG FRIES A BE & Bl S AT AL G
BRNE —ES.

A, RS S RGBT S NG, 1@ TT S A R
THEE, BBEANE-TERNES, R ESTNE S TEES.

F=AE, BB PPG RS N B SO0 B2 IR S I oA A, Jd e i 3
BRI B, B EE NIEEY

MTAFRENAFELZMEN, 2RO FE RIS I, 77 5 #2055 38
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R, AT DA P IR B O 5 — 1B S AT SRk B, W — B I KU AT SR AL,
MEIEEHIT TSR, SO E B ST BN RE, SUAF R 2.

IR 106, L e 1B .

Y iy it 4 7 AR R A S SR B

ARG SLEE F, RO T 2P LA, RS R, T XS
ITURTE RIS e 4 S H s, AT S2Um O & 800 O iBE s, HTIE
HIeE; AR E AN MBS NG, R R R, N RS L N 4
A AT SR — 1B E AT, MM SEIA R R Z 4L, 2 P ARIR R HR K.

HSHE 4 Jor, AREKEEHRAE 17— MG & H B 5 — DS, ALyl et
X AR e AR AGEAT Ui, BRI 58— 3 5 AT KU S AT 7 B PR U o O R 5 80
AT, E AR e ) 2% g R B i %

AR 401, AumiR AR BE R 58— 1 MM TR AU AR R 58 =15 5 .

ARG B ep 2 SR BUES — B B AT IR 2 B B 10 R SEHE B 20 B8 103 fUEEA, Bk
ReAEEIE

AR AU =B T =

SRS A, A B P BN IO BRAR e PR R A, A IRAE AR L PR AR %
FAREARON RL (T8, SRR 1% B ARRARON R i S A s =18 & . Biltn, B AR s
EARE TR A7, “LilHE R, A EEE.

AL, % BARER AT DA PR, A B BRI AR PR A
28 S Y g MR TSR A PR A P BN R B AR TR . B, < S8 2R N T
PR PR AEFEE 57 A7, <fRE A BP AR & I C75F . il 280 T I PRSI R A
FEefhE L D7 IR R CPRR TE S ) T I RRAR SR B R DY Y B PR
g, RSP i A7, KImi & RYE A BN B FAEBCE PR MR IE IR R T AN
R EIENR =G REUWIINAE, ARG T E PR &R R, 22254
U, FFAIE IR E .

A SEIT R, A ] MRS I AN E =B E . R BITER), Aim Bk
WP P N B BRAR I TR ER AR, AR ROE PR IR R0 B AR RIS, A&imnl L
Bz ERNEE N EEEENE =SS fl, HPaf s e %, &mt
g =i, i U AR SR U AR FERER A

A, 25 =AE S T LR TG A AR SR B AT R S . B, S =aE ] U
WM ERMA RS S (REAFE, B NERRNE S ATk, 28 =85
WA DGR A N 85, IR AT B R e & T 5

AER 402, Ll 5B E A BE S AERBUE AL, WIS R R DU AR AU
— B M PPG #7fE, PPG FFEH] TIREH B S HARTELR.

HSE S PR, 2ZmiE 8BS A RNE SRR BURE A, 5 15 S R SR B Y
REHE—EEK PPG B k. ~BIVER, &SRR AT DUOGER EEP e 25, 15 SR
BSOS Z RGP PR LSTM JZM— R & %)Z, &SRR B R e th 55—
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EH ) PPG H#E, PPG FHIEHIA B2 & & WA N H R PR E RN, M8 T
XTERIAT 7R, % PPG FHEH TREHE S EHNHNAERE R ZEE R IE A T
MR R ERERHAT IR

Asghfrh, i PPG FHEE A —EST ARG B, REEFHET (FR) Rk
BT ESMNESAESEE. (A PPG RHEM L H3E & HAEL A (automatic speech
recognition, ASR) HREIEINE L, ASR FIRFEL/ET H MR, 0 7iEE
RS RO, ARSZiEs d, Wi EH PPG B/ ENE BT HAREEEmA, NE
AT DASEIE SR, AFHEHBMSCARNE, WA &,

AIR 403, LUl S =i S AN B RS - AR AL, I X o BAR AL 5 =
RFEHFAE o

RAGFAE SRS — 4k, B RPN FRHE. G, 5 & R e, 2
MNFREAFEE A, HEAEE .

RS AL B T 0 B 8 =8 S R RRIE . iZ XS o S A AL B4 &t AR AL . 1%
GO EEA AT B S BS S ARE, WSS MRS (DY ERRE R
)

Al Hh, UG B 4 25 AL G 2 A AP BRI J 2 Sk F1 4 . 4 mit 58 =B
BRI B FRER IS A, 8 TR B AR I FRHE R A = B, 24 FRRER
HUR A A FE B R U A, B S R OB AU A E IR SR AU A o 3401, EYBRSR AU H T 42 EX
FABE P EARE, BRIEA N R, EE RIS THREUE =5 & I E S RHE,
BRNE G E. HERIUEM A TIRBGE =88 P IS E e, F2EEHE.

B, umiEW AR 2 A FRAET A TRERBCE . — R, FHLRBE
e D RIRBIEE . BN E S R %%, F P AT DU N AN T RRE BV 2R B RSN
BN FHFFAERT R o BN REAEXT R A EE n] DARRAE FH - B O 75 R R 6 1E % . 54,
BTN 10%R 7 5 2% IS & BR B ARBEAR I 8 10%B0AE AL EE, R —AME A
0.1 MZEfL4 TN B R FRERIUSES .

F—A il TR E LM B, AR N = ANREAL, BRI RAL T S RAE
FIRCE 2R L E TR E . i, —#, BERRERNO1, HiEN2, EE
0.1 RS, BIEAER 0.2, EE N 0.2, HEN 0.1 FF. Aomld i A
(IR AT 78 BT RRAEXT RE A E o ARl o, ANTE R P o B R AR AR AU,
P R BB BERALRI ], J7 (e P R AE

G, ZumiAE S —FHEH =, BNFRER A S &R FRE R B E e 5 =
B RIS -

U P AN SRR B 5 & FRHIE ) 1n EAH I . KA IR S ) 45 R
FRHEREE (S aEE) RN Z E RSN HATERN TS, 152 ki mg
% RS &, 1R A BN =B S RIS RHIE . 2 ki 8 1 5 M 1S AL B8 AN
] ()7 [ 4R EURRE R IE , BN SO L g 4 25 [A) o B — NP 23 (8], AH 2 T4 i 4 2 1)
S, BN TT AN TFRERE ] . 2 SkiER IHUEIAE Y T 24> S5 /A R RE = L],
MRS 2 Sk B AWl H S RO B =8 F5 s s . i, Z2kER PG

v MR :
PGR2026-00032
Krisp Technologies EX1013 Page 91




2020109965015

20200921

BP20200716

H RS AT DO —AS 256 4ER KA RN TR & (RS SHETE) .

Asghtitrh, I N B AR N RCE, AR OE T XU S S =R
BRABALEE, ZAE AR RS A P RN BIRCE Yo . P AT DLAB R M ZAE, A
PR NAZAE, W) A 25 G RS 5 58 =5 3 AR DU S R NI R g . &
JUEPRIR PR NAZBEE, W) B 4 H 5 25 R I RS =B XUk (Bl £, XU A
BB sEAEF.. AP AT USSR AR E, RIS R A E RS,
T B RS BE T DL 88 =B I KU SE A AE R, 1] DAFE 38 =8 & (10 U B Bk kAT ek
AR, NI SEIW AR B B XUR 2 R4k o 130, 12 H i  1O UR mT DO — A TR ki
MBS KA B0, AT DONIE— A 2o s B & R B0, Al DUOER A B K
¥, i EERT AME“ T8 017 “ZLoifd 5 BUE B N RE S KU IO Rl AT o, A
A DLSEIN o 5 RS 1) 2 A4

IR 404, Zeuits RS FHAERT PPG FR I AN 2GS R A BALHATRL G, BRI iE5 .

TN, 1208 AR Aseq2seq il 28 I 4%, 7 seq2seq i 48 (X 4% R 5 N JE R 38U
Horr, Zseq2seq &MLt AEIMAL 2 . MRS ZFIVER IE5M . gt 2 AIfgAD )2 B4R AL AT DA
KAEBEMEWNEAET RIS B, BFEEIRIPEML (convolutional neural networks,
CNND) . I M2 (recurrent neural network, RNN) | KA H1C1Z M %% (long short-term
memory, LSTM) FFLEMBATEPF A GES. i, ARPigd, ZmEErTE
FEADABRZM—DAEALSTMZ . PPGRAIEE Ja M NS 2, 4nbd 245 N FIPPGFF 71
Hbd e — N EDE R AR, HTRAT I ReEK, BN — A EAE IRIAE
ERELE, BmGIATERANS R, RASEHIE R &5 905 250 H T PPG Al £ 7£ 58
B EPHE, BENERE AR ARG, RBXAER TR B Wi TR N VE R
gEfrh, JEERE TG SRS E R0 A B I E S MR (Bt ] DLFR A RAE ) ARE
MR AEFFE N 8 BB RHERRE R RS G, X gmba b (4 H 1A E kAT A
F R INBAR 26 T8 &, BEAN 1A E B — M, A TTARIE T % PP 21 A B 4 50 )
NGBS E PG IRENE 50

AYR 405, Lt e .

MG RIS FRE N ) 27N, MR BAREE 5 T B S S S, AR BRI
TR ESE AN RIEE R SR . AFET, 0 DU 2 s I A R A
FE PR AR AT BRI B S A o 1 AR AR AT LI PHE I 28 FR RS A, XN EE A T R R
IR N m ARERIEEE S . ZMNEHZ N ERZM R GREM R, 2% H A L%
JHRE S IEETRARSE EEHEA, SERME SR =B SR 1% ] DR
S B . PIER, AP R DOERE SIREE S B . P IE R RE XA B, &
IR R BB AT AR

AL, AW E B A T RIS IERN S =8 S, KRG, 5
—IEERARNE SRR DU, 1 R R BB Y AR B PPG Rk, PPG FRIEH] TR
BEEEHNAREE, Wi PPG FrIEsLIE S M EBS N . Ll 58 =155 %\ B XU
Gy BRI XU A AR A A B = RS RRAE, &S, S RUSEHIEA PPG Friit 4
ABIEERASEMNEITH S, BRARS VB - EETABTNE=ZET RGNS —EE. =

v MR ;
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EE A DGR R AR ER, A SEIURE 8 — 8 & e AR R RIE & RS, SCHLE & RS
e i) 22 FETE

MRS T, AHETRESSEMH LM E T NN B, % APP 7] LA
NRIRTIE RS APP, B0, A3 APP, AFS3E4L APP W LAR A T & BB
serfe Biln, FP A BLETE i APP KR AERIE EREAT R AERERBIS R, HA
28 S s i 5 W B A T S AR, n] DUESE AR W20 A APP A5 385 4T 54k o

THZ K 6A 1 6B P, HIFiEiE iz APP #EAT A ALK TTIE T LSS

D H P s R B R S, BRI E O BN E S GE—iE
B o B, AR BURR PR SCOE, ARE AR SO R BUE SRR A . JF
H AT PORF CL B BRI 55— 1 5 M E SR o ik .

2) « PRSI R B AREAR, BIUERREE =5 E . MR iE R P <R
BB LB AU, MEBOAE Zm N AR RES . S P ER NE SR
W 5 ELE T P s TR SR B e B L, B R ARTE SRS APP

EZDEEDANTE faw i (BTl P U2 S 0 S R I N R B WO o= = IR e R T ATIDN
BMAMSE =1 &M il oot W2 g WA IS F i £ e R 7 AR
ANHEE, FiZESIENE =G,

3) PSR AHALRE TR 357 3 m A KUS FFIEBCE. (B RO FHRFERCE™) o 4l
I, KRB BON 20%7 B 2 B T R E AR R AT 20% M AHAUEE . app SKIL
B MEA 0.2 BISEEL T M B RIMEMEIA, FE, BI9EE BN 30%%E N &5
HE R TE B PR ARAR IR AT 30%MIARMLEE, K 7B 40%3R 0 At A 1E & R
EAREAR K 5 A 40% B . 75 E U, 7T 9 1 RS AR B AR A IR T35
Him. B, 5085 K, SOAFEARTRE, EEMmES.

4). H P Rl ERAe- G, PR 1. 2 3 G RIS APP E T
GRIFITE S AL M 2, LB E AL M L AL R B R RE S (B
BE) . ZEEARSE EENASTHERA, ZESHRUES B, AR &
P TS N RS R R 5

5)« P AE APP FHiim ] LAE BIALE S (B H Y, [RS8, <73 fne s
Wb =l S SO, SRR S B IEE) REE TR A
SRR . A SRRSO, 2 A A TR T OB AR IRFEIA .
B R BRI, AR AT AL, BDEI RBP4,

DA XoF TR 5 40 X 208 S I PR 3 SEEAT T UL B I TS 122 IR 1 480 ) 2% £ I 0 A BE it
FEEAT UL

JRKE B 4 P 2 A48 =S RO WX 2%, TR EP P AESR AR 7 (RIS SRR SR B AL,
Ry (RIEFE RIS B 2 KIEE AWM ZAD FRMEREERD, 155R
B

v MR r
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WZHE 7 B, B 7 R REASERRRBMASIENRE, BEELRRSEERNTT
Mo MBS EE R 45 Hr, RS o3 B A 28 T R 5 R AR SR R 2 AN 23 5 X 445 B3 -

R 3 B AR AL T AT R A R A BE S B AR R ar . RO XUAS 7 B A AL 1|
GEFREOFE R EAFUEANRER AR ARESBEAARPE AR, @izl
GREERTIZ G A B ALHAT ISR, 133 XUE 2 B AL . 1 G 7 B AR AN 2 5 A X 5 (1)
ZHE .

EE R R B A TS R ERERINGITR, B, ISR E P ORERAEAR
BHERSNNTE S, FREENZBNE S PPG HF4E . 15 S ERBUEAI ] T2 PPG 45
Ik, ZEBEFERBUSEE A S 5 BA WK KIS HE .

BN FBR T RS B A AE SRR SR B Y 2 A, HA AR 2 5 A X 45 1)
YR HT o

WZRE 7 PREELMEEIEE . Hp, Z2LFRSMH. S FRERIUER,
Seq2seq FHEMZ (ALFEGmED 2. RS2 KIER LD 1, BAERHERT LU — M a
W4, TGMMENE LEFEEZNERE. S%EEE. LSTM ZH4WE, & ZHRE
SR FERT KENEIRISAR.

A HIE HRON T XRS5 X 48 ) SE BT S AR RTTIEA R Z AE T T AR HIE 1 K& 75 5
BLAUANE SRR IR O & TN, AS5MER, RIATEZEH BRI 55E
MR, HIL, BANSHESEAREZFRRENBTRINZIEST (AN %E
0, ORI T REAR B & o FR2% I I % A {8 B A5 2 (short-time fourier transform,
STFT) HIFA3 RIS — M /REHIE, H515 SN B XU R e X 466 )5, ek A 0 6% F) i HH R B —
ME/REFAIE, T X 55 — Mg /R RFAE AT 55 M /RISFIEAF 21 loss {ELFIARIE, A28 % H 5 5
ANIEE STFT 59543 B MM /REFAEHEAT LU XIS 21 loss (L HBRSE, Bl 7 AR A N
WBNTTE, YR A RS RS, S IS EA 3T R, RS o S A AE &
FHIERBUE A AU R, ARESSARMBKIISEE B . Loss {EAE A HH  2% ATI)
1IN ZRBFas, Y loss H FFERI—EE, HICWH RS FREEHE, BHMg Dk,
RIAT 4 (b Y25

BN RURE 2 46 X 288 3RAF 05 5 SEAL [ B 77 FF A B A F KA 2s (RIS S5 4525 A R
— B EITYD, XP s )RR T e B 77, diE T B & 2 77 SRR
MG 4%, AT LLSZER A P 38 50 BT 308 & A RO FE B FE rT 4 A A R0 1 A R 15 R
o

HS K 8 Jran, AHEKEHHRA 17— MG & H B 5 — D SEhl, ALyl it
X7 & H A A S AR AT 1

77 B R M AR 2 AT S A, Hodr, J7 SRS TR A 1E
1T77 5 ¥, WEE I AR ] TR L8 S H R e, SKBLTE S 9.

DT B A B AR, B AN, ST S R L. fil,
VOG5 Bl B I o o 58 — 320 H o, BRIl il T =, i, E i e #us Y
NEEE . READTT & R R o T S A RIS He 0 TT 5 - 7 5 e dienl DR SR AS RIS P

v MR "
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MACUAETENE, SRS HHRMZAEIL . FEUEVRE, XEMGER T ST R PEG
W, HRAETERTT S, WAl PO PIATT 5 H B AT IR G [, AT A T 5
Z I, B0, K VI NS AR, T LSERE DU T sl 1, A
B AR o

APR 801, Lim RO A A\ AR S AR A

Bltn, Aumf A BB HE S KA AR, g, ZAEAERR PR
“T7 8 DR A G B A o I PR T DO R R, S R T 5
B, WA IR TT 5 DBk B

BHR 802, iz IO P N R PR A

A, R RS A TR T S U, AR PR G DN R B
B R R N — B (B A RERBRIE) M2 MEFgE. s, 5 EFg/Em
S PR PR A TR R Y, T TR EHRAE A Tk ST,
TR R AR BREZ AN B = RHNERME . £ DR AR, B dRe
VLR S Rt et 7 o Sl W = /| | = ol i IO DS Dbk & M =i 2 S
(7 F X WoR AN FRMTT D R I =20 28R %8 . B, <O &7, < R I &7
o Bim BN MA R =R MR g, W —8E, B 8EE. Hd, F
B A TR R DU VS R R TG, 5 R A T RRR G R BT NS . S
] DR AP S N AR AR AR PR R (K 7 35 e i

AUR 803, LIt 55— 1 E RHIEE S B SR B0 R 77 & R i, Jlad ik
FEERVERT B TT 5 B i At 5 05

HZ K 9 fs, AR FEAE A TIai07 5 MR AR, omiRiE s s R4,
& PPG FHIEHIABITT 5 VIR (seq2seq PHEEiI4s), JEIETT 5 VI#AR A et 25 — 15 & 10
HR/RFFEIZIR, 2RJ5, T T e X265 75 R A K Mg /R R MR e el ml P TS iE S E K 516
BERHE-TENES, B ETNE T EEE.

A, SR S =i S SIS o AR, I RS o AR B 1 R
AFIE, [RE - ETREOSIERE. G, B8 85 PPG FFIEME —iH T &t
FAE A S5 B PR B AR R TT 5 R i A, S e PR A 0 L 19 77 5 A s A A 1 58
ZHEE. EEEETARSRANEST BB ME, BRE TRAEST BB
IDEEARAR

FEUHIRRE, AHREKES T, 758 MmIEs", v, WG, TR,
o775 A, DOET, il b sOE S bR, m AR BLETT il
NFERRTT S, RIEAR IR, EIEW AT S A

ABITERY, BT E NG, BT E N B, BT E N E T, B
TIE RN, B, 8078 RIS, B, IFARES - TTENE TS .

WS 10 Pror, 775 HHMS 05 N ADT7 5B, 477 5 Sl o) ¢
MAFRFREITT S, M7 SRR BT AR flin, 24077 5 H A
07 5 HHAR A T IO Gh S o G, A 07 F R B A ] TR T o
R, MR —J7 5 Fe R RN SR 07 & e i R i B A A R ) LICKE DO V3 e 48 ) 2R 10 2

v MR P
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o ARG, XTI T SN T S EATA U], IR ANIE O AR R R E .

A, AR AR R X R AR O TR Y s AR 2K, 2R 25— 85 11 PPG HFAE
B N B O LA 1 S SR, T S R A A A TR, B IR IR iE
B IEENIEES . RILE S RRITE S, AMSEBLE S HI5E, Bn 7 MR,
SKPLEH R 2 AL . TR T SRR A A I SR S T R A R AT 2 AR B
FEARBIR A AR, AT ES, WENERES.

AL, ARG PTIR i E B R o B AR, I IR A B AR ) B PR o
W RIS AFIE. SRR, K3 — 5 & B U AR AL AT 55— 18 & (ORI S 5 A\ B P v 5
SRR, I SR A R A IR SR A, AR RS MRS —iE B RS AR A .
Ao, HlZ RREE SSRGS CGEiEE) MAE, HRE TRAES (E 85
U T A o

ABITERT, AN, ESFE 11A M 1B .

av HP s R ah R s, Aol A O R ENES GEEE), P
AT DA e GBSO L, S WA S P B - BRSNS & & . ALK, &
i ] AR EL BB 5 S B «

by JHPES T Pk FE SR AR R R B, %R KR
SO S =R JE L == i [ DA D ik = =R 71O 1 I T RNt 7 B T S 11
TR <E0ET, MOET. [ EEMOETR, A s RoR A FEMTT
PSR =R Jhrss, Blan: <7 ZROE” <POIaE7 g r &%, 5, M
0 R] DLE P v 1 5 A

oy Aum o MRAE A IR R S BOGS R (A A

dv P R n R R, A e SR DR (P, W ih
SRR S R, 2 T7 F R AN — B RS, e BUR R SE AR
EE, B EEARERAEE GBS MAE, HRE MRAEs GEEE) 1
PTE G . B, R TR SR CIEFR I AE S R et A o, 23 vE S g s b 7R —
Bfla G, i — BUR SIS RS, ZE IESARESEAES GEEE) MA,
HRE THRAES GBS MR B s hmgiEs, B EsNamias.

e BJa M E IR I ] AR BIAL B SE HO1E S 0E . WoR AFIIE & BoR R ir . “fR
A7 SR BF SR =AM . A T BB ALY, AR S S R AL
AR R . P R R S H I, Al A FR S BE R B A . A
T E PR AR, Aim L R AT AL, MR SR SO B A R e ek
PELG B B AR, ] [ 2120 5%

N TT S S AL SR SR AT U
HSRE 12 PR, 8477 S5O NS MAERE, 5077 5 HHE AT seq2seq 1

ZM%, % seq2seq MMM OIERIL)R . MR KIEBE AL . ARMNTT 5 H IR
XL RBARRA R, FRMSEAME. B, 5577 5 S HAE Ry MY )1 15 5 5 1,

v MR i
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A T7 8 H AR A R VI 2R84 TR R N REAREUR RN RIARZE . o, BN
D )11E, An28 N5 Z 09 EAE R A AR 0T . 58 08 & H s A E T L 00 )1 3%, %
F—T7 ARG L I 2R B8R 4 R R N R AR EUR SRR R NATAR S, S N i 1,
P25 1% @A F A A BT NE SRS . AR TT S e B 200 A B I 80 S AT
2o B2 AT F H A o AL S AT R

ARG T7 %5 R e X 24 VI 2577 AR AR A [A],  XURE 43 B A 2R RN o R iR SR AR 2
&R NGRITR, AS5MEE R, RIA T B3 8 R 4 B RE & Fr A SR B 2
FIIZE, Ik, AnZsidit STFT BAMS 215 = Mg /RErME, I A2 0 tH R 58 D Mg 7R e
Ak, I EE X B8 =AM RARFAE AT S5 DO Mg /R RFAEAF 21 loss (R RE 2 X 445 (1) % th 17 55 DO Mg 7R
FRIE S N E T STFT 5H9545 2010 5 =M RAFMEZEAT L1321 loss A HABRRE, ] 12 14
R NEE IR AN TT I, ARSI A RIS (gwhd 2 TR EMAESJE) I, B
HISECA SHATER, W RS 5 B AR AE SRR U AL & e I k15 8], AR ES
EARMZE ST - loss [ELAE A AR B4 1L VI 2RI Fe bR, >4 loss {8 T B EI— 2,
HIEH B T Reasa, Ui cifisl, BpnlfsibiilZs.

ARG SLEE] BT ST SR BGE S P B B BN S KU L,
SETRRE S RIS T3 % T H ) A B2 AL FE i 1 o5 1 UK R A FE AT 2 A R R 75
FA s, o, 7S HRRANE SRR R, A HE BROR R AR I A E - I KU AN
A%, [FIRTSEILT & M BOE-S 5. ARHER A TR AR LA FEIR M T —
FREEINMESE, FEMEB RSB LM% LIEEARE DS IO & B0ES YR
F, IR AT DAGRFRa N A S RS A R AR R .

AHVEEFEG F, AT BB 2R R AT EARTT DO RS 2%, RS AR ixiE
HAFEME NN G, H&m FEBIA R, SEhRR T, ZiE S E Mg N E
T APP 1, 41iZ APP JMHDEF RIS APP %5

TN —FE S FHOTIEAT T UL, SR 13 B, N AN A RS
B AEE 1300 AT, B RASE AR FNEIE 1320, AbIEAELER 1310, ZREUBLHRL
1330, AR 1340.

FINEEH 1320, F-TRUCH PN R OE B, Prid sk BB A Tk BB
A

AFRFEHL 1310, FI-FHEPE Frddm ABEEL 1320 S0 prid i s B /e M £ M
P AR, Prd 2 MR RS H AR S, 77 5 F B OS5 1 i =X

SREUSEH 1330, F T IRAUR A 55— 5

ARFEASEER 1310, A THREUITAFREUEEL 1330 SREXEI K FTid 55— 155 MARIE(S B
P HTIAR S — B RS BRI FTIR B AR O 1) B AR S 4L 84, s prid B
w1 S 40 X 4 i R S 4 IS T 3 B

A 1340, FHTHHE ZES.

DA RSEI T R, Frd b s 1310, EH TR —15 B\ 21554
FEFREUEAY, JE I PR B S R IR B AL SR BT A 55— 5 & (& &= 5 0 M2 PPG HrMiE;s Py

v MR 14
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& PPG FHIFH TIRE A —E SN HE R

FE—ADAERISEI T A, YAk B AR s Oy s e i, Bk B brid i e i
R 28 g SRS 2 80 IR 280 ), XU A 0 I 48, 458 IR 1 A R R 25 R A5 A 7R

FriRZREUE R 1330, A T3REUH TR EUXAEFRHIE 1958 =155

FriR AR 1310, 3B H TR FTIA 55 = B S M\ B RS 73 B AR, JE 3 ik RS 3 28
IR 73 B8 PR 55 =383 1 SRR R AL 5

Frid Ab R 1310, 38 -T-K ik RS R AE A 58 — 1835 OARE S B4\ B35 3 Bl A4
RUBHTRLG, 15EIFTREE BN .

FE—ATERSEI T R, R RIS AR SR — R 1E, Frid s — R e a2 A T4
fiE s

PR AL A 1310, 6 TR AR 55 =18 5 5N B XS 2 B AR, it ik RS
BAREUT A S = 1B S PR A & GRS =B SRR RIS AL, 8
Tt IR FRRAE R USSR $ X AT A 1 ) &

Fridfg NS 1320, &M T2 PR BT IR 2 AN F4RAE B 8 Bk 4R AL
H;

Frik b 1310, H TARFEIIASE—FrIEf) A &, Fridf A B 1320 £ &
AN BT FRRAE R 1) & S AR BT AR 0E A B 22 IR 38 =38 35 ) RUR AR AIE

ARSI TR, IR 1310, EHTH IR E—EIER R ERA L
SKER N4 M, BB R FRAE I 18 8 R 5 H S MR [ R BRI N BI BT 2 kik & 7145
1, I FTIA 22 Sk R 7 45 B BT 5 =8 ) RS REAE

FE—ANA[ IR R SEI T I, FridZREUE R 1330, 38 TR0 H o 4 N O ASEAR 3% e
B R B4R F T8 5 B AR BEAR s RN B AR ARG N, 5 BT B AR iR ot
NEfEEAENPTIR S =15 .

FE—NA[R ARSI A, B FREUREEL 1330, A TR Uil AN 5 =15
B, TRE—EENE UG ARES, PR Ui NN S iR 8 — Uil AR BT =
Ao

TE—AMTERSEI T A, Ak B AL i O 77 5 e 3l  Brid B bl 4 e
YONTT B WSS FTIRALIEAEE 1310, IEH TR AR 5 — & & AR S BN R TT 5 #
B2, MR T S IR TR R B, RS B SN EEE, BT
RE EENE T ENES.

TE—NALERSEITT A, k77 5 H MBS A2 AT 5 I, 0075
BRI o ST X AN R A B #6007 5

P ANAEER 1320, BT EMCH PN IE PR

Frid Ab AR 1310, 38 F T B 55— 8 & ARAE(S S5 B T e BB 0 L1 77 5
PR, I TR IR BREEXT BRI 77 5 B Wi A A T IA 5E —iE .

E—ANA[IR RS T A, AR AR FRAREL 1310, I8 T95 Bk 58 — 185 N\ B XS 2
BORAY,  JE I AT RS 3 B A 43 B BT I B — 1B Y XURE R 5

FTid AL AR 1310, 38 FH T8 T 55 — 15 3 B9 RS RRIE RN AT 55 — 8 & (M RRIE S S 50

v MR i
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NBTT 5w, B ITIR TS R B g TR SR e, TR IS IR
B RS AR o

FE— AR SEITT RS, Pridss—EE NEyiE S, Sk iR oy iE 51
SRR, PINA B ARTE & He R 4 T T i R

P AR 1310, & TR TR 55— 15 & MRAEMS S A5\ BT 5 20T 2 (1 78 5 1
SRR, IE PR TS SRR A S TR, PR RS NI EE

FE—AAERSEITT N, P AL A 1310, JCH T Pk 88— 15 E i\ 2 Ak
Sy R, ST i KUK 73 B AR AR 3 PR B I RS AR 5

P AL AR 1310, 30 HI K5 ik 58— V85 (1 RS BRI AN i 55— 1 35 AR IR 1S S 5
ANBUFTIA TE S R, G P v R A TR S R, N S e ATE
B 1E RIS

FE— AT IE R SEITT I, Ik SRBUE L 1330, 30 A TR — Ui il NS\ B ik 58
TR BE, WA SO R R

FE—RATREMI VT, ARFEAEER 1310 FIRLE —MACHRAEE, AbFRAEE R DRE T LLAR
73 B TR I SR B

A, AR E A DRE R LA B A A B A SE . SR, ARFRAEE n] DL A
g ML RS, Ho, fZAEES T AT ENRER, ALER SR EREUF AT 7 28 A7 Rk IO o
AR, PUPATAERE D I7IEsE 8 o A R AL 2R AT/ B0 3R

A, ARFRACE A DM AR . T AR AR A A A T AR
4b, AbIRASIEIT B/ AR S A AR, DLEERUF AT A1l 25 T A7 6 1 TSR 1

A, PSR E A LOE— AN, BB MR

ANBITER), ARESCHEGIRAL T MR S, S RE 14 Bos, %6 B

B 05 ml AR BN A AR 22 ) 2 Kb EE 25 140 (neural-network processing unit, NPU) , NPU
TENPM A B E CPU (host CPU) |, Hi Host CPU T4 NPU (%034 N
IEE LS 1403, JHITFE G2} 1404 FEHS L 1403 FREUIE il 25 o (080 MR R0 DR AT R
BE.

FE—ESEI R, daH LR 1403 WAVELEE 2 N R IT (process engine, PE) o 7£— 148
KL, IS 1403 & TAENKENIES . 25 AL 1403 IE T LA —4EIK BN PR B RE
PATBIINIFIEAIME X R a SR e i T2tk . 7E—SeseBlrh, GaBE g 1403 i
T FH R B AL PR 2

285 R UL, A FNEERE A, BUERERE B, Frth A RE Co iz B WBUE A7 fig Y 1402
I RE B AHRN IS, A F g & — 4 PE b a5 g N A8 A 1401
PR RE A B SHFE B HATHIEZE, BRINEMER S 4R A SR, REAER
7% 1408 accumulator F.

Gr—AEGiEAE 1406 T 478U AR DS S R8s - B 204 BBt A7 g e T i 1]
FEHI%% 1405  (direct memory access controller, DMAC) # iz B E A7 2% 1402 .
ANEHE BIE T DMAC #ifiz 240 i & 1406 1.
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BIU 4 Bus Interface Unit B, &&4#% 157t 1410, H T AXI &45 DMAC FIEUE A/
fi 2% 1409 Instruction Fetch Buffer [K152 H..

ST T 1410 (Bus Interface Unit, 7% BIUD , A TEUR/F 7S 1409 MAMTAF
it BIREUAR A, ] TAE0E BTy M H 2% 1405 MM ERAE M 28 R B N BEFE A B RUE
RE B B EEE.

DMAC F 2 T 4047 i %5 DDR 91 % A\ 245 s B e — 17 i 5 1406 BRI AL 2
iz BB E AP RS 1402 H B0 S N 0 B W0E 25 A7 528 1401 .

AIEFEEIT 1407 2 M EHEAE TG, ERERNEIT, Xz 5 g 0% H ok —
ARER, fmER, MEM, fBHuaR, WMHUEHE, KRS, FEATHamLgE T
AEBHFC ZME 5, itk (pooling) , #LV4—4t (batch normalization) , J&j RN Y
JH9—4t (local response normalization) 2%,

FE— SR, H S iHE T 1407 SRR AER K H 1 R EAFME RIS 475 1406.
Ban, 1A E TR T 1407 AT LB ARZR I 6 BN B AR 1403 B, it SO )
&, HUVAEREOEE. E—%sdid, mEIESIT 1407 ARHE—LEE. GHE,
oI . AR LS, bR pde 0 1A RS FAE BiE 5 AR E 1403 MBS
40 T e 22 2 Hh 1 e 82 2 TP S A

FEH 28 1404 EZE B F 652 (instruction fetch buffer) 1409, T Ff&fa 2% 1404
i R4

Gi—A7fEds 1406, FIAAZfEAS 1401, BUEA ZMEHE 1402 DLAHUR/ZMEEE 1409 2K
On-Chip 171 #s. SMAAFMEasFAA T 1% NPU BE{F 544 .

H, AHIET, BERHERIEA . XU 5B ZLEREN . S FIERE
B, Seq2seq MAEMHgmILE . MEDE AR IEM .. TR, 15 I
A RN R % 2 1ia S R] DA s SRR 1403 B &R R IT 1407 $AT .

a2 H L 1403 BUR = THE T 1407 tHEAS RIS EUE (E-—S5E) , £ CPUHT
FEEUITAR 2 /b — AN 8 TG T SARR T, 43 Zm P AT Lk 77 75 SE e 491 Hh 28 BT B
1THIT71%

EZSEE S s, RRPSEEBHCIRME T 5 —PhE S ie E, Wk 15 fos, (OR
T 5 AR B SE A DS 43, BARH RGN R IR, 15 S RS HE LR TV Y
B A B DO, %2R DORFL. ARG, i mm, MEeFRS, &
uis LA TFAL A

B 15 73 H 52 5 AR R BH S 9] R A3 1 28 i AH X B ALK R A S5 A IO AE L . 51 15,
FHAHE: B (radio frequency, RF) HL#E 1510, f7if#% 1520, MABTC 1530, Eoni
JC 1540, HAALEE 1560, AbFEAS 1580, PAAHLIE 1590 SEdifl o ARSUHE AR A 5] LA,
B 15 R TG I AR AL E, 7T ARG L IR 3 2 s A 3, 50
T AR EA, BE A TR E

TS B 15 W FHLE S BB AT B N4

RF Hil% 1510 A] T YRS BBUB TR R T, 55 B3R IE, Felth, 1Rk m)
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TTEEER)G, h4b3EA 1580 AbHE,

FEfigds 1520 A] H T AR AR LSS, Ab PR 2% 1580 M is 4T /7 i fEA7 i 4% 1520
TR AFFR Y AR, NI PRAT FALRI SR DI BERL A DA RCE I A28 . 788 1520 m] E 2
AR XA AR X, Hh, FHEF X FEEERS. 20— AN REIEN
MR (LLinms S Bsoheess) %, ook, fFP6E8 1520 7T DUEL G mod AT BT B4,
W] AVEREAE B R AR, Bl D DR AT AR . INF R B R M S
AT

FINETG 1530 ATH TR AR FRE/REE, UATESFIRH P RE DK
heEes bl A R RRE SN . Hikth, FAIT 1530 Al AFEAEmER 1531 LA HAbdmA
W& 15320 fld=MmMR 1531, WFHONAESE, FTUCEEAH P7E I EEHIT A A/ Cthan
HPAEHF4E . A2E S ATATE A P BUOR /e Al T AR 1531 HBU/E A=A 1531 FiE
MHEEE), FRRAE e e AR RIRBIAH R e B . AIERY, Al TAR 1531 AT A HE fi
PG U 2 A A S B AN 3o AR, RS I A A P R A T A, RS I Ak
BT R MG S, W5 TR A AR Ay f 2 WA BRI 2E B B il (5
B, P il AR bR, EEA AL FERS 1580, JRAEIEURALIESS 1580 KR KHIE4 IEIN
PABAT « B3 7 AZETEAR 1531, BNBATC 1530 0 7] DAALSE Hofth i N &% 1532, EikHh, H
fl A NS 1532 W DVEFHMEA IR T ESA . iRt (b Sl o).
HUEER, BAR. AR SRR —FhEc 2 Fh.

AHIET, BANEIT 1530 HTHESCH PSS PiERlE, wl, BAREHRES.
B 13 Frig AAREL 1320 DI RERT DL HH iZ 5 N 52T 1530 SRAT, B, 8 13 3RS HE 1330
(1T BE T BAFHIZ AN SR IT 1530 SRAT

BoRETE 1540 AT T SR A NG B BUR I F P 915 B A FHLR SRk
o WINIT 1540 PIAREEORER 1541, RER, ATLCRAIR G Eon% (Liquid Crystal
Display, LCD). AHLKIE & (Organic Light-Emitting Diode, OLED) Z5/E KA & T
INTHAR 15410 #E—2B R, AddETR 1531 Al B S R NEAR 1541, Ui 1531 2]
76 AT A I A I, AR5 20 Ab TR 2% 1580 LAMA i MBS AF (1 250, B J5 AbFE 28 1580
MR A A I 2R AT R T AR 1541 RO R s . BARYER 15 1, fdds Tk
1531 58IRMR 1541 2 AE PR RFAE RS TF IS A S AT 5, (HagfE S
SEHE ) A, AT DO AR TR 1531 5 WoR AR 1541 52 Rl <230 T LA 56 N At 2 e

AHiET, BoRHIT 1540 H T o7 B LB R RE 1 6A Bl 6B B 11A AT
11B s APP 500 .

TR 1560 #7548 1561, L 8% 1562 RGN 5 FHLZ MRS . S
HLG 1560 PG RIS AUEUR B fa WS 5, BB 5 3 1561, HEH S 1561 4%
BonmEEE SR, B—J7m, EER 1562 KIER S S5 S HEARES, HEib
P 1560 F2 5 40 B, R AR A AL ER A 1580 AbER S .

AHET, SR 1560 W& E % 1562 B — UG AN E B, B, B
BRI ARE=ES. s 1561 ATHHAEZ JFHE B, i, H EEA
KA WG S, B, B EENT SHRIEYE, B, BB E NEEaEm

el 1111 [ i
PGR2026-00032
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BT . #mes 1561 H T .

TE—NATBERI BT, B 13 i A 1340 MIThRETT LLH# 75 2% 1561 KRAT .

AFEAS 1580 AEFHLIEGIA O, A &P D& RSB TINS5, 8
BT B BAT A AEE AT 2% 1520 PR ERAERE e R/, DA K A7 AR A7 il 2% 1520 (9
VB, PAT FHLR S P D Re fI b B AR, A TIX FHLEAT B AR I 45 . PIIk (), AbERZE 1580
AAFE— B A AL E H T,

FHIEAFELS S AR A YR 1590 (bt u), ey, sEm LLE e
HRAG HAES 1580 @HEAMHE, Ml EIiEERALIE AR BUE. DLLIIFE
EHEEINR.

RERRH, FHOET DLOFERG L AR, fEIAHEA.

AHVEH, YITRAEAE AT TR THE 24 T id Ab BR 25 AT N SEIW Fodk & T 5 S 471
PEIRPAT TS, BARBIZ R PR & 71552 b 9] F 3k, b A BEA .

ARG SR IR SR — A BN AAAE N BT, U B AL A A R AR R
¥, HELETHENL FIEATR, AR T EALIRAT W HT A 51 S A 1A 1R 7 v A £ e A% B
PATHIP IR

2 U SEE ) e SR A — AP AR R T b, Y EAE VAL AT, fE1F AL
PAT QOHT IR & T7 15 S A 1A 16 7732 A 28 m BT AT B0 3R

ARG SE ] s iRt — P g R, A g R ORI AR, BrdAbTE Bk

EONPAT WIRTR T7 72 S 5 0 1) 77 v A A e A& BT AT 2P 3R

FES — MR eIt h, B E N ARSI, S AR ST
TG, iR AbE T ann] LR ab R A, Bkl (E S oo an e DU SN R L e
PESE o XA BT R PUAT A7 BT RE T EAL AT HE A, DAMIZ 4 sm i 108 AT Bid
BT — TR JCZRIE S Tk, LI, P2 6d B oo ik & 7 ST,
AT BRAFSE, PrRAEAE R oTIl n] LU Bk %o N IO Ar T Brad o8 v 48 A7 i BR o, f
HIA7fE#% (read-only memory, ROM) B A]fZfifi A 15 B AR 2 10 HAL S M S S A7 il 1
%, MNLFEFiE#s (random access memory, RAM)Z%E.

Hrb, FRFE—ARBIFRES, UL — B AL E S (CPUD, HURIRES, RiE
M HEE R HLES Capplication-specific integrated circuit, ASIC), B{—EZE AT LA
55— J7 T TG ZRME[E TTIE TR P AT B8R B L

P SUR A BN S n] UG Rt ) g2, yfek o7 R e, B RA R Rge, %
BAEIT AR TAEERE, 7] ASHE R Tk S ) B o Rt 2, AR A HB0A .

FEAR G T AL LA SEE G, ROZERER, PriffEi Ra, RENTTE, Al Lld
HER TR Hiltn, DA ERT A A B SISO R PR, B, Bk T
Rlar, A FhZEEThae kil 4y, SEBRSEIUN R AE B4R 773, filan 24 oo e
PERT DAZE G B FT AR BN 75— A R, B LB fEm] DL, BUAHAT. J1— i, BTl
AN BT U AR L2 ) R 5 B LR A 5 B (5 e P DU i — e 1, 24 B T Y 1)
B G BUREERE:, TR, HUEdL e e,
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IR A g 73 B U W 1 55 e AT DU B AT AAS e W3R B Py, MR BT BoR i)
AR LU EGE ] A R $on, RIn] DM T— A T7, B ] DL A 21 2 A4S R 4%
fon b AT RN S8 bR A 7R 0 PR o B 7 B A S B TR SRR S 9 T = B Y

FAb, FEARHE A SEREH] T R & D Re T ] PR RE M A T, MR
AN BRI IRAEAE, AT AP ER AN B T e — N e Bk SR R BT E
AR AT R RSB, ] DR TR 2 RE B e i RSk Bl

P 4R BRI BT 0 SR AR D e 5 T R TR s SE A 9 S (7 it A S B AT, T
DIAFAEAE— D TH AL S BUAE A o T FE T XA A3, ARG RHEAR T ZA I L
Y B B TTBR A 8 70 B 2 53R 77 58 B4 B B 7w BA LA 7 it B9 7 A B
ok, i EALEA S A AEAE MR T, AR RS I BMER — G ENLI %
CAIRAGRAN AN SEAL, S5 as, BRE WIS AT A FE & S B i 77 V4 1 40
B PR M RTA B PEsE: U A Bahilif, RifFiEds (ROM, Read-Only
Memory). FEHIAFEUAF fi#s (RAM, Random Access Memory). FAAEEEE AL 55 % Fpm] LA
FAAEREFPACR AT

PAERA, PAESEHEEH AU A RIS ORI &, mAEx RS g S Tt
SEREEIR A AT 7 VRN U], AR GUS A AR N SR R AR HARIR AT LLX IR
F LI BRI EARTT RHATIE R B P HOR AR AT S5 R B 5, T IX 2842
BECE B A, I A BB AT SR B A S5 5 2 AR F A % SE TR TT SRRSO E

v MR 2
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